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Abstract 
 
 
With the introduction of the Gambling Act 2005, the United Kingdom deregulated the gambling 

market and opened the door to advertising for sports betting and online casinos. Today, 16 years 

later, there are increasing concerns regarding children and young persons' gambling behaviour. 

People aged 16-24 and 25-34 now form the largest age groups in non-lottery gambling activities, and 

the number of UK children with gambling problems has quadrupled to more than 50,000 in just 

four years. At the same time, the gambling industry’s increasing advertising spend is shifting more 

and more to social media advertising and the question arises whether young users are targeted by 

these gambling activities – therefore breaching current gambling advertising regulations, which 

prescribe that "Gambling marketing must not be of particular appeal to children and young persons". 

To date, however, no research included children to assess whether gambling adverts appeal to them. 

To address this research gap and present policy recommendations, this research investigates whether 

gambling advertising on Twitter is of particular appeal to children and young persons. Because very 

little is known about gambling adverts on Twitter, two preliminary studies were conducted. Sharing 

similar methodologies (big data analytics and manual content analysis), the first study focused 

on conventional advertising, whereas the second study focused on content marketing.  Based on the 

preliminary studies' novel findings about volume, content and regulatory compliance of gambling 

adverts, the third and main study, tested the appeal of Twitter gambling adverts in 653 participants 

aged 11-76 in an online questionnaire. The empirical findings suggest that gambling advertising on 

Twitter is multi-faceted, of very high volume, substantially contravenes current regulations – and 

appears to be of particular appeal to children and young persons. The research, therefore, offers 

several contributions to social media, gambling and marketing literature. It concludes with 

recommendations for policymakers and stakeholders. 
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Covid-19 Statement 
 
 
The original research design was planned to be conducted as a mixture of self-report and physiological 

emotion measures to assess the appeal of gambling advertising. A collaboration with a researcher from 

the School of Psychological Sciences had been set up to use skin-conductance and heart-rate measures 

to investigate physiological responses related to appeal.  Accordingly, a previous version of the 

literature review heavily focused around the use of physiological measures, and was shaped around 

the argument that gambling triggers strong biological responses, and therefore, gambling advertising 

should be measured via both, self-report and physiological measures.  Furthermore, as part of the 

research is carried out with children, several schools had been contacted regarding the potential 

participation of their pupils and dates for the paper-based face-to-face data collection sessions had 

been scheduled. The survey-design and piloting had been conducted as paper-based questionnaire 

settings.  Over 400 questionnaires had been printed.  

 

However, the Covid-19 pandemic including the first national lockdown from 23rd March to 28th 

May 2020, made in-person data collection impossible for the foreseeable future – which disrupted 

my research in several ways.  The change from face-to-face to online research activities meant that I 

needed to make significant changes.  The changes are summarised below, and I will describe a few of 

them in more detail below. 

• organise a licence for a suitable online survey-software 	
• re-design the survey to make it suitable for online delivery 	
• re-pilot the survey with children and adults 	
• re-organise and re-schedule the data collection process by contacting schools again 	
• recruit more schools to participate in the research	
• re-write and re-submit the ethics application 	
• re-write the methodology and literature review sections	
• apply for funding to cover the costs for the online recruitment platform (Prolific)	



 
 
iv 

Firstly, the physiological measurement became impossible to conduct because in-person research 

restrictions lasted until Autumn 2021, and the resultant backlog meant that in-house (School of 

Psychological Sciences) researchers had priority over the laboratories. Accordingly, the decision to 

omit the physiological measurement also meant that the narrative and literature review of my thesis 

had to be substantially re-written.  

 

Secondly, the survey data collection was originally planned to be conducted as a paper-based 

questionnaire.  This includes the selection of the measurement instrument as well as pre-testing the 

questionnaire.  While it was possible to transpose the methods to the online-based version, it is likely 

that if I had planned the research as an online-based survey from the outset, other, potentially more 

suitable measures could have been chosen.  Furthermore, to shift to the online survey I had to acquire 

a licence for Qualtrics, as the University’s basic software did not have the necessary tools.   

 

Thirdly, as the planned in-person research approach would have required me to travel to secondary 

schools to conduct the data collection session, the selection of schools was limited to schools located 

in a 30m radius around Bristol. At the time when the first national lockdown was announced, 32 

schools had already been contacted, and two data collection sessions had been scheduled. Because 

of this, I decided to continue the data collection process via schools, and to keep the original 

geographical constraints ensuring consistency throughout the process (extending to a nation-wide 

school recruitment would have resulted in a bias from the already recruited schools around Bristol).   

 

Finally, the majority of schools were contacted during the peak of the covid-19 pandemic in 2020, 

with schools being banned from face-to-face teaching from March until mid June (Department for 

Education, 2020), which potentially led to a lower response rate of schools and meant I had to 

contact many more schools than anticipated.  After 15th June 2020, secondary schools were allowed 
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to provide some face-to-face teaching but were instructed to educate online mainly.  Accordingly, 

teachers were said to be overwhelmed with managing work and caring responsibilities whilst working 

from home, simultaneously to additional pressure to engage with online teaching, and thus, might 

not have been as keen on participating in research as otherwise.  

 

Apart from the above-mentioned changes to the research activity itself, adjusting to working from 

home during the pandemic has been a challenge. I found it especially hard not being able to go to 

my PhD office where I had enjoyed the helpful input and friendly company of my PhD colleagues 

during the first two years of my PhD.  
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Chapter 1 discusses the choice of research topic, specific research aim, needs and objectives. It also 

presents a justification of the methodological choices and outlines the different aspects of the 

research process, before discussing the anticipated research contributions.  

 

Chapter 2 comprises a literature review focusing on three aspects: firstly, to develop a comprehensive 

understanding of appeal; secondly, to give an overview of the various domains within which the 

present thesis is located ; finally, to point out specific research gaps in the research domain.  

 

Chapters 3 and 4 present two preliminary studies into the volume, content and regulatory 

compliance of gambling advertising on Twitter. Chapter 3 focuses on conventional gambling advertising 

and Chapter 4 focuses on gambling content marketing. The empirical findings of these chapters, on the 

one hand, will help in understanding the gambling advertising ecosystem on Twitter, and on the 

other hand, in developing insights that are crucial when testing the appeal of gambling advertising 

on Twitter with actual participants.  

 

Chapter 5 comprises the main study of this thesis into the actual appeal of gambling advertising to 

children and young persons. Based on the fine-grained understanding of gambling advertising on 

Twitter from Chapters 3 and 4 (volume, content and regulatory compliance), Chapter 5 creates 

evidence of what kind of advertising (content marketing vs conventional marketing) is more 

appealing by employing an online survey which involved children, young persons and adults.  

 

Chapter 6 concludes the thesis with presenting the policy recommendations deriving from findings 

of Chapters 1,2 and 3, followed by a discussion regarding its main contributions. Finally, the 

limitations of the thesis are discussed and routes for future research presented.  
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1. Introduction  

1.1 Background 

 
With the introduction of the Gambling Act 2005, the United Kingdom deregulated the gambling 

market and opened the door to advertising for sports betting, online casinos and poker (Sweeney 

2013). Today, 15 years later, the Gambling Commission (2020a) found that 47% of people in the 

UK had participated in gambling in the past four weeks and that adults classified as problem gamblers 

are believed to make up 0.5% of the UK population (Gambling Commission, 2020) – which would 

equal 340,000 individuals. Even more concerningly, however, are findings of the gambling behaviour 

of children and young persons. Children and young persons (from 11-24 years old; see Section 2.4 

for a definition) appear to be particularly susceptible to the development of severe gambling problems 

and, therefore, represent a vulnerable high-risk group (Derevensky et al., 2010; Gambling 

Commission, 2018; Monaghan, Derevensky, & Sklar, 2008). A recent report by the Gambling 

Commission (2020) into the UK gambling behaviour found a steady increase over the past five years 

in the number of 16-24 year olds who have gambled during the past four weeks, from 33% to 40%. 

An opposite trend was found for people above 45 years, which means gamblers in the UK are 

becoming younger – indeed, the age groups 16-24 and 25-34 now form the two largest age groups in 

non-lottery gambling activities. Accordingly, it is not surprising that the number of UK children with 

gambling problems has quadrupled to more than 50,000 in just four years (Gambling Commission, 

2019a). 

 

Simultaneously, the gambling industry in the UK has increased its marketing spend by 56% since 

2014 to £1.5bn and has now a seven-times higher annual marketing budget than Proctor & Gamble, 

as the Guardian (2018) reports. Most of this massive annual budget is going into online strategies, 

with £747m spent on direct online marketing and £149m into social media marketing (ibid.). This 

investment appears to be paying off since GVC, one of the largest Gambling multinational 
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corporation globally (Coral, Bwin, Ladbrokes, etc.), recently announced that their revenue in the UK 

for online operations grew by 18% within one year (Hancock, 2019).  

 

The increasing use of social media gambling advertising, however, raises two concerns. On the one 

hand, these platforms tend to be composed of relatively young demographics. On Twitter, for 

example, the largest demographic group are users from 18-34 years old (51.8% of all users) (We Are 

Social & Hootsuite, 2021).  On the other, the cascade of social media advertising – which is 

considerably cheaper to launch and thus, resulting in more adverts per pound – raises substantial 

challenges for regulators due to its volume. Even the CEO of the UK Advertising Standards 

Authority publicly admitted during a House of Lords Committee Inquiry that methodological 

challenges render it highly complex for his organisation to identify whether gambling advertisers are 

targeting specific (vulnerable) groups or, indeed, even know the volume of advertising to which these 

groups are exposed online (Parker, 2020).  With children and young people being particularly 

susceptible to both advertising efforts and the development of addictions (Pechmann et al., 2005), 

the resulting vacuum appears exceptionally worrisome. 

 

Indeed, policymakers also appear to be increasingly worried. As a result of increasing pressure since 

a publication by IpsosMORI (2020), funded by GambleAware, into the effect of gambling advertising 

on children, young persons and vulnerable adults – of which Chapters 3 and 4 of this thesis formed 

a part – the Committee of Advertising Standards launched a consultation into “strengthening rules 

and guidance for gambling ads to protect children and young persons” (CAP, 2020, online). A 

substantial part of this consultation focuses on the questions of whether CAP (2014) code 16.3.12 

"Gambling marketing must not be of particular appeal to children and young persons” (online) – 

which is the core regulatory code aimed at the protection of children and young persons – is still an 

adequate approach to shield them from gambling-related harm via advertising.   
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While the consultation paper suggests changing the wording of the code from “particular appeal” to 

“strong appeal” – which would make it in line with regulations aimed at preventing children from 

susceptibility to alcohol advertising, it is unlikely that this change would get to the root of the issue, 

namely that children and young persons are, to date, not involved in assessing whether advertising is 

actually appealing to them.  So far, adults (working in the ASA enforcement team) are the ones 

judging whether certain adverts are in breach of current advertising regulations. These rulings could 

then be used as precedence – and thus, would clarify whether certain characteristics (e.g. using Santa 

Claus in gambling advertising, see ASA, 2018) are deemed to break the rules in general. This process, 

however, has two significant limitations. One limitation is that adverts are usually only investigated 

by the ASA if consumers make complaints about them – with adverts potentially targeting children 

and young persons, however, it is rather unlikely that they would report them to the ASA.  

 

The other limitation is that it is highly questionable if adults are actually able to understand what 

appeals to children. This is because children and young persons have different structures in their brains 

(see Section 2.5.1 for detailed analysis), which leads to different perceptions and behaviour compared 

to adults (Pechmann et al., 2005).  This is evident in research findings which show that children have 

higher impulsive and risky behaviour compared to adults (Cauffman and Steinberg, 2000; Liu et al., 

2016), increased self-consciousness and self-doubt, resulting in higher brand consciousness as well as 

the usage of brands to bolster feelings of self-worth (Pechmann et al., 2005), and a higher risk of 

experiencing elevated immediate, acute problems (e. g. memory deficits) and longer-term, chronic 

problems (e. g. addictions) in the usage of substances compared to adults (Crews et al., 2016; Kandel 

and Logan, 1984).  
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Addressing these issues, the present thesis aims to investigate whether gambling advertising on 

Twitter is appealing to children and young persons to give concrete policy recommendations 

regarding the CAP "appeal code".  

 

1.2 Research Needs and Objectives 

 

Although gambling advertising has recently received increased interest from both major UK 

regulating parties, the CAP (2020) with their announced consultation (as indicated above) and the 

government itself, which recently announced a review of the Gambling Act to “ensure gambling laws 

are fit for digital age” (Department for Digital, Culture, Media & Sport, 2020) – the field is not yet 

particularly developed. Accordingly, the following section below outlines the main- and preliminary 

objectives of the present research thesis, which are based on research needs and gaps derived from 

the literature review (see Chapter 2).  

 

1.2.1 Main objective: Appeal of gambling advertising 

First and foremost, no study to date has investigated the actual appeal of gambling advertising –either 

for children and young persons or adults. Three recent systematic reviews by Bouguettaya et al. 

(2020), Newall et al. (2019) and Torrance et al. (2021) into gambling advertising confirm this research 

gap. While previous research has plentifully investigated perceptions of and attitudes to gambling 

advertising (e.g. Abarbanel et al., 2017; Abdi et al., 2015; Binde and Romild, 2019; Deans et al., 

2017; Gambling Commission, 2020; Gordon and Chapman, 2014; Guerrero-Solé et al., 2017; Hing 

et al., 2017; Johns et al., 2017; Kim et al., 2017; McMullan et al., 2012; Pitt et al., 2017a, 2017b, 

2016a, 2016b; Research Works, 2014; Salonen et al., 2018) which could infer a potential “liking” of 

certain types of adverts, these studies do not, however, actually investigate appeal as a complex 

emotion-like state (see Section 2.1).  
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Additionally, the inclusion of children in the research process is vastly neglected. Exemplary of this 

is a publication by Research Works (2014). The study, which was commissioned by ASA, focused on 

"children's exposure to sports betting" and investigating which type of "imagery might appeal to 

children" (ibid., pp. 4-5). Instead of asking children themselves, the researchers inferred whether 

children found adverts appealing or how many adverts they see by talking to their parents. With the 

fundamental biological, developmental and psychological differences between children and young 

persons and adults – as indicated above – there is a pressing need to include children in the actual 

research process to investigate if gambling appeals to them.  

 

Addressing these research needs, the main research objective of the present thesis is to assess whether 

gambling advertising is of particular appeal to children, and young persons. This will be done by 

involving participants above the age of 11 years (the specific reasons for the chosen age groups will 

be discussed in Section 2.5) by using a measurement that aims at affective rather than the cognitive 

responses of participants to capture the complex, emotion-like state of appeal.  

 

1.2.2 Preliminary research objectives 

 
Reviewing the existing literature (see Chapter 2) showed that additionally to the indicated absence 

of including children and young persons in research on appeal, there is also a substantial research 

gap on gambling advertising on social media (Newall et al., 2019). For the present thesis, this meant 

that it was not possible to directly begin with addressing the main research aim – which is to assess 

the appeal of gambling advertising for children and young persons to inform policymaking – as there 

was too little pre-existing knowledge about the practice of gambling advertising on social media. 

Furthermore, while there was some knowledge about conventional advertising efforts (i.e. advertising 

that has a clear call to action), to date, no research has looked into content marketing efforts (a booming 
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marketing technique that often has no apparent relationship to the product/service and aims at 

building long-term positive emotional connections between user and brand). 

 
Accordingly, two preliminary studies (one looking into conventional advertising and one looking at 

content marketing) had to be conducted to acquire crucial knowledge about the gambling advertising 

ecosystem on Twitter to enable the development of meaningful insights into the appeal of such 

adverts to children and young persons, as well the potential policy implications. The preliminary 

studies had three shared research objectives, namely, the volume, content and regulatory 

compliance of gambling advertising on Twitter. Figure 2 shows the relationship and objectives of the 

preliminary studies conducted to inform the major study.  

 

 

Figure 2: Introduction of the structure of the research process 

Note: Preliminary Studies I and II were conducted to inform the main study regarding the volume, content and regulatory 
compliance of gambling advertising on Twitter. 

 

The following sections will briefly outline why addressing three preliminary research objectives is 

crucial for the main study and which research gaps they address. 
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1.2.2.1 Preliminary objective one: Volume of gambling advertising on social media (PO1) 
 

Although several studies have observed the volume of gambling advertising offline (e.g. Bunn et al., 

2019; Cassidy and Ovenden, 2017; Duncan et al., 2018; Hing et al., 2015; Lindsay et al., 2013; 

Lopez-Gonzalez and Griffiths, 2018; McMullan and Miller, 2009, 2008; Purves et al., 2020), few have 

done so for online or social media advertising. Furthermore, those who did, as Newall et al. (2019) 

suggested, have rarely gone beyond self-report study designs (e.g. asking participants: "How often have 

you seen gambling adverts over the past four weeks"). While such studies give some indications of 

the volume of gambling advertising online, they are dependent on (inevitably) faulty recall. Since 

offline gambling advertising volume is high (Duncan et al., 2018), it is likely to be much higher on 

social media.  

 

While there are attempts to overcome the self-reporting limitations when investigating the volume, 

they only offer a small glimpse into the ecosystem. For example, Thomas et al. (2016) only collected 

adverts from seven selected betting providers on Twitter, YouTube and Facebook; Houghton et al. 

(2019) collected posts from five major gambling providers and five affiliates on Twitter; and Killick 

and Griffiths (2020) from ten major gambling providers on Twitter. With 648 UK online gambling 

operators currently licenced (Gambling Commission, 2020) – in addition to a host of affiliates and 

tipsters (Demos, 2016) – these approaches are unlikely to offer a genuine understanding of how 

much gambling advertising there really is. Furthermore, by only focusing on the largest providers, 

these approaches neglect one of the major characteristics of social media, namely the cheap or free 

nature of posting adverts, which enables very small companies, affiliates and tipsters with small 

resources potentially to reach massive audiences. Finally, none of the reviewed studies included 

esports betting accounts – pointing to a substantial research gap.  
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These substantial research gaps make policy recommendations deriving from the study into the 

appeal of gambling advertising (see Chapter 5) rather imprecise – if it is found that gambling 

advertising is indeed appealing to children, it is essential to understand the scale of the issue. Policy 

recommendations would look very different if we were to find that gambling advertising on Twitter 

was rare and/or mainly conducted by large providers or if we were to find a massive volume of 

gambling advertising by only small providers.  

 

Addressing these research gaps, the first objective of the preliminary studies is to explore the volume 

of gambling advertising on Twitter (traditional and esports gambling providers as well as affiliates 

and tipsters) by employing big data analytics, which will enable the collection of data from as many 

UK gambling-related accounts on Twitter as possible, helping to explore the gambling advertising 

ecosystem as a whole.  

 

1.2.2.2 Preliminary objective two: Content of gambling advertising on social media (PO2) 
 

Apart from a lack of research investigating the volume of gambling advertising on Twitter, there is a 

similarly substantial gap in the examination of its content. Over the past 16 years, since the 

deregulations of the UK gambling (advertising) market, a body of research has investigated the content 

of offline (TV, radio, billboards, etc.) advertising (e.g. Deans et al., 2016; Hing et al., 2017; Kim et 

al., 2013; Lopez-Gonzalez et al., 2018; Lopez-Gonzalez and Griffiths, 2018; McMullan and Miller, 

2009, 2008; Purves et al., 2020). Comparing the findings of studies focusing on offline advertising 

content with the few that have investigated online adverts, it seems that common strategies used offline 

are also confirmed to be present online (e.g. Killick and Griffiths, 2020; Deans et al., 2016; Hing et 

al., 2017; Houghton et al., 2019; Lopez-Gonzalez et al., 2018; Thomas et al., 2016). However, as per 

the previous point regarding the volume, efforts investigating the content of gambling advertising on 

social media have so far neglected the actual ecosystem comprising large and small betting providers 
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as well as several tipsters and affiliates, as they have only focused on few major accounts (e.g. Killick 

and Griffiths, 2020; Houghton et al., 2019; Thomas et al., 2016).  

 

Accordingly, while there is some knowledge about the advertising techniques used by the major 

gambling providers, little is known about the vast majority of (smaller) gambling providers and 

affiliates and tipsters. Without understanding what these adverts look like and what techniques 

advertisers are using, it is not possible to arrive at meaningful conclusions regarding the appeal of 

gambling advertising for children and young persons, nor to inform policymaking effectively.   

 

It is worth noting here that during the process of analysing the gambling adverts collected for Chapter 

3, it was noticed that a substantial amount of gambling adverts (around 40% of 888,745) had no 

relationship to gambling at all. Closer inspection revealed these to be so-called content marketing. 

Content marketing is about “developing stories that inform and entertain and compel customers to 

act – without actually telling them to” (Pulizzi, 2014, p. 12) and are mainly good at eliciting positive 

emotions to build a long-term positive relationship between the consumer and the brand (Ashley 

and Tuten, 2015). In the gambling advertising sphere, Gainsbury et al. (2016a) noted the (potential) 

existence of such "brand awareness strategies" on social media, and Houghton et al. (2019) found 

that around 8% of social media posts by gambling providers and 13% of affiliates use "brand 

engagement strategies". While these studies hint at the existence of these techniques, to date, no 

study has looked in detail at these efforts. The use of emotive, humorous and potentially unrelated 

content of this new advertising technique, however, is likely to have a substantial impact on the level 

of appeal and certainly require specific consideration by policymakers as existing policy might stem 

from a time where such efforts were unheard of. 

 



 
 
14 

Accordingly, as a result of Chapter 3, a second preliminary objective of this thesis became to examine 

the content of both conventional gambling advertising, as well as gambling content marketing efforts on 

Twitter, from as complete as possible a range of providers (i.e. from traditional and esports gambling 

providers as well as affiliates and tipsters). Gaining a good understanding of what gambling 

advertising on social media (both conventional and content marketing) looks like and which 

techniques advertisers use will, again, be crucial for addressing both aims investigating the appeal of 

adverts for children and young persons, as well as providing policy recommendations.  

 

1.2.2.3 Preliminary objective three: Regulatory adherence of gambling advertising (PO3) 

  
Finally, little is known about whether gambling advertising on social media adheres to the advertising 

regulations. Although gambling advertising in the UK is supposed to adhere to regulations by the 

Committee of Advertising Practise (CAP) – and many of these codes are designed to protect children 

and vulnerable groups – to date, no research I am aware of has looked at the actual adherence of 

gambling advertising on social media. Thus, while the ultimate aim of the present thesis is to give 

precise policy recommendations – based on a well-founded understanding of the Twitter gambling 

ecosystem and its appeal – it is crucial to gain a good understanding of their adherence to regulations. 

The four potential outcomes are of significance to the regulatory sphere – but in very different ways:  

 

1. Most gambling adverts are found to adhere to regulations and are not particularly appealing to 

children and young persons: This case would suggest the regulations work well in the digital 

sphere, and no immediate action regarding the regulatory framework of appeal might be 

necessary.  

2. Most gambling adverts are found to adhere to regulations but are nevertheless of particular 

appeal to children: This constellation would suggest that the regulations themselves might 
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require an urgent update to make them fit for the digital age to avoid loopholes that allow 

advertising to be highly appealing to children, without actually breaking the rules. 

3. Few gambling adverts adhere to regulations but are not of particular appeal to children and young 

persons: This could suggest that concerning the regulatory framework of appeal, no urgent policy 

changes are needed, but further research would need to determine the reason for the breaches 

of the regulations. 

4. Few gambling adverts adhere to regulations and are of particular appeal to children and young 

persons: This would be the worst-case scenario. It could mean that the current regulations are 

unfit for social media advertising and thus, require an urgent update, and/or it could indicate 

that the enforcement of the rules is insufficient, giving advertisers the feeling they are operating 

in a "social media wild west”. 

 

Since each of these outcomes would have very different implications for policymaking surrounding 

the appeal of gambling adverts for children and young persons, it is crucial to investigate the 

regulatory compliance of the adverts. Without actually investigating the regulatory compliance of 

adverts, any policy recommendations would be somewhat inconclusive and imprecise.  Accordingly, 

the third objective of the present thesis is to assess whether gambling advertising on Twitter adheres 

to current UK advertising regulations.  

 
Only at this point – after having acquired a fine-grained understanding of the volume, content and 

regulatory compliance of gambling advertising on Twitter – will enough knowledge be acquired to 

actually address the main aim of the thesis, which is to assess the appeal of gambling advertising for 

children and young persons to inform policy. After establishing the research needs and research 

objectives, the research questions that guide the process of this thesis are articulated.  
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1.3 Research Questions 

The present thesis investigates whether gambling advertising on Twitter is appealing to children and 

young persons in order to offer concrete policy recommendations regarding CAP code 16.3.12, 

“Gambling marketing must not be of particular appeal to children and young persons (online)”. In 

order to assess whether different types of gambling adverts are of "particular appeal"1 (CAP code 

16.3.12), it is crucial to have a good understanding of what this actually means. In theory, “of 

particular appeal to children and young persons" could mean two things. It could either mean 

something is particularly appealing to children and young persons, compared to other advertising 

(e.g. gambling advertising is more appealing to children than insurance adverts). Alternatively, it 

could mean that something is particularly (or "substantially more") appealing to children and young 

persons, compared to adults. Whilst the CAP has reacted to some of the findings and critique 

regarding the “particular appeal code” of Chapters 3 and 4, they have clarified that their 

understanding refers to the latter, arguing they "found a significant number of gambling 

advertisements to be in breach of the rules because they were judged to appeal particularly to under-

18s; in other words, the advertisements appealed more to under-18s than to adults" (CAP, 2020, 

online). However, the main critique of this position is that even if an ad is not of more appeal to 

children than adults, it may still be highly appealing to children. Accordingly, having a point of 

comparison (i.e. comparing the appeal of gambling adverts to non-gambling adverts) seems to be a 

crucial step in ascertaining whether certain gambling adverts are of particular appeal to children and 

young persons or not.  

 

Guided by the two different points of the argument of what "particular appeal" really is, the thesis 

aims to answer two main research questions: 

 
 

 
1 With the ASA's consultation launched in 2021, it is likely that "particular appeal" will be changed to "strong appeal" soon. However, 
such a change would not directly affect the argumentation of this thesis, and "strong appeal" could be used almost as a synonym.  
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Main Research Questions: 

M1. Is gambling advertising on Twitter more appealing to children and young persons than to 

adults? 

M2. Is gambling advertising on Twitter more appealing to children and young persons than 

other adverts? 

 

Deriving from the preliminary objectives (PO1, PO2, and PO3), which were developed in Section 

1.2.2, the aim is to answer the following three preliminary research questions in this thesis: 

 

Preliminary Research Questions: 

P1. How high is the volume of gambling advertising posted by traditional and esports 

gambling accounts, tipsters and affiliates on Twitter? 

P2. What is the content of conventional gambling advertising and content marketing on 

Twitter? 

P3. Does gambling advertising on Twitter adhere to current UK advertising regulations set 

in the CAP? 

 
Three different research approaches (which will, from now on, be referred to as Chapters 3, 4 and 

5) were developed to address the outlined research questions and objectives. While Chapters 3 and 

4 address research the preliminary research objectives PO1, PO2 and PO3, Chapter 5 addresses the 

main research objective MO. Table 1 summarises the developed research objectives (PO1-3 and MO), 

research questions (P1-3 and M1-2) and the chapters in which they are addressed:
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Table 1: Summary of chapters, research objectives and research questions 

 Title and Scope Research Questions Research Objectives 

Chapter 3 
Conventional Gambling Advertising on 
Twitter: Volume, Content, and 
Regulatory Compliance 

 
P1. How high is the volume of conventional advertising 
posted by traditional and esports gambling accounts, 
tipsters and affiliates on Twitter? 
 
P2. What is the content of conventional gambling 
advertising on Twitter? 
 
P3. Does conventional advertising on Twitter adhere to 
current UK advertising regulations set by the CAP? 
 

 
PO1: To explore the volume of gambling 
advertising on Twitter split into traditional and 
esports gambling providers, affiliates, and 
tipsters by employing big data analytics. 
 
PO2: To examine the content of gambling 
advertising on Twitter from an as complete as 
possible range of providers (incl. traditional and 
esports gambling accounts).  
 
PO3: To assess the regulatory compliance of 
gambling advertising on Twitter to UK 
advertising codes. 

Chapter 4 
Gambling Content Marketing on 
Twitter: Volume, Content and 
Regulatory Compliance 

 
P1. How high is the volume of content marketing posted 
by traditional and esports gambling accounts, tipsters 
and affiliates on Twitter? 
 
P2. What is the content of content marketing on Twitter? 
 
P3. Does content marketing on Twitter adhere to current 
UK advertising regulations set by the CAP? 
 

Chapter 5 
The Appeal of Twitter Gambling 
Advertising to Children, Young Persons 
and Adults. 

 
M1. Is gambling advertising on Twitter more appealing to 
children and young persons than to adults? 
 
M2. Are gambling adverts more appealing to children and 
young persons than other adverts? 
 

MO: To assess whether gambling advertising 
(conventional vs content marketing; from 
traditional vs esports accounts) is of particular 
appeal to children, and young persons. 
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1.4 Research Roadmap 

After having discussed and identified the research needs and objectives, as well as the research 

questions, the next step is to set out a route to investigate the articulated research questions. As 

indicated above, two preliminary studies had to be conducted (Chapters 3 and 4) before actually 

testing the appeal in Chapter 5. Figure 3 gives an overview of the chapters, their objectives and focus. 

 

Chapter 3 – which is the first preliminary study aimed at informing the main study of Chapter 5 – 

employs a Big Data analysis supported by manual content analysis to address research objectives PO1, 

PO2 and PO3. It will focus on ads by traditional and esports gambling accounts, but only those 

categorised as conventional advertising – meaning they are related to gambling and have a call to action. 

While the Big Data analytics categorised 888,745 gambling ads, the manual content analysis assessed 

a random sub-sample of 500 conventional ads to explore their regulatory compliance.  

 

Similarly, Chapter 4 – besides using findings from the Big Data analytics of Chapter 3 – employs a 

manual content analysis of a random sub-sample of 700 content marketing posts to examine the 

content and regulatory compliance of the posts. This time, however, the focus will be on the so-called 

content marketing efforts by traditional and esports betting accounts. These two chapters formed part 

of a larger project commissioned by GambleAware (a large independent grant-making charity) to 

investigate gambling advertising in all media as well as its impact on UK children and young persons. 

 

Finally, Chapter 5 builds on findings from Chapters 3 and 4 by using findings regarding both 

conventional gambling adverts and content marketing to test whether children and young persons find 

these adverts particularly appealing. This investigation was undertaken by employing a non-verbal 

self-assessment technique used in an online survey conducted with 210 children (11-17), 222 young 

persons (18-24) and 221 adults (<24). 
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Figure 3: Structure of the thesis 
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1.5 Research Methodology 

After establishing the scope, aims and objectives of the present thesis, the next step is to describe 

the chosen methodological approaches of the three chapters. Research methodology is a 

“contextual framework for research, a coherent and logical scheme based on views, beliefs and 

values, that guides the choices researchers make” (Kara, 2015, p. 4). These views, beliefs and values 

are essential to consider and reflect upon since they affect the researchers' decisions during the 

actual research process. Accordingly, to clarify and explain the chosen methodological steps of the 

thesis, the following section will briefly investigate the chosen research philosophy, approach to 

theory development, methodological choices, strategies, time horizons and the techniques and 

procedures used.   

  

1.5.1 Research philosophy 

 
Research philosophy refers to “a system of beliefs and assumptions about the development of 

knowledge” (Saunders et al., 2015, p. 124). The present thesis follows a positivistic research 

philosophy. The term “positivism” traces back to Comte (1865) and is intertwined with the work of 

members of the Vienna Circle – a group of influential philosophers and scientists of the early 

twentieth century (Wartofsky, 1982). Generally, positivistic research includes “working with an 

observable social reality to produce law-like generalisations (…) (which) promise unambiguous and 

accurate knowledge” (Saunders et al., 2015, p. 135). Furthermore, positivism assumes that the 

research is value-free and that the researcher is detached, natural and independent of what is 

researched (Saunders et al., 2015). The researcher acts solely as an observer.  

 

However, besides the positivistic approach, several different research paradigms exist, such as 

interpretivism and critical theory (Rehman and Alharthi, 2016). Each underlying philosophic 

assumption can be split into two main dimensions, which will be briefly being compared. Firstly, in 
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respect to human knowledge (epistemological assumptions), the chosen positivism research 

philosophy focuses on ascertaining observable and measurable facts, which normally also means 

following the scientific method of developing hypotheses which are then tested and subsequently, 

confirmed or rejected (Gulati 2009). This contrasts with interpretivism, in which research works 

towards capturing close approximations of reality as they argue that truth and reality are created but 

not discovered (Rehman and Alharthi, 2016). Critical theory sees knowledge as being subjective and 

political by arguing that “no object can be researched without being affected by the researcher” (ibid., 

p. 57).  

 

Secondly, in relation to realities the researchers encounter in their research (ontological 

assumptions), positivism in its extreme forms assumes that there is one social reality experienced by all 

social actors (also referred to as universalism) (Burrell and Morgan, 2011). From a positivistic mindset, 

this means that the previously acquired knowledge (after being tested and confirmed) can be 

generalised to a larger group since they are also actors of the same reality – underlying the 

generalisation of knowledge. Interpretivism, on the other hand, rejects the idea that a single, 

verifiable reality exists, and thus multiple realities are constructed (Hatch, 2002).  For critical theory, 

a reality exists, "but it has been shaped by cultural, political, ethnic, gender and religious factors which 

interact with each other to create a social system" (Rehman and Alharthi, 2016, p. 57). 

 

Gaining a good understanding of the observed phenomenon of whether gambling adverts are 

appealing to children and young persons could be archived by any of the aforementioned research 

philosophies. In order to inform public policy, which is the principal aim of this thesis, it appears to 

be crucial that the findings can be generalised. Accordingly, a positivistic research philosophy was 

seen as the best option and was used as research philosophy for the present thesis.  
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1.5.2 Approach to theory development  

Secondly, the present thesis uses a combination of deductive and inductive approaches in Chapters 

3 and 4, and a deductive approach in Chapter 5. Deductive (theory-driven) research has been the 

dominant paradigm in social sciences (Kitchin 2014). Research questions and hypotheses in these 

approaches derive from existing or extended theory before collecting data (Andersen and Hepburn 

2016). Traditionally, such theories result from deep reflection and are sometimes informed by 

insights from previous literature or other research approaches such as case studies or interviews 

(Eisenhardt 1989) before being tested on larger sample sizes. Inductive (data-driven) approaches, on 

the other hand, have a different order: they use already available data to identify patterns within the 

data – based on the who, what, when and where (Forsyth and Boucher, 2015) – before deriving 

insights from them (Maass et al., 2018). Due to the exploratory nature of this approach, these insights 

might be connectable to theory to help in understanding why a pattern has occurred. However, it is 

also possible that they do not fit with existing theories (ibid.). Connecting the patterns to theory, 

however, can only be done after the analysis and is, therefore, inferred rather than tested.  

 

While Chapters 3 and 4 are partly informed by previous theory (deductive), they also use Big Data 

analytics, which entails an inherently inductive aspect due to its data-driven nature. Such a 

combination of inductive and deductive approaches is particularly suitable in a research context with 

relatively little existing literature – such as in certain areas of the present thesis – as Saunders et al. 

(2015) outline. Chapter 5 is deductive in nature and follows the scientific method. It uses existing 

theory and inferences made in Chapters 3 and 4 to be tested using hypotheses, which are 

subsequently confirmed or rejected.  

 

1.5.3 Methodological choice 

The present thesis employs a multi-method quantitative research design. Multi-method research 

designs are defined as approaches that use more than one data collection technique and 
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corresponding analyses (Saunders et al., 2015). Quantitative research, opposed to qualitative 

research, focuses on numerical data or data that can be converted into numbers (Williamson and 

Johanson, 2018). Quantitative research often features the use of “null hypothesis testing, comparison 

of groups that are exposed to separate conditions or interventions, and the use of statistical 

significance testing to draw inferences” (Fine, 2015, p. 387). While Chapters 3 and 4 were conducted 

concurrently, Chapter 5 was informed by the results of Chapters 3 and 4, underlining the sequential 

nature of this approach. This approach is summarised in Figure 4. 

 

 

Figure 4: Overview of the sequence of the used quantitative approaches of the thesis 

 
 
1.5.4 Research strategy 

The present research utilises various research strategies that – as outlined above – can all be classified 

as quantitative in nature. A research strategy is generally a researcher's action plan to answer their 

research question(s) (Denzin et al., 2011). In both management and marketing research, such 

strategies range from interviews, focus groups, and observations to competitive analyses, experiments 

and big data analytics (Malhotra et al., 2017). Using empirical research strategies, Chapters 3 and 4 

employed Big Data analytics of over 880,000 gambling advertising tweets, accompanied by a 

(quantitative) manual content analysis of a sub-set of the collected tweets. These two chapters are 
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exploratory in nature. Chapter 5, on the other hand, is explanatory and employed a self-administered 

online survey with 653 responses.  

 

1.5.5 Time horizon 

The present thesis uses a cross-sectional approach for Chapters 3, 4 and 5. These cross-sectional 

studies take a "snapshot" at a particular time – in Chapters 3 and 4, this was done by downloading 

adverts and other data (e.g. user profiles) over a nine-month period in 2018. In Chapter 5, this was 

done when surveying participants. These approaches contrast with longitudinal approaches, which 

observe changes and developments over time (e.g. conducting the survey once pre- and then during-

pandemic to compare if gambling advertising attitudes have changed).  

 
 
1.5.6 Data collection 

 
Given the outlined research gaps in respect to gaining insights into the complex ecosystem of 

gambling advertising on Twitter, the research aimed to start with as an complete as possible data set, 

which would then be narrowed to meet the more refined research objectives before being used in an 

online-survey with 653 participants. Figure 5 summarises the data collection process across the three 

chapters.  
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Figure 5: Overview of the data collection process split into three chapters. 
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Twitter was chosen for data collection (detailed reasons will be discussed in Section 3.3.1.1). To 

collect Twitter data, Big Data analytics were employed in Chapters 3 and 4. Big Data analytics is an 

exploratory method to extract scientifically interesting insights (Kitchin, 2014). Marketing research, 

in particular, is said to be undergoing drastic change due to the availability of massive amounts of 

freely accessible consumer data (Erevelles, Fukawa, and Swayne, 2016). Therefore, utilising the 

primary advantage of the enormous volume of freely available data (Kim et al., 2018), Big Data 

approaches were employed in the present thesis. Accordingly, tweets were collected from 417 

identified gambling-related accounts overall; 888,745 tweets were collected and subsequently 

categorised into conventional advertising tweets (536,339) and content marketing (352,406). More details 

about the data collection process will be presented in Section 3.3.1.1.  

 

Next, from the respective conventional advertising and content marketing sample, a random sub-sample 

of 500 and 700 tweets was drawn to conduct a manual content analysis in both Chapters 3 and 4. 

Historically, research that aimed to examine text employed content analysis which is a method “for 

the objective, systematic and quantitative description of the manifest content of communication.” 

(Berelson, 1952, p. 45). There is a far-reaching tradition of researchers employing manual content 

analysis to examine advertising (Kassarjian, 1977; Roznowski, 2003). In line with the positivistic 

nature of the present thesis, two manual content analyses were conducted with a priori developed 

codes – which distinguishes content analysis, for example, from grounded theory, which is about 

discovering theory and patterns from within the data (Cho and Lee, 2014). The manually investigated 

1,200 tweets all contained media (static images, GIFs and videos) as well as text. The sample size is 

in line with previous manual analyses of media content on Twitter (e.g. Cowart, Saunders, and 

Blackstone, 2016; Thelwall et al., 2016).  
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Finally, in Chapter 5, a cross-sectional online survey with UK-based children, young persons and 

adults was conducted. A survey is a method of "obtaining information based upon the use of 

structured questionnaires administered to a sample of a target population" (Malhotra et al., 2017, p. 

269). The survey included a questionnaire section (mainly informed from previous literature) and an 

affective, non-verbal self-assessment section where participants rated how certain gambling adverts 

made them feel. The children’s data was collected via secondary schools in south-west England, 

whereas data from young persons and adults were collected via the online panel "Prolific".  The final 

sample included 210 children (11-17), 222 young persons (18-24) and 220 adults (<24). 

 
1.5.7 Data analysis 

 
To analyse the large amount and different forms of data, a variety of different analysis techniques 

were employed. To address the first preliminary research objective (PO1), namely, to explore the 

volume of gambling advertising (Chapter 3 investigates the volume of conventional advertising, 

whilst Chapter 4 investigates the volume of content marketing), a natural language processing 

classifier was trained – the hallmark of the used software Method52 (TAG 2019). In line with 

positivist nature, a classifier, which is “a hypothesis or discrete-valued function that is used to assign 

(categorical) class labels to particular data points” (Karim and Kaysar 2016), was trained to sort the 

888,745 collected tweets into those which are "relevant to gambling" (i.e. conventional advertising) 

and those "not relevant to gambling". On closer observation, it became clear that the latter category, 

"not relevant to gambling ", mainly included efforts categorised as "content marketing".  

 

To address the second preliminary research objective (PO2) into the content of gambling advertising, 

two forms of analysis were conducted. To begin, two additional classifiers and a keynote annotator 

were trained using Method52. Then, two manual content analyses were performed in both chapters 

(one in Chapter 3 to investigate conventional advertising and one in Chapter 4 focusing on content 
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marketing), examining the content and techniques used in the tweets in more detail. Whilst Big Data 

analytics techniques are generally able to successfully classify tweets according to particular pre-

determined words or sets of words, they struggle to go substantially beyond that. Indeed, 

computerised content analyses and Big Data analytics are not yet particularly advanced in 

ascertaining the meaning of pictures or images (Rose and Willis, 2019) nor, indeed, of textual 

content, which requires a high degree of hermeneutic reading (Brooker, Barnett, and Cribbin, 2016). 

Using a subsequent manual content analysis then allowed analysis of more complex and media-rich 

(images, GIFs, or videos) content of adverts.  

 

After that, the manual content analyses were also used to assess the third preliminary research 

objective (P03), relating to assessing the regulatory compliance of the adverts too. The quantitative data 

deriving from the a priori developed codebook of the content analysis were subsequently analysed 

using Microsoft Excel.  

 

Last, to address the main research objective (MO), namely, testing whether gambling adverting is 

appealing to children and young persons, the collected data from the online survey were used to test 

hypotheses with a set of ANOVAs. ANOVAs – as opposed to t-tests – tells us whether the means of 

three or more samples/groups are statistically the same (Field, 2009). Since the survey in Chapter 5 

was informed both by pre-existing knowledge and new insights developed in Chapters 3 and 4, it was 

confirmatory in nature, following the "scientific method" of developing hypotheses which are then 

tested and subsequently confirmed or rejected (Gulati, 2009).  
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Table 2: Summary of scope and methodology of three chapters conducted in the thesis. 

 
    CHAPTER 3 CHAPTER 4 CHAPTER 5 

ADVERTISING 

FORM 
Conventional Advertising Content Marketing Both 

GAMBLING FORM Traditional & esports Traditional & esports 

OBJECTIVES Volume, Content, and Regulatory Compliance Appeal 

DATA 

COLLECTION 

Big Data to collect tweets from Twitter &  

Manual Content Analysis 
Online survey 

DATA ANALYSIS Natural Language Processing & 

Manual Content Analysis 

Statistical analysis 

(ANOVA) 

APPROACH Deductive and Inductive Deductive 

METHOD Quantitative Mixed-Methods Quantitative 

 
 
 
 
After having discussed the aims and objectives, the framework as well as the methodological choices 

of the three chapters conducted in this thesis (as summarised in Table 2), the following section shows 

the anticipated contributions of this research.  

 
 
 
 
1.5.8 Research contribution 

 
Addressing a variety of research gaps, the present thesis makes several theoretical and practical 

contributions to the field of gambling advertising, marketing, social media and the regulation thereof, 

which will be discussed in detail in Chapter 6. Firstly, theoretical contributions are being made by 

addressing a substantial research gap in understanding gambling advertising on social media by using 

a mix-method approach. These subsequent contributions range from confirming existing knowledge 

about the content of (conventional) gambling advertising to finding completely novel insights into 
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gambling advertising volume and regulatory compliance on Twitter. Furthermore, another essential 

contribution of the present thesis is the development of a comprehensive understanding of "appeal" 

and subsequent development of an "appeal-test". The use of the term "appeal" has been found to be 

inconsistent in previous research, and potentially, led to various researchers actually measuring very 

different things. After reviewing the extant literature and the developed definition and model of 

appeal, further knowledge about this crucial term will also enable other researchers to build on this 

foundation. Finally, as one of the first studies, the present research contributes to the understanding 

of the actual appeal of gambling advertising for children.  

 

Secondly, the present thesis has several practical contributions for stakeholders. On the one hand, 

the thesis concludes with a range of precise policy recommendations that policymakers and regulators 

could use to improve gambling advertising regulations on social media. On the other hand, several 

recommendations to practitioners are presented to help them create and promote gambling 

advertising that does not breach regulations or harm children and younger persons.  

 

 
1.6 Outline of the Thesis 

 
Besides this introduction (Chapter 1), the present thesis consists of five other chapters: 

 

Chapter 2 is a literature review focusing on three aspects. In the first section, it aims to develop a 

broad understanding of appeal. A definition of appeal is developed by critically reviewing the existing 

literature related to appeal, enriched with insights from advertising- and emotion theory. Then, the 

literature review aims to give an overview of the various domains the present thesis is located in (e.g. 

advertising, gambling, social media, and developmental differences between children, young persons 
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and adults). This overview serves as a basis for the more in-depth observations in the respective 

Chapters 3 to 5. Finally, the literature aims to point out specific research gaps in the research domain.  

 

Building on the research gaps as well as the understanding of the research domain from the literature 

review, the thesis proceeds with three "studies" (Chapters 3, 4 and 5) – each chapter includes an 

introduction, literature review/ hypothesis development, methodologies, results and conclusions. 

Based on the previously outlined research needs in the area of social media gambling advertising, 

Chapters 3 and 4 explore the volume, content, and regulatory compliance of gambling advertising 

before Chapter 5 continues using the insights and findings to test the appeal of gambling advertising 

to children: 

 

Chapter 3 is entitled "Conventional Gambling Advertising on Twitter: Volume, Content, and 

Regulatory Compliance". Using Big Data analytics, paired with manual content analysis, this chapter 

attempts to gain a better understanding of conventional gambling advertising on Twitter. The mixed-

method approach enables an investigation of hundreds of thousands of tweets (regarding their 

sentiments and keywords used) combined with in-depth, manual examinations of their content and 

regulatory compliance. The empirical findings of this chapter, on the one hand, help to understand 

the gambling advertising ecosystem on Twitter, and on the other hand, develop insights that are 

crucial when testing the appeal of (conventional-) gambling advertising on Twitter with actual 

participants. Finally, the chapter concludes with a discussion about the results. 

 

Chapter 4 is entitled "Gambling Content Marketing on Twitter: Volume, Content and Regulatory 

Compliance". Just like the preceding chapter, again, a combination of Big Data analytics and manual 

content analysis was employed to investigate volume, content and regulatory compliance – this time, 

however, focused on gambling content marketing. With very little pre-existing knowledge in this sphere 
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– as found in the literature review (Chapter 2) – this chapter is mainly exploratory and inductive in 

nature. It is hoped that the insights from this chapter will help to understand this under-researched 

topic better. It is crucial to investigate some of the results – at least in respect to their appeal –before 

being able to move to test the appeal of gambling content marketing (see Chapter 5). Again, the 

chapter concludes with a discussion of the results.  

 

Chapter 5 is entitled “The Appeal of Twitter Gambling Advertising for Children, Young Persons 

and Adults”. Based on the findings of Chapters 3 and 4, this chapter aims to answer the question of 

whether gambling advertising is appealing to children and young persons – which could then 

constitute a breach of advertising regulations, as indicated earlier. By employing a cross-sectional 

online survey involving 210 Children (11-17), 222 Young Persons (18-24), and 220 Adults (>24), the 

chapter aims to create empirical evidence on the appeal of real-live gambling adverts retrieved from 

Twitter. Based on the fine-grained understanding of gambling advertising on Twitter from Chapters 

3 and 4 (volume, content and regulatory compliance), Chapter 5 creates evidence of what kind of 

advertising (content marketing vs conventional marketing) is more appealing, but also in respect to 

different forms of gambling (i.e. from traditional vs esports betting providers).  

 

Chapter 6 concludes the thesis by presenting precise policy recommendations deriving from 

Chapters 3, 4 and 5, followed by practical implications for stakeholders and contributions to the 

literature. Finally, the limitations of the thesis will be discussed, and routes for future research 

presented.  
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CHAPTER TWO 

 
 

LITERATURE 
 REVIEW 
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Figure 6: Overview of the literature review chapter alongside its objectives.
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2. Literature Review  
The following literature review will shed light on the area of appeal of Twitter gambling advertising 

for children and young persons. Therefore, it will start with a general discussion of the term appeal 

to establish the necessary understanding about what appeal is. The succeeding sections will then 

narrow down to discuss how best to measure advertising appeal, and the particularities of social 

media advertising, gambling, and finally, the specifics of advertising to children and young people. 

All of these chapter sections will discuss and clarify terms and theories relating to them but also 

inform and refine the developed understanding about appeal. 

 

 
2.1 What is Appeal? 

 

2.1.1 The meaning of the word appeal 

 
The present thesis aims to investigate whether gambling adverts on Twitter are “of particular appeal 

to children and young persons” (CAP Code 16.3.12). It is, therefore, of great importance that we 

first establish a sound understanding of the term appeal and appealing in this context.  

 

Key Marketing, Consumer Behaviour, Psychology and Emotion textbooks (investigated textbooks: 

Bermúdez, 2014; Evans, Jamal, & Foxall, 2009; Kotler & Armstrong, 2018; Lewis, 2010; Plutchik & 

Conte, 1997; Sander & Scherer, 2009; Sethna & Blythe, 2016) do not list appeal as a keyword nor 

do they discuss it in detail. Not surprisingly then, research on advertising or general messaging appeal 

often suffers from the lack of a clear definition of what is meant by appeal. For example, Waiters, 

Treno, & Grube (2001), who conducted a "focus-group analysis of what young people find appealing 

in alcohol advertising" (p. 695), consistently use the words appealing and attractive interchangeably. 
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While this could stem from a lack of precision by the authors, it also could be an indication that 

appeal might not be a well-defined and clear construct.  

 

Turning to dictionary definitions of appeal, one can find two separate definitions in the Oxford 

Dictionary (Oxford Dictionary, 2019). One definition is in respect to law: "Try to persuade someone to 

do something by calling on (a particular principle or quality)" with the example, " I appealed to his 

sense of justice." And the another one, as a synonym to "attractive" and "interesting" with the example 

"the range of topics will appeal to youngsters" (online). Interestingly, this suggests two fundamentally 

different ways to understand appeal: one as a message or an aspect of a message, and one as a response 

or an aspect of a response in the receiver of that message.  

 

Only a few entries of appeal can be found in scientific dictionaries. The Dictionary of Marketing (Doyle, 

2011) stresses the aim of appeal by saying it is “the advertisement's selling message. This is usually based on 

deep research into the audience as well as a clear understanding of the overall strategic objective being adopted 

using the advertising messages.” (p. 24). Another definition of appeal was found in the dictionary from 

the American Psychological Association, which defines appeal solely in relation to advertising as “any 

aspect of a product or service that is highlighted in an attempt to arouse a sympathetic response from consumers” 

(APA Dictionary of Psychology, 2019b, online). Both of these definitions again present appeal as a 

stimulus – a part of the advertising message – rather than something that is triggered within the 

receiver, like a feeling of attraction or finding something appealing. However, the consensus of these 

definitions is that the appeal of a message has the explicit purpose of evoking some response within 

the receiver – to "arouse a sympathetic response” (APA Dictionary of Psychology, 2019b) or a feeling of 

“attraction” or “interest” (Oxford Dictionary, 2019). As such, there is a very important distinction to 

be made between the appeal that the message makes and the feeling of appeal in the receiver (i.e. 

arousing a sympathetic response).  
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Take, for example, the concept of sex-appeal – a vastly used advertising technique, in which advertising 

features sexually attractive characters (e.g. a muscular young man with long dark hair) to capture 

consumers’ attention and ultimately, to drive sales in the targeted (often opposite) sex (Dahl et al., 

2009). However, as we all know, something that is sexually attractive to you might not be attractive 

to someone else – even if both recipients are of the same sex. This means an advertising appeal (e.g. 

the ripped young man) might not be appealing to everyone – or in short: an appeal is not inherently 

appealing. Accordingly, to understand whether something is appealing, it is not enough to look at 

the appeal (i.e. aspects of the product or message), but what is happening within the recipient after 

being exposed to the advert.  

 

2.1.2 Informational vs emotional appeal 

 
In order to investigate what happens within consumers when being exposed to an advert, we have to 

know what kind of response we are looking for. Advertising literature often distinguishes between 

emotional and informational advertising appeals as different forms of advertising. Whilst these concepts 

range through various disciplines from literary studies (e. g. Leon, 1935) to psychology (e. g. 

Critchfield, 2018; Furnham & Goh, 2014; Lewan & Stotland, 1961), they are primarily used in the 

context of marketing and communication (e. g. Han & Ling, 2016; Lee & Hong, 2016; Noel et al., 

2018; Septianto & Pratiwi, 2016; Teichert et al., 2018). Generally, it is argued that informational 

appeals will lead to cognitive processes, whereas emotional appeals will lead to affective ones (McKay-

Nesbitt et al., 2011; Teichert et al., 2018). Generally, we could, therefore, examine cognitive and/or 

emotional responses in consumers to measure how appealing adverts are.  

 

However, there are several caveats regarding this distinction between the two types of ad appeal. First 

of all, they do not carry equal weight in the effectiveness of advertising. Notions of the homo 

economicus, which saw the brain as a rationally operating human ‘computer’, are outdated (Thaler, 
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2000). Historically, and particularly in social sciences, researchers romanticised the idea that people 

are able to make judgements solely based on provided information (Greifeneder et al., 2011). 

However, research over the past 40 years challenged this concept of the homo economicus and stressed 

the importance of feelings, emotions and experience in consumers' decision-making (e.g. Ambler, 

2000; Heath and Nairn, 2005; Vakratsas and Ambler, 1999; Zajonc, 1980). Ambler's (2000) highly 

acclaimed Memory-Affect-Cognition (MAC) model even goes a step further and suggests that most 

of our cognitive processes are only supportive of the decision that we “feel" is the right one (Heath 

and Nairn, 2005). 

 

In support of this, consider the findings of a mini-review I conducted to overview recent literature 

investigating and comparing both the emotional and informational appeal of advertising (see Table 3). 

The first eight of these studies presented in the table were identified by Teichert et al. (2018) and 

extended by me with five studies that were published more recently. Besides showing key findings 

regarding which appeals are more successful, the table also summarises the studies' methodological 

approaches (i.e. stimuli selection, sample sizes, context), which will help inform subsequent parts of 

the present thesis.  
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Table 3: Overview of recent studies comparing emotional and informational appeals. 

 
 

Study Form of Appeal Stimuli Sample Size Context Method Results 

Ruiz and 

Sicilia (2004) 

Informational & 

emotional 

3 mock print 

advertisements 

260 

undergraduate 

students 

Cognitive vs 

affective 

appeal 

processing 

Questionnaire Advantage of 

informational 

appeals with 

consumer 

processing style  

Yang (2004) Informational & 

emotional 

4 real internet 

advertisements 

120 students Internet 

advertisement 

Questionnaire Emotional 

appeal leads to 

more 

involvement  

Naylor et al. 

(2008) 

Informational & 

transformational 

Mock 

advertisements 

(video and 

print) 

128 

undergraduate 

students 

Consumption 

experience 

Questionnaire Transformational 

appeal is more 

effective than 

informational 

appeal 

Geuens et 

al. (2011) 

Emotional & 

non-emotional 

8 mock print 

adverts & 323 

real TV 

commercials 

400 / 391 / 

909 

respondents 

(different 

studies) 

Product 

category 

Questionnaire Emotional 

adverts resulted 

in more positive 

attitudes of 

product-

congruent and 

erotic emotions 

McKay-

Nesbitt et 

al. (2011) 

Rational, 

positive/negative 

emotional 

3 mock print 

adverts 

151 younger 

adults (18-34) 

& 124 older 

adults (48-89) 

Product 

category, age, 

affective 

intensity, 

need for 

cognition 

Questionnaire Young adults 

recall emotional 

appeals better 

than 

informational 

appeals 

Zarantonello 

et al. (2014) 

Functional & 

experiential 

257 TV 

commercials 

150 

respondents 

per 

advertisement 

test 

Product 

category 

Content 

analysis 

followed by a 

questionnaire 

Emotional 

appeals were 

more effective 

on brand 

knowledge and 

attitude 

Wei et al. 

(2015) 

Emotional & 

informational 

4 mock print 

advertisements 

69 

undergraduate 

students 

Advertisement 

appeal and 

weight level 

Questionnaire Emotional 

appeals are 

more effective 

for normal and 

overweight 

students than 

information 

appeals 

Shao et al. 

(2015) 

Rational & 

emotional 

4 mock adverts 2,419 

respondents 

Self-regulatory 

focus 

Questionnaire Prevention-

focused 

individuals 

responders more 

positively to 

rational appeals 

 

Akbari 

(2015) 

Rational & 

emotional  

4 artificial 

conditions 

160 

undergraduate 

students 

High vs low 

involvement 

product 

categories  

 

Questionnaire 

Rational and 

emotional 

appeals have an 

effect on 

attitude towards 

advertisement 

and purchase 

intention 
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The mini-review shows that advertising messages that carry an emotional appeal were more effective 

than messages with informational appeals (e.g. Geuens et al., 2011; McKay-Nesbitt et al., 2011; 

Naylor et al., 2008; Teichert et al., 2018; Yang, 2004; Zarantonello et al., 2014). This is, of course, 

old news to advertising practitioners who have praised its effectiveness for years but now witness a 

huge revival of emotive advertising due to the changing advertising practices introduced with social 

media advertising, as Fabrik (2018) outlines (more on this in Section 2.3).  

 

What is more, the limited effect that informational appeals have on decision making has been found 

to be even smaller in younger age groups (Davis et al., 1991). McKay-Nesbitt et al. (2011) found that 

young persons are more influenced by emotional messages (affect), whereas older people are more 

influenced by information (cognition). This can be explained by neurobiological changes that happen 

during adolescents that increase the influence of the amygdala (emotions and feelings) as opposed to 

the prefrontal cortex (rational decision making and experience; see detailed explanation in Section 

 

Lee and 
Hong (2016) 

Emotional & 
Informational  

1 mock advert 
on Facebook 

420 
undergraduate 
students 

Positive user 
responses of 
Social Media 
advertising 

Survey / 
Questionnaire 

Emotional 
appeal resulted 
in more positive 
attitude toward 
the product 

Noel et al. 
(2018) 

Emotional & 
informational 

4 mock adverts 
on Facebook 

120 young 
adults (21-24)  

Advertising 
content and 
platform 
characteristics 

Survey  Emotional 
appeal was 
higher when the 
ad was not 
compliant with 
regulations.  

Teichert et 
al. (2018) 

Emotional & 
informational 

1,141 real print 
adverts 

77,627 
respondents 

Advertising 
appeal based 
on objectives 
and 
demographics 

Questionnaire Emotional 
appeal is 
superior to 
informational 
appeal for most 
objectives. 

Gong and 
Cummins 
(2020) 

Emotional & 
rational 

20 TV 
commercials 

140 college 
students  

The role of 
limited 
processing 
capacity 
during ad 
consumption 

Computer-
based 
questionnaire 

Emotional 
appeal helps 
sustain attention 
for low-
relevance 
messages. 
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2.4.3). Similarly, Teichert et al. (2018) found that emotional appeals have superior influence 

compared to informational appeal overall, but this effect was further exacerbated in younger age 

groups. Indeed, they found that with decreasing age of the participants, the effect of emotional appeal 

(affect) increased, whereas the informational appeal (cognitive) decreased. We can conclude from 

this review into informational and emotional appeal that overall, the emotional responses to adverts 

carry more weight in consumer decision making, especially in children and young persons, who are 

the focus of the present research.  

 

Finally, while the theoretical distinction into informational and emotional appeal is helpful for 

researchers, in real-life advertising, such a distinction is very hard to maintain. This is, for example, 

evident in the practice of researchers using "mock" adverts as stimuli in their studies. Indeed, eight 

out of the 13 studies investigated in the mini-review created such artificial adverts. There are two 

reasons for this. The first is that it is very hard to draw a line between advert characteristics that are 

solely emotional or informational. Take one of the typical examples of an informational appeal: "Buy 

2 – Get 1 free". From an informational appeal perspective, it would be argued that it appeals to the 

homo economicus side in us, which would tell us: this is an effective way to save money. However, Ariely 

(2010) argues in his book Predictably Irrational that the word "free" has such loaded meaning for most 

humans that resultant behaviour is very irrational and, indeed, driven by affect. The other reason 

why researchers use mock-adverts is that real-live advertising rarely sticks to such prescribed categories 

– and uses a mixture of both. An example of this can be found in a recent Domino's advert, 

combining informational appeal (Buy 1 – Free 2) with the emotionally loaded suggestion "Treat 

Yourself Today" (see Figure 7). Indeed, recent research even encourages adverts to mix both strategies 

to enhance the efficiency of their adverts (Cheong and Cheong, 2021). 
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Figure 7: Advertising using information and rational appeals posted by Domino's. 

Source: https://www.facebook.com/DominosMY/photos/grab-dominos-best-deal-of-buy-1-free-2-deal-today-you-wouldnt-
wanna-skip-out-on-/1764408093692327/. (retrieved on 12th July 2021) 

 

In sum, considering the above discussion of informational and emotional appeals, it seems justified 

not to follow this somewhat artificial distinction when examining message appeals and to focus 

exclusively on the emotional processes evoked by advertising messages as these were shown to govern 

most decision-making outcomes, especially in young persons and children. Therefore, the present 

research will focus on assessing emotional responses to Twitter gambling adverts in adults, young 

persons, and children to infer how appealing these ads are to each age group. 

 

Based on this dissection of the appeal concept, we can develop the following definition and 

framework of appeal that will be used throughout the remainder of this thesis: 
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Appeal refers to (a) any aspect of a message or product which functions as a stimulus and to (b) an 

emotion-like internal state in the receiver of the message resulting from that stimulus. The success of the 

appeal stimulus in evoking the internal state of appeal (i.e. whether it is appealing) depends highly on 

the receiver, not just on the stimulus. The appeal stimulus attempts to trigger the internal emotion-like 

appeal state to provoke a behavioural or cognitive response. However, the created response does not 

necessarily have to be planned or targeted by the sender. It might be triggered unintentionally, as the 

interpretation (the “making sense”) of the message happens within the receiver. In marketing and 

advertising, this response tends to be aimed at creating a sympathetic response towards a brand, service 

or product. 

 

       Message       Receiver 

 

 
 

 

2.1.3 Appeal as an emotional response 

 
Having established that the most important aspect of the internal appeal is emotional, we now need 

to establish how we can understand appeal within an emotion-framework. Generally, an emotion is 

"a complex reaction pattern, involving experiential, behavioural, and physiological elements, by 

which an individual attempts to deal with a personally significant matter or event” (APA Dictionary 

of Psychology, 2021, online). Distinguishing from feelings, the definition proceeds: "Emotion 

typically involves feeling but differs from feeling in having an overt or implicit engagement with the 

world" (ibid.). There are several 'basic' emotions such as fear, happiness, sadness, and disgust. 

(Plutchik & Conte (1997) outline eight basic emotions in their expressions of emotions theory, 
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Figure 8: Developed framework of appeal 
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whereas more recent work by Cowen & Keltner (2017) identify 27 emotions). While there are various 

theories and models to classify and measure emotions, there is consensus regarding the underlying 

constructs of emotions: valence and arousal (e.g. Bolls et al., 2001; Bradley and Lang, 1994; Russell, 

1980; Russell and Barrett, 1999). A very helpful framework that aids understanding the subjective 

feeling component of emotions is the valence-arousal plane developed by Russell (1980). Using this 

plane, each emotion can be expressed as a combination of arousal and valence and can thus be mapped 

in a two-dimensional space. Figure 9 below shows, for example, that high arousal and moderately 

positive valence together indicate “excited” whereas low arousal and negative valence can be interpreted 

as "bored", as per Russell's (1980) classification.  

 

Figure 9: The valence and arousal plane as proposed by the emotional conceptualisation 

Source: Russell (1980). 

 

So, can we locate appeal somewhere on this valence-arousal plane? The answer is yes and no. Although 

we generally understand the word appealing as feelings of positive valence, it would be too simple to 

assume that appeal is a positive emotion. For the vast majority of advertising cases, the desired 
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emotions to be evoked by the advertising message will, indeed, lie in the positive valence half of the 

two-dimensional space – since ads generally aim to connect a pleasant feeling to the brand or product 

or service that is advertised (Chandler and Munday, 2011). However, there are exceptions, and these 

can teach us an essential lesson about appeal. 

 
One example is fear appeal, which is defined as “a persuasive communication attempting to arouse fear in 

order to promote precautionary motivation and self-protective action” (Ruiter et al., 2014, p. 65). Note the 

similarity in this definition to other definitions of appeal in that the appeal is understood as a message 

with an attempt to evoke an emotion – in this case, a very particular emotion: fear. Fear is normally 

described as an unpleasant emotional state (a combination of heightened arousal and strong negative 

valence) – involving physiological arousal in combination with cognitive, affective, and behavioural 

responses related to ‘fight or flight’ (Dijker et al., 1997; Manstead et al., 2004; Ruiter et al., 2001). 

In 2001, the European Union's ASPECT consortium published its recommendation to print pictures 

of medical complications resulting from smoking on all tobacco packages (Peters et al., 2013), a clear 

appeal to consumers' fear of experiencing these medical consequences. This shows that appeal can 

indeed be located in the negative half of the valence-arousal plane if the aim of the message (the 

stimulus appeal) intended this emotional response. There are other examples of negative emotion 

appeals. For example, TV adverts by charities and NGOs often appeal to feelings of sadness and guilt 

(Chandler and Munday, 2011) in order to loosen purse strings. These examples illustrate that appeal 

cannot be seen as one emotion per se but rather as a fluid emotion-like state which can only pinpoint 

to a specific emotion for each advertising case. In the case of messages on cigarette packages, this 

specific emotion is fear. 

 

However, as mentioned above, the majority of advertising messages aim to evoke positive emotions 

(Poels and Dewitte, 2019), and gambling advertising is unlikely to be an exception. Indeed, highly 

pleasant ads (i.e. positive valence) were found to have the most potent persuasive effects (Das et al., 
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2015). A potential reason for this is presented by Lang (2006), who argues the valence of an evaluative 

judgment (after being exposed to a stimulus) indicates which motivational system is being activated: 

a stimulus that is perceived as pleasant triggers the appetitive (or reward) system (the part of the 

motivational system that leads to behaviour to receive something desirable). A message perceived as 

unpleasant, on the other hand, triggers the aversive (or defensive) system (the part of the motivational 

system that results in avoidance or escape behaviour). This means that generally, the use of adverts 

that aim to trigger positive emotions is, indeed, a sensible approach and is supported by a 

neurobiological understanding.  

 

Accordingly, this leaves two quadrants of the valence-arousal plane for consideration when we think 

of gambling advert appeal: one around feelings of excitement (positive valence and high arousal) and 

one around calmness (positive valence and low arousal). Whilst the calming emotions from the latter 

quadrant are often the target of advertising (consider adverts for relaxing spa treatments, most baby 

products, or beach holidays), the most effective gambling adverts are most likely to be found in the 

upper right quadrant, around excitement and euphoria. This is, again, based on the activation of 

motivational systems since the level of arousal indicates the likelihood that the salient motivational 

system (either appetitive or aversive) actually induce a response (Bradley et al., 2001; Yzer et al., 2011). 

In other words, the higher the arousal level, the likelier a (strong) response of either motivational 

system. For the appeal responses to gambling advertising, this would mean that the stronger the 

arousal which accompanies the valence response, the stronger the appeal is – and vice versa.  

 

In conclusion, appeal can be understood as an emotion-like state, and, for the purposes of the present 

research, the appeal of gambling advertising can be located on the right side of the valence-arousal 

plane. The level of appeal increases with increasing arousal and vice versa. 
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2.2 Measuring Appeal in Advertising 

 
Reviewing 20 years of emotion measurement in advertising, Poels & Dewitte (2006) conclude there 

is no consensus in advertising research on which measurement approach is the most valid and reliable 

for capturing emotions. In general, emotional measurements are either self-report measures or 

autonomic measures. While their review is slightly dated, their general categorisation is still up-to-date 

and helpful. Nevertheless, to address this limitation, the latest research will also be included to reflect 

newer developments.  

 

2.2.1 Self-report measures  

 

Self-report measures focus on “introspective reflections about the emotions felt with respect to an 

advertising stimulus” (Poels and Dewitte, 2006, p. 20). The most used forms of these measures are 

verbal self-report (e.g. open-ended question: How does this make you feel?), moment-to-moment ratings 

(emotional ratings in repeated relation to a neutral reference point), and visual self-report (using 

cartoon-like figures to indicate how a stimulus made one feel). All these approaches have their 

advantages and disadvantages in measuring emotions and these are summarised in Table 4.  

 

Verbal self-report measures such as the Geneva Emotion Wheel (Scherer, 2005), the Repertory Grid 

Technique (Fallman and Waterworth, 2005) or the Concurrent Think Aloud Protocol (Tenopir et 

al., 2008) are relatively straightforward to administer and can, in the right circumstances, create 

precise indications of the subjective feelings of the participants. However, there are concerns since 

they are based on communication skills (Fox, 2008) and potentially include substantial cognitive 

processes when transforming the feeling into words. Accordingly, they are, for example, not suitable 

for use with children or young persons since communication and language skills develop substantially 

during adolescence (Anthony, 2020).  Moment-to-moment measures, such as the Warmth Monitor 
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(Aaker et al., 1986), are an interesting approach since they can continuously measure subjective 

emotions – which is particularly suitable, for example, when investigating how different aspects of a 

(longer) TV commercial affect the emotions of participants. However, the fundamental limitation 

with this measure is that it only observes one emotional dimension at a time (e.g. joy or fear) – making 

it unsuitable for transforming the data into a valence-arousal plane. Finally, visual-self reports such 

as PrEmo (Desmet, 2018), the self-assessment manikin (SAM, Bradley & Lang, 1994) or the Affective 

Slider (Betella and Verschure, 2016) have the advantage of using manikins, detaching the scales from 

the use of words that are potentially loaded with emotions and being dependent on verbal 

communication skills. SAM is one of the most popular self-reporting emotion measures, can be 

conducted both online and or in a paper-based format, and has been vastly applied in marketing and 

advertising studies (Betella and Verschure, 2016).  

 

While self-report measures are easy to administer, all these techniques have limitations. On the one 

hand, social norms and desires potentially distort the results. King & Bruner (2000, p. 80) describe 

in their study that “the pervasive tendency of individuals to present themselves in the most favourable 

manner relative to prevailing social norms and mores has threatened to compromise research 

findings in the social sciences for more than 50 years”. For self-report emotion measures, this social 

desirability bias could mean that participants purposely answer the questions or scales untruthfully to 

adhere to current societal norms. This behaviour was also found to be confirmed with research 

involving children (Baxter et al., 2004; Camerini and Schulz, 2018). However, the effect of the social 

desirability bias is significantly less influential in online surveys than traditional survey methods such 

as via phone (Jones et al., 2016). 

 

On the other hand, self-report emotion measures can only capture the participants subjective feeling – 

a consciously felt experience of emotions (Stout and Leckenby, 1986) – triggered by the stimulus. 
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This cognitive bias means that only emotions that were consciously felt by the participant can be 

detected – feelings they were actively aware of. While advertising processing in many settings is an 

unconscious process (Heath and Nairn, 2005), these measures might not effectively capture so-called 

low-order emotions, which are automated and uncontrollable emotional reactions (LeDoux, 2003). 

However, there is debate about the extent of this shortcoming of self-report measures. Employing the 

pictorial SAM, Morris et al. (2002) conducted an extensive study investigating emotional responses, 

cognitive attitude, and behavioural measures. They concluded that when using the visual self-report 

measure (SAM), emotions dominate over cognitive aspects. This is likely to be connected to how 

SAM works: participants see a stimulus only for a couple of seconds, and then only have a few seconds 

to make their decision by choosing one of five manikins that they think represents their emotional 

state (for more details about SAM, see Section 5.3.2.2).  

 

Table 4: Summary of the different emotion measurement methods.  

Source: Poels & Dewitte (2006, p. 32) 

  

 

2.2.2 Autonomic measures  

Low-order emotional reactions are often measured using the second emotional measure category, 

namely autonomic measures. These measures can detect and quantify (mostly body-) reactions 

beyond the participants' control. Popular measures used in advertising research comprise heart-rate 

measures (Choi et al., 2017), facial electromyography to measure the contractions of muscles during 
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facial expressions (Hart et al., 2018), skin-conductance or electrodermal activity to detect activation 

of the nervous system (Christopoulos et al., 2019; Poels and Dewitte, 2006), brain imaging and fMRI 

(Pozharliev et al., 2017), as well as increasingly, the use of FaceReader, which is a software that can 

detect and classify facial expressions based on filming participants’ faces during exposure to stimuli 

(Hadinejad et al., 2019). While these techniques can bypass the earlier outlined cognitive- and social 

desirability biases, they also have some limitations. Firstly, since they tend to measure specific body 

reactions, there are issues in clearly classifying them as emotional reactions (Kory and D’Mello, 2014). 

Accordingly, they are often accompanied by emotion descriptors (e.g. by using SAM) (Calvo et al., 

2015). Secondly, they normally require a laboratory-based setting. However, as Pozharliev et al. (2017) 

argue, consumers are not exposed to adverts in laboratories, and the ads are not typically experienced 

in complete isolation, which possibly affects the participants’ conscious and autonomous emotional 

responses as well as the validity of the results. Correspondingly, these measurements tend to require 

participants to come to a laboratory and need to be conducted with one individual at a time (as 

opposed to self-reporting methods that can be administered in groups and/or online). 

 
In summary, both self-reporting and autonomic emotion measure categories have their merits and 

limitations (summarised in Table 4). After weighing the potential implications of both techniques, it 

was decided to use a self-reporting measure in the present thesis.2 The main reasons for this are 

twofold. To begin, the nature of autonomic measures leads to smaller sample sizes. Since there is very 

little knowledge about if and how gambling advertising emotionally affects children and young 

persons, it  is more important to get a first overview in a larger sample, even if the measure is 

somewhat cruder. Moreover, and related to the previous point, the scarcity in the previous literature 

on children's affective responses towards gambling advertising does not provide a solid basis to 

 
 
2 The initial plan was to combine self-report measures (SAM) with autonomic measures (heart rate and skin conductance). Therefore, a 
collaboration with the School of Psychological Science was set up. However, the Covid-19 pandemic has made all in-person 
experiments impossible for the foreseeable future. This led to the decision to conduct SAM only.  
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sufficiently perform autonomic measures. As indicated earlier, these measures can be somewhat 

restricted in measuring only one emotion at a time and are potentially an indicator for various aspects 

of emotions (Poels and Dewitte, 2006).  

 
 
The present thesis aims to assess whether gambling advertising on Twitter is appealing to children 

and young persons. We have already established that appeal refers to both: any aspect of a message 

with the aim of triggering a response and an internal state in the receiver of the message resulting 

from that message. Whilst we have discussed the latter in detail in the previous sections, the following 

sections will have a closer look at the former part: the message. We will start by looking at some 

particularities of social media advertising before reviewing the literature regarding gambling 

advertising. 

 

 
2.3 Social Media Advertising  

Solis (2007) describes social media as "democratization of information, transforming people from 

content readers into publishers. It is the shift from a broadcast mechanism, one-to-many, to a many-

to-many model, rooted in conversations between authors, people, and peers" (p. 37). And, indeed, 

the possibility of bypassing traditional publishing mechanisms such as newspaper and TV editors is 

said to have enabled a societal revolution in the Arab world (Vargas, 2012), influenced the election 

of the 45th president of the United States (Smialek, 2018), and appears to be linked to worsened 

mental health and higher suicide rates among young persons and children (Berryman et al., 2018; 

Busby, 2018; Moreno et al., 2016). However, social media has not only changed the way we 

communicate, meet new people or keep informed, it has also changed how businesses work and has 

transformed the field of marketing substantially (Hennig-Thurau et al., 2013).   
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Generally, social media advertising can be categorized into paid-for advertising and organic advertising 

(Fulgoni, 2015). Paid-for social media advertising allows the opportunity to target consumers precisely 

(Curran, Graham, & Temple, 2011), whilst the number of people who will see these adverts depends 

on ad spend. Although social media users express concerns for privacy protection, they are 

simultaneously willing to disclose personal information such as location, which music, companies, 

movies and artists they like, or which town they live in – resulting in a discrepancy referred to as the 

privacy paradox (Barth and de Jong, 2017). Particularly children and young persons openly share 

personal information, as Madden et al. (2013) outline – allowing very precise targeting. However, 

social media users are increasingly fond of more stories and posts from friends or brands that they 

are interested in and became frustrated with too much promotional (paid-for) advertising (Fulgoni, 

2015).  

 

Furthermore, consumers are rather sceptical about advertising (Nielsen, 2015). None of us likes to 

feel we are being sold to. This is especially true of social media: a survey of US consumers (Herold, 

2017) found that whilst 61% of consumers trust television adverts, only 38% trust social media 

adverts. These sentiments are likely to limit the effectiveness of paid-for advertising on social media. 

 

Addressing these issues, a technique attracting particular attention recently is organic advertising 

(Aydin, 2020; Fulgoni, 2015; Schomer, 2019). This is an advert simply posted on a brand's social 

media account rather than paid-for advertising sent, via complex algorithms, to specific audiences 

and/or individuals. In contrast to paid-for adverts, organic advertising reach depends on the number 

of followers a brand has or the number of 'shares' or 'retweets' a post achieves – metrics that have to 

be "earned" by way of content creativity. Perhaps, for this reason, organic ads are seen as more 

authentic and trustworthy by users (Quesenberry and Coolsen, 2019). Good content will be shared 

or even go viral, thus disseminating the message into new audience networks. Although organic social 
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media advertising is an increasingly important topic, it seems that academic – as opposed to 

practitioners’ literature – is only just starting to understand techniques (Alves et al., 2016), volume 

(Varol et al., 2017) and its efficiency (Aydin, 2020). The following section will discuss the 

characteristics of (organic) social media advertising and how these could be relevant in respect to 

being appealing to users.  

 

2.3.1 User-generated content  

Propelled by users' frustration at being exposed to too much "promoted content", an old and powerful 

marketing communication tool has been revived in the social media era: Word-Of-Mouth (WOM; 

Elwalda and Lu, 2016) – especially in the form of User-generated Content (UGC). The OECD set 

out three defining attributes for UGC: “i) content made publicly available over the Internet, ii) which 

reflects a certain amount of creative effort, and iii) which is created outside of professional routines 

and practices” (OECD, 2007, online). The opportunities to share creative work online have evolved 

into various forms such as virtual communities (e.g., Reddit), stand-alone personal blogs, blog aggregators 

(e.g., Feedly), and microblogging platforms (e.g., Tumblr); media sharing tools (e.g., Flickr, YouTube), wikis 

(e. g. Wikipedia) but especially on social networks (e.g., Facebook, Twitter; Lu and Stepchenkova, 

2015; Xiang and Gretzel, 2010).  

 

Marketers have already identified this opportunity. Marketers promote engagement by employing 

specific campaigns. For example, besides CocaCola's infamous “ShareACoke" campaign where users 

could download and share an individualised coke bottle in their social networks, Laestadius & Wahl 

(2017) investigated Kentucky Fried Chicken's successful hashtag campaign. Users were encouraged 

– substantially via organic posts – to use the hashtag “#HowDoYouKFC” on social networks to show 

how and what they have consumed – how they “do KFC”. Within one week, the researchers recorded 
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196 replies from social network users, of which 45% were explicitly outlining a positive notion about 

KFC.   

 

Besides explicitly engaging by using a hashtag, liking or sharing content from or about 

products/services, these reactions become WOM which is shared with the individual’s social network 

contacts. Chu et al. (2015) found that content by companies can reach users far beyond the sender's 

network when many users share (retweeting) the message. Thus, marketers have developed 

techniques to capture this opportunity of spreading their message for free – especially in the form of 

organic posts. Motivation for participating in this form of free advertising might derive from the 

desire to be heard and seen, being part of the crowd, peer pressure, and even altruistic reasons such 

as "sharing is caring" (Harel, 2018). Marketers try to exploit these reasons by using interactive games 

and apps to get users to play their games to share their experiences and achievements afterwards. 

Accordingly, Freeman et al. (2014) found, particularly in food and beverage marketing on Facebook, 

that “by using the interactive and social aspects of Facebook to market products, (…) food brands 

capitalize on users’ social networks and magnify the reach and personal relevance of their marketing 

messages” (p. 56). 

 

2.3.2 Content marketing 

Building on these advantages of social media advertising, the concept of content marketing is an 

increasingly popular tool with advertisers. Balakrishnan (2012, p. 111) describes content marketing 

as “an umbrella term encompassing all marketing formats that involve the creation or sharing of 

content for the purpose of engaging current and potential consumer bases”. This trend moves away 

from traditional marketing because it is often not identifiable as advertising – which is also one of 

the main differences to traditional brand awareness strategies – and they often have no clear call to 

action. As Pulizzi (2014), one of the leading content marketing practitioners, writes: content 
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marketing is about "developing stories that inform and entertain and compel customers to act – 

without actually telling them to” (p. 12). This could include repeatedly posting funny pictures of cats, 

telling emotional stories, or showing lovely places to travel.  By purposely excluding any link or 

relationship to the product or service, such efforts are purely emotional in nature and not clearly 

identifiable as advertising. This, in turn, means that they are likely to affect recipients subconsciously, 

which is likely to disable protective heuristics such as providing mental counter-arguments (Heath, 

2015; Nairn & Fine, 2008).  Since we have already learned that emotional messages were found to 

be more effective than information appeal (e.g. Geuens et al., 2011; Teichert et al., 2018), it is 

possible that content marketing is taking this effect a step further by entirely excluding the link to 

the product/service – and therefore, (almost) solely triggering affective processes – the driving force 

of decision making. By observing content marketing posts on Facebook, Twitter, MySpace and several 

blogs and forums, Ashley & Tuten (2015) found that frequent updates and engagement incentives 

are essential for participation. Furthermore, they found that creative strategies such as matching the 

brand to consumer aspirations (image), insights and experiences (resonance, experiential), and 

feelings (emotional including love, sexual desire, fear, guilt, and humour) increased consumer 

engagement.   

 

In conclusion, the participation of social network users is vital to spread the message, and marketers 

try almost everything to increase this participation. Most notably, new forms of advertising – such as 

content marketing – monetise findings regarding the effectiveness of emotional content and take 

them a step further by entirely removing any informational appeals – which, in turn, potentially 

increases users' engagement with the ads, and protective cognitive systems might not be triggered. 

Besides evaluating the content of posts, keywords or hashtags, it is therefore also crucial to observe 

the number of likes, comments and shares, as this can indicate how interesting (appealing) the posts 



 
 
57 

are. Since many of these techniques are relatively new and specific for social media, it is worth looking 

at the regulatory environment in which social media advertising operates.   

 

2.3.3 Regulatory challenges 

The almost limitless, fast-developing opportunities of social media marketing, combined with slow 

regulatory processes to set boundaries, have led to several scandals, misdeeds and even crimes – 

inducing media commentators comparing the situation to the Wild, Wild, West (Davis, 2018).  Young 

people, however, are especially vulnerable to social media marketing wrongdoings, as Montgomery 

& Chester (2009) argue. In their review, they outline that six key features of social media — 

ubiquitous connectivity, personalisation, peer-to-peer networking, engagement, immersion, and user-

generate content — "are emblematic of the ways in which young people are both shaping and being 

shaped by this new digital culture" (p. 18). They argue "… recent, and emerging neuroscience and 

psychological research on adolescents suggests a need to revisit the traditional approach to regulation 

of advertising” (ibid.). And indeed, governments around the world (e. g., Germany, Australia, Russia, 

China) are starting to see the need for tighter social media regulations and have introduced different 

approaches (Lee, 2019). Whilst there has been debate in the UK around the introduction of measures 

to regulate social media companies over harmful content, overseen by independent regulators, to 

date, such activities are somewhat vague and are not very high on the political agenda.  

 

Faced with the enormous challenges of social media advertising regulation, regulators are in a state 

of denial – pretending the online advertising sphere is well under control. Whilst (social media) 

advertising – including gambling advertising – is legal in the UK, the rules are self-regulatory and laid 

out in the Committee of Advertising (CAP) and policed by the Advertising Standards Authority 

(ASA). As shown earlier, the social media advertising sphere has developed incredibly fast over the 

past couple of years, which is evident in the increasing focus on shareability, user-generated content, 
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and content marketing. Accordingly, these efforts are likely to be beyond the scope and consideration 

of existing advertising regulations created pre-social media. However, almost entirely denying the 

fundamental new opportunities and techniques social media advertising has created, to date, the 

ASA (2018) argues that the online advertising sphere is well under control since the existing rules 

apply equally “offline as well as online” (p. 3). Since gambling is an addictive product, the lack of 

decisive action and the potentially ineffective advertising regulations can have detrimental effects on 

consumers – particularly children, young persons, and vulnerable groups. To date, however, no 

research I am aware of has investigated the adherence of social media gambling advertising to 

regulations. Accordingly, a comprehensive analysis of social media advertising efforts should try to 

capture offences to help paint a picture of the status quo.  

 

2.4 Gambling Advertising 

Since the present thesis aims to investigate the appeal of gambling advertising to children and young 

persons, it is crucial to understand what is already known about the gambling advertising sphere. 

Accordingly, after gaining some insights into the particularities of the social media advertising sphere, 

the next section will review the gambling advertising literature in more detail. Initially, we will briefly 

look at the gambling industry and its trends to ensure the present research is timely and well 

informed. Then, previous literature about gambling advertising will be reviewed to understand what 

is known about the volume and content of gambling advertising before focusing on how such adverts 

can affect consumers’ perceptions and behaviour.  Finally, the biology of gambling will be investigated 

– as this will potentially give essential insights into whether and why humans gamble – which might 

be critical to understanding why gambling adverts are appealing.  

 
2.4.1 Gambling industry and trends 

While the history of gambling can be traced back to Mesopotamia around 3000 BCE (Schwartz, 

2013), internet-enabled technological developments in the last few years have revolutionised the 
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practice of gambling and helped the industry reinvent itself. These fundamental changes can be 

categorised into form, content and image.  

 

The days of people gambling in dark, smoky high-street betting shops appear to be numbered and 

rapidly replaced by the use of smartphones and tablets to place bets from anywhere on trendy apps 

offered by large gambling providers such as PaddyPower or Ladbrokes (Newall et al., 2019). After 

initial registration, this new form of betting can easily take place from logged-in devices without any 

further verification process. The resulting convenience combined with the constant temptation is 

likely to amplify impulsive behaviour and continues to normalise gambling as a regular part of life 

(Deans et al., 2016; Pitt et al., 2017).  

 

However, the content has also changed drastically. While gambling in the 20th century traditionally 

focused on bingo and casinos, amusement arcades, lotteries (including scratchcards), and sports 

(mainly soccer and horse racing; Schwartz, 2013), modern online bookmakers accept bets on almost 

everything from how many untruthful comments former President Trump would make during a 

speech to humans’ first encounter with aliens (Beckett, 2017; Webb, 2019). A particularly fast-

growing new trend – as outlined earlier – is esports gambling. Esports is the industry surrounding 

the professional competitive playing of computer games online. Games include Counter-Strike: Global 

Offensive, Fortnite and Defence of the Ancients. The industry’s market revenues were $950 million in 

2019 and were forecast to reach $1.1 billion in 2021 (Newzoo, 2021). Mass live venues such as the 

Royal Opera House in London attract thousands of live spectators, and global audience reach was 

estimated to be 474 million people in 2021 (ibid.) – most of them children and young persons (Tran, 

2018). The explosion in popularity of esports has prompted conventional bookmakers (such as 

Bet365) to start offering esports odds and encouraged the emergence of new dedicated esports betting 

internet sites (e.g. Midnite). The esports betting market was predicted to be worth $15 billion by the 
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end of 2020 (OddsMatrix, 2020). As most large sports events came to an abrupt halt during the 

pandemic, the UK esports betting market exploded by almost 3000% between March and June 2020 

(Gambling Commission, 2020a), indicating its future potential. So far, this development has been 

almost entirely under the radar of public discourse, research agenda and policymaking.  

 

These new, creative gambling opportunities have also changed gambling’s image from shady to 

trendy. The domain shift from offline betting shops with limited appeal and availability (e.g. 

restricted opening hours, few rural sites, male-dominated environment) to the 24/7 internet has 

expanded the clientele (Shepherd, 2017). Meanwhile, it is estimated that gambling ad-spend in the 

UK has increased substantially. Although these figures are difficult to ascertain precisely as it is 

commercially sensitive information, Ebiquity (published via IpsosMORI, 2020) reported an 

estimated gambling ad spend increase of 24% from 2015 to 2018, whilst an analysis by Regulus 

Partners, published by GambleAware (2018), estimated an increase in UK gambling ad-spend of 56% 

between 2014 and 2018 to £1.5 billion, with £747 million (49.8%) going into direct online 

marketing and £149 million (10%) into social media marketing. This reported move to online spend 

enables gambling providers to use cutting edge content and techniques. Although previous research 

has identified three major offline gambling marketing techniques – creating brand awareness, 

offering financial incentives for a first bet, and using odds advertising (Newall et al., 2019) – few 

studies have yet explored techniques used in social media.  

 

2.4.2 Forms of gambling advertising 

Not only has the practice of gambling changed drastically, but also its marketing approaches, as 

Newall et al. (2019) outline. They argue that contemporary gambling marketing efforts use a "multi-

layered mix of mass media advertising (e.g. television), consumer marketing (e.g. price offers) and 

subtle marketing (e.g. sponsorship)" (p. 49). By systematically reviewing the gambling marketing 



 
 
61 

literature from 2014 – 2018, they focused on the content and volume, consumers’ perceptions of 

marketing efforts, and the marketing's effect on behaviour. These categories are useful since they can 

capture the most relevant information about the gambling marketing domain and, thus, will 

subsequently be discussed in more detail. 

 

2.4.2.1 Volume 
The volume of gambling advertising appears to be high, and for those targeted, it is almost impossible 

to avoid exposure (Newall et al., 2019a). For example, Duncan et al. (2018) found that during the 

2018 football World Cup tournament, British viewers were exposed to 88 minutes of betting 

advertisement. With 17% of ITV's commercial breaks screen-time, gambling ads were the most 

shown product category, followed by motoring (13%) and grooming (8%). A similar high exposure 

was found by Cassidy & Ovenden (2018), who conducted a content analysis of three Match of the 

Day episodes, a TV show about football produced by the BBC – Britain's public and non-commercial 

TV station. They found that in these 85-100-minute-long episodes, on average, 254 instances of 

gambling advertisement (mostly gambling logos on the pitch-side or on tricots) were recorded.  

 

While several studies observed the volume of gambling advertisements on TV (e.g. Cassidy and 

Ovenden, 2018; Duncan et al., 2018), sports events (e. g. Lopez-Gonzalez & Griffiths, 2018), or radio 

and billboards (e. g. McMullan and Miller, 2008), few have focused on volume and exposure online. 

Acknowledging this research gap, Newall et al. (2019) outline the complexity of appropriate 

approaches to observing exposure to online gambling advertising – apart from self-reporting study 

designs. A few, primarily qualitative, studies have employed some form of self-reporting research 

design, such as O’Loughlin & Blaszczynski (2018), who found that 58% of the surveyed Australian 

undergraduate students recalled seeing paid-for gambling ads on Facebook, or Thomas et al. (2018) 

who found that 55% of basketball fans aged 11-16 remembered seeing gambling advertisements on 

social media. While these studies give some indications on how people are exposed to gambling 
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advertising online, they can only capture the amount of advertising that participants have 

remembered. However, as outlined in Section 2.3.1, a large share of online advertising is designed 

to affect people subconsciously and, therefore, was probably not reported in these studies. And even 

if participants do not consciously notice these adverts, the high volume and exposure are likely to 

build subconscious positive relationships to the brand based on the Low Attention Processing model 

(Heath and Nairn, 2005) – which means that the high volume of gambling advertising increases the 

(positive) emotional response of consumers. 

 

Whilst exposure to offline gambling advertising was found to be high, the low costs of social media 

advertising compared to offline efforts (LYFE Marketing, 2021) makes it highly likely that the actual 

volume (and potential exposure) is substantially higher. The resulting cascade of social media 

gambling advertising – which can fall into the category often referred to as Big Data – raises the issue 

for policymakers highlighted at the start of this thesis where the CEO of the Advertising Standards 

Authority publicly admits that methodological challenges render it complex for his organisation to 

identify whether gambling advertisers are targeting specific (vulnerable) groups or, indeed, even to 

establish the volume of advertising to which these groups are exposed (Parker 2020).  	
 

This also, of course, raises a serious issue for researchers. Traditionally, the techniques and tactics 

used in gambling advertising have been analysed using manual content analysis (Abarbanel et al., 

2017; Cassidy and Ovenden 2017; Deans et al., 2016; Gainsbury et al., 2016; Kim, Lee, and Jung 

2013). While this has the advantage of providing an in-depth reading of specific content features, it 

is also rather time- and thus, resource-consuming, which limits possible sample sizes drastically 

(Erlingsson and Brysiewicz 2017). Accordingly, new, automated methods are needed to cope with 

the hundreds of thousands of adverts posted online. These new Big Data analytics methods, however, 

bring their own challenges, such as limitations in analysing the meaning of images (Rose and Willis 
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2019) or, indeed, of textual content, which requires a high degree of hermeneutic reading (Brooker, 

Barnett, and Cribbin 2016). The combination of regulators not being able to uncover irresponsible 

social media advertising activity, together with the methodological challenges of analysing this 

massive amount of data, could potentially create a “dark space” with no one obeying the advertising 

rules, no one able to monitor this, and therefore no-one able to regulate or inform policy thinking. 

 

2.4.2.2 Content of gambling advertising 
Generally, gambling marketing content has been categorised into (1) brand awareness, (2) financial 

incentives, and (3) odds advertising (Newall et al., 2019). However, these categorisations may be 

slightly outdated, as they are mainly based on conventional, offline gambling advertisements. Due to 

some of the characteristics of online and, in particular, social media marketing, new and differing 

advertisement strategies might be used by providers. 

 

(1) Brand awareness was described by Rossiter & Percy (1997) as essential for communication 

processes as it precedes all other steps in their hierarchical process of advertising effectiveness. 

Without brand awareness, they argue, no other communication effects can occur. Thus, 

brand awareness was found to be used as a heuristic (Keller, 1993), enhanced the perceived 

quality of a product (Hoyer and Brown, 1990), and increased brand equity (Alhaddad, 2015). 

In the gambling literature, brand awareness was regularly investigated, mainly by observing 

how often and long brand logos were visible in TV shows, sports events (pitch-field ads, or 

team sponsoring), and billboards (e. g. Cassidy & Ovenden, 2018; Lindsay et al., 2013; Lopez-

Gonzalez & Griffiths, 2018). The majority of such efforts are heavily focused on evoking 

repeated emotional responses rather than cognitive ones.  While content marketing (Section 

2.3.1) discussed on social media might be seen as part of a brand awareness strategy, it has 

some peculiar differences, especially concerning its characteristics of not being perceived as 
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advertising. However, to date, no study has observed the prevalence and effect of this in the 

present context.  

 

(2) Financial incentives are regular content of gambling advertisements. Although, at first sight, 

such incentives sound like rational appeals, a closer look reveals that this is not necessarily 

the case. Researchers in Australia, Spain, and the UK found that various forms of financial 

incentives were used repeatedly in gambling advertising, namely sign-up bonuses, refer-a-

friend bonuses, mobile betting bonuses, and happy hour offers (e. g. Hing et al., 2017; Lopez-

Gonzalez et al., 2018). And while such incentives tend to be relatively straightforward (e. g. 

£50 sign-up bonus for depositing £100), Newall et al. (2019) outline that contemporary offers 

have become increasingly complex. For example, such contemporary financial incentives 

might comprise boosted odds or money-back promises with substantial and complicated fine-

print (Hing et al., 2017). Interestingly, it seems that most of these efforts do have a rational 

appeal foundation (e.g. it is financially beneficial to sign-up with £100 and receive a £50 

bonus). However, their framing and wording are emotionally loaded, which is particularly 

noticeable in "Happy Hour Offers", "Sign-up Bonus", or "Free Bets". All of these frame 

implicitly (or explicitly in the case of the latter) suggest that users get something for free (e.g. 

£50 when depositing £100). However, such cues tend to trigger very irrational behaviour as 

mentioned earlier.  Ariel (2010) – a renowned neuromarketing researcher – even argues that 

“free” can get us to make a foolish decision such as getting a tattoo – although we actually do 

not really want to. 

 

(3) Odds advertising can be found in much gambling-related marketing. Odds in gambling refer 

to the bookmaker's offer. They are generally expressed in two pairs of numbers, which reflect 

the likelihood of an event taking place – the lower the likelihood of an event is, the higher 



 
 
65 

the possible win. Research shows that gambling providers place heavy emphasis on odds for 

specific events (e. g. winner of a football match) in their advertising efforts (e. g. Cortis, 2015; 

Hing et al., 2017; Newall, 2015). Furthermore, there is a trend to feature specific, complex 

bets that combine several small events (e. g., Harry Kane to score first and England to lose; 

Newall, 2015). Combining such smaller events decreases the likelihood of the bet happening 

and thus, increases the potential wins of the consumers.  

 

Apart from these categorisations, there are other characteristics that were found to be regularly used 

by gambling providers, such as picturing gamblers as winners (Deans et al., 2016; Lopez-Gonzalez et 

al., 2018), conveying the impression that gambling is predictable and skilful (Lopez-Gonzalez et al., 

2018), the use of bright colours and humour (Johns et al., 2017). Again, all of these cues mainly focus 

on evoking positive emotions rather than triggering cognitive processes. But, again, since there is a 

lack of research into gambling advertising on social media, it is likely that on such platforms, 

additional or different characteristics can be found.  

 

Whilst the previous two sections focused on the message aspects of gambling advertising, the 

following two sections focus on what happens within the recipient by investigating consumers' 

perceptions and behaviour.  

 

2.4.2.3 Gambling marketing perceptions 
 
Generally, past research observing consumers' perceptions towards gambling marketing has pointed 

in the same direction, namely, a clear recognition that exposure to gambling advertisement is 

accompanied by negative attitudes. A study from Finland found that 20% of respondents felt that 

they were overexposed to it, with 15% stating that these ads have made them gamble more (Salonen 

et al., 2018).  These numbers surged when the study was conducted with a sample of treatment-
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seeking gamblers to 68% and 35% retrospectively. Correspondingly, the Gambling Commission 

(2018a) found that 79% of respondents answered that they think too many opportunities to gamble 

are available. Additionally, 88% of respondents said they had seen gambling advertising or 

sponsorship, with 54% saying they saw at least one within the last week. Only 30% said that gambling 

is conducted fairly and to be trusted, which is a decrease of 20 percentage points compared to 2009. 

While this plunge correlates with the rise of online gambling providers and their marketing efforts, 

more research is needed to underpin this suspicion.  

 
Regarding young people and children, several studies have investigated their perception of gambling 

advertisements. First, the use of bright/contrasting colours and animated characters was found to be 

very attractive for children and young persons (Abarbanel et al., 2017). The latter might be 

particularly interesting in an esports gambling setting, as these games are animated themselves, which 

means using screenshots or the original characters of the game could already be attracting young 

persons. Second, children and young persons were found to be particularly susceptible to financial 

incentives (Gordon & Chapman, 2014; Kim et al., 2017; Newall et al., 2019). Third, children had 

issues understanding the concept of odds and thought these were merely providing relevant 

information – similar to the outcome of a match – and, therefore, did not recognise it as advertising 

(Pitt et al., 2016). Finally, acquiring skills and knowledge about betting, as well as betting with high 

odds (unlikely to win but high pay-outs possible), were also found to be very attractive to children 

and young persons (Pitt et al., 2017).  

 

 

2.4.2.4 Gambling marketing's effect on behaviour 
 
To date, several studies have investigated the relationship between gambling advertisement, 

participation, awareness and problematic gambling (Newall et al., 2019). Accordingly, Hing et al. 

(2018) found that bettors – especially problem gamblers – who reported they participated due to 
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advertised financial incentives – placed more impulsive bets. Furthermore, in a social media 

advertising context, Gainsbury et al. (2016) found that problem gamblers were exposed to more 

adverts than others, which indicated the use of targeted marketing. 

 

Other research has focused on gambling marketing recall among young persons. For example, Hing 

et al. (2014) found that young persons who gamble recall more gambling advertising than non-

gamblers. Similarly, Clemens et al. (2017) found, by surveying 4,617 young persons, a correlation 

between gambling advert recall and frequency of gambling. This relationship was also found by Abdi 

et al. (2015), who also found personal factors (e. g. self-esteem, perceptions about winning, drug 

usage), social factors (such as peer-influence or parental behaviour) and environmental factors (e. g. 

accessibility of gambling venues) to have a significant influence on young persons' gambling 

behaviour. However, the main limitations of these studies are that they are mainly based on recall, 

which due to the passage of time subject to biases (Newall et al., 2019), and that they are again purely 

based on cognitive self-reporting – neglecting the affective power of advertising as discussed 

extensively in Section 2.1.2.  

 

To better understand why gambling and its advertising might be subject to even stronger affective 

processes than other products, the next section will look into the biology of gambling.  

 

2.4.3 The biology of gambling 

Gambling is a phenomenon that is based on psychological, biological, socio-cultural, and spiritual 

causes (Horvath et al., 2018). Probably one of the most famous biological experiments in this area 

was conducted by Skinner (1948), who conditioned rats to press a lever to get food pellets. Skinner 

found that if a pellet was dispensed only on the tenth press of the lever, the rat will soon learn to 

press the lever ten times to get the reward. When given a choice between two levers, one that supplied 
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food in a predictable manner and one that did so randomly, sometimes all at once, sometimes not 

at all, the rats almost invariably chose the random lever. Rats, Skinner suggested, were gamblers at 

heart. Plenty of follow-up experiments, also with humans and children, showed similar results, 

namely, a deep connection between gambling behaviour and our biological and psychological 

personality, that could induce one to say: humans are gamblers at heart.  

 

The potential danger of this human trait can best be found when looking at so-called problem gambling 

or pathological gambling, which is categorised as an impulse control disorder and is defined as 

"persistent and recurrent problematic gambling behavior leading to clinically significant impairment 

or distress” (p. 539) in the Diagnostic and Statistical Manual of Mental Disorders (American Psychiatric 

Association, 2013). Interestingly, research found considerable similarities in psychopathologies (the 

functional changes accompanying a particular syndrome or disease) of substance use disorder and 

pathological gambling, which underline the strong biological dimension of gambling. Accordingly, 

Limbrick-Oldfield et al. (2017) found that gambling addiction triggers the same brain areas as drug 

and alcohol cravings. They arrived at this conclusion by comparing the magnetic resonance imaging 

(MRI) scanner results of 19 problem with 19 non-problem gamblers. Each participant went into an 

MRI scanner and was shown various stimuli, which included pictures of gambling scenes, such as a 

roulette wheel or a betting shop. The analysis showed that the same brain areas that would be 

activated in people with substance use disorder, namely, the insula and nucleus accumbens, were 

highly active in the problem gamblers when shown images related to gambling. Accordingly, Topf et 

al. (2009) argue that due to multiple similarities of pathological gambling and substance use disorder 

– particularly neurobiological and clinical characteristics – it is possible to develop pharmaceutical 

interventions similar to those prescribed for drug addicts.  

 
In summary, gambling is clearly more than a “normal” product/service because it is highly addictive. 

Propelled by high ad spend and the de-regulation since 2005, the industry is booming in the UK. 
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Notably, the established understanding of the content and volume of gambling advertising suggests 

that many strategies appear to be targeted at affecting consumers emotionally rather than cognitively. 

But, whilst research has investigated a range of aspects of gambling advertising, there are still 

substantial gaps regarding the practice of gambling marketers on social media, on the use of content 

marketing, esports gambling advertising, and, importantly, the appeal to children and young persons.  

 

To understand if children and young persons require such specific attention, the next section will 

dive deeper into the biology and development of young persons and children. Therefore, an 

understanding of which age groups are included in the terms "children" and "young persons" will be 

developed. Then, developmental and biological differences will be analysed. After that, the impact 

of social media on young persons and children will briefly be discussed before, finally, investigating 

why advertising is affecting children and young persons differently to adults and if and how this 

affects their emotional responses to advertising.  

 
2.5 Young Persons and Children 

While the present research aims to assess whether gambling advertising is appealing to children and 

young persons, it is crucial to clearly understand who generally constitute “children” or “young 

persons”. Both the United Kingdom and the UN define children as anyone who has not reached 

their 18th birthday (NSPCC, 2019). This means that no matter which circumstances may be present 

– such as under 18-year-olds already living independently or being a member of the armed forces – 

they are legally still children and thus enjoy the same protection and entitlements as any other child 

(ibid.). While there is general consent about the legal age of children, there is less agreement about 

terms that are rather focused on behavioural aspects. Accordingly, young persons are interpreted very 

differently depending on the source. 
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On the one hand, the Advertising Standards Authority (ASA), the UK's independent regulator of 

advertising across all media, which applies the advertisement codes written by the Committees of 

Advertising Practice (CAP), uses the terms children for anyone aged 0-15, and young persons for anyone 

aged 16 and 17 (CAP, 2019). On the other hand, the World Health Organization defines young 

persons as anyone from 10-24 years old (World Health Organization, 2019), and UK governmental 

initiatives like the Joint Strategic Needs Assessment (JSNA) or Bristol Against Violence and Abuse (BAVA) 

see young persons as being from 11-24 years (Denbighshire County Council, 2019). Accordingly, 

GambleAware and Gambling Commissions often use the age category 11-24 when talking about 

young persons in their publications. This classification is also backed by a growing body of research, 

arguing that due to societal changes (e. g. longer enduring education, increased age when getting a 

first child or getting married etc.) and new findings concerning the biological development of 

humans, puberty is now seen as lasting until the age of approximately 24 years (Silver, 2018). 

Therefore, to provide a clear distinction, the present study will use the term children for between 11 

and 17 years old, the term young persons for anyone between 18 and 24 years, and the term adults for 

anyone older than 24 years.  

 

2.5.1 Differences between children, young persons and adults 

Historically, children were often simply perceived as smaller versions of adults (Gillis and Loughlan, 

2007). This notion has increasingly changed in the 19th and 20th centuries, with Jean Piaget as a 

strong advocate thereof, arguing that children are not smaller versions but rather are thinking 

differently. Consequently, he developed a model which is well known as Piaget's stages of cognitive 

development, in which he included four different stages, namely, the sensorimotor stage (birth to 2 

years), preoperational stage (2 to 7), concrete operational stage (7 to 11, and finally, the formal 

operational stage (12 and up; Cherry, 2019). While Piaget's theory has been challenged on various 

grounds such as the undervaluation of cultural influence on cognitive development or by 
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neuropsychological research that found that core knowledge is differently formed than was argued by 

Piaget (Allen, 2017), his theory is still widely used and at least indicates that children and young 

persons perceive and process the world differently to adults. However, this different way of processing 

the world does not stop with puberty (starts approx. 11-13), as Pechmann et al. (2005) outline. They 

argue that due to the differences in young persons' brain plasticity, they are more impulsive and more 

vulnerable to harm. These differences in processing the world of children as well as young people, 

however, bring multiple challenges when living in a world that is designed by and of adults. For 

decades, as Lapierre et al. (2017) outline, children and young persons have been recognised as a 

vulnerable consumer group based on their budding developmental abilities. Subsequently, we will 

look now into the domains of social media and advertising to examine how children and young 

persons' developmental differences increase their susceptibly to this kind of advertising.    

 

2.5.2 Children, young persons and social media 

Research suggests that due to its distinct characteristics, social media is particularly important and 

influential for children and young persons. Livingstone & Drotner (2008), for example, argue that  

social networking is increasingly attractive for them because it allows access to social worlds and 

online communities. Therefore, they argue that social media has become necessary for their social 

development. Similarly, Johnson (2010) found that internet and social media usage significantly 

influence the developmental process of children and young persons. Social media enables them to 

communicate with their peers without interference from teachers or parents (Mante & Piris, 2012), 

connect to communities based on shared interest, and manage the reputation they have with others 

by sharing selected content (Meshi et al., 2015). However, a substantial number of issues are reported 

with children and young persons using social media, such as worsened mental health and higher 

suicide rates (Berryman et al., 2018; Busby, 2018; Moreno et al., 2016), bullying online (so-called 

cyberbullying; O’Keeffe et al., 2011), or lower physical activity due to more time spent on online 
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(Hendrie et al., 2012). Remarkably, the high amount of time children and young persons spend on 

social media is seen as a key driver of these serious problems. 

 
2.5.3 Children, young persons and advertisement 

A substantial body of research has shown that children are cognitively and psychologically almost 

defenceless against advertisement (Committee on Communications, 2006; Kunkel, 2004; 

Strasburger et al., 2012; Wilcox et al., 2004). A widely cited and influential report by an American 

Psychology Association task force on advertising and children, led by Wilcox et al. (2004), concluded 

that two conditions need to be present for a mature cognition of advertising messages. Firstly, the 

person needs to be able to distinguish between commercial and non-commercial content. However, 

research showed that under the age of 5, children are not able to distinguish these forms of content, 

even if it is outlined with separation devices (e. g., "Teletubbies will be back after these messages”). 

As outlined in Section 2.3.2, this distinction is becoming increasingly complex on social media – 

even for adults – particularly with contemporary content marketing efforts. Secondly, to process 

advertising in a mature manner, individuals need the ability to recognise the persuasive intent of 

advertising and apply this knowledge cognitively (Wilcox et al., 2004). This means individuals need 

to understand that marketing messages want to sell something, and therefore, have a differing, biased 

perspective that aims to be persuasive. However, this abstraction ability is not present under the age 

of 7-8 years (Ali and Blades, 2014) and therefore, younger children take advertising claims at face 

value (Macklin and Carlson, 1999).  

 

However, more relevant for the present research is research looking into the impact of advertising 

on young persons. Just as for children, studies found that young persons are susceptible to certain 

kinds of messages, particularly in the context of alcohol (Anderson et al., 2009; Wills et al., 2009), 

unhealthy food (Huang and Yang, 2013; Kent et al., 2019), and gambling (Hing et al., 2014; Kim et 

al., 2017). Pechmann et al. (2005) stress that the development of the prefrontal cortex, which is the 
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part of the brain that is key for inhibitory control, is not fully developed until early adulthood. In 

young persons, the amygdala, the part of the brain which transforms experience into feelings and 

analyses information for its emotional content, tends to have a stronger influence on behaviour 

compared to adults. This is because the prefrontal cortex, which inhibits inappropriate responses 

and permits the planning and execution of organised behaviour, is not yet able to reliably override 

impulsive commands by the amygdala because the higher hormonal levels and hormonal receptivity 

during adolescence cause an increase in the activity in the amygdala. However, connections to the 

prefrontal cortex begin to be built later and are not fully developed until early adulthood. These time- 

and geographically unevenly distributed structural changes of the brain – mainly due to the creation 

of new synapses – therefore, lead to some more (e.g. amygdala), and some less (e.g. prefrontal cortex) 

developed parts within the limbic system which results in sometimes differing decision making 

compared to adults. Therefore, they argue that for young persons, already low levels of stress or 

emotion can cause inhibitory systems to shut down – resulting in impulsive instead of planned 

behaviour based on prior experience. These findings might help us to understand why emotional 

appeals were found to be significantly more effective with young people (see Section 2.1.2).  

 

These neurobiological bases for the vulnerability of young persons can lead to various different 

behavioural characteristics, as Pechmann et al. (2005) outline. They note that young persons 

experience more intense urges, but the ability to resist is not yet fully developed. Accordingly, young 

persons exhibit more impulsive and risky behaviour than adults (Cauffman and Steinberg, 2000; Liu 

et al., 2016). While the levels of these behavioural traits differ within each young person, the higher 

they are, the more likely is an engagement in substance abuse (cigarettes, alcohol and marijuana), as 

Chambers, Taylor, & Potenza (2003) found. Furthermore, the cognitive risk assessment capabilities 

of young persons are different to adults. For example, when exposed to a gambling task, young 

persons tend to be rather driven by rewards and less by the associated risk (Chambers et al., 2003).  
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Moreover, Pechmann et al. (2005) argue that adolescence is a period of increased self-consciousness 

and self-doubt, resulting in higher brand consciousness as well as the usage of brands to bolster 

feelings of self-worth. The importance of peers changes in this period drastically, and while family or 

teachers are the mostly named role models for children, for young persons, these tend to be their 

peers (Brown, 1990). Accordingly, research found that susceptibility to peer influence peaks at this 

phase (Steinberg and Scott, 2003). Peer influence was also confirmed in a social media context. 

Sherman et al. (2016) found that when exposed to pictures on social media with many likes, brain 

activity was higher in young persons compared to pictures with few likes – both when showing neutral 

pictures as well as with pictures with risky behaviour (e.g. drinking, smoking). Contemporary 

advertising techniques on social media (e.g. the earlier mentioned UGC or content marketing) also 

focus on shareability and likes. Paired with the strong peer influence, this could mean that children 

and young persons are particularly affected by such adverts. 

 

Finally, Pechmann et al. (2005) outline that there is a higher risk of young persons acquiring 

immediate, acute problems (e.g. memory deficits) and longer-term, chronic problems (e. g. 

addictions) in the usage of substances compared to adults. Addictions are more readily developed in 

adolescence than in adulthood which has been confirmed in studies related to alcohol and tobacco 

(Kandel and Logan, 1984). While social factors also come into play, studies with animals have shown 

that there is a strong biological sensitivity to the rewarding effects of these drugs (Crews et al., 2016). 

As discussed in 2.3.3, gambling addiction was found to have a very similar psychopathology, which 

makes it possible that contact with gambling within this vulnerable phase is likely to increase 

gambling-related addiction throughout life.  
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To summarise, there is substantial evidence that the developmental changes of children and young 

persons make them more susceptible and vulnerable to advertising. This results, amongst other 

things, from higher impulsive and risky behaviour, different risk assessment strategies, stronger 

influence of peers, and higher readiness to develop addictions. 

 

2.6 Summary and Relevance of the Literature Review  

The objectives of this literature review were to develop an understanding of appeal, to present an 

overview of the research domains the present thesis is located in, and to point out specific research 

gaps (as indicated earlier, specific literature for each chapter study will be presented in the respective 

Chapters 3-5). The literature review is summarised in Table 5. 

 

Table 5: Summary of literature review. 

The Concept of (Advertising) Appeal  
• Advertising research showed that emotions are far more important than cognition (Ambler, 2000; 

Heath and Nairn, 2005; Zajonc, 1980). 

• Appeal is an emotion-like state (argument developed in Section 2.1). 

• Emotions tend to be classified along the dimensions of “arousal” and “valence” (Russell and 

Barrett, 1999). 

• Most advertising appeal needs to be positive on the “valence” dimension – the higher the arousal-

state is, the stronger the appeal seems to be (argument developed in Section 0). 

Measuring Appeal in Advertising  
• Just like emotions, appeal can be measured by autonomic measures or self-report measures 

(argument developed in Section 2.1). 

• Autonomic measures can reduce or bypass cognitive interceptions and thus, can reduce biases – 

however, they limit possible samples sizes substantially and are more suitable for gaining deeper 

insights into already researched phenomena (Poels and Dewitte, 2006). 

• Self-report measures are easier to conduct and can be administered online, which increases 

possible sample sizes substantially (Poels and Dewitte, 2006) – however, limitations concern 

whether participants drift too far into cognitive – instead of affective – processing (Stout and 

Leckenby, 1986). 

Social Media Advertising  
• Social media advertising can either be paid-for (which enables very precise targeting – but is tricky 

to collect) or it can be organic (which means it is just posted as a "normal post" as non-commercial 

users would)– these adverts need to be engaging (i.e. users need to like, comment or share them) 

in order to reach many users (Aydin 2020; Fulgoni 2015; Schomer 2019). 
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• Content marketing is a rather new and under-researched area, although practitioners have praised 

its effectiveness for years (Pulizzi, 2014; Kakkar, 2017). 
• Exposure to social media advertising is hard to measure since every individual (based on their 

individual social media usage and platform-specific algorithms) will receive differing advertising 

exposure (Newall et al., 2019). 

• Social media advertising is, to date, not particularly well regulated, which creates several grey areas 

and loopholes (Davis, 2018). 

Gambling Advertising 

• The gambling industry in the UK is booming, and the industry is evolving fast (argument developed 

in Section 2.4.1). 

• A fast-rising gambling trend is esports betting (Newzoo, 2021), but little research has been done in 

this area.  

• Past research found that conventional gambling advertising mainly focuses on brand awareness, 

financial incentives, and odds advertising – which also seem to centre around emotional appeals. 

However, little research has investigated efforts on social media, the use of content marketing, 

advertising for esports betting, or the appeal of these adverts (Newall et al., 2019).  

• Gambling is deeply connected to underlying biological traits and is highly addictive (Limbrick-

Oldfield et al., 2017) – its advertising is, therefore, likely to trigger different areas and behaviours 

than for other, non-addictive products/services. 

Children and Young Persons  
• To provide a clear distinction, the present thesis will use the term children for between 11 and 17 

years old; the term young persons for anyone between 18 and 24 years; and the term adults for 

anyone older than 24 years (argument developed in Section 2.5). 

• The human brain is not fully developed until the age of approx. 25 years (Pechmann et al., 2005). 

This results, amongst other things, in more impulsive and risky behaviour, different risk assessment 

strategies, stronger influence of peers, and higher readiness to develop addictions. This makes both 

children and young persons more susceptible and vulnerable to advertising (Lapierre et al., 2017; 

Committee on Communications, 2006; Kunkel, 2004; Strasburger et al., 2012; Wilcox et al., 2004).  

• Children do not have the same advertising-recognition skills as adults (Wilcox et al., 2004). 

• Younger people tend to find emotional advertising more appealing than older people (Teichert et 

al., 2018; Pechmann et al., 2005). 
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3. Conventional Gambling Advertising on Twitter: 

Volume, Content, and Regulatory Compliance 
 
3.1 Introduction 

The preliminary objectives of this chapter are to ascertain the volume (PO1), content (PO2) and 

regulatory compliance (PO3) of gambling adverts on Twitter. The starting point for this is a statement 

from the CEO of the UK’s advertising regulator that he gave evidence to a 2020 House of Lord’s 

inquiry into gambling harms, suggesting that even the UK regulators do not grasp the extent of 

gambling advertising online – and to what extent children are exposed to them (Parker, 2020). It 

highlights that policymakers are finding it hard to keep pace with rapid and profound changes within 

the gambling industry and, in particular, online advertising for betting (see Section 2.4.1). With scant 

knowledge of the extent of social media gambling advertising, it is highly likely that adverts 

contravening codes are slipping through the net. Accordingly, this chapter comprises Big Data 

analytics as well as manual content analysis to investigate the volume, content and regulatory compliance 

of Twitter advertising sent by UK gambling operators, and subsequently answer the following three 

preliminary research questions: 

 

P1.  How high is the volume of conventional advertising posted by traditional and esports 

gambling accounts, tipsters and affiliates on Twitter? 

P2.  What is the content of conventional gambling advertising on Twitter? 

P3.  Does conventional advertising on Twitter adhere to current UK advertising regulations 

set by the CAP? 
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3.2 Research Design 

 
The legality of gambling advertising and regulatory regimes differs quite substantially across the 

world. The United Kingdom is one of 18 European countries where licensed operators are allowed 

to advertise as long as they comply with the standards stipulated in their regulations (Hörnle et al., 

2019). Although the licensing of gambling operators (i.e., allowing them to operate at all) is likely to 

be governed by legislation, advertising is more likely to be self-regulated by a self-regulatory 

organisation, which is funded by a levy placed on the advertising industry and monitored by an 

independent body (ICC, 2018).  In the United Kingdom, the ASA is this self-regulatory organisation, 

which, in cooperation with the Committee of Advertising Practice (CAP), creates and polices the 

advertising codes (ASA, 2019). Compliance of Twitter gambling ads will be measured against Code 

16: Gambling (CAP, 2014).  

 

To address the first preliminary research objective (PO1), namely, to explore the volume of gambling 

advertising, a natural language processing classifier was trained – the hallmark of the used software 

Method52 (TAG, 2019). Accordingly, a classifier was trained to sort the 888,745 collected tweets 

into those which are "relevant to gambling" (i.e. conventional advertising with a call to action) from 

those "not relevant to gambling". The latter category was excluded from this chapter and subsequently 

analysed in Chapter 4. To address the second preliminary research objective (PO2) into the content 

of gambling advertising, two forms of analysis were conducted. For the first analysis, two additional 

classifiers and a keynote annotator were trained using Method52.  For the second analysis, a manual 

content analysis was performed, examining the content and techniques used in the tweets in more 

detail. The manual content analysis was also used to assess the third preliminary research objective 

(P03), relating to assessing the regulatory compliance of the adverts. Combining Big Data analytics and 

manual content analysis has the advantage of utilising the large-scale capacity of Big Data analytics 
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while still employing a close hermeneutic reading of image and some richer text (Brooker, Barnett, 

and Cribbin, 2016). 

 

3.3 Big Data Analysis of the Volume and Nature of Gambling Adverts on Twitter 

 
3.3.1 Methodology 

 

3.3.1.1 Data collection and sample  
 
Data were collected from Twitter’s public Application Processing Interface (API) over a nine-month 

period in 2018, employing Method52, a software application developed jointly by the Centre for 

Analysis of Social Media at the UK think tank Demos and the University of Sussex’s Text Analytics 

Group (TAG, 2019). This software was designed to provide a sophisticated and accurate automated 

classification of social media conversations (Wibberley, Weir, and Reffin, 2014).  

 

Twitter was chosen as the basis of the data collection for several reasons. First, it is one of the largest 

social media platforms in the UK, with around 16 million users (London School of Economics and 

Political Science, 2020). Furthermore, as opposed to most other social media platforms such as 

Facebook, Instagram or TikTok, Twitter has an open access policy in place, which allows their 

Application Processing Interface (API) to be used to download public organic posts (Kim et al., 2018). 

Finally, Twitter has a rather broadly spread age demographic compared to its alternatives, with 8% 

of Twitter users being 13-17 years old, 25% being 18-24, 27% being 25-34, 28% being 35-49, and 

12% being above 50 (We Are Social & Hootsuite, 2021). Although Twitter's demographic indicates 

a skewness towards under 50-year-olds, the average users of most social media alternatives are even 

younger. On Instagram, for example, around 90% are under 35 years old, and on Snapchat, 50% of 

users are under 25 years old (London School of Economics and Political Science, 2020). While they 

would have been interesting to observe regarding gambling advertising being targeted at young 
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people, it was decided that the policy implications are more precise and more meaningful by focusing 

on a platform with a rather broader demographic (i.e. Twitter). If adverts on Twitter are found to be 

appealing children on Twitter – this effect is likely to be stronger on platforms that have a significantly 

younger demographic anyway. Accordingly, Twitter was chosen as a platform to collect data. 

 

The chosen nine-month time frame for data collection (from March – November 2018) is in line 

with previous social media Big Data analytics. Kim et al. (2013) noted that sampling approaches of a 

large-scale dataset, such as Twitter, need to be very different from traditional media since social media 

does not stick to broadcasting conventions. Traditionally, broadcasts had set routines such as a news 

show from 7–8 pm, and regardless of the actual amount of news, the set programme length had to 

be filled with news. Since social media has no limits on production or broadcasting capacity, it is very 

flexible. This means that social media – as opposed to traditional media – does not have clear daily, 

weekly or monthly cycle variations as Kim et al. (2018) outline – accordingly, they argue, longer data 

collection frames are necessary to capture variations and avoid unrepresentative samples.   

 

The first step was to establish a comprehensive list of Twitter accounts related to gambling. To begin, 

accounts identified in previous Twitter gambling research by Demos (2016) were acquired. Then, 

tweets mentioning these accounts were collected, manually investigated and finally added if relevant. 

Later, high volume accounts sending gambling-related keywords, such as "acca" and "odds", were 

added. Last, a series of manual searches on Twitter was used to identify any further accounts, 

including those not related to gambling on more traditional activities such as football, boxing, casino 

games, and lotteries. This search revealed posts offering new betting opportunities – most particularly 

the relatively recent activity of gambling on the outcome of large, professional esports tournaments. 

These four routes resulted in 417 accounts. 
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These 417 accounts were manually sorted into four categories according to the type of account owner. 

Category 1 was bookmakers (e.g. Paddy Power), which accept bets from the public and make money 

directly from gamblers. This category also included the bookmakers’ affiliates – sales organisations 

that earn commission for signing people up to bookmakers' gambling promotions. Category 2 was 

tipsters, who are individuals offering advice (“tips”) on the outcome of (primarily sporting) events in 

return for payment or a subscription from users. Category 3 included all types of accounts relating 

to betting on the outcome of esports events. The third category was not split into 

bookmakers/affiliates and tipsters, as not enough was known about this industry at the time of 

research to make this distinction. Finally, category 4 included gambling-related accounts that did not 

fit into either of these accounts, such as sports journalists or commentators (who were also sometimes 

found to post gambling offers). These accounts are referred to as "other".  All organic tweets sent 

from the identified accounts were collected through periodic use of Twitter’s “user timeline” 

endpoint, which allows an account’s 3,200 most recent tweets to be collected (Sheela, 2016). The 

data collection produced a sample of 888,745 tweets from the 417 identified accounts. 

 

3.3.1.2 Data preparation: Classifiers and keyword annotators 
 
The 888,745 tweets spanned a huge range of content, including betting tips and promotions and 

responses to technical issues raised by customers and multiple jokes at the expense of soccer team 

managers. First, the tweets that were actually advertising betting opportunities had to be identified 

as opposed to discussions on customer service issues or news items (i.e. content marketing). Second, 

as noted previously, research has identified three major marketing techniques used offline: creating 

brand awareness, using enticing odds advertising, and offering financial incentives (such as free bets) 

to open a betting account (Newall et al., 2019). Big Data analytics was used to ascertain the extent of 

the latter two techniques. As outlined in the literature review in Chapter 2, brand awareness efforts 

(which are often in the form of content marketing) are not well investigated in social media 
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advertising or in gambling advertising research. Accordingly, it was decided to separate these efforts 

into a different chapter – see Chapter 4 – since too little pre-existing knowledge meant it was not 

sufficiently possible to programme a priori classifiers. However, it was decided that Big Data analytics 

were well suited to detecting the presence of social responsibility messages relating to terms and 

conditions, age restriction to gamble, and harm reduction messages.  

 

To conduct the analysis on all areas outlined above, natural language processing classifiers were used, 

the hallmark of Method52. A classifier is “a hypothesis or discrete-valued function that is used to 

assign (categorical) class labels to particular data points” (Karim and Kaysar 2016, p. 313) – in this 

case, specific words and phrases used in tweets that would sort relevant from nonrelevant tweets, 

identify the use of enticing odds and financial incentives, and detect the presence of social 

responsibility messages. Each classifier was built using Method 52's web-based user interface that 

allows non-technical analysts to train and use classifiers. We proceeded through an eight-stage process 

consisting of (1) definition of categories, (2) creation of a gold-standard test data set, (3) training, (4) 

performance review and modification, (5) retraining, (6) processing, (7) creation of new classifier 

(back to stage 1), or (8) postprocessing analysis (Miller et al., 2015). Three classifiers and one keyword 

annotator (explained below) were programmed to gain the required information. 

 

The first classifier, called “Relevance to Gambling,” was trained primarily to remove tweets that did 

not actually offer a bet. It was presumed that these would include general banter, news items, and 

technical queries. The second classifier, “Enticement to Immediate Betting,” is based on previous 

research that highlights the particular dangers of impulsive betting (Lawrence et al., 2009) as well as 

new guidance accompanying the UK gambling Codes (CAP, 2018a) stipulating that “in order not to 

encourage gambling behaviour that is irresponsible, marketing communications should not unduly 

pressure the audience to gamble, especially when gambling opportunities offered are subject to a 
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significant time limitation.” Therefore, this classifier was trained to identify words in tweets that 

indicated the existence of or a link to a specific and immediate bet. Finally, the third classifier, “Free 

and Matched Bets”, was based on Newall et al.'s (2019) findings that the advertising technique of 

offering free or matched bets is a particularly powerful and appealing incentive to young people to 

open a betting account and gamble immediately. Thus, a classifier was trained to identify words and 

phrases in tweets that mentioned or linked to tweets offering these particular incentives.  

 

The CAP (2018a) code does not have specific requirements in terms of social responsibility messaging 

that should appear in gambling adverts (e.g. age restrictions, links to terms and conditions and 

warnings about gambling harm). However, the Industry Group for Responsible Gambling voluntary 

code suggest to include three sorts of messages: 1) a link to the legal terms and conditions of the bet 

itself, e.g. a hyperlink entitled "Ts&Cs"; 2) an age restriction warning statement to the effect that 

gambling is not for those under 18, e.g. "18+"; and 3) a harm reduction message about the social, 

financial and psychological dangers of gambling and gambling addiction, e.g. "Be Gamble Aware!" 

(IGRG, 2020). To detect text carrying these messages, a keyword annotator was used — a simpler 

function that categorises only tweets that include the exact wording we were looking for. To ensure 

that the annotator recorded all the tweets that include the aforementioned conditions, we added and 

refined words and phrases that were discovered during the analysis. This final list included 23 

keywords (see Table 6). Tweets containing one or more of these words and phrases were categorised 

respectively as 1) terms and conditions, 2) age restriction warnings, and 3) harm reduction messages.  

 

Table 6: Keywords used for social responsibility keyword annotator 

 Keywords Used 
Terms and Conditions TandC, T&Cs, conditions apply, T&C's, terms apply, T's+C's, 

Terms and conditions 

Age Restriction Warning 18 yrs, over 18s, must be 18, followers 18, 18+ only, over 18 

Harm Reduction Messages gamble responsibly, know when to stop, responsible gambling, 

BeGambleAware, WhenTheFunStopsStop, bet responsibly, 

gamble aware, don't bet if, know your limits, play responsibly 
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3.3.1.3 Classifier performance 
 
No classifier used on this scale will work perfectly, but each classifier trained and used for this study 

was measured for overall accuracy. In each case, this was done by: 

 

 1. Randomly selecting 100-300 tweets to compose a gold standard.  

2. Coding each of these tweets by hand  

3. Coding each of these tweets using the software classifier.  

4. Comparing the results and recording whether the classifier got the same result as the 

analyst.  

 

Three measurements were taken. "Recall” is a measure of the correct selections that the classifier 

makes as a proportion of the total correct selections it could have made. For example, if there were 

ten relevant tweets in a data set, and a relevancy classifier successfully picks eight of them, it has a 

recall score of 80%. “Precision” is a measure of the correct selections the classifier makes as a 

proportion of all the selections it has made. For example, if a relevancy classifier selects ten tweets as 

relevant, and eight of them are, indeed, relevant, it has a precision score of 80%. "Overall accuracy” 

combines measures of precision and recall creating an overall measurement of performance. All 

classifiers are a trade-off between recall and precision. Classifiers with a high recall score tend to be 

less precise and vice versa. Our classifiers trained for this study had an overall accuracy measurement 

of between 72% and 91%, with an average accuracy of 85% (see Table 7). 
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Table 7: Precision, recall and overall accuracy of classifiers 

 Bookmaker Tipster Esports Free Bets Traditional 
Gambling 

Esports 
Gambling 

Label Relevant Not Relevant Not Relevant Not Yes Other Bets Other Bets Other 
Precision .873 .8 .682 .77

4 
.77 .88 .829 .954 .75

3 
.875 .82

4 
.75 

Recall .716 .91
6 

.811 .63
2 

.928 .65
7 

.906 .912 .62
4 

.928 .76
3 

.814 

Overall 
Accuracy 

.827 .72 .807 .91 .848 .787 

 

3.3.2 Results  

 
3.3.2.1 Volume of Twitter gambling adverts 
 
The first classifier (relevance) found that approximately 60% (536,339) of all tweets sent from the 

417 gambling accounts offered specific bets or gambling opportunities (see Table 4). The other 40% 

of tweets sent from gambling accounts had no obvious link to placing bets, though it seemed that 

many are likely to be categorised as “content marketing”, a long-term brand-awareness strategy that 

aims to “develop stories that inform and entertain and compel customers to act — without actually 

telling them to” (Pulizzi, 2014, p. 12). Because these content marketing tweets require specific attention 

— particularly in respect to their regulatory framework – they were excluded from further in-depth 

analyses in this chapter but will be investigated in detail in Chapter 4.  

 

The Big Data analysis of the 536,339 relevant tweets allows us to see the sheer scale of gambling 

activity on Twitter which is summarised in Table 8. Each bookmaker account sent an average of 14 

tweets per day, with the most prolific account sending 30,080 tweets during the collection period, an 

average of 122 tweets per day. The five largest operators in the data set — Ladbrokes, Bet365, Coral, 

Betfred, and Paddy Power — sent an average of 19,100 tweets, or 78 each per day. This indicates a 

large brand presence. On average, it was found that the average bookmaker account was far more 

active than the average tipster and that accounts offering traditional gambling are far more active 

than accounts offering esports betting. 
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Table 8: Volume of accounts and tweet and results for classifiers 1 -3 

 
 
Account 
Type  

 
 

No. of 
Accounts 

 
 

No. of 
Tweets 

 
Average 
Tweets 
per Day 

Classifier 1: 
Tweets 

Relevant to 
Gambling 

 
Classifier 2: 
Enticement 

to Bet 

Classifier 3: 
Free and 
Matched 

Bets 

Tipster 226 388,523 7 258,650 89,521 45,020 

Bookmaker 109 380,388 14 227,114 106,733 46,984 

Esports 44 47,943 4 26,573 9,479 -  

Other 38 71,891 8 24,002 11,572 10,133 

Total 417 888,745 9 536,339 217,305 102,137 

 

3.3.2.2 Spikes during sporting events 
 
Figure 10 shows that tweets both from accounts offering traditional and esports gambling are highly 

responsive to current sporting events, with regular spikes occurring around soccer matches, 

prominent races, and video game tournaments. For example, a flurry occurred during the Soccer 

World Cup, with 5,786 tweets sent on the day of England’s first match. 

 

Figure 10: Tweets per day sent from accounts for traditional gambling 

 

Similarly, as Figure 11 shows, esports-related tweets increased around major tournaments such as the 

annual Dota 2 tournament "The International", which had a global viewership of 15 million people. 



 
 
88 

This event prompted a near doubling in the number of tweets compared with the average across the 

previous period. Similar spikes occurred around other major tournaments for prominent games, 

including Counter-Strike: Global Offensive and League of Legends. 

 

Figure 11: Tweets per day sent from accounts for esports gambling 

 

3.3.2.3 Other patterns 
 
Further new discoveries were made by analysing the time of day of tweets. Figure 12 shows that tweets 

from traditional and esports accounts display broadly similar patterns of activity throughout the daily 

cycle. However, esports accounts are approximately twice as likely to advertise overnight (10 Pm–6 

am). In total, the accounts sent 58,281 tweets between the hours of 1 Am and 5 Am, with 264 (63%) 

sending at least one tweet during this time of the night. According to the CAP (2018a) guidance on 

Code 16.3.11 on Solitary Gambling, “Portraying or encouraging people gambling alone at 

inappropriate times or in inappropriate environments, such as late at night, are likely to breach these 

rules”. Underpinning this is Grant and Chamberlain's (2018) finding that sleepiness was associated 

with poor impulse control and resulted in abnormal decision making such as gambling with higher 

amounts — particularly among young adults. 
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Figure 12: Tweets per hour sent from accounts for traditional and esports gambling 

 

3.3.2.4 Enticement to immediate betting and free/matched bets 
 
The second classifier found that 47% (217,305) of all gambling-related tweets included an immediate 

enticement to bet (see Table 8). These tweets create an urgency to act, as they refer to imminent 

events (e.g., “Atletico Madrid vs Arsenal.… Back a player to score the 1st goal if he scores a 2nd, we’ll 

DOUBLE your 1st goalscorer odds. If he scores a 3rd, we’ll TREBLE them! [link to bet].” The third 

classifier, “free and matched bets”, found that 45,020 tipster tweets (17%) and 46,984 bookmaker 

tweets (21%) mentioned free or matched betting to open an account for traditional gambling. 

However, no such offers were used by accounts promoting esports bets. 

 

3.3.2.5 Social responsibility messages 
 
The keyword annotator showed that only 64,573 (7.3%) of tweets contained social responsibility 

messages within the body of the tweet text, with 4.5% mentioning keywords related to terms and 

conditions, 4.1% related to harm-reduction messages and only 0.1% related to age restriction 

warnings. Some of the warnings were contained in imagery and therefore were not picked up by this 
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text analysis. The manual content analysis (see below) additionally showed that 69% of the accounts 

offering traditional bets included age restriction warnings, terms and conditions, or harm-reduction 

messages, but that this was true for only 2% of accounts offering esports bets — which means that 

98% of esports gambling ads bore no social responsibility message in any part of the tweet. 

 

3.4 Manual Content Analysis into Regulatory Compliance and Problematic 

Content  

 
Although the Big Data analytics techniques were able to successfully classify tweets according to 

particular predetermined words or sets of words that separated betting ads from technical queries, 

identified the use of specific advertising techniques related to particular words or phrases (i.e., 

immediate enticement to bet and offering free or matched bets to open an account), and signalled 

the presence of social responsibility messaging, they could not technically go beyond that. 

Computerised content analyses and Big Data analytics are not yet particularly advanced in 

ascertaining the meaning of pictures or images (Rose and Willis, 2019) nor, indeed, of textual 

content, which requires a high degree of hermeneutic reading (Brooker, Barnett, and Cribbin, 2016). 

Therefore, conventional content analysis by human researchers was employed examining a smaller 

number of more complex and media-rich tweets to enable us to ascertain compliance with a much 

broader range of the regulations within CAP Code 16. Section 16.3, in particular, specifies the ways 

in which gambling must not be portrayed in ads. Although some of these stipulations relate relatively 

directly to the use of particular word combinations and can thus be analysed using natural language 

processing in Big Data analytics (e.g., "Bet Now!"), they relate to the general impression that is given 

through a combination of words and images (e.g., ads must not link gambling to "sexual success" or 

"juvenile or loutish behaviour"). Some of these stipulations are subtle and rely on human judgment 

(e.g., a computer cannot yet judge what constitutes “loutish behaviour”). 

 



 
 
91 

3.4.1 Methodology 

 
3.4.1.1 Sample  
 
From the sample of 888,745 gambling-related tweets, we randomly drew a subsample of 250 

tipster/bookmaker tweets advertising traditional gambling and 250 tweets advertising esports 

gambling. They all contained media (static images, GIFs, memes, and videos) as well as text and were, 

therefore, more complex to analyse. The sample size is in line with previous manual analyses of media 

content on Twitter (e.g. Cowart, Saunders, and Blackstone, 2016; Thelwall et al., 2016).  Some tweets 

had to be excluded within the coding process due to duplications or wrong classification (e.g., a tweet 

for traditional gambling in the esports sample). The final analysis comprised 241 of the 485,765 

tweets from gambling operator accounts offering bets on traditional sporting events such as soccer 

matches, horse racing, or gambling in online casinos, and 181 of the 26,573 tweets from gambling 

accounts offering bets on esports. 

 

3.4.1.2 Codebook development 
 
In line with standard content analysis method (Neuendorf 2017), the next step was to create a 

codebook. The codebook consisted of three parts. The first and main section was designed to assess 

compliance with section 3 of CAP Code 16 “Gambling” (2014) – the part that relates specifically to 

gambling advertising content. Sections 16.1 and 16.2 lay out general principles related to gambling 

social responsibility and applying the spirit as well as the letter of the rules. Sections 16.4 and 16.5 

relate to protecting children in particular locations where there may be gambling activity. Section 

16.3 (our focus) contains 17 subclauses specifying different types of visual or textual content or 

messaging that must not be included in or implied by gambling ads — for example, suggesting peer 

pressure to gamble (16.3.7), implying that gambling can be a reliable way to earn a living (16.3.4), or 

suggesting that gambling can provide an escape from depression (16.3.3). CAP supplemented these 

Code sections in 2018 (CAP, 2018) with nine further specific pieces of guidance – for example, 
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telling advertisers that they must not use cartoons and animation likely to appeal to children or 

childish terms and images (e.g., princesses or pirates). Codes 1 to 27 of the codebook reflected all 17 

subclauses of CAP Code 16.3 along with the nine pieces of 2018 further advice. Note that section 

16.3.14 was further divided into two codes for finer-grained analysis, giving this section of the 

codebook 27 codes. Coders were given instructions in the form of a question, e.g. "Does the advert 

suggest that gambling is a rite of passage?" (16.3.10) with response options of "yes", "no" or "not sure". 

Table 9 lists all codes and results of the first part of the analysis of the adverts for traditional and 

esports gambling. 
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Table 9: Codebook for assessing compliance with CAP Code 16. 

 
No 

 
Code 

 
Coder Guide 

Traditional 
     Yes  Unsure 

Esports 
    Yes    Unsure 

1 16.3.1 Does it portray or encourage gambling behaviour that is socially irresponsible 
or could lead to financial, social and emotional harm? 

8 (3%) 0  0  1 (0.5%) 

2 CAP (2018a) Does it encourage repetitive or frequent participation? 18 (7%) 0  0  0  

3 CAP (2018a) Does it encourage people to gamble more than they otherwise would? 31 (13%) 0 2 (1%) 0  

4 CAP (2018a) Does it encourage people to spend more than they can afford? 0 0 0 0 

5 CAP (2018a) Does it suggest that someone will be missing out by creating a sense of 
urgency (e.g. Bet now!)? 

16 (7%) 0  12 (7%) 0  

6 CAP (2018a) Does it give erroneous perceptions of the level of risk involved or the extent of 
the gambler’s control over a bet? 

66 (27%) 13 (5%) 9 (5%) 2 (1%) 

7 16.3.2 Does it exploit the susceptibilities, aspirations, credulity, inexperience or lack 
of knowledge of children, young persons, or other vulnerable groups? 

89 (37%) 11 (5%) 10 (6%) 2 (1%) 

8 16.3.3 Does it suggest that gambling can provide an escape from personal/ 
professional/educational problems such as loneliness or depression? 

0  0  0  0  

9 16.3.4 Does it suggest that gambling can be a solution to financial concerns, an 
alternative to employment, or to achieve financial security? 

14 (6%) 0  2 (1%) 0  

10 CAP (2018a) Does it place undue emphasis on money-motives for gambling? 81 (34%) 4 (2%) 9 (5%) 0 (0%) 
11 16.3.5 Does it portray gambling as indispensable or as taking priority in life, e.g. over 

family, friends, or professional or educational commitments? 
0 0 0 0 

12 16.3.6 Does it suggest that gambling can enhance personal qualities, e.g. self-
image/self-esteem, or is way to gain control, superiority or admiration? 

0 0 0 0 

13 16.3.7 Does it suggest peer pressure to gamble or disparage abstention? 1 (0.5%) 0 1 (0.5%) 1 (0.5%) 
14 16.3.8 Does it link gambling to seduction/sexual success/enhanced attractiveness? 0 0 2 (1%) 2 (1%) 
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15 16.3.9 Does it portray gambling in a context of toughness or link it to resilience or 
recklessness? 

0 0 0 0 

16 16.3.10 Does it suggest that gambling is a rite of passage? 0 0 0 0 
17 16.3.11 Does it suggest that solitary gambling is preferable to social gambling?  0 0 0 0 
18 CAP (2018a) Does it portray or encourage people to gamble alone at inappropriate times, 

e.g. late at night? 
2 (1%) 0  31 (17%) 0 

19 16.3.12 Is it likely to be of particular appeal to children or young persons, especially by 
reflecting or being associated with youth culture? 

8 (3%) 13 (5%) 30 (17%) 76 (42%) 

20 CAP (2018a) Does it use "childish" terms such as "piggy", "fluffy", "pirate", or "princess"; or 
include the use of Santa Claus, polar bears, penguins? 

4 (2%) 2 (1%)  1 (0.5%) 1 (0.5%) 

21 CAP (2018a) Does the marketing use cartoons or animations? 16 (7%) 0  138 (76%) 1 (0.5%) 
22 16.3.13 Is the marketing directed at under-18s through the selection of media or 

context in which they appear? 
N/A N/A N/A N/A 

23 16.3.14 (I)  Does it feature a child or anyone who is/seems to be under 25? 10 (4%) 18 (7%) 10 (6%) 6 (3%) 
24 16.3.14 (II)  Does it feature anyone behaving in an adolescent/juvenile/loutish way? 0  0  1 (0.5%) 0  
25 16.3.15 Does it exploit cultural beliefs or traditions about gambling or luck? 0 0 0 0 
26 16.3.16 Does it condone or encourage criminal or anti-social behaviour? 0 0 0 0 
27 16.3.17 Does it condone or feature gambling in a working environment? 0  0  0  0  
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The second part of the codebook included an additional six items that relate to a specific set of design 

features that Newall et al. (2019) had identified as particularly common or problematic in research 

into offline gambling advertising (see Table 10). One relates to the presence of a hyperlink to place 

an immediate bet (our code 29). Three (codes 28, 30 and 31) relate to branding. Brand awareness 

was highlighted by the authors as one of the most common techniques in offline gambling 

advertising. Whilst not part of the regulations, Newall et al. (2019) also drew attention to the 

problematic role of strong branding in building the affinity and loyalty of young people to gambling 

brands. The role of emojis (code 32) was also interesting to observe since they have been shown to 

be particularly successful in communicating positive brand effects such as joy or happiness (Riordan, 

2017). Of particular importance was the role of gender and age of individuals pictured in an advert 

(our code 33) in investigating compliance with the CAP Code 16.3.14 that disallows showing 

individuals below the age of 25. It was also explored how many pictured individuals were under 35 

and whether males were over-represented in these adverts, as previous research has found that men 

are more likely than women to take risks and show lower levels of impulsive coping during gambling 

(Wong et al., 2013).  

 

The third part of our codebook included four items related to sports, current events, and popular 

culture. Other parts of the research to which these studies belong reported that gambling is becoming 

normalised in the United Kingdom in part because of advertising that reinforces an association 

between gambling, sporting events (code 34), other real-life events (code 35), and contemporary 

popular culture (code 36) (e.g. Cassidy and Ovenden, 2017; Newall et al., 2019) including humour 

(37) (Houghton et al., 2019; Thomas et al., 2012, 2016). Although normalisation does not currently 

underpin regulations, it now features prominently in policy debate. 
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Table 10: Codebook for design features and references to sports 

DESIGN FEATURES: Branding, Hyperlinks, Gender and Age 
  

   

28 Does it make an unsupported comparative claim about the advantages of choosing that brand? 27 (11%) 0  8 (4%) 0  

29 Does it include a hyperlink where a bet can be placed? 192 (80%) 0  161 (89%) 0 

30 Is there a brand slogan used or tagline that accompanies the marketing? 27 (11%) 0  2 (1%) 0   
31 Does the social media account use a brand logo? 206 (85%) 0   171 (94%) 0  
32 Does the marketing use emojis? 97 (40%) 0  115 (64%) 0  

33 Does the marketing feature individuals? 142 (59%)   50 (22%)   

  Were these individuals male? 118 (83%)   40 (80%)   

  Were these individuals female? 13 (9%)   5 (10%)   

  Were these individuals mixed/unclear gender (pictured from behind)? 11 (8%)   5 (10%)   

  Were these individuals under 25 years old? 10 (7%)   10 (20%)   
  Were these individuals 25-34 years old? 68 (48%)   18 (36%)   

  Were these individuals 35 years old or older? 29 (20%)   9 (18%)   
  Were these individuals of mixed ages or unclear age? 35 (25%)   13 (26%)   

 
TOPICAL REFERENCES: Sports, Current Events and Popular Culture   

        

34 Does the marketing show/make reference to a real-world sporting event? 133 (55%) 0  149 (82%) 0  
35 Does it feature/make reference to a real-world news event? 13 (5%) 0  6 (3%) 0  
36 Does it feature/make reference to popular culture? 2 (1%) 0 0 (0%) 0 
37 Does it use humorous content or storylines? 4 (2%) 0 2 (1%) 0 
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3.4.1.3 Testing the codebook 
 
Guided by the principles of coding by Sutcliffe, Oliver, and Richardson (2017), distinctive steps were 

undertaken to ensure the soundness of the analysis. Initially, the codebook was designed, discussed 

and tested by both myself and my supervisor and the wider project team analysing offline advertising 

(as part of the earlier mentioned GambleAware project). For the present study, three researchers (all 

subject matter experts) then took a random selection of tweets and coded them together, discussing 

any disagreements and clarifying and agreeing on the criteria for coding. Then, the two researchers 

(myself and a colleague from the School of Management) who carried out the final coding, 

independently coded a randomly selected subset of tweets.  The inter-coder agreement was 94%, with 

variable coefficients ranging from 85-100% (with >90% as being good and 80-90% being acceptable; 

see Allen, 2017). 

 

3.4.2 Results  

 
3.4.2.1 Compliance with Section 3 of CAP Code 16 
 
Overall, it was found that 68% of tweets for traditional gambling and 74% of those offering esports 

bets contained content that our coders considered to breach regulations. Moreover, just as in our 

Big Data analysis, we found substantial differences in the content of posts offering traditional 

gambling opportunities and those advertising betting on esports. Next, the areas of the code where 

most breaches occurred will be examined. See Table 9 for full results. 

 

3.4.2.1.1 Appeal to children and young people  
 
As previously mentioned, the present thesis aims to investigate the appeal of gambling adverts on 

Twitter to children and young persons. CAP Code 16.3.12 (our code 19) prohibits marketers from 

using content that is of “particular appeal” to children (i.e., of more appeal to children than to 

adults). Our coders considered that 17% of esports ads (n = 30), compared with 3% of ads for 
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traditional gambling (n = 8), were of particular appeal to children. Moreover, the coders were unsure 

whether an additional 42% (n = 76) of the esports tweets appealed more to children than to adults. 

This flags a concern with the code itself and throws doubts on whether “of particular appeal” is a 

regulatory concept that makes sense. How can adults judge whether something is of particular appeal 

to children? In addition, just because content also appeals to adults does not make it any less 

appealing to children.  

 

Beyond Code 16.3.12, and perhaps because of its problematic nature, new guidelines for this code 

were issued (CAP 2018a) prohibiting “childish” terms and images (our code 20) and the use of 

cartoons and animations (our code 21). This was much easier for coders to decide on, and it was here 

that the most frequent breaches for esports ads were discovered. In particular, 76% of esports tweets 

(n = 138) contained cartoons or animations – primarily characters from the video games for which 

they are offering bets. Other examples included a cartoon picture of popcorn to promote 32Red 

Casinos and an animated unicorn to advertise free play on mobile slot games. Gala Casinos also 

features cartoon characters as well as “childish” images of treasure and rainbows. 

 

While these findings suggest that some adverts appeared to be of particular appeal to children, the 

judgment was again made by adults (i.e. the two adult coders). Although these findings are potentially 

very helpful to set up the subsequent appeal test in Chapter 5, they do not address the aim of the 

thesis to assess whether children and young persons themselves find gambling ads appealing. 

Accordingly, insights into what is deemed by adults (based on guidance by the ASA) to be of 

particular appeal to children and young persons will be used to inform Chapter 5 (see chapter 

summary for more details on how this chapter informs Chapter 5).  
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3.4.2.1.2 Exploiting the susceptibility or inexperience of young or vulnerable people 
 
The coders judged most violations to have taken place against Code 16.3.2 (our code 7), which states 

that "marketing communications must not exploit the susceptibilities, aspirations, credulity, 

inexperience or lack of knowledge of children, young persons or other vulnerable persons." The 

coders found 37% (n = 89) of ads for traditional types of gambling to breach this. This was mainly 

due to the presentation of financial incentives that were either too complex to understand or 

unrealistic (e.g., Footy Accumulator’s “Bet £10 get £60”, William Hill’s “Bet £10 get £30 in free 

bets”).  

 

In contrast, only 6% of ads for gambling on esports used exploitative messaging. Those that did 

tended to make more general exaggerated statements that could be misinterpreted by inexperienced 

young people (e.g., X-Bet's claim that "a successful person never loses… they either win or learn!"). 

One issue that emerges is that because Twitter ads are limited to 280 characters (which roughly 

equates to 40 words), explanations are curtailed and therefore lack the kind of clarity needed to allow 

for a complete understanding of the offers. The opening deal advertised by FreeBigBets.com, for 

example, includes seven different pieces of information, making it unlikely that users — particularly 

younger users — would be able to process the messaging before opening an account and placing a bet. 

 

3.4.2.1.3 Emphasis on money motives  
 
CAP Code 16.3.4 (code 9) states that gambling marketing must not “suggest that gambling can be a 

solution to financial concerns, an alternative to employment or a way to achieve financial security.” 

Moreover, subsequent guidance (CAP 2018b) noted that “new provisions will (...) prevent undue 

emphasis on money motives for gambling” (code 10). However, 34% (n = 81) of ads for traditional 

gambling had a strong emphasis on monetary benefits, such as urging readers to “make yourself an 

extra ££££+ a month” or examples of regular earnings up £4,000 each month. Only 5% of esports 
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ads were found to employ similar strategies, but these were often related to betting using 

cryptocurrencies, such as the Counter-Strike: Global Offensive promotion, “NOW you can earn 

more free coins by flipping the coin.” 

 

3.4.2.1.4 Erroneous perception of risk or control 
 
 The CAP advice (2018b) states that gambling advertising should not “give erroneous perceptions of 

the level of risk involved or the extent of the gambler’s control over a bet” (our code 6), yet 27% (n 

= 66) of ads for traditional gambling did just that (e.g., Counter-Strike claims “Expert #betting tips 

from real #gamers. Learn from the best and beat the rest counterstrikebetting.com” implying that 

skill will lead to more control over the bet). 

 

3.4.2.2 Design Features 
 
Table 10 summarises the findings for the use of particular design features, some of which have been 

highlighted in other research as problematic and may need to be addressed by stronger regulation in 

the future — namely branding, age, and gender. In line with previous research by Demos (2016) we 

found that 83% of tweets for traditional gambling and 80% of tweets for esports bets containing 

pictures of individuals, featured only men. Moreover, although the CAP Code 16.3.14 (our code 23) 

explicitly prevents the use of images of anyone under the age of 25 years playing a significant role in 

marketing communications for gambling, we found that ten traditional (4%) and ten esports ads 

(6%) featured people who looked younger than 25. In the esports sample, Betspawn features the 

popular gamers “S1mple” and “Subroza”, who were both 21 years old when the ad was posted, while 

Nitrogen Sport features a gamer who appeared to be high-school age. Beyond this, 35% of individuals 

in esports posts and 48% of those in posts for traditional gambling looked between 25 and 34 years 

old — reinforcing the youthful image of gambling (see our code 33). Furthermore, according to 

Newall et al. (2019), branding is one of the three most important marketing techniques used offline 
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by gambling operators. This would appear to be important online as well, with 85% of traditional 

and 94% of esports ads featuring the brand logo on the Twitter profile (code 31). 

 

3.4.2.3 Hyperlinks to bets, emojis and other findings  

  
Overall, 89% of esports posts and 80% of posts for traditional gambling contained a hyperlink to a 

bet (our code 29), encouraging immediate or possibly impulsive betting. Moreover, emojis were used 

in 64% of posts for esports and 46% for traditional gambling, reinforcing the image of gambling as 

a positive and happy activity (Riordan, 2017). Finally, although this was not something we set out to 

measure, we found that none of the 422 tweets had any kind of labelling to show that they are 

commercial advertising even though the CAP Code 2.1 states that "marketing communications must 

be obviously identifiable as such." 

 
3.4.2.4 Topical References: Sports, Current Events and Popular Culture 
 
The last part of Table 10 shows the results from our analysis into links between gambling ads and 

sports, currents events, and popular culture that may lead to normalisation. In line with the Big Data 

analytics findings in Study 1, it was confirmed again that the offline findings relating to the strong 

link between gambling and sports (e.g. Cassidy and Ovenden, 2017; Newall et al., 2019) also hold in 

Twitter advertising. It was also found that 55% of ads for traditional gambling and 82% of esports 

ads referenced a specific real-world sporting event. For traditional bets, references often included the 

World Cup, such as Marathonbet's ad to win a free T-shirt by predicting the correct score and first 

goalscorer in three named matches. For esports, references were overwhelming to matches involving 

Counter-Strike: Global Offensive, Dota 2, Overwatch, and League of Legends. Almost no references 

were made to other types of popular culture or current events. 
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3.5 Discussion  

Both studies investigated the volume and content of organic gambling advertising on Twitter. Our 

Big Data analytics revealed that the volume is high. The five largest operators in the data set —

Ladbrokes, Bet365, Coral, Betfred, and Paddy Power — sent 19,100 tweets within eight months, 

which could result in heavy and overwhelming exposure for individual Twitter users. In line with 

previous research, we also found a very strong link between gambling and sports, with heavy spikes 

in frequency around sports events (e.g. Lindsay et al., 2013) and esports events. This strategy can 

normalise the link between sports and betting as well as creating a time pressure to gamble, which 

favours impulsiveness over reflection on the possible risks and downsides of participation. That over 

80% of posts for both types of gambling also included a hyperlink to place a bet exacerbates this. 

This is particularly problematic for children and young people because neurobiological development 

during adolescence increases the influence of emotional, impulsive and affective behaviour 

(Pechmann et al., 2005). This is likely to be further aggravated by late-night tweets offering immediate 

bets on esports events. Because CAP (2018, p. 6) states that "marketing communications should not 

unduly pressurise the audience to gamble, especially when gambling opportunities offered are subject 

to a significant time limitation", it is possible that 47% (217,305) of all gambling-related tweets in 

the sample contravene this regulatory advice. A similarly worrying trend is the extensive use of "free 

bets". It was found that 19% (102,137) of gambling-related tweets used “free” or “matched” bets to 

incentivise users to open accounts or to bet on specific events. Because tweets are very short (max. 

280 characters) it is doubtful that these offers are explained sufficiently and thus might breach CAP 

Code 16.3.2, which prohibits marketing communications that exploit the susceptibility or 

inexperience of young or vulnerable groups. 

 

It was found that gambling advertising is difficult to spot. None of the 422 tweets observed by the 

manual content analysis had any form of labelling that signalled their commercial nature. Therefore, 
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a large share of organic gambling ads may not be clearly identifiable as such by inexperienced users. 

This is problematic – particularly with respect to children and young people – in two respects. First, 

these “disguised” advertising efforts are likely to be processed unconsciously, with the recipient 

unlikely to be able to make mental counterarguments (Nairn and Fine 2008).  Second, there is a risk 

that a subconscious association is being made between sports and esports and gambling, particularly 

for young men. This adds more evidence to the concern over the normalisation of gambling as 

harmless, normal, and fun behaviour (Clemens, Hanewinkel, and Morgenstern, 2017). The strong 

male bias and the pictures of young people impresses on audiences that gambling is the preserve of 

young men. This is relevant for regulators, as the communications from CAP have already identified 

young men as a particularly vulnerable group (ASA, 2017). 

 

Finally, although 68% of posts offering traditional gambling opportunities and 74% of those offering 

esports bets used content that caused some regulatory concern, the reasons differed between the two 

account types. Whereas accounts offering traditional gambling ads presented complex and confusing 

betting odds, encouraged regular gambling, or emphasised the monetary benefits, accounts offering 

esports betting instead had issues with late-night gambling, "bet now"-type messaging, and potential 

for misinterpretation of betting in cryptocurrencies. The heavy use of cartoons and animations in 

esports advertising is of particular concern.  

 
 
3.6 Chapter Summary and Implications for the Thesis 

 
Chapter 3 set out to investigate the preliminary objectives PO1 (volume), PO2 (content) and PO3 

(regulatory compliance) of conventional gambling advertising efforts on social media. These findings 

are summarised in Table 11 with respect to setting preliminary objectives: 
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Table 11: Summary of Chapter 3's findings of volume, content and regulatory compliance 

Volume  
• The volume of conventional gambling advertising on Twitter is very high – the five largest 

operators in the sample set sent 19,100 adverts within eight months (which equals around 80 

tweets per day) 

• Around 60% of the analysed tweets by gambling accounts were classified as conventional 

adverts, which means they have a clear link to gambling (i.e. conventional advertising), 

whereas 40% were classified as content marketing. The vast prevalence of the latter was 

surprising and will be analysed in more detail in Chapter 4. 

• There are substantial spikes in the volume of posted conventional gambling adverts in the 

run-up to large sporting events (e.g. UEFA Final, or esports tournaments) – potentially 

increasing the time-pressure to place bets. 

Content 
• Of the tweets classified as conventional advertising, around 20% (102,137 tweets) were found 

to include “Free bets” – like “Bet £10 – Get £30 in Free Bets” 

• In line with the previous literature, it was found that a substantial amount of conventional 

gambling adverts included odds as a prominent feature of their ads 

• 37% of adverts by traditional and 6% of esports betting accounts were found to exploit the 

susceptibilities and inexperience of children, young persons or vulnerable groups – which was 

mainly due to the use of relatively complex conditions that could lead to a win ; some adverts 

were found to have seven different pieces of information related to the offer, making it 

unlikely that users would be able to process the messaging before opening an account and 

placing a bet 

• 7% of adverts by traditional and 76% posted by esports accounts used animation or cartoons 

in their adverts 

• In line with the previous literature, the manual content analysis furthermore showed that 

many adverts used game previews – which often include the time, date and place of (e)sports 

matches that will take in the near future ; they are often accompanied by odds and a link to 

place the game 

• Finally, during the coding, it was noted that many adverts used a mixture of very prominent 

characteristics ; whilst many adverts rather stick to one prominent feature, others combined 

various prominent and distinct features, for example, Free Bets, Animations, as well as 

Complex Offers 

Regulatory Compliance 
• 68% of posts offering traditional gambling opportunities and 74% of those offering esports 

bets used content that the coders felt had some regulatory concerns 

• For traditional gambling adverts, issues mainly stem from confusing and complex offers, 

emphasising monetary benefits or encouraging regular gambling 

• For esports, the problems were mainly related to using cartoons/animation, being appealing 

to children or being associated with youth culture 
 

Finally, Figure 13 shows how the findings of the preliminary research objectives (volume, content 

and regulatory compliance) inform Chapters 5 and 6.  

 
 



 
 
105 

 
 
Figure 13: Overview of how Chapter 3 informed Chapters 5 & 6 
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4. Gambling Content Marketing on Twitter:  Volume, 

Content and Regulatory Compliance 
 
4.1 Introduction 

 
As discussed earlier, content marketing has not been focused on in a gambling advertising research 

context and was not something the present thesis set out to investigate. However, during the analysis 

in Chapter 3, it became clear that content marketing plays a substantial role in gambling account's 

advertising mix on Twitter. Accordingly, it was decided during the research process to add the present 

chapter to gain an understanding of content marketing – which is crucial to gain a comprehensive 

understanding of whether gambling adverts appeal to children and young persons. Due to the 

inductive nature of this chapter, it was decided to provide sufficient literature review coverage 

specifically for this chapter, which precedes the analysis.  

 

Whilst there is no literature specifically about gambling content marketing that I am aware of, 

Gainsbury et al. (2016a) have noted the existence of such brand awareness techniques (without 

referring to them as content marketing), and Houghton et al. (2019) found that around 8% of social 

media posts by gambling providers use "brand engagement strategies". However, while these studies 

present some first indications, no study has looked in detail at these efforts to date. Generally, it 

appears that content marketing has been developing somewhat under the radar of researchers and 

policymakers (Hollebeek and Macky, 2019; Holliman and Rowley, 2014), whilst practitioners have 

praised its effectiveness for years (e.g. Brookes, 2015; Chaffey, 2020; Pulizzi, 2014).  

 

This is problematic, as we have no indications of what (gambling) marketers are doing and whether 

these efforts adhere to regulations – this, however, is particularly key, since we have established that 

gambling advertising increasingly invests in social media and that gamblers are getting younger.  
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With little pre-existing knowledge, the present study is exploratory in nature and – like Chapter 3 – 

has preliminary objectives to investigate volume (PO1), content (PO2), and regulatory compliance (PO3), 

but this time for gambling content marketing on Twitter. Therefore, the preliminary research questions 

for this chapter are: 

 

1. How high is the volume of content marketing posted by traditional and esports gambling 

accounts, as well as tipsters and affiliates on Twitter? 

2. What is the content of organic marketing efforts on Twitter? 

3. Does content marketing on Twitter adhere to current UK advertising regulations set by the 

CAP? 

 

After reviewing the literature on content marketing and the regulation thereof, a similar approach as 

in Chapter 3 will be utilised, which comprises Big Data analytics (to investigate volume) and a manual 

content analysis (to investigate the content and regulatory compliance) is performed.  

 

4.2 Literature Review 

 
4.2.1 Why are Companies Using Content Marketing? 

 
With companies like Rolex, Nike, Coca-Cola, and New York Times employing content marketing 

(Carranza, 2018), it has certainly entered the mainstream of advertising. But why would an increasing 

number of companies use an advertising technique that is not even clearly identifiable as such? 

Surveying more than 1,200 international marketers, SEMRush (2019) found that 91% confirmed 

that they use content marketing as part of their marketing mix. Being asked about their goals for 

using content marketing, 71% said to attract more traffic to their website, 56% said to improve brand 

reputation, and 45% said to improve customer engagement and loyalty – indeed, only 17% said to 
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increase sales directly (ibid.). This focus on soft, long-term goals outlined by the surveyed marketers 

indicates the difference in content marketing from conventional advertising techniques. The aim of 

employing content marketing efforts appears to be two-fold. 

 

Content marketing aims to create a long-term positive brand perception via the use of emotional 

content. It is not about convincing consumers to immediate action (e.g. "Order today and get one 

free") or providing detailed information about the product in the form of rational appeals (e.g. "High-

resolution anti-reflective display"); instead, content marketing intends to boost consumer positive 

brand perceptions by "developing consumer engagement, trust, and relationships, which are 

intended to cultivate sales indirectly and in the long run" (Hollebeek and Macky, 2019, p. 28). With 

trust towards advertising being at an all-time low (Advertising Association, 2019), content marketing 

potentially helps overcome the initial scepticism towards ads by blending into the environment 

without being immediately recognised as advertising. Thus, on social media, this could include 

posting funny pictures of cats, sharing "how to do"-videos, or showing nice places to travel to – the 

possibilities are almost endless as long as they create positive emotions and, ideally, engage 

consumers.   

 

The second aim is to reap high numbers of engagements (liking, commenting, sharing) which are key 

indicators of the "success" of organic social media adverts (Ashley and Tuten, 2015). The reason for 

this is three-fold. First, information about users engaging with the content generates leads that can 

be followed up in order to increase targeted persuasive efforts (Green, 2015). Second, if social media 

users like, share or comment on adverts, it suggests they have cognitively, affectively and behaviourally 

engaged with the content and thus, started to build a relationship with the brand. From a long-term 

perspective, this relationship is likely to result in sales (Kakkar, 2017). Last, if a follower engages with 

social media advertising by liking, following or commenting, their friends/followers, in turn, will see 
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this tweet in their news feed – a conventional but very powerful snowball. While this snowballing 

effect renders it almost impossible to determine the audience of the adverts – which was recently 

even admitted by the Betting and Gaming Council (the single industry association for betting and 

gaming representing betting shops, online gaming businesses and casinos in the UK) – it clearly poses 

concerns when advertising gambling, as the shareability of content marketing is still seen as the 

foundation of successful content marketing (Digital Marketing Institute, 2020). 

 

In summary, in contrast to many conventional advertising efforts, the main aim of content marketing 

is not to lead to sales directly – instead, the key aims are twofold . On the one hand, it is a long-term 

strategy that aims to create positive emotions between the consumer and the brand by using content 

that is not necessarily related to the product/service the company is offering – which, it is hoped, 

will eventually lead to more positive consumer brand perception. On the other hand, content 

marketing aims to engage consumers with the adverts. While this again can lead to increased positive 

brand perceptions, it is also a convenient, cheap and potentially efficient way to increase advertising 

reach by utilising a modern snowballing effect. After clarifying why advertisers use content marketing, 

the next step is to investigate how they do it.  

 

4.2.2 What Do Content Marketing Efforts Look Like? 

 
To date, little research has investigated the content – i.e. the techniques and strategies – marketers 

use on social media to create (successful) content marketing. Notably, Hollebeek and Macky's (2019) 

study is, to date, the only peer-reviewed research I am aware of that has specifically focused on 

consumer engagement with content marketing. Their research has developed a conceptual 

framework of content marketing alongside key consumer-based antecedents and consequences. In 

addition, they have conceptualised how combinations of engagement levels triggered by content 

marketing (i.e. cognitive, emotional, and/or behavioural engagement) can address consumer motives 
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or desires, and thus, potentially influence brand trust and brand attitude. Although Hollebeek and 

Macky's (2019) work indicates a theoretical framework on how content marketing affects consumers, 

it is lacking, however, in both integrating actual content marketing practices (i.e. what does content 

marketing look like and what techniques are used?) into the model, and in evidence supporting their 

theory, as the research theorises possible ways in which content marketing affects consumers without 

investigating the effect it has on consumers.  

 

A more practical route has been taken by two studies systematically categorising brand posts on social 

media – which generally include both conventional advertising and content marketing, although they 

did not split them but rather investigated all brand posts collected. The first study is by Ashley and 

Tuten (2015), who looked at the social media advertising efforts of 28 large brands and categorised 

them into three major categories: message strategies, sales promotions and user-generated content. 

Table 12 shows the items used for each of the three major categories and the definition for each. 
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Table 12: Brand post strategies as outlined by Ashley and Tuten (2015 ).  

Source: Ashley and Tuten (2015) 

Message Strategies 
 

Integrated content  If they are leveraging a traditional media campaign, this will be one; if it is 
unique content for social media, this is zero  

Interactivity  In terms of the overall campaign, judge its overall level of “interactivity”—
the extent to which consumers can participate and engage and be active 
with the campaign 

Functional appeal  Utility or functionality of the product/service 

Emotional appeal Psychological/social needs—how it will make them feel 

Experiential appeal How they will experience sight, sound, taste, touch, smells 

Unique selling 
proposition 

How product/service is different from others 

Comparative Do they compare their products to a competitor(s)? If so, is it direct 
comparison (e.g., Tylenol vs. Excedrin) or indirect (us vs. the leading pain 
reliever) — 1 = direct, 2 = indirect, 0 = neither 

Resonance An echoing between the image and words (e.g., buried treasure) 

User image Examples: "you deserve it", "you're worth it" 

Social cause  Examples: Avon aligning with breast cancer awareness, Kodak Cares aligning 
with Kodak with environmental efforts 

Exclusivity Invitation only — only some people qualify — limited time-limited quantity  

Animation Motion; often from a cartoon or graphic image 

Spokesperson  Does the same individual/character show up in the campaign? Is it a 
celebrity? A typical person? A spokescharacter (e.g., Tony the Tiger)?    

Sales Promotions 
 

Discounts  Do they offer deals or discounts in exchange for something (e.g., signing 
up/participation)? 

Contest  Do they provide consumers with the ability to enter a contest or 
sweepstakes?    

User-Generated Content  

Invitation to submit 
content  

This can be comments, captions, videos, pictures. If yes, via video? Photos? 
Story? Answers? Captions? Other?  

Incentives to submit 
content  

If yes, is the sharing part of a contest? Do they get a reward or some kind of 
recognition?  

Ability to rank/vote on 
content from others  

Do other people get to help select the content choice or comment on 
content generated by other users?  

Ability to interact with 
or comment on 
content  

This refers to any aspect of the campaign — can they post on Facebook, give 
feedback on forums, etc.?  
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Whilst the category "sales promotions" does not apply to content marketing efforts, some codes of the 

message strategy appear to work for content marketing too, such as the integrated content, interactivity, 

emotional appeal, animation, spokesperson, social cause or user image. Finally, it seems that all codes in the 

user-generated content category are applicable for content marketing and seem to be closely related to 

interactivity by inviting or incentivising other users to engage with the post. While Ashley and Tuten's 

(2015) work gives a good overview of brand posts on social media, it is rather descriptive and mainly 

aims to identify different approaches. However, it is unclear how the codes work for content 

marketing and how many of the analysed posts are classifiable as content marketing efforts. An 

indication of the latter can be found in their results. They found that the most used strategy in their 

study is "functional appeal", with 89% of brands using it. Since functional appeal refers to the 

functionality of an advertised product, it is thus, not classifiable as content marketing. 

 

Similarly, Tafesse and Wien (2017) used a manual content analysis of 317 social media posts to 

investigate which techniques social media advertisers use. Mainly composed of categories previously 

indicated by literature, they arrived at a taxonomy of 12 categories of social media brand posts. These 

categories, alongside their definition, can be found in Table 13. Notably, the majority of categories 

appears to be applicable for content marketing as well as conventional advertising – only three 

categories appear to be inapplicable for content marketing, namely, sales promotions, brand resonance 

and experiential brand posts, as these have inherent links to either the product or the brand. Overall, 

there is great overlap between the categories used in the two studies, which indicates a limited 

repertoire of techniques that advertisers use online. However, a major problem with both studies is 

that neither of them explicitly addressed the use of content marketing, and it is not clear how large 

the share of content marketing posts was in their samples.  
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Table 13: Brand post strategies as outlined by Tafesse & Wien (2017)  

Source: Tafesse & Wien, 2017 

Category  Description  

Emotional brand posts  These brand posts evoke consumers' emotions. To this end, the posts typically employ emotion-laden language, inspiring stories or 
humour and jokes to arouse affective responses, such as fun, excitement and wonder.  

Educational brand posts  These brand posts educate and inform consumers. These posts help consumers acquire new skills on proper ways of applying 
products or discover new information about broader industry trends and developments.  

Brand resonance  These brand posts direct attention to the brand promise and identity of the focal brand. These posts highlight some of the central 
tropes of brand identity, such as brand image, brand personality, brand association and branded products, with the goal of 
differentiating the brand and favourably influencing consumers' brand attitude and association.  

Experiential brand posts  These brand posts evoke consumers' sensory and behavioural responses. Experiential brand posts highlight the sensory and 
embodied qualities of the brand and often associate the brand with pleasurable consumer experiences.  

Current event  These brand posts comment on themes that capture active talking points in the target audience, such as cultural events, holidays, 
anniversaries, and the weather/season. These brand posts initiate conversations with consumers using timely and widely talked 
about events.  

Personal brand posts  These brand posts centre around consumers' personal relationships, preferences and/or experiences. These brand posts typically 
invoke personally meaningful themes, such as family, friendship, personal anecdotes or future plans to initiate deeply personal 
conversations with consumers.  

Employee brand posts These are brand posts about employees. Employee brand posts present employees' perspectives on a range of issues, such as 
employees' technical expertise, their managerial philosophies, or their personal interests, hobbies and worldviews.  

Brand community  These brand posts promote and reinforce the brand's online community. These brand posts foster a sense of community 
identification and engagement with the community by recruiting new community members, as well as encouraging participation 
from existing members.  

Customer relationship  These brand posts solicit information and feedback about customers' needs, expectations and experiences. These brand posts seek 
to deepen the impact of customer relationships in social media channels by encouraging customer feedback, reviews and 
testimonies.  

Cause-related brand posts  These brand posts highlight socially responsive programmes supported by the focal brand. These brand posts promote worthy social 
causes and initiatives and encourage customers and fans to support them.  

Sales promotion  These are brand posts that entice consumers to take action toward a buying decision. These brand posts often contain transactional 
details such as price and availability points, as well as concrete promotional offers, such as price discounts, coupons and 
competitions.  
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In contrast to the lack of academic research on content marketing, there is a large amount of 

practitioners’ literature on content marketing. Accordingly, it is crucial to turn to practitioners to 

find indications on which content marketing techniques they outline. Unlike academic research, 

however, which aims to classify and synthesise advertising efforts (focusing on why something works), 

the practitioners' literature is more focused on practical suggestions and straightforward techniques 

(focus on what works). Accordingly, Smart Insights (2018) developed a content marketing matrix that 

includes 27 techniques such as infographics, games, quizzes, celebrities, news, games and checklists, 

as shown in Figure 14. The matrix ranges from emotional to rational on the y-axis and from awareness 

to purchase on the x-axis. These different ranges confirm that the aims and approaches of content 

marketing are not unidimensional. Indeed, similar to the academic literature discussed earlier, 

content marketing follows different aims, leading to various techniques. While this matrix was highly 

successful and resulted in many imitations (Chaffey, 2020), it refers to online content marketing 

efforts in any medium. It is not specified for social media – meaning that many suggested techniques 

are not applicable to the social media context.  

 

Clearly relevant for social media postings are quizzes, competitions, videos, infographics, guides, trend 

reports, e-new, and using celebrities. Interestingly, many of these techniques can be classified alongside 

the earlier outlined categorisations by Tafesse and Wien (2017) and Ashley and Tuten (2015). 

Accordingly, quizzes and competitions would fit into the interactivity category; infographics, guides and 

trend reports would fit the educational post category; and E-news would fit the current event category. The 

fit of the techniques from the content marketing matrix into the categories outlined by academics, 

on the one hand, suggests that the classifications by Tafesse and Wien (2017) and Ashley and Tuten 

(2015) are well designed to capture many different techniques. On the other hand, the use of broader 

categories (e.g. educational posts) makes it easier to infer or investigate why such efforts work – 

underlying the earlier outlined different paradigms of academics vs practitioners.  
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Figure 14: The Content Marketing Matrix . Source: Smart Insights (2018) 

 

Furthermore, memes, GIFs, humour and emojis are additional techniques that are not included in 

any of the classifications discussed above. Memes refer to a unit of cultural inheritance that is 

imitated and then spreads – they have been widely adopted online and are used particularly heavily 

on social media platforms (Chaffey, 2020; Marcyes, 2016; Uribe, 2013). They mostly comprise an 

image (often a screenshot from a well-known movie or TV series) and few bits of text (often just one 

short sentence). Gifs are very short and moving images played in an endless loop, which became a 

huge digital marketing trend (Snow, 2019). Humour is undoubtedly an essential content marketing 

technique – and if done right, a very powerful one. Accordingly, Gaudette (2018) argues it can 

entertain the target audience and can lead to positive relationships – making it an essential tool for 

advertisers. Finally, emojis are said to be specifically successful in communicating positive affect such 

as joy or happiness and are thus an often-used technique in social media marketing (Riordan 2017).  
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In summary, although practitioners and academics come from slightly different angles – practitioners 

are rather interested in whether something works, whereas academics are trying to find out why 

something works – there appears to be overlap in the outlined content marketing techniques. A 

summary of both is presented in Figure 15.   

 

Content Marketing Techniques as 
Proposed by Practitioners’ Literature 

Content Marketing Strategies as Proposed 
by Academic Literature 

Celebrities 
Emotional brand posts 

Memes 

Emojis 
Personal brand posts 

Videos 

Gifs 
Educational brand posts 

Infographics 

E-news 
Personal brand posts 

Guides 

Trend Reports 
Current Events & News 

Competition 

Quiz or Riddles 
Interactivity & Promotion of Brand Community 

“How to” content 
Figure 15: Summary of content marketing techniques  

 
4.2.3 Are There Advertising Regulations for Content Marketing? 

 
After having discussed why and how content marketing is used, it is crucial to examine the regulatory 

framework (gambling) advertisers are operating in when using content marketing. As discussed 

earlier, generally in the UK, gambling advertising on social media is legal and regulated by the 

Committees of Advertising Practice (CAP) and policed by the Advertising Standards Authority 

(ASA). There are no online-specific regulations, and "all codes apply offline as well as online" (ASA, 

2018, p. 3). Since the current CAP codes were designed pre-social media, they do not capture all the 
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possibilities created by social media marketing. Accordingly, the use of gambling content marketing 

raises two distinct regulatory challenges in respect to the (1) remit of the CAP codes and the (2) 

general applicability of the existing codes: 

 

4.2.3.1 The remit of CAP codes 
 
The first problem concerns the remit of the CAP codes – in particular, whether content marketing can 

be classified as marketing communication or advertising and thus, whether it needs to adhere to the 

existing CAP codes. The term content marketing does not feature in the current UK advertising 

regulations but is heavily used by the industry, as indicated earlier. To investigate this, it might be 

helpful to look at the definition of content marketing to determine whether it is an advertising 

technique. 

 

The most widely used definition is by the Content Marketing Institute (2017), which defines content 

marketing as a “strategic marketing approach focused on creating and distributing valuable, relevant, and 

consistent content to attract and retain a clearly-defined audience – and, ultimately, to drive profitable customer 

action.” While the first part of the definition (“creating and distributing valuable, relevant, and consistent 

content”) outlines the scope of content marketing, the latter part outlines the aim of driving “profitable 

customer action”.  

 

As a next step, this can be compared to advertising definitions to see if it fits into such a definition. 

Reacting to the ever-changing advertising sphere, Dahlen and Rosengren (2016) reviewed recent 

advertising research definitions and interviewed academics and professionals to create an up-to-date 

definition of advertising, which is: advertising is a "brand-initiated communication intent on impacting 

people” (p. 334). Based on this definition of advertising, content marketing is clearly classifiable as 

advertising – since it satisfies both criteria: a) that it is a brand-initiated communication (“creating 



 
 
119 

and distributing valuable, relevant and consistent content”), and b) it intends to impact people (“drive 

profitable customer action”).  

 

The position of the ASA/CAP in respect to whether content marketing is advertising and thus, under 

their remit, is very unclear. When preparing and planning this study, no CAP/ASA guidance on 

using (gambling) content marketing was available. The remit of the CAP code outlines that "editorial 

material" (which is a different term for content marketing) is not deemed as advertising and is thus, 

beyond their remit. However, there was a ruling by the ASA (2015) that appears to set out a more 

explicit angle on the question of whether content marketing ("editorial material") is seen as 

advertising: 

 

In 2015, Bet365 (a major sports betting provider) posted a photo on Twitter featuring Jordan Spieth 

(a 21-year-old professional golfer at the time) holding a trophy which stated: “FILL IN THE BLANK: 

I think Jordan Spieth will win_____Majors in 2015”. Due to the missing “call of action” or obvious 

link to gambling, this post is clearly classifiable as content marketing. The complaint was made since 

the pictured golfer was under 25-year-old, which means the advert would breach CAP code 16.3.14 

(as discussed in Chapter 3) – but only if content marketing is seen as advertising or marketing 

communication. Bet365 argued precisely along those lines by stressing that their tweet did not 

amount to advertising and was thus not under CAP remit. The complaint, however, was upheld by 

ASA, arguing that "We considered that the tweet was intended to promote the Bet365 brand and 

noted that it commented on a major sporting event, and future sporting events, which Bet365 would 

take bets on (…) we considered the tweet was directly connected with the supply or transfer of goods 

and was therefore within the remit of the CAP Code” (ASA, 2015, online). This would mean that 

any content marketing (or editorial) effort that either “intends to promote (…) the brand” or 

“commented on a major sporting event” would be under CAP remit.   
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In 2020, the CAP, however, published guidance3 on social media advertising that dilute the ruling 

above. They argue that only content that is “directly connected to the supply or transfer of goods, services, 

opportunities” (CAP, 2020a) is within the remit of the CAP codes. However, recognising the role of 

social media marketing in creating brand awareness, the CAP (2020a) suggests that “any content that 

bears a relationship to the products or services they offer has the potential to be considered directly connected and 

therefore within the ASA’s remit”.  

 

Accordingly, it can be concluded that content marketing posts by brands on social media are 

considered to be advertising and under the remit of the CAP regulations if the content has some sort 

of relationship to the service or products offered. If this is the case, then content marketing efforts 

have to adhere to all CAP codes.4 

 

4.2.3.2 Applicability of the current codes 
 
After establishing that content marketing efforts most likely have to adhere to CAP regulations, the 

second problem is that the existing CAP codes are not really applicable to content marketing. While 

CAP “Section 16 - Gambling” lists various "don'ts" that gambling advertisers have to follow – as shown 

and assessed in Chapter 3 – the vast majority of these codes are only relevant to conventional 

advertising techniques (i.e. clear relationship to gambling and call to action). Examples for this are 

the codes that prohibit picturing gambling as a "solution to financial concerns”, or as “escape from 

personal problems”, or that suggest that gambling can “enhance personal qualities” (CAP, 2014). 

Since content marketing purposely does not centre around the actual product/service (in this case, 

gambling), most of these codes are not applicable.  

 
 
3 This guidance was published after CAP reacted to our content marketing findings (see footnote 4).  
4 After publication of some of the content marketing results as part of the GambleAware Interim Synthesis Report, the CAP published a 
letter responding to these findings. They argued that “many of the items flagged in the research do not amount to ‘advertising’ as 
defined by the CAP Code (…) because they are editorial in nature" (CAP, 2019).  
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The applicability issues are particularly precarious in respect to CAP Code 2.1 (2014) that outlines 

that advertising must be clearly identifiable as such. As discussed earlier, content marketing is, as per 

the definition, not clearly recognisable as advertising. To date, most regulators, including the ASA, 

have dismissed the need to label these content marketing efforts as adverts (e.g. by including "#ad"). 

Thus, to date, advertisers are not legally required to clarify their commercial nature when using 

disguised content marketing efforts. As these efforts are hardly identifiable as such, the way in which 

we process this kind of advertising is likely to be unconscious, and the recipient is therefore unlikely 

to be in a position to make a mental counter-argument (Nairn and Fine, 2008). – this, again, is 

particularly worrisome for children and young persons who anyway lack advertising recognition 

(Wilcox et al., 2004).  

 

In summary, content marketing so far appears to operate considerably beyond the radar of 

researchers, regulators and policymakers alike. The subsequent issues comprise a lack of knowledge 

in respect to the volume of content marketing, little understanding of the content and techniques 

content marketing advertisers employ, and an unclear regulatory regime that makes it hard for both 

researchers aiming to assess the conformity of such efforts, and advertisers that want to adhere to 

regulations but are not clear how to do so. Addressing these three domains, the subsequent section 

shows the methodological approaches undertaken to shed some light on them.  

 
 
 
4.3 Methodology 

 
At this point, it might be worth reiterating that, that in contrast to Chapter 3, the present chapter 

was inductive in a sense that it did not set out to analyse content marketing – because little indication 

about its substantial presence in the gambling advertising sphere was known. Accordingly, this 

chapter evolved whilst analysing the collected 888,745 tweets in Chapter 3. Similar to Chapter 3, 
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again, a ‘blended’ approach (Lewis, Zamith, and Hermida 2013) was utilised, combining Big Data 

analytics (to examine the volume of gambling content marketing) with a subsequent manual content 

analysis into the content and regulatory compliance of gambling content marketing. Just as in Chapter 

3, the methodological approaches and results will be conducted separately, whereas the discussion of 

the findings will be achieved through a combination of the Big Data analysis and the manual content 

analysis.  

 
 
4.3.1 Big Data Analytics into Volume 

 
To investigate the volume of organic gambling content marketing on Twitter, the data of the Big Data 

analytics of Chapter 3 was used. As indicated earlier, the need to investigate content marketing 

separately derived from within the data during the part of this study reported in Chapter 3 – and was 

not set up in advance. Using Chapter 3's first classifier ("Relevance to gambling" – see Section 

3.3.1.2), it was noticed that 352,406 (39.66%) of the collected 888,745 tweets had no obvious 

connection to gambling. Later, on closer inspection of these "irrelevant tweets", it became clear that 

these tweets are actually content marketing efforts. Since this is an inductive finding, deriving from 

within the data – which is one of the major strengths of Big Data analytics – it also means that no 

additional classifiers had been set up to investigate them in more detail. Classifier 2 "Enticement to 

Immediate Betting” and Classifier 3 “Free and Matched Bets” were not applicable to content marketing 

tweets, as these tweets, as described above, do not use gambling-related cues and do not have a clear 

call to action. Nevertheless, the classification of the "relevance to gambling" classifier into esports, 

bookmakers and tipsters could be used to investigate the volume of content marketing on Twitter.  

 

Although there was a lack of pre-set content marketing classifiers, it was still possible to analyse the 

collected data beyond the sheer volume. To begin with, combining the findings of conventional 
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advertising and content marketing efforts, it was possible to examine how accounts combine these 

two techniques in their overall social media mix. 

 

Moreover, the collected content marketing tweets were analysed to find the most shared and liked 

examples. As outlined earlier, a key measure of a successful tweet is how often it is retweeted and 

liked, as this leads to other users seeing this tweet too. Thus, furthering the understanding of what 

the most successful tweets do in respect to their technique employed helps in the interpretation of 

the subsequent manual content analysis into the content of the tweets, but also informs Chapter 5, 

as the highly shared/liked examples indicate a high level of appeal (otherwise they are unlikely to be 

shared). Accordingly, by sorting the content marketing tweets descending from most retweets to least 

retweets, a list of the ten most successful examples was produced.  

 

Last, it was possible to run the “social responsibility message” keynote-annotator (see Section 3.3.1.2) 

on the content marketing sample. Similar to conventional advertising, there are no legal 

requirements to do so, although – especially due to the disguised nature of content marketing efforts 

– messages such as “Ts&Cs” or “18+” would be helpful for users to recognise the commercial nature 

of the tweets. Accordingly, the keynote annotator was used to investigate how many of the 352,406 

content marketing tweets used social responsibility messages, which included 23 keywords (see Table 

14).  

 
Table 14: List of keywords used in the keynote annotator for social responsibility messages 

 Keywords Used 

Terms and Conditions TandC, T&Cs, conditions apply, T&C's, terms apply, T's+C's, Terms and 
conditions 

Age Restriction Warning 18 yrs, over 18s, must be 18, followers 18, 18+ only, over 18 

Harm Reduction Messages gamble responsibly, know when to stop, responsible gambling, 
BeGambleAware, WhenTheFunStopsStop, bet responsibly, gamble 
aware, don't bet if, know your limits, play responsibly 
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4.3.2 Manual Content Analysis into Content and Regulatory Compliance 

As explained earlier, content analysis is a systematic process of analysing communication messages 

which allows for the identification of patterns, themes and meanings. Accordingly, to support Big 

Data findings regarding the volume of content marketing tweets, a manual content analysis was 

performed to investigate the content and regulatory compliance of those tweets.  

 
4.3.2.1 Sample 
Since the Big Data classifier from Chapter 3 has established a sample of 352,406 tweets that were 

categorised as content marketing, a random subsample of tweets that used media (images, videos, 

GIFs) to overcome shortcomings of the Big Data analytics concerning the analysis of media (Rose 

and Willis 2019) were drawn to enable further in-depth insights on content marketing efforts. 

Accordingly, 700 content marketing tweets were randomly selected and subsequently analysed (350 

from traditional gambling accounts and 350 from esports gambling accounts). All analysed tweets 

were posted between 1st March and 1st November 2018. 

 

4.3.2.2 Codebook development 
Deriving from the reviewed literature, the codebook had three parts that were deemed to be relevant 

to address the set research objectives of investigating the content and the regulatory compliance of 

gambling content marketing tweets. Table 15 shows the developed codebook, alongside definitions 

for each code, coding options, and references. The developed codes either derive from previous 

literature or are inductive in nature.  

 

The first part of the codebook refers to the Form and Performance Indicators of tweets. Accordingly, 

code 1 records the form of the tweet. The form could either be a GIF (moving images), a picture, a 

video. The usage of GIFs, images and videos has been noted as a common form of content marketing 

efforts (Snow, 2019). Codes 2-4 refer to the performance indicators (i.e. the number of retweets, likes 
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and comments), which play a crucial role in content marketing development as they function as 

major success indicators, as noted in the literature review.  

 

The second part of the codebook refers to Message Strategies and Techniques of content marketing. The 

preceding literature review showed that although practitioners’ literature has investigated content 

marketing plentifully, many of their outlined techniques can be classified within the categories 

suggested by Ashley and Tuten (2015) and Tafesse and Wien (2017). Where possible, this has been 

done in the present section in order to keep the codebook short and meaningful. Accordingly, codes 

5-9 are based on the work by Ashley and Tuten (2015) and Tafesse and Wien (2017). Codes 10-13 

are based on practitioners' literature which was not categorisable in the categories of codes 5-9, and 

finally, codes 14 and 15 are inducive codes derived from investigating the data set prior to the actual 

coding. The first inductive code (14) refers to "insider sentiments". During coding and discussing 

some example tweets within the coder-team, it was noted that some content marketing tweets 

(particularly by esports accounts) were almost impossible to understand for outsiders (often non-

gamers). Accordingly, code 14 was added. The second inductive code (15) refers to screenshots. This 

code was only used for esports adverts and comprised adverts that used in-play screenshots from 

esports games.  

 

The third and final part investigated the adherence to relevant advertising regulations. As discussed 

in the literature review, there are two main problems in respect to content marketing and the CAP 

regulations, which are:  the question of the remit (i.e. does content marketing amount to advertising), 

and that few of the actual codes actually work for the disguised nature of content marketing. 

Addressing the first challenge, code 16 was added. Based on the earlier discussed 2015 ASA ruling 

against Bet365, code 17 aims to determine whether the post falls under the remit of CAP by checking 

whether the post has a clear link to either gambling or to (e)sports. Regarding the second challenge 
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regarding the applicability of the CAP codes (which were all assessed in Chapter 3), only three CAP 

rules were deemed to fully function for content marketing adverts. These were CAP code 16.3.12 

regarding the particular appeal of adverts to children and young persons (code 17), CAP code 16.3.14 

which prohibits including individuals under the age of 25 in the advert (code 18), and finally, CAP 

code 2.1 outlining that advertising must be recognisable as such (code 19).  

 

Overall, the codebook consisted of 19 codes. The coders had different options to classify the code 

(e.g. "yes", "no", or "unsure", or entry fields for numbers) as shown in Table 15. 
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Table 15: Codebook for content marketing tweets  

Note: The codebook includes the code-number, the variable, definition, coding options as well as reference to previous literature 

No. Variable Definition Coding Options Reference 

I. Form and Performance Indicators 
1 Form of 

post 
Which form has the post (except for text)? 
Posts on social media can have various forms such as images, videos, GIFs (very short, moving images 
played in an endless loop).  

1) GIF 
2) Picture 
3) Video 

Snow, 2019  

2 Retweets How often was the post retweeted? Numerical Green (2015); 
Kakkar (2017) 3 Replies How many replies had the post? Numerical 

4 Likes How often was the post liked? Numerical 
II. Message Strategies and Techniques 

5 Emotional 
Engagement 

Does the post provoke an emotional engagement?  
Definition: A consumer's brand-related affect. 
To this end, the posts typically employ emotion-laden language, inspiring stories or humour and jokes 
to arouse affective responses, such as fun, excitement and wonder. 
Common themes: emotionally worded posts, emotional storytelling, jokes, and trivia 

0) No 
1) Yes 

Ashley and 
Tuten (2015); 
Hollebeek and 
Macky (2019); 

Tafesse and 
Wien (2017) 

6 
 

Current 
event / 
News 

Does the post comment on current talking, such as cultural events or anniversaries? 
These posts common to themes that capture active talking points in the target audience, such as 
cultural events, holidays, anniversaries, and the weather/season. These brand posts initiate 
conversations with consumers using timely and widely talked about events.  
Common themes: weather, cultural events (sports, film, TV shows, holiday, special days 

0) No 
1) Cultural 

event 
2) Special day 
3) Sports event 

Tafesse and 
Wien (2017); 
SmartInsights 

(2012) 

7 Personal 
post 

Does the post centre around consumers' personal relationships, preferences and/or experiences? 
These posts centre around consumer's personal relationships, preferences and/experiences. These 
posts typically invoke personally meaningful themes such as family, friendship, personal anecdotes or 
future plans to initiate deeply personal conversations with consumers.  
Common themes: friends, family, personal preferences, anecdotes and future plans 

0) No 
1) Yes 

Tafesse and 
Wien (2017) 

8 Promotion 
of brand 
community 

Does the post promote and reinforce the brand's online community? 
These posts promote and reinforce the brand's online community. They foster a sense of community 
identification and engagement with the community by recruiting new community members, as well as 
encouraging participation from existing members.  
Common themes: encouraging fans to become members, acknowledging fans (e.g. mentioning, tagging 
them), using and encouraging user-generated content. 

0) No 
1) Hashtags 
2) Tagging  
3) Retweeting 
4) Call for PA 

Participation 

Ashley and 
Tuten (2015); 
Tafesse and 
Wien (2017) 
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5) Mixed 

9 Educational 
Post 

Does the post include educational elements? 
These posts educate and inform consumers. These posts help consumers acquire new skills on proper 
ways of applying products or discover new information about broader industry trends and 
developments. 
Common themes: infographics, instructions, developments in the industry, technical interviews 

0) No 
1) Yes 

Ashley and 
Tuten (2015); 
Tafesse and 
Wien (2017) 

 
10 

Memes Does the post use a meme? 
The term “meme” refers to a unit of cultural inheritance that is imitated and then spreads. Memes 
have been widely adopted online and are used particularly heavily on social media platforms. In this 
context, "memes" tend to be composed of one or more pictures and some text that aims to elicit 
strong positive emotions that drive virus-like sharing behaviours. They tend to be highly contextual and 
timely. 
Common themes: screenshots from famous movies or pictures of cats paired with text.  

0) No 
1) Yes 

Chaffey (2020); 
Le (2017); 

Marcyes (2016); 
Uribe (2013) 

11 Emojis Does the post make use of emojis? 
The use of emojis was found by previous research to be specifically successful in communicating 
positive affect such as joy or happiness (Riordan 2017). 
Common themes: likely to be positive emojis such as smiling, laughing, and winking 

0) No 
1) Yes 

Riordan (2017) 

12 Celebrities Does the post use celebrities? 
The use of celebrities (primarily famous athletes) endorsing gambling advertising has been to be 
attractive buying factors as they can increase the perceived reliably of the gambling provider and 
trigger emotional connections to the brand, but are also outlined to further the normalisation of 
gambling being a harmless part of sports (Lopez-Gonzalez et al., 2018b; McMullan et al., 2012).   

0) No 
1) Yes 
2) Yes, and 

tagged 

 Lopez-Gonzalez 
et al. (2018); 
SmartInsights 

(2012) 

13 Humour Does the post use humour? 
The use of humour was found to be an important strategy used by gambling advertising, most likely to 
engage users with the content (e.g. Derevensky et al., 2010; Houghton et al., 2019). Houghton outlines 
that they tend to employ a humorous tone when discussing sport or other relevant current events. 
Common themes: humorous tone when discussing (e)sports events, commenting on surprising events, 
etc. 

0) No 
1) Yes 
 

Derevensky et 
al. (2010); 

Houghton et al. 
(2019) 

14 Insider / 
Expert 

Does the post give the feeling of being an insider/expert? 
The use of insider sentiments to transport a feeling of belonging to a group of people with a piece of 
special knowledge.  
Common themes: references to games, players, or movies 

0) No 
1) Yes 

Inductive  

15 Screenshot Does the post use an in-play screenshot? 
In-play screenshots (screenshots from a play – mostly from esports games). 

0) No 
1) Yes 

Inductive 
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IV. Relevant Regulatory Compliance 
16 Related to 

(e)sports  
Is the post related to gambling/sports? 
The relationship of the post content to gambling, or (e)sports.   
Common themes: commenting on (e)sports events, promoting (e)sports events, referring to (e)sports 
stars, etc. 

0) No 
1) Yes 

ASA (2015a), 
(2015b) 

17 Appeal to 
young 
persons 

Does the post appeal to young persons? 
According to CAP code 16.3.12, gambling marketing must not be "of particular appeal to children or 
young persons, especially by reflecting or being associated with youth culture". 
Common themes: cartoons, references to youth culture, animation 
Note: Due to the somewhat vague nature of this code, a third coding option, "unsure", was added. 

0) No 
1) Yes 
2) Unsure 

CAP Code 
16.3.12 

18 Under 25  Does the post feature anyone under 25 years? 
CAP code 16.3.14 stipulates that “no-one who is, or seems to be, under 25 years old may be featured 
gambling or playing a significant role." Due to the animated nature of esports, this was extended to 
characters (i.e. animated characters that seem to be under the age of 25).  
Common themes: (E)sports players who are under 25 years old, characters and cartoons seemingly 
under 25 

0) No 
1) Yes 

CAP Code 
16.3.14 

19 Labelling Does the post feature an “advertising” or “warning” label?  
Some advertising posts (e.g. by influencers) are obliged to include labelling that outlines the 
commercial nature of the post. 
Common versions: sponsored content, #AD or ADVERT 

0) No 
1) Yes 

CAP Code 2.1 
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4.3.2.3 Procedure and inter-rater reliability 
An initial codebook – based on the existing literature and the insights from Chapter 3 – was 

developed. Then, Neuendorf's (2017) recommendation of splitting training and piloting was 

followed. In a first stage, using some random example tweets, the codebook was discussed and 

examined within the research team to ensure it is able to: 

 

(1) capture the information needed to address the research objectives;  

(2) identify possible new patterns that so far were not found by the previous literature. 

Accordingly, codes 1 and 16 were added, and  

(3) to ensure the coders agree on the coding variables and their measures (Neuendorf, 2017).  

 

This process was repeated twice before moving on to the second stage, namely piloting. For this, a 

second coder and I independently coded the same 50 tweets (10% of the total sample). This is part 

of a standard procedure to ensure that codes are generally applicable and objective. Expressions and 

items that caused disagreement between the codes were discussed and clarified before moving on to 

inter-coder reliability tests. While the main weakness of manual coding can be seen in the danger of 

subjectivity (Neuendorf, 2017), inter-coder agreement was tested before moving on to the final coding 

process. After both coders independently coded the same tweets, it was possible to compare the 

results and thus calculate inter-coder reliability. Inter-code agreement ranged between 82% and 

100%, with an average of 88% (with >90% as being good and 80-90% being acceptable; see Allen, 

2017).
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4.4 Results 

 
4.4.1 Results from the Big Data Analysis Used in Chapter 3 

 
4.4.1.1 Volume and advertising mix composition 
 
Using the data established the “Relevance to Gambling” classifier of Chapter 3 (see Section 3.3.1.2), 

it was found that from a total of 888,745 analysed gambling advertising tweets sent from 417 

gambling related accounts on Twitter, 352,406 (39.7%) could be classified as content marketing – as 

shown in Table 16.  On average, each of the investigated 417 gambling related accounts posted 845 

content marketing adverts in the outlined 8-month period. While on average, each esports gambling 

account posted, in this time period, around 486 content marketing tweets, bookmakers posted in 

the same time period almost three times as many content marketing tweets (1,406) – which equals 

around six content marketing tweets per account per day.  

 
Table 16: Volume of content marketing ads split into account type 

Account Type  Total Tweets Content Marketing 
Tweets 

% of Content 
Marketing Tweets 

Average Content Marketing 
Tweet per Account 

Total  888,745 352,406 39.7 845 
Tipster 388,523 129,873 33.4 575 
Bookmaker  380,388 153,274 40.3 1406 
Esports  47,943 21,370 44.6 486 
Other 71,891 47,889 66.6 1260 

 
 

The literature review has shown that content marketing aims to engage users – potentially without 

recognising it as advertising – to expand their advertising reach by users liking, commenting or 

sharing the ad. A high share of content marketing efforts in an accounts advertising mix could pose 

the issue that (potentially very young) users could start following the gambling account without 

actually knowing it is a gambling account – because the adverts are funny, innocent or engaging. If 

they then start following this account, they would also be exposed to the conventional adverts (i.e. 

with a call to action) the account posts. Accordingly, finding out whether and if so, in which ratio 
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advertisers combine such efforts is crucial for policymaking. Accordingly, an analysis was performed 

investigating how gambling accounts combine the two types of advertising (content marketing and 

conventional advertising) in their posting routines. Depending on the account type, the share of using 

content marketing adverts ranged between 33.4% (tipsters) and 66.6% (other accounts) of their 

overall advertising mix – the rest were classified as conventional advertising. Esports accounts were 

more likely to use content marketing tweets (45%) than bookmaker accounts (40%).  

 

Taking this analysis a step further,  

Figure 16 shows three different composition tactics used by gambling accounts. The first group, 

which comprised around 13% of the 417 investigated accounts, primarily sent content marketing 

tweets (<30% were categorised as conventional advertising). The strategy of using mainly content 

marketing efforts, mixed with a few conventional adverts, could indicate that those accounts are 

either aiming to expand their follower base (e.g. it is a relatively new gambling account) and therefore 

uses mainly engaging content in order to disseminate adverts that are very engaging and lead users 

to share, like, or comment on the adverts – which is vital to increase ad-reach and followership. 

Another potential reason for using this strategy could be that the accounts try to keep a "low-profile" 

and do not want to out themselves too obviously as "gambling accounts", as this could have a 

deterring effect on users who think about following such an account. However, the concern with this 

strategy is that potentially (very young) users start following such accounts based on the engaging 

content marketing posts but are neither aware of the commercial nature of the account nor that it is 

related to gambling – a highly addictive product.  

 

The second and largest group, comprising 57% of all accounts, balanced their advertising mix 

relatively evenly, sending between 30% and 70% content marketing tweets. By balancing both 

advertising efforts, accounts might be able to keep users interested in their accounts (and potentially 
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even increase their followership) whilst still exposing users frequently to adverts that bear a call to 

action – and thus might lead immediately to users placing bets. The problems, however, are very 

similar to the group above, since it is still possible – and due to social media algorithms that are more 

likely to show posts that are more engaging on a user's daily feed – to engage with this account 

regulatory, without even knowing it is a gambling account.   

 

The third group, comprising 30% of observed accounts, concentrated on conventional advertising 

tweets, with less than 30% being classified as content marketing tweets. This final group is mainly 

focusing on conventional adverts, mixed with a few content marketing efforts. This strategy might 

work for gambling accounts with an obvious monetary or bonus-based marketing approach (indeed, 

Chapter 3 found that up to 34% of conventional adverts had a strong focus on money motives). It 

could also function as a method to bridge temporary cash-flow problems. Although from an ethical 

perspective, these groups cause the least concerns, from an account management perspective, such a 

strategy will likely lead to low ad reach as content marketing is more effective in reaching users than 

conventional advertising effort – as the following section shows in more detail. 

 
Percentage of tweets per account classified as “conventional advertising”  

 

Figure 16: Composition of the accounts advertising mix.  

Note: The y-axis shows the percentage of gambling accounts, whereas the x-axis shows how the percentage of tweets sent 
that were classified as “conventional advertising”. 
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4.4.1.2 Most-shared tweets 
As outlined earlier, the key measure of a successful tweets is how often it is engaged with (i.e. liking, 

commenting, sharing), as this will lead to other users seeing a particular tweet as well – affecting the 

number of people exposed to the advert. Accordingly, Table 17 shows the ten most retweeted posts 

of the complete sample set (which includes conventional advertising too). Notably, all of the ten most 

successful tweets were categorised as content marketing techniques. The techniques used are in line 

with the early indications found in the literature review. For example, BetwayEsport's tweets include 

an interactive post aimed at reaping user comments, the Bet365 tweets are presented as (humorous) 

infographics, and one of PaddyPowers tweets can be classified as a meme. On the other hand, only 

one esports account made it into the top ten, which is likely influenced by esports gambling accounts 

having (at least during the data collecting period) fewer followers than traditional gambling accounts.  
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Table 17: The ten most successful tweets from the whole 888,745 tweets sample  

Tweet Text Account Account 
Type 

Retweets Likes 

Enter our brand new giveaway where you have the chance to win a @FACEIT 2018 London CS:GO Major 

Championship Mega Bundle! Stickers for days bois! Enter here: [link] [image]   

Betwayesports Esports 26,368 873 

Buckle up Stoke fans. Some guy called Henry has given you an absolute roasting. Sit back, relax and enjoy. It’s 

#FanDenial. [video]  

PaddyPower Bookmaker 18,276 34,708 

La Liga since 2009, when Cristiano joined Real Madrid: Goals Messi - 329 Ronaldo - 311 Assists Messi - 122 

Ronaldo - 88 Titles Messi - 6 Ronaldo - 2 Top Goalscorer Messi - 5 Ronaldo - 3 Player of the Year Messi - 5 

Ronaldo - 1  

Bet365 Bookmaker 13,786 23,765 

I saw this on Facebook earlier and thought it was well worth a mention due to the England game @ 2pm as I 

know this does happen when England score. RT to share and pass this on please !! [link]  

Footy_tipsters Tipster 9,251 8,680 

Most goals, assists, key passes and dribbles this season: Premier League: Salah De Bruyne Özil Hazard 

Bundesliga: Lewandowski Müller James Coman Ligue 1: Cavani Payet/Depay Payet Neymar Serie A: Immobile 

Luis Alberto Gómez Anderson La Liga: Messi Messi Messi Messi  

Bet365 Bookmaker 7,633 15,515 

Besiktas fined £29,880 for a cat running on the pitch. Russia fined £22,000 for racism. [link]  PaddyPower Bookmaker 7,265 15,444 

Deontay Wilder wanted to show-off how hard he punched on ESPN He broke this mascot’s jaw after not 

realising there was a person inside [video]  

Ladbrokes Bookmaker 7,026 13,802 

Pickford's saves Maguire's headers Trippier's free-kicks, Kane's goals Gareth's waistcoat Thanks for the 

memories, England. [link]  

Bet365 Bookmaker 6,882 35,081 

More shocking scenes at Ascot yesterday after some very unsavoury scenes at Goodwood last week! Something 

needs to be done to sort this problem out ASAP! [link]  

Twenclosure Tipster 6,576 10,277 

With Ireland not going to Russia, we’re supporting Nigeria at the World Cup for several significant reasons: 

The kit looks class They play in green Nigeria consumes more Guinness than Ireland #COYBIG #ENGNGA 

PaddyPower Bookmaker 5,838 8,890 



 
 
136 

 
4.4.1.3 Social responsibility message – keynote annotator 
 
Finally, the keyword annotator, which was programmed to find social responsibility messages (e.g. T&C, 

WhenTheFunStopsStop, over 18). These responsibility messages were also investigated in Chapter 

3. Besides indicating some level of responsibility by the gambling accounts, such messages would be 

hinting at the commercial nature of a tweet and, therefore, potentially make it easier for users to 

recognise them as "advertising". The keynote annotator found that only 0.19% of all 352,406 content 

marketing tweets included such social responsibility messages within the text of the tweets. This is 

substantially less than for conventional advertising – as investigated in Chapter 3 – where 7.3% of 

ads were found to use social responsibility messages. The absence of these responsibility messages in 

content marketing adverts again underlines that this kind of advertising aims to be not clearly 

identifiable as adverting. It is important to note that it was not possible to scan posted visual content 

(images, videos or GIFs) for such social responsibility messages in the Big Data analysis. 

 
 
4.4.2 Results from the Manual Content Analysis  

 
After drawing a random content marketing sub-sample of 700 tweets, a total of 185 adverts by 

traditional gambling accounts and 191 adverts by esports gambling accounts were analysed. 

Accordingly, 324 adverts had to be excluded during the manual content analysis because they were 

wrongly put into this sample by the automated classifier (e.g. esports adverts in the traditional set, or 

conventional adverts in the content marketing set). The results of analysing the remaining 376 

gambling adverts are summarised in Table 18 and will be discussed in the following sections in detail. 
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Table 18: Results of manual content analysis split into traditional and esports accounts 

No. Variable Definition Traditional Esports 

I. Form and Performance Indicators 

1 Form of 
Post 

Which form has the post (except 
for text)? 

GIF 
Picture 
Video 

17 (9%) 
139 (75%) 
29 (16%) 

GIF 
Picture 
Video 

28 (15%) 
131 (69%) 
32 (17%) 

2 Retweets How often was the post 
retweeted? 

Average  
SD 

68 
431 

Average 
SD 

4 
14 

3 Replies How many replies had the post? Average  
SD 

9 
56 

Average 
SD 

2 
6 

4 Likes How often was the post liked? Average  
SD 

126 
579 

Average 
SD 

53 
183 

II. Message Strategies and Techniques 

5 Emotional 
Engagement 

Does the post provoke an 
emotional engagement?  

122 (66%) 121 (63%) 

6 Educational 
Post 

Does the post use an educational 
element? 

146 (79%) 115 (60%) 

7 Personal 
Post 

Does the post centre around 
consumers' personal 
relationships, preferences and/or 
experiences? 

29 (16%) 45 (24%) 

8 
 

Current 
Event / 
News 

Does the post comment on 
current talking, such as cultural 
events or anniversaries? 

156 (84%) 107 (56%) 

9 Promotion 
of Brand 
Community 
& 
Interactive 
Content 

Does the post promote and 
reinforce the brand's online 
community? 

Hashtags 
Tagging 
Call to 
participate 
Mixed 
None 

92 (50%) 
4 (2%) 
20 (11%) 
 
7 (4%) 
61 (33%) 

Hashtags 
Tagging 
Call to 
participate 
Mixed 
None 

37 (19%) 
51 (27%) 
10 (5%) 
 
44 (23%) 
49 (26%) 

10 Memes Does the post use a meme? 15 (8%) 42 (22%) 

11 Emojis Does the post make use of 
emojis? 

99 (54%) 67 (35%) 

12 Celebrities Does the post use celebrities? 48 (26%) 13 (7%) 

13 Humour Does the post use humour? 72 (39%) 81 (42%) 

14 Insider / 
Expert 

Does the post give the feeling of 
being an insider/expert? 

101 (55%) 162 (85%) 

15 Screenshot Does the post use a screenshot of 
the game? 

NA 30 (16%) 

IV. Relevant Regulatory Compliance 

16 Related to 
(e)sports  

Is the post related to 
gambling/sports? 

178 (96%) 179 (94%) 

17 Appeal to 
Young 
Persons 

Does the post appeal to young 
persons? 

Yes 
Unsure 

1 (0.5%) 
14 (8%) 

Yes 
Unsure 

71 (37%) 
46 (24%) 

18 Under 25  Does the post feature anyone 
under 25 years? 

1 (0.5%) 45 (22%) 

19 Labelling Does the post feature an 
“advertising” label?  

0 (-%) 0 (-%) 
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4.4.2.1 Form and Performance Indicators 
 

The first section of the codebook referred to the form and performance indicators of content 

marketing. Firstly, since each tweet drawn from the sub-sample for the manual content analysis 

included some sort of media – to overcome some of the limitations of the preceding Big Data analysis 

as outlined earlier, all analysed tweets had some form of media (code 1). GIFs, which are outlined 

by Snow (2019) as a powerful content marketing tool, were featured in 9% of ads posted by 

traditional gambling accounts and in 15% of ads from esports gambling accounts. While 16% of 

traditional and 17% of esports gambling accounts used videos, the vast majority used pictures, with 

75% of traditional and 69% of esports gambling ads sticking to the simplest form of media.  

 

Secondly, performance indicators which comprise retweets (code 2), replies (code 3), and likes (code 

4) – which are crucial for measuring the "success" of organic social media adverts (Ashley and Tuten, 

2015) – show how many users engaged with the tweets. Two patterns are emerging in these results. 

The first pattern is recognisable in the number of engagements received for each of the three forms 

(replies, retweets and likes), potentially corresponding with the amount of actual engagement 

required (to reply, a user needs to write something as a comment; for a retweet a user just hits a button 

(with optionally adding a little text); a for liking a user just needs to hit the “like” button). Accordingly, 

replies reaped the fewest engagements for both ads by traditional gambling accounts (average 9, SD 

56) and ads by esports gambling accounts (average 2, SD 6), followed by retweets (traditional: average 

68, SD 431; esports: average 4, SD 14), and finally, the most engagements were found to be in the 

form of likes (traditional: average 126, SD 579; esports: average 53, SD 183). In relative numbers, 

this means that posts by traditional gambling accounts reaped 8-times as many retweets and 14-times 

as many likes compared to replies. Esports betting accounts received twice as many retweets and 27-

times as many likes compared to replies. The second was found in posts from traditional gambling 

accounts that had higher engagement numbers for each of the three observed codes than those from 
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esports gambling accounts. Indeed, posts by traditional gambling accounts reaped twice as many likes, 

received 17-times as many retweets and 5-times as many replies compared to their counterparts for 

esports accounts. This, however, does not necessarily mean that esports adverts are less engaging but 

might have to do with esports gambling being a rather new trend. While traditional gambling 

accounts – such as PaddyPower, Bet365, Betway or Bwin have operated for years as mainstream 

betting providers with thousands of followers, many esports accounts are newer and, accordingly, 

tend to have fewer followers.  

 
 
4.4.2.2 Message strategies and techniques 
 
The second part of the codebook looked into message strategies and techniques of content marketing 

gambling advertisers in terms of Twitter use. As expected, a large share of adverts from both 

traditional gambling accounts (66%) and esports gambling accounts (63%) used content that was 

likely to provoke emotional engagement (code 5), such as Coral's post, commenting on a scene from 

a football match between Germany and Sweden. The image refers to a scene of that day's World Cup 

match, where the football in the air appears to be behind the German goal line, but the referee did 

not give the goal to Sweden. The headline says, "To be fair to the Germans, they're due a bit of luck. 

Decisions are always going against them, those poor lads #GERSWE" – which is a reference to the 

infamous Wembley goal (or rather non-goal) of the World Cup final between Germany and England 

in 1966, where the goal was not behind the German goal line, but the referee decided otherwise, 

resulting in England winning the football World Cup. By connecting the image and headline of the 

Germany vs Sweden match to the Wembley goal, Coral seemed to purposely create an emotional 

reaction – somewhere between humour or gloating. Furthermore, these emotional engagements 

appeared to be often paired with the use of emojis (code 11), which are said to be particularly 

impactful in eliciting positive emotions (Riordan, 2017). Indeed, 54% of the adverts by traditional 

gambling accounts and 35% of the esports ads were found to use such small digital images.  
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While we have already established that many adverts use emotional content, it was also investigated 

how many used humorous content (code 13). The use of humour has not only been outlined by 

content marketers as a key strategy (Gaudette, 2018) but has also been confirmed as a strategy used 

by gambling marketers (Derevensky et al., 2010; Houghton et al., 2019). Indeed, 39% of the ads by 

traditional and 42% of ads by esports gambling accounts used content that the codes perceived as 

being humorous. An example of this is the earlier showed about the German vs Sweden match or 

another advert posted by Coral. The tweet shows an image of a wedding scene of the British TV show 

Gavin & Stacy, just seconds before “Smithy” (played by James Corden) burst into the church, accusing 

the bride-to-be of not loving the man she came to marry that day. The headline of the post reads: 

"James Corden arriving at the #RoyalWedding, let's hope he doesn't break up the ceremony like the last wedding 

he went to....". The advert was posted on the day of the wedding between Prince Harry and Megan 

Markle, on which James Corden was a wedding guest. For those who are familiar with the scene from 

Gavin & Stacy, the idea of James Corden rushing into a royal wedding with hundreds of guests 

(including the Queen herself) to confess his love for the bride (Megan Markle) is undoubtedly a funny 

depiction. Using such (completely) unrelated content in adverts could stem from various reasons – 

but is mostly connected to the central aim of content marketing: engaging users with the ad. Indeed, 

Coral's ad does potentially not only engage followers who have an interest in gambling or sports but, 

furthermore, potentially everyone who knows Gavin & Stacy. Accordingly, it could be seen as an 

attempt to increase the reach of their account. Indeed, the post was quite successful with 717 likes 

and 181 retweets – many of these were potentially not following the actual Coral account but were 

exposed to the ad because someone from their network shared the post.  

 

Another regularly utilised technique – which is often also humorous – is memes (code 10). As 

explained earlier, memes are part of cultural inheritance that is imitated and then spreads – especially 

on social media. Overall, 8% of ads by traditional gambling accounts and 22% of the ads by esports 
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gambling used memes. Since memes are almost inherently connected to youth- and internet culture, 

it is not too surprising that esports accounts – who have a younger target audience than traditional 

accounts as outlined earlier – employed this technique almost three times as much as traditional 

gambling accounts. An example of this can found in a post by Tipify. The ad consists of a headline 

reading "Real Men would understand the need. #YOLO" and a meme (in the form of an image). On 

the left-hand side, the meme shows a young man at a party drinking from a massive bottle of vodka 

with the caption "This is not YOLO". On the right-hand side is an in-play screenshot from the esports 

classic League of Legends where one player finds themself in a hopeless situation fighting against a 

large group of enemies with the caption "This is YOLO". The acronym YOLO – which is well-known 

in youth- and internet cultures – stands for "You Only Live Once" and is often used as an excuse to 

do unreasonable things that are fun at the time but are likely to be regretted later (such as buying 

stuff one does not really need, or drinking too much alcohol at a party). Accordingly, the post suggests 

that jumping into a hopeless fight in League of Legends is much crazier (and more "YOLO") than 

drinking too much vodka at a party. The post also shows the ability of the esports scene to laugh 

about themselves by playing with the stereotype of gamers being unsociable and isolated due to 

spending much time (alone) in front of their computers.  

 

Another element present in all the discussed posts by Coral and Tipify was found whilst investigating 

the tweets’ pre-coding: the use of insider sentiments (code 14).  This inductive code refers to 

sentiments that seem to elicit a feeling of belonging to a group of people who share a specific 

knowledge or interest. Abarbanel (2020) – a renowned esports and gambling researcher – argues that 

the "esports and gaming community are infamous for being suspicious of outsiders" and that 

"marketers encourage brands to become actively involved in the community interests, not just ‘logo 

slap’ for visibility" (p.8). Indeed, the drive of esports betting brands to go beyond "logo slapping" was 

evident in the fact that 85% of ads by esports gambling accounts used insider sentiments – as opposed 
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to 55% of ads posted by traditional gambling accounts. Furthermore, in a report by McKinsey & 

Company (2020) about esports branding, they argue that "authenticity" is crucial and "while 

prominently placed sponsors of ESL tournaments are four times more memorable than those without 

prominent placement, that prominence can backfire if the sponsorship isn't credible or doesn't 

convey a true interest in the esports world." The problem, however, of creating such authentic 

marketing communication in esports betting – again – relates to the young followership. The 

literature review in Chapter 2 suggested that adolescence is a crucial phase when people search for 

activities and attributes to form their identity (Erikson, 1950) – often via the means of consumption 

(Nairn and Spotswood, 2015). Accordingly, a danger of focusing on authentic esports betting adverts 

is that providers (intentionally or not) exploit the developmental vulnerability by designing insider 

sentiments disguised in content marketing efforts.  

 

Apart from the example above posted by Tipify (regarding YOLO), another example for insider 

sentiment was a post by BetwayEsports. Their tweet featured a GIF showing a sports commentator 

of a live-esports event, who seemed to be embarrassed and speechless due to a terrible move by one 

of the players. The headline of the advert reads: "When you see someone write eSports on Twitter…". 

In combination with the GIF, the post suggests embarrassment when someone writes eSports. 

Without insider knowledge about the esports community, the post would neither make sense nor be 

funny. However, when being able to decode the post (due to having the necessary insider knowledge), 

the tweet suddenly becomes deep and fascinating: esports have been struggling to be taken seriously 

as a proper form of sports for years. Writing eSports instead of esports (i.e. capitalising the S) – is almost 

seen as the embodiment of this ongoing resistance – especially by older generations – to take esports 

seriously and accept it as a real sport (there is even a best-selling book called This is esports – and how 

to spell it by Chaloner and Sillis, 2020). Miswriting it (i.e. eSports) does, furthermore, out people that 

do not belong to the esports community. By using the insider sentiment, such posts are likely to 



 
 
143 

create a feeling of belonging and being “one of the few who understand it”. The use of in-play 

screenshots (code 15) of esports games is likely to also further the notion of insider expertise. Indeed, 

16% of ads by esports gambling accounts used such screenshots of esports matches as part of their 

advert (for example, the earlier discussed "YOLO" Tweet by Tipify).  

 
Besides the use of emotional engagements, many ads also used educational engagements (code 6), 

with 79% of ads from traditional gambling accounts and 60% of esports gambling accounts using 

such strategies. Many of those ads informed users about sports events, player transfers or rule 

changes, or used infographic-like posts in which a variety of information is summarised in one post. 

One example of this is a post by PinnacleEsports showing an image of a well-known esports player, 

with the info about his scores of “day 3” of the “IceChallenge2020” summarising his average damage 

per round score (90.1), his impact rating (1.33) and his “total kills” (46).   

 

Another technique that often went hand in hand with educational engagement strategy refers to 

current (sporting) events or news (code 6). Indeed, overall, 85% of ads of traditional and 56% of 

esports gambling accounts commented on current (sporting) events or reposted industry-related news 

– such as Coral's post informing consumers at the news that "Vincente Luque wins in round one 

again! He beats UFC newcomer Jalin Turner! #UFC229". This category, however, also included (a 

few) posts that had no relationship to sports at all. One example was posted by Betfred, who 

commented on the reality TV show Love Island saying: 

 

“Wes picks Laura 
Alex stays with Samira 
Jack and Dani stick with it 
Niall keeps Georgia on. 
Eyal picks Hayley, which leaves Adam choosing Rosie. 
No #recoupling for Kendall – she's going home” 
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The ad uses the current event of the TV series to create a humorous pun against Kendall Rae Knight, 

who rose to fame and became a social media favourite within the first couple of days of the series but 

had to leave on the 6th day of the show. Using this kind of gambling and sports unrelated content – 

just as the example featuring James Corden has shown earlier – is mainly employed by those betting 

accounts to extend their reach and, thus, potential followership as outlined earlier.  

 
Overall, 16% of traditional gambling accounts and 24% of esports gambling accounts used personal 

posts (code 7) with content that centred around consumers' personal relationships, preferences 

and/or experiences. An example of how gambling advertisers try to use this strategy to initiate 

conversations with consumers was posted by BetVictor. Their post included an image of former 

football stars Alessandro Del Piero and Luis Figo playing golf as a team as part of the Celebrities 

Ryder Cup – an annual celebrities' golf tournament. The headline of the post reads: "Anyone else 

watching the #CelebrityRyderCup? I'm loving the pairing of Del Piero and Figo. Dynamite pairing I 

would have loved to see in football, let alone golf". Another example of such personal posts aiming 

to involve users in sharing their experiences and opinions was posted by Bet365. The post included 

an image of the legs of a football player, and the headline says: "Who is the greatest footballer to ever 

play in the Championship?". The post reaped 307 replies of users sharing who was, in their opinion, 

the best player – often in the form of images or GIFs.  

 

Furthermore, various other techniques were used to promote the brand community and induce users 

to interact with the ad (code 9). The most used technique was including hashtags in the posts – 50% 

of the ads from traditional and 19% of those from esports gambling accounts included such metatags. 

A large difference was found in the use of tags (i.e. using the @-symbol to link other Twitter users to 

the post): whilst only 2% of ads by traditional gambling accounts tagged other users, more than a 

quarter (27%) of adverts by esports gambling accounts did so. Those esports tags included esports 

players, other esports team accounts, and sometimes even other fans/followers. Moreover, 11% of 
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the ads sent by traditional and 5% sent by esports gambling accounts had a clear call to participate. 

This could either be rather subtle by asking something like "What do you think about…" or more 

assertive such as a post by Bwin asking: "Who wins the big fight tonight? Post a ‘heart-emoji’ for 

Golovikin, or retweet for Alvarez". Another 4% of the advert by traditional, and 23% of those by 

esports gambling accounts used more than one of the above (e.g. using a hashtag and tagging 

someone else). Finally, around 33% of ads by traditional and 27% of those by esports gambling 

accounts used none of the brand community techniques above.  

 

Finally, 26% of ads of traditional and 7% of esports gambling accounts showed celebrities (code 12) 

as part of their tweets. However, the celebrities mostly did not function as official "supporters" or 

"ambassadors" but were instead featured in the memes (as discussed earlier, most memes are from 

TV shows and movies) or showed famous sportspeople (such as Louis Figo in the tweet mentioned 

earlier).  

 

In summary, it is striking that most of the analysed content marketing posts do not only use a single 

message strategy or technique in a post but indeed mix a variety of them within just one tweet. Often 

tweets were found to combine six or seven different techniques combining emotional engagement, 

humour, memes, current events, insider sentiments and the use of a celebrity within only one post.  

 
 
4.4.2.3 Relevant regulatory compliance 
 
The third and final part of the codebook investigated whether the content marketing posts by 

gambling providers adhere to (gambling) advertising regulations set by CAP as outlined earlier. First 

of all, it was found that 96% of ads by traditional and 94% of ads by esports gambling accounts were 

related to (e)sports (code 16). This is a crucial finding as this would suggest that apart from very few 

exceptions (such as the Love Island and James Cordon example above), the vast majority of the 
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analysed content marketing adverts would need to adhere to CAP regulations based on the earlier 

discussed 2015 ASA ruling against Bet365 and the additional guidance by CAP (2020a) suggesting 

that “any content that bears a relationship to the products or services they offer has the potential to be considered 

directly connected and therefore within the ASA’s remit”.  

  

After having established that most tweets need to adhere to CAP regulations, the following three 

codes looked at whether the adverts appeared to be appealing to children (CAP 16.3.12), whether 

they featured individuals under the age of 25 (CAP 16.3.14), and if they included labelling suggesting 

the commercial nature of the post (CAP 2.1). The coders felt that only 0.5% of adverts of traditional, 

but 37% of adverts of esports gambling accounts were appealing to children (code 17). For an 

additional 8% of adverts by traditional and 24% of adverts of esports gambling accounts, the coders 

were unsure whether the ads were appealing to children. However, this means that only 39% of 

esports gambling adverts were deemed as clearly not appealing to children. Typical themes of ads that 

were potentially appealing to children were the use of in-game screenshots and animation, and the 

use of youth-culture insider sentiments (see examples above).  

 

Moreover, whilst only one advert by traditional gambling accounts featured individuals under the 

age of 25 (code 18), 22% of adverts of esports accounts did so. The issue was very rarely to show 

children (although a couple of esports tweets were found to do so) but mainly stemmed from 

picturing the often very young esports players. One example is the esports star Oleksandr Kostylieve 

aka "S1mple", who was born in 1997. He was featured in many posts by BetwayEsports due to his 

success in 2018 (the year the data were collected) – when he was only 21 years old. Another example 

by Unikrn (an esports tipster) featured the professional esports player Niels Jasiek aka "luckeRRR", 

who was 22 years old when the ad was posted.  
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Finally, and in line with the findings of Chapter 3, none of the analysed content marketing adverts 

– neither by traditional nor by esports gambling accounts – included “advertising” labelling (code 

19). It was established earlier that content marketing – based on the previous 2015 ASA ruling against 

Bet365 and the additional guidance published by CAP (2020a) –must be clearly identifiable as 

advertising (CAP Code 2.1). However, without any "ad" labelling, this code is most likley breached 

as the content of content marketing efforts are almost, as per the definition, not clearly recognisable 

as such. 

 

4.5 Discussion 

 
This chapter set out to explore the volume, content and regulatory compliance of content marketing by 

both traditional gambling accounts and those related to esports gambling. By employing Big Data 

analytics and manual content analysis, several novel insights into how content marketing is used on 

Twitter were established. Firstly, it was found that the volume of content marketing is high. Within 

the eight months of data collection, 352,406 content marketing tweets were sent by the observed 417 

accounts, which, just like the high volume of conventional advertising (see Chapter 3), can result in 

heavy and potentially overwhelming exposure for users that follow one or more gambling-related 

accounts on Twitter.  Interestingly, providers do not stick to one of the two techniques only (e.g. only 

posting conventional adverts or only posting content marketing adverts). Indeed, most accounts used 

a mixture of the two techniques. Accordingly, there is a worry that content marketing functions as 

bait to lure users into their networks by posting these non-gambling related tweets, raising concerns 

particularly for children and young people, who could potentially start following gambling accounts 

because they saw content they liked (such as a meme) without actually knowing it is a gambling 

account. Once a user then follows an account, they are also exposed to content with clear call-to-

action content – as analysed in Chapter 3.  
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Secondly, the idea of content marketing functioning as bait – to lure users into engaging with an 

advert or the account – is reiterated by findings regarding their content. Whilst a majority of tweets 

use a variety of message strategies and techniques in just one single tweet (e.g. combining memes, 

insider sentiments, references to current events, emojis etc.), they tend to have something in 

common: they seemed very inconspicuous, innocent and harmless for what they are – adverts for a 

highly addictive product. The tendency to use humour, news, emojis or memes is very unlikely to 

trigger feelings of “be careful – this is a gambling ad”. The worry is that the very positive light in 

which gambling accounts present themselves may be inviting or encouraging young people to 

participate in gambling activities (Abarbanel et al., 2017). Indeed, the analysed tweets were found to 

potentially trigger emotions such as amusement, happiness and admiration. This positive 

connotation is likely to further normalise gambling as a harmless and normal activity (Clemens et 

al., 2017) – in case the user recognises it as gambling-related advertising.   

 

Indeed, content marketing tweets are very hard to recognise as advertising, and advertisers make 

minimal effort to change this. None of the manually analysed tweets had any kind of labelling 

clarifying their advertising nature. Furthermore, of the 352,406 content marketing tweets, only 657 

(0.19%) included some sort of gambling-related warning (T&C apply, responsible gambling, or age 

restrictions). Both conditions are problematic as they neglect current UK advertising regulations set 

by CAP. The resulting disguised nature of advertising affects recipients somewhat subconsciously, 

which is likely to disable protective heuristics (Heath, 2012). 

 

Thirdly, the use of innocent and harmless adverts was further extended by using ‘insider sentiments’ 

(the use of an ‘in joke’ or niche expert information to enhance the feeling of belonging to a special 

club/group) was extensively used in the observed content marketing tweets. Overall, 85% of esports 

tweets and 55% of traditional gambling tweets made use of it. The use of this technique by esports 
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gambling adverts is particularly worrisome due to their young target group. As outlined earlier, 

adolescence is a crucial phase in the search for activities and attributes which form identity (Erikson, 

1950) – often via the means of consumption (Nairn and Spotswood, 2015). It seems that particularly 

esports gambling providers use this developmental vulnerability by designing insider sentiments in 

the form of content marketing efforts that are based on underdog sentiments, which likely gives those 

who can "decode" the message a feeling of being part of a particular group. Indeed, the narratives 

and stories in most of these esports tweets are almost entirely meaningless for non-gamers or, due to 

being very closely related to youth culture, to older audiences. Indeed, the "meme's culture" itself 

acknowledged this special relationship, as shown in a well-known diagram that went viral on social 

media (see Twitter, 2021). This post suggests that memes (most likely concerning the insider aspects 

of it) become less funny when the popularity (i.e. the number of people who understand it or are 

able to "decode" it) increases. By using content that is not "generally understandable", the advertisers 

seem to purposely exclude a general appeal to a broad audience in order to be appealing to a specific 

group. The worry, however, is that this group (in the case of esports) is made up of young people.  

 

Finally, although it was found that the vast majority (around 95%) of the analysed content marketing 

tweets refer to (e)sports – and thus, need to adhere to advertising regulations, several regulatory 

breaches were apparent – particularly for esports accounts. Apart from the earlier indicated lack of 

advertising labelling, a substantial amount of esports adverts raised concerns with regard to the 

protection of children. Indeed, only 39% of content marketing esports adverts were perceived as not 

being appealing to children and, 22% of adverts by esports accounts showed individuals under the 

age of 25. Both areas of breaches are concerning and reinforce the danger of esports gambling 

accounts – intentionally or inadvertently – luring children into engaging with gambling accounts. 
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4.6 Chapter Summary and Implications for Chapter 5  

 
Similar to the preceding chapter, the present chapter also set out to investigate the preliminary 

objectives PO1 (volume), PO2 (content) and PO3 (regulatory compliance) but this time of gambling 

content marketing efforts on Twitter. By doing so, the aim was to gain crucial and novel insights to 

subsequently conduct a study on the appeal of gambling advertising for children (Chapter 5), but 

also enable well-founded and comprehensive policy recommendations in respect to the CAP "appeal 

code". Accordingly, the main findings in respect to set preliminary objectives will be summarised:  

 

Table 19: Summary of Chapter 4's findings of volume, content and regulatory compliance 

Volume  
• The volume of gambling content marketing on Twitter is high. On average, each of the 

investigated 417 gambling related accounts posted 845 content marketing adverts in the outlined 
8-month period – resulting in 352,406 content marketing tweets overall. 

• Gambling accounts tend to combine the two types of advertising (content marketing and 
conventional advertising) in their posting routines – the majority of accounts balanced their 
advertising mix, sending between 30% and 70% content marketing tweets. 

• Only 0.19% of all 352,406 content marketing tweets included social responsibility messages (such 
as T&C, WhenTheFunStopsStop etc.). 

• Of the ten most “successful” tweets (e.g. highest engagement numbers) of the complete sample-
set (which includes conventional advertising too), all ten most successful tweets were categorised 
as content marketing techniques – underlying their engaging nature. 

Content 
• Content marketing efforts were found to mix a variety of techniques within one post – often up to 

7-8 different techniques. 
• Similar to findings in Chapter 3, markedly differences were found between traditional and esports 

betting accounts. This is partly evident in the quantitative indicators but also in style and language 
that might not be captured in the quantitative investigation.  

• Overall, 66% of content marketing ads by traditional gambling accounts and 63% of those sent by 
esports betting accounts were found to use emotional engagement.  

• Insider sentiments were vastly featured in content marketing tweets – 55% of content marketing 
posts by traditional accounts and a stunning 85% of esports betting accounts employed posts that 
trigger the feeling of being an insider/expert.  

• Humour was used by 39% of content marketing tweets sent by traditional accounts and 42% of 
esports betting accounts. 

• Promotion of brand community & interactive content was also found to be featured in many 
content marketing efforts. Overall, 67% of content marketing tweets by traditional and 74% of 
those sent by esports betting accounts were found to use one or more such engagement 
techniques (e.g. hashtags, tagging, call to participate, etc.).  

• Another vastly used technique was identified in the use of referencing current events or news as 
part of content marketing posts. Overall, 84% of content marketing posts by traditional accounts 
and 56% of those posted by esports accounts were found to use this technique.  
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• In line with previous literature on social media advertising, it was confirmed that many content 
marketing efforts use educational elements. Overall, 79% of content marketing tweets by 
traditional and 60% of those sent by esports betting accounts were found to used educational 
elements. Notably, infographics were found to be a recurring technique.  

• Finally, memes were found to be featured in many content marketing efforts. Overall, 8% of 
content marketing tweets by traditional, and 22% of those sent by esports betting accounts were 
found to use this very specific and contemporary technique. 

Regulatory Compliance 
• It was found that 96% of content marketing ads by traditional and 94% of content marketing ads 

by esports gambling accounts were related to (e)sports – which means they are under the remit 
of CAP legislation. 

• Whilst only one content marketing ad by traditional gambling accounts featured individuals under 
25, 22% of content marketing posts of esports accounts did so.  

• The coders felt that only 0.5% of adverts of traditional, but 37% of adverts of esports gambling 
accounts were appealing to children.  

• None of the analysed content marketing adverts – either by traditional or by esports gambling 
accounts – included an “advertising” labelling.  

 

Finally, Figure 17 shows how the findings of the preliminary research objectives (volume, content 

and regulatory compliance) inform Chapter 5 – which aims to assess the actual appeal of gambling 

adverts to children and young persons.  
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Figure 17: Overview of how Chapter 4 informs Chapters 5 & 6 

 
 
Having explored and disentangled the gambling advertising ecosystem on Twitter in respect to its 

volume, content and regulatory compliance in Chapters 3 and 4, we are, at this point, able to 

understand some of the key components and techniques commonly used in this sphere – which is 

crucial before moving on to assessing the “actual appeal” of gambling adverts to children and young 

persons. The main implication of the findings from the preliminary chapters for the present chapter 

is the multifaceted nature of the gambling advertising sphere on Twitter. There is no such thing as 
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a “gambling advert”. Depending on the type of gambling offered (traditional gambling vs esports 

gambling) and the form of advertising used (content marketing vs conventional adverting), the 

volume, content, and regulatory compliance varied dramatically. First and foremost, marked 

differences between content marketing and conventional advertising efforts were found. Overall, 

around 40% of all gambling adverts analysed are categorisable as content marketing – something that 

has so far not been looked at. The content and techniques used in content marketing efforts appear 

to be almost incomparable with conventional gambling adverts – they were found to use memes, 

humour and a lot of interactivity, whilst almost fully disguising their commercial nature – and are 

therefore in stark contrast to conventional adverts.  

 

Furthermore, even within the advertising categories (e.g. “conventional advertising”) stark differences 

were found in the content used by esports accounts and those accounts promoting traditional 

gambling. This was particularly evident in substantial quantitative and qualitative differences in the 

use of monetary incentives, cartoons and animation, emojis, and the picturing of under 25-year-olds. 

Accordingly, whilst there is no such thing as “a gambling advert”, there is unlikely to be “an appeal” 

of gambling adverts – the level of appeal will mostly likely vary substantially, depending on the nature 

of the gambling account (traditional vs esports), as well as the form of advertising (conventional vs 

content marketing).  Figure 18 shows how some of the findings of Chapters 3 and 4 were used to 

inform Chapter 5. 
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Figure 18: Overview of how Chapters 3 and 4 informed Chapter 5
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5. The Appeal of Twitter Gambling Advertising to 

Children and Young Persons 
 
5.1 Introduction 

 
The aim of the present thesis is to investigate whether gambling advertising on Twitter is appealing 

to children and young persons in order to give concrete policy recommendations in respect to the 

CAP "appeal code".  

 

This seemingly simple question links to several challenges stemming from very little pre-existing 

knowledge (as outlined in Chapter 1) in this area of inquiry. Many of these challenges have been 

addressed in Chapters 2, 3 and 4. Before moving on to address the main aim of this thesis, however, 

the question will be split into its key components to summarise what we have learned throughout 

the thesis so far:  

 

 (1) What is gambling advertising on Twitter?  

 (2) What is appeal?  

(3) How can appeal be measured in children?  

(4) What is particular appeal (according to CAP)?  

 

(1) What is gambling advertising on Twitter?  

Chapters 3 and 4 address some of the research gaps identified in the area of gambling advertising on 

Twitter and have provided enough understanding about this research field to conduct the present 

chapter of investigating the actual appeal. As mentioned earlier, the main implications of the findings 

from the preliminary chapters for the present chapter are the multifaceted nature of the gambling 

advertising sphere on Twitter. There is no such thing as a “gambling advert”. Depending on the form 
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of the advertising (content marketing vs conventional advertising) and the form of the gambling 

advertising (traditional gambling accounts vs esports betting accounts), adverts use entirely different 

content and have very different levels of adherence to current CAP regulations. Similarly, the 

potential appeal of these adverts to children and young persons seems to vary substantially depending 

on the form of each advert.  

 

(2) What is appeal?  

By unpicking existing “appeal” literature (see Section 2.1), I established a definition of “appeal”: 

 

Appeal refers to (a) any aspect of a message or product which functions as a stimulus and to (b) an 

emotional-like internal state in the receiver of the message resulting from that stimulus. The success of 

the appeal stimulus in evoking the internal state of appeal (i.e. whether it is appealing) depends highly 

on the receiver, not just on the stimulus. The appeal stimulus attempts to trigger the internal emotion-

like appeal state to provoke a behavioural or cognitive response. However, the created response does not 

necessarily have to be planned or targeted by the sender. It might be triggered unintentionally, as the 

interpretation (the “making sense”) of the message happens within the receiver. In marketing and 

advertising, this response tends to be aimed at creating a sympathetic response towards a brand, service 

or product. 

 

       Message       Receiver 

 

 

 

 

Any aspect of a 
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Emotion-like 
state of  

APPEAL 

Behavioural / 
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Whilst the message part of “appeal” has been investigated in Chapters 3 and 4, the present chapter 

will examine appeal as an emotion-like state. The literature review has shown that emotions are far 

more important than cognition and that appeal can thus be investigated as an emotion-like state. 

The literature review also showed that the underlying constructs used to examine emotional states 

tend to be: valence and arousal (e.g. Bolls et al., 2001; Bradley and Lang, 1994; Russell, 1980; Russell 

and Barrett, 1999). For gambling advertising to be appealing, it needs to be perceived as "pleasant" 

(i.e. positive valence). The stronger the arousal, which accompanies the valence response, the stronger 

the appeal is – and vice versa. 

 

(3) How can appeal be measured in children? 

Different types of emotion measures (self-report vs autonomic measures) have different advantages 

and disadvantages, as shown in Section 2.2. Crucially, the emotion measure for the present research 

purpose needed to be able to measure appeal as a combination of valence and arousal fairly accurately 

in both children and adults and should, therefore, not rely on complex and wordy explanations of 

the concepts involved. The chosen tool should also enable the possibility of collecting data from 

many participants. Therefore, the pictorial based, self-report emotion measure called SAM (self-

assessment manikins) was deemed most suitable to measure arousal and valence. These two 

dimensions could then be used to create an appeal score.  

 

(4) What is particular appeal (according to CAP)? 

Next, we will recap on how we can understand the CAP wording of “particular appeal to children 

and young persons”. As mentioned earlier, to investigate whether different types of gambling are of 

“particular appeal” (CAP code 16.3.12) to children and young persons, it is crucial to have a good 

understanding of what this actually means.  
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In theory, "of particular appeal to children" could mean two things . It could either mean something 

is particularly appealing to children and young persons, compared to something else (e.g. gambling 

advertising is more appealing to children than insurance adverts). Alternatively, it could mean that 

something is particularly (or "substantially more") appealing to children and young persons, 

compared to adults. Whilst the CAP have reacted to some of the findings and critique regarding the 

"particular appeal code", they have clarified that their understanding refers to the latter, arguing they 

"found a significant number of gambling advertisements to be in breach of the rules because they 

were judged to appeal particularly to under-18s; in other words, the advertisements appealed more 

to under-18s than to adults.” (CAP, 2020). However, the main critique of this position is that even 

if an ad is not of more appeal to children than adults, it may still be highly appealing to children. 

Accordingly, having a point of comparison (i.e. comparing the appeal of gambling adverts to non-

gambling adverts) is a crucial step in ascertaining whether certain gambling adverts are of particular 

appeal to children and young persons or not.  

 

Guided by the two different points of an argument of what "particular appeal" really is, this present 

chapter aims to answer two research questions.  

 
M1. Is gambling advertising on Twitter more appealing to children and young persons than to 

adults? 

M2. Is gambling advertising on Twitter more appealing to children, young persons and adults 

than other adverts? 
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5.2 Related Literature & Hypothesis Development 

 
5.2.1 Hypothesis Development for M1  

 
To answer the first research question (M1), whether gambling advertising is more appealing to 

children and young persons than to adults, this section will investigate differences in appeal of 

different types of gambling adverts between children, young persons, and adults. Then, based on 

the findings from previous studies and largely from Chapters 3 and 4, a set of hypotheses will be 

developed. 

 

To answer M1 very broadly, the appeal of all investigated gambling adverts will be compared between 

the three age groups (children, young persons, and adults). This will give an initial indication of 

whether gambling advertising on Twitter is, on the whole, more appealing to children and/or young 

persons than it is to adults. From the results presented in previous chapters, it can be assumed that 

gambling advertising on Twitter is more appealing to children and young persons than to adults. 

From the previous research (see Section 2.4.2.4), there is no direct evidence that the appeal of 

gambling advertising will differ between children and young persons. Therefore, the first hypothesis 

to test is: 

 

 
 
Although testing this hypothesis will give valuable insights into the appeal of the gambling advertising 

ecosystem on Twitter as a whole, analysing gambling adverts as one entity runs the risk of 

oversimplifying a very complex environment that, as discussed before, consists of several components 

and techniques that differ fundamentally. In particular, whether gambling advertising is presented 

in the form of content marketing or as conventional advertising and whether the advert is for traditional 

gambling or esports gambling accounts was shown to have marked differences in volume, content, and 

H.1a Gambling advertising on Twitter is more appealing to children and young persons than to 
adults. 
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regulatory compliance. It can therefore not be assumed that these different forms of advertising elicit 

the same levels of appeal. For this reason, a further eight hypotheses will test the differences in the 

levels of appeal that each of these variations elicits in children, young persons, and adults, thereby 

enabling fine-grained understanding, which may lead to precise policy recommendations. As in the 

previous hypothesis (H.1a), it is to be expected that in all cases, gambling advertising will be more 

appealing to children and young persons (i.e. without significant differences between these two 

groups) than to adults. Whilst I am assuming that there are no significant differences between the 

groups of children and young persons, the differences between these two groups are still statistically 

investigated.  Once again, it is important to stress that although the expectation of the direction of 

the effect is the same as for H.1a above, the previously found differences in volume, content and 

regulatory compliance of these sub-species of gambling adverts prescribe that they must be 

investigated separately. Accordingly, the next eight hypotheses to be tested are: 

 

Table 20: Summary of hypotheses H.1b - H.3c 

 

H.1b Gambling content marketing on Twitter is more appealing to children and young persons 
than to adults. 

H.1c Conventional gambling advertising on Twitter is more appealing to children and young 
persons than to adults. 

Gambling advertising by esports accounts 

H.2a Gambling advertising by esports accounts on Twitter is more appealing to children and 
young persons than to adults. 

H.2b Content marketing by esports accounts on Twitter is more appealing to children and 
young persons than to adults. 

H.2c Conventional advertising by esports accounts on Twitter is more appealing to children and 
young persons than to adults. 

Gambling advertising by traditional gambling accounts  

H.3a Gambling advertising by traditional gambling accounts on Twitter is more appealing to 
children and young persons than to adults. 

H.3b Content marketing by traditional gambling accounts on Twitter is more appealing to 
children and young persons than to adults. 

H.3c Conventional advertising by traditional gambling accounts on Twitter is more appealing to 
children and young persons than to adults. 
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Although these investigations would suffice to answer research question M1, there is one remaining 

limitation that would constitute a gap in the argument that gambling advertising is more appealing 

to children than adults. If the findings indeed verify hypotheses H.1a – H.3c, showing that gambling 

advertising on Twitter is of higher appeal to children than it is to adults, this leaves the possibility 

that any kind of advertising on Twitter is more appealing to children than to adults. This would 

undermine the conclusion that gambling advertising is of particular appeal to children. There is some 

foundation for this counterargument since children and young persons are more driven by emotions, 

as shown in Section 2.5.3. In order to test this, another type of (non-gambling) advertising that is 

comparable to gambling advertising in its potential relevance for children has to be tested in its appeal 

to all three age groups to confirm whether any appeal of gambling advertising on Twitter is of 

particular appeal to children. Insurance adverts (as opposed to other non-gambling adverts such as 

phones or cars) were chosen for three reasons. Firstly, they are related to finance and risk – albeit in 

somewhat different ways. Secondly, children cannot legally take out an insurance policy. And finally, 

by looking for insurance adverts, I also noticed that their Twitter advertising is somewhat similar to 

gambling advertising regarding the use of both conventional advertising and content marketing 

efforts. Accordingly, insurance adverts (both content marketing and conventional advertising) were 

added to create a basis for comparison between the appeal levels. The added hypotheses are: 

 
Table 21: Summary of hypotheses H.4a - H.4c 

 
 

Insurance  

H.4a Advertising by insurance accounts on Twitter is more appealing to adults than to children 
and young persons. 

H.4b Content marketing by insurance accounts on Twitter is more appealing to adults than to 
children and young persons. 

H.4c Conventional advertising by insurance accounts on Twitter is more appealing to adults 
than to children and young persons. 
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5.2.2 Hypothesis Development for M2 

To answer the second research question (M2), the second set of hypotheses will test whether adverts 

by esports gambling accounts, adverts by traditional gambling accounts or other forms of advertising 

(i.e. insurance adverts) are more appealing to children young persons and adults. Again, based on 

the findings from previous studies and, largely, from Chapters 3 and 4, a set of hypotheses will be 

developed below. 

 

In Chapters 3 and 4, it was found that adverts by esports betting accounts were more likely to use 

content that is potentially appealing to children and young persons compared to adverts by 

traditional gambling accounts. Indeed, 17% of conventional esports betting ads were judged as being 

of particular appeal to children and young persons, as opposed to 0.5% of conventional ads by 

traditional gambling accounts (see Chapter 3). The same is true for content marketing, where 37% 

of esports betting ads but only 0.5% of ads by traditional accounts were judged to be of particular 

appeal to children (see Chapter 4). The suspicion that esports betting advertising is more appealing 

to children and young persons than traditional gambling accounts is also backed by additional 

findings in Chapter 3 (reported in Rossi et al., 2021), which found that proportionally, more children 

and young persons follow esports gambling accounts, than traditional gambling accounts.  

 

Accordingly, six hypotheses were added: H5.a, b and c focusing on children, and H.6a, b and c 

focusing on young persons: 
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Table 22: Summary of hypotheses H5.a – H6.c 

 

Turning to adults, Chapter 3 found that most gambling adverts seem to target younger people (i.e. 

under 35) as only 19% of all individuals pictured in gambling adverts were found to be older than 

35. This sign of targeting younger audiences potentially indicates that the overall content might not 

appeal to older adults, as they are not the key target group. Furthermore, Chapter 4 found that many 

adverts use insider sentiments, memes and humorous content that seems to be only "decodable" for 

people understanding the themes they touch on – which often were found to focus on young sports 

stars, game's themes or trendy TV series. These adverts are unlikely to be fully understood by older 

people and are unlikely to appeal to them. This phenomenon was found to be even stronger for 

gambling advertising by esports accounts compared to adverts by traditional gambling accounts. As 

outlined earlier, many esports adverts were almost impossible to decode if the recipient did not have 

the necessary esports knowledge. Accordingly, it is likely that adverts by esports providers are less 

appealing to adults than adverts by traditional accounts. Additionally, adults were also found by 

previous research to have better-developed advertising recognition skills and are therefore more likely 

to put up heuristics protecting them from commercial content. Since gambling is a potentially 

Children: Traditional gambling ads vs esports gambling ads vs insurance ads  
H.5a Advertising by esports gambling accounts on Twitter is more appealing to children than 

advertising by traditional gambling accounts on Twitter and advertising by insurance accounts 
on Twitter.  

H.5b Content marketing by esports gambling accounts on Twitter is more appealing to children 
than advertising by traditional gambling accounts on Twitter and advertising by insurance 
accounts on Twitter. 

H.5c Conventional advertising by esports gambling accounts on Twitter is more appealing to 
children than conventional advertising by traditional gambling accounts on Twitter and 
conventional advertising by insurance accounts on Twitter.  

Young Persons: Traditional gambling ads vs esports gambling ads vs insurance ads 
H.6a Advertising by esports gambling accounts on Twitter is more appealing to young persons than 

advertising by traditional gambling accounts on Twitter and advertising by insurance accounts 
on Twitter.  

H.6b Content marketing by esports gambling accounts on Twitter is more appealing to young 
persons than advertising by traditional gambling accounts on Twitter and advertising by 
insurance accounts on Twitter. 

H.6c Conventional advertising by esports gambling accounts on Twitter is more appealing to young 
persons than conventional advertising by traditional gambling accounts on Twitter and 
conventional advertising by insurance accounts on Twitter. 
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harmful product, this advertising recognition skill might lead to a lower appeal of gambling 

advertising than non-gambling products – such as insurance. Accordingly, three hypotheses were 

added, investigating which adverts are more appealing to adults: 

 
Table 23: Summary of hypotheses H7.a – H7.c 

 
 
5.3 Methodology  

 
5.3.1 Stimuli Development 

To investigate if gambling advertising is more appealing to children and young people than to adults, 

36 different adverts were selected: 12 adverts by esports gambling accounts, 12 adverts by traditional 

gambling accounts, and 12 adverts by insurance accounts. For each of the three categories, six adverts 

were selected that are classifiable as “content marketing” and six as “conventional advertising”. Table 

24 summarises the stimuli categories.  

 

Table 24: Overview of stimuli categories 

 Gambling on esports Gambling on 
traditional activities 

Insurance (for 
comparison) 

Conventional 
Advertising 6 adverts 6 adverts 6 adverts 

Content Marketing 6 adverts 6 adverts 6 adverts 

 
 

Adults: Traditional gambling ads vs esports gambling ads vs insurance ads 
H.7a Advertising by insurance accounts on Twitter is more appealing to adults than advertising 

by traditional gambling accounts on Twitter which is, in turn, more appealing than 
advertising by esports accounts on Twitter. 

H.7b Content marketing by insurance accounts on Twitter is more appealing to adults than 
content marketing by traditional gambling accounts on Twitter which is, in turn, more 
appealing than content marketing by esports accounts on Twitter. 

H.7c Conventional advertising by insurance accounts on Twitter is more appealing to adults 
than conventional advertising by traditional gambling accounts on Twitter which is, in 
turn, more appealing than conventional advertising by esports accounts on Twitter. 
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5.3.1.1 Conventional Advertising Stimuli 
From the manual coding subsample discussed in Chapter 3, six adverts by esports betting accounts 

and six adverts by traditional gambling accounts were selected. As indicated earlier, previous research 

found various characteristics gambling providers repeatedly use – of which many were confirmed in 

the context of Twitter advertising as investigated in Chapter 3. These six characteristics were (1) free 

bets (see Chapter 3 as well as Demos, 2016; Hing et al., 2017; Lopez-Gonzalez et al., 2018); (2) use 

of animation (see Chapter 3), (3) complex and monetary focused offers (see Chapter 3 as well as 

Newall, 2015; Williams, 1999); (4) the use of odds (see Chapter 3 as well as Cortis, 2015; Hing et al., 

2017; Newall, 2015); (5) game previews (Houghton et al., 2019); and finally, (6) a mixed advert 

comprising two or more main characteristics.  

 

The selection of the stimuli aimed to ensure a diverse and representative sample set. For each 

characteristic, one advert from the manual coding subsample from Chapter 3 was selected. Table 25 

shows the definition used for the classification of the adverts. Adverts from the sample were selected 

so that they clearly represent one of their six respective categories. However, since this present 

research uses real-life examples, characteristics were not isolated. This means, for example, that the 

advert chosen to represent "free-bet" might also include attributes that are also suitable for "complex 

and monetary focused offers" or included "animations". Recognising the limitations due to the multi-

dimensionally of the adverts, they will subsequently not be analysed with respect to their main 

characteristic (e.g. "Adverts classified as ‘Free-Bets’ are more appealing to children"). A face validation 

with two other PhD researchers was conducted (see Section 5.3.1.4) to ensure sufficient diversity.  
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Table 25: Overview of conventional advertising characteristics used in present study 

Definition Example from sample Reference 

1) Free Bets 
Free Bets normally involve a clear 
reference to “Free Bets” such as 
“Bet £10 and Get £30 in Free 
Bets”. They tend to be part of 
sign-on offers and tend to apply 
for new customers only.  
 

 

Demos, 
2016; Hing 
et al., 2017; 

Lopez-
Gonzalez et 

al., 2018 

2) Animations and Cartoons 
The inclusions of cartoons or 
animated characters.  

 

Inductive – 
see Chapter 

3 

3) Complex and monetary focus 
Financial incentives are used 
extensively in gambling 
advertising. However, they are 
often rather complex to 
understand. For example, Footy 
Accumulator´s “bet £10 get £60”, 
includes a long list of T&C that 
would need to be investigated to 
be understood. Some adverts 
were found to have seven 
different pieces of information 
making it unlikely that users 
would be able to process the 
messaging before opening an 
account and placing a bet. 

 

Newall, 
2015; 

Williams, 
1999 
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4) Odds 
Odds in gambling refer to offers 
bookmakers are providing and 
are generally expressed in two 
pairs of numbers, which reflect 
the likelihood of an event taking 
place – the lower the likelihood 
of an event is, the higher the 
possible win. Previous research 
shows, that gambling providers 
present odds for specific events 
(e. g. winner of a football match) 
plentifully in their advertising 
efforts. 

 

Cortis, 2015; 
Hing et al., 

2017; 
Newall, 2015 

5) Game Previews 
Game Previews by gambling 
accounts often include the time, 
date and place of (e)sports 
matches which will take in the 
near future. They are often 
accompanied with odds and a link 
to place the game. Sometimes 
they include insights into the 
game (e.g. Will Thomas Mueller 
score his 30th Champignons 
League goal?). 

 

Houghton et 
al., 2019 

6) Mixture 
A mixed advert uses a variety of 
very dominant characteristics 
such as, for example, Free Bets, 
Animations, as well as Complex 
and Monetary focus.  

 

Inductive 
code 
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5.3.1.2 Content Marketing Stimuli 
 
Characteristics representative of content marketing also had to be selected. As explained in Section 

2.3.2, there is little academic research into content marketing techniques and characteristics. 

Accordingly, previous literature as well as findings from Chapter 4 were used to select six content 

marketing characteristics to be represented in the present study.  

 

The included characteristics were: (1) memes (see Chapter 4 as well as Chaffey, 2020; Marcyes, 2016; 

Uribe, 2013); (2) humorous content (Houghton et al., 2019; Thomas et al., 2016); (3) strong insider 

sentiments (see Chapter 4); (4) interactive content (Ashley and Tuten, 2015; Harris, 2017; 

SmartInsights, 2012); (5) infographics (see Chapter 4 as well as Chaffey, 2020; Marcyes, 2016; Uribe, 

2013); and finally, (6) news (see Chapter 4 as well as Chaffey, 2020; SmartInsights, 2012). The same 

selection process as used for conventional advertising was employed again, however, this time using 

the manual coding sub-sample of Chapter 4. A face validation was performed again for these stimuli 

(see Section 5.3.1.4). 
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Table 26: Overview of content marketing characteristics used in present study 

Definition Example from sample Reference 

1) Memes 
The term “meme” refers to a unit of cultural 
inheritance that is imitated and then 
spreads. Memes have been widely adopted 
online and are used particularly heavily on 
social media platforms. In this context, 
“memes” tend to be composed of one or 
more pictures and some text that aim to 
elicit strong positive emotions that drive 
virus-like sharing behaviours. They tend to 
be highly contextual and timely. 
 
Common themes: screenshots from famous 
movies or pictures of cats paired with text. 

 

Chaffey 
(2020); Le 

(2017); 
Marcyes 

(2016); Uribe 
(2013) 

2) Humour 
Posts were made which employed a 
humorous tone when discussing sport or 
other relevant events. 
 
Common themes: humorous references to 
sports and players; often combined with 
gloating other teams/players 
 

 

Derevensky 
et al. (2010); 
Houghton et 

al. (2019) 

3) Insider sentiments 
The use of insider sentiments to transport a 
feeling of belonging to a group of people 
with a special knowledge.  
 
Common themes: references to sports, 
games, players, or movies 

 

Inductive – 
see Chapter 

4 
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4) Interactive Content 
While most content marketing campaigns at 
some level aim at users engaging (i.e. 
linking, sharing or commenting) with the 
adverts, some of them primarily focus on 
this aspect to promote the brand 
community.  
 
Common themes: “What do you think about 
XXX?”; “Tag someone who will like this 
Tweet”; “Send us your best tag-line about 
XXX” 

 

Ashley and 
Tuten (2015); 

Harris 
(2017); 

SmartInsights 
(2012) 

5) Infographics 
Infographic are a collection of imagery, 
charts, or minimal text that gives an easy-to-
understand overview of a topic. Successful 
infographics excite, engage and are able to 
help us understand and remember the 
content of the infographic. 
  
Common themes: What does XXXX say 
about you?, How to make the best out of 
your XXXXX?,  

 

Nedinger, 
(2020); 
Chaffey 

(2020); Le 
(2017); 

Marcyes 
(2016); Uribe 

(2013) 

 
6) News 
These posts use industry related news, or 
not industry related news alike. 
 
Common themes: news about sports, news 
that are funny or bizarre (e.g. “See through 
toilets open in Tokyo”). 

 

SmartInsights 
(2012) 
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5.3.1.3 Insurance Stimuli  
To be able to compare the appeal scores of gambling advertising to “other advertising” (which is a 

potential argument of “particular appeal”), six content marketing and six conventional advertising 

tweets by insurance providers were selected. The process involved searching on Twitter for UK based 

insurance accounts the adverts for which had similar properties as the gambling stimuli. An example 

of a selected insurance stimuli with similar properties to the gambling ones can be seen Figure 19 

below. It shows two stimuli used in this present research – both are content marketing adverts that 

were classified as “news”. The left one is from the traditional gambling accounts set, whereas the 

right one is from the insurance set.  While not all characteristics from the gambling set could have 

been used (e.g. insurances do not offer “free bets” or “game previews”), it was still intended to have 

as comparable as possible a set. Accordingly, the final set of insurance stimuli consisted of big brands 

and smaller insurance agents; monetary focused adverts; humorous adverts; interactive adverts; 

special offers; news; as well as infographics.  

 

    

Figure 19: Tweets used for the content marketing sample classified as “news” 

Note: The left one is from a UK based traditional sports gambling account, whereas the right one is from a UK based 

insurance company. Both adverts are from big brands and use some text 
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Table 27 summarises the characteristics used in the present research. All 36 used stimuli can be 

found in Appendix A. 

 

Table 27: Overview of all stimuli characteristics used for SAM rating task 

 Esports Gambling Traditional Gambling Insurance Ads 

Conventional 
Advertising 

• Free bet 
• Animation 
• Complex and 

money focused 
offer 

• Game preview 
• Odds 
• General brand ad 

 

• Free bet 
• Animation 
• Complex and 

money focused 
offer 

• Game preview 
• Odds 
• General brand ad 

 

6 adverts with 
similar properties as 

conventional 
gambling adverts 

Content 
Marketing 

• Memes 
• Humour 
• Insider sentiment 
• Interactive 
• Infographic 
• News 

• Memes 
• Humour 
• Insider sentiment 
• Interactive 
• Infographic 
• News 

6 adverts with 
similar properties as 

gambling content 
marketing adverts 

 

Before moving on to testing the face validity, the selected stimuli were prepared for the research. First 

of all, to reduce noise within the stimuli, date and time information about when the adverts were 

posted and the number of likes, re-tweets and comments, were removed from the adverts. The reason 

for this is that the present study focuses on the content of social media adverts, and extra-message 

information such as engagement numbers or the timeliness could distract from the content (Noel et 

al., 2018) and, therefore, influence the level of appeal of the adverts in an uncontrollable way. Then, 

the stimuli were edited so that they were all of a similar size, as larger pictures might affect the 

emotional responses.  
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5.3.1.4 Face-Validity 
 
Next, a face validity check (also often referred to as content validity) of the selected 24 gambling adverts 

was conducted to ensure that the chosen stimuli were representative of their respective category. Face 

validity refers to the degree to which respondents judge that the items of an assessment instrument 

are appropriate to the targeted construct and assessment objectives (Anastasi, 1988; Hardesty and 

Bearden, 2004). The face validity process involves three and nine judges, who are often colleagues 

from the researcher's department (e.g. Netemeyer et al., 1995; Wang & Mowen, 1997). While there 

are different procedures to investigate face validity, which mainly depend on the observed items (e.g. 

scales, images, word-pairs), for the present research, the following approach was used, following the 

example of Baumgartner & Steenkamp (1996) and Ohanian (1990): 

 

Three judges – who were all PhD researchers with subject knowledge – were given a definition of 

characteristics (i.e. meme, free-bet, infographic, odds, etc.), as well as about the differences between 

content marketing and conventional advertising. Then, in two rounds, they had to assign the printed 

copy of the stimuli to one of the categories. In the first round, they were given the 12 gambling 

stimuli from accounts offering traditional gambling, and in the second round, the 12 stimuli from 

esports gambling accounts. By doing so, the design inherently checked for the validity of the 

characteristics but also whether they are clearly identifiable as content marketing vs conventional 

advertising. Since, as outlined earlier, an advert can have more than one characteristic, it was stressed 

that we are looking for the dominant characteristic. The results were that 19 of the 24 stimuli were 

classified correctly by all three judges.  Three of these were misclassified by one judge, and two have 

been misclassified by two judges. Accordingly, after receiving the feedback of the judges, all five 

stimuli were replaced. Judges were then again shown the replaced stimuli alongside the previously 

replaced ones, and it was confirmed by the judges that they were clearer. All adverts were classified 

correctly by the judges in respect to their content marketing vs conventional advertising nature.  After 
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having discussed the selection process of the used stimuli, the next section will describe the 

measurements employed in the survey.  

 
5.3.2 Measures 

 
5.3.2.2 Self-Assessment Manikin (SAM)  
 
Based on the evaluation of different measurement options to investigate appeal (via emotions), the 

SAM tool was chosen for the present research; moment-to-moment measures were deemed as not 

suitable for the present research since they can only measure one emotional dimension at a time (e.g. 

joy or fear-relieve) – which would make the use of the valence-arousal plane impossible. Because the 

present research aimed to compare the level of appeal of children and young persons to adults, verbal 

self-report was also not suitable, as they are based on verbally communicating their emotional 

experience with a stimulus (Fox, 2008). Communication and language skills, however, develop 

substantially during adolescence (Anthony, 2020) – potentially causing issues concerning the 

comparability of children's results with those of adults. The visual-self assessment tool SAM, on the 

other hand, has been employed and validated with different age groups, including children and 

young persons (Backs et al., 2005; Bradley and Lang, 1994; Chen et al., 2018; Laukkal and Haapala, 

2013; Vasa et al., 2006). Furthermore, SAM is one of the most popular self-reporting emotion 

measures and can be conducted online and with a paper-based method and has been vastly applied 

in marketing and advertising studies (Betella and Verschure, 2016) – making it the best option for 

the present research.  

 

SAM, which was initially developed by Lang (1980) and devised and updated by Bradley & Lang 

(1994), is a pictorial scale ranging from 1 to 9, using three dimensions, namely arousal, valence 

(sometimes referred to as pleasure) and dominance. Each dimension uses five manikins, as shown in Figure 

20. Bradley & Lang (1994, p. 50) describe that the arousal scale ranges from a “frowning, unhappy 
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figure” to a “smiling, happy figure”; that the valence scale ranges from a “relaxed, sleepy figure” to an 

“excited, wide-eyed figure”; and that the dominance scale representing changes in control with changes 

in the size of the figures from a very mall figure one the left, to a large figure on the right indicating 

"maximum control in the situation". In the paper-and-pencil version, for each dimension, 

participants have nine options to rate (first manikin, in between first and second manikin, second 

manikin, etc.), for computer-based versions, SAM scales range to 20 (Betella and Verschure, 2016) 

or from -4 to 4 (e.g. Marín-Morales et al., 2018).  

 

 

Figure 20: Self-Assessment Manikin (SAM) based on Bradley & Lang, 1994 

Note: The first row shows the valence scale, the middle row shows the arousal scale, and the bottom row shows dominance. 

 
SAM is probably best known due to its pivotal role in developing the International Affective Picture 

System (IAPS), established by the National Institute of Mental Health Centre for Emotion and Attention 
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at the University of Florida. The International Affective Picture System is “a set of normative 

emotional stimuli for experimental investigations of emotion and attention (…), with the goal (to) 

develop a large set of standardised, emotionally-evocative, internationally accessible, colour 

photographs that includes contents across a wide range of semantic categories” (Lang et al., 1997, p. 

1). It comprises 956 SAM rated images (Lang et al., 2005), ranging from everyday objects such as 

chairs or cars to extreme scenes such as mutilated bodies or attacking animals.  

 
 
Since my literature review has already established that appeal is an emotional construct comprising 

a combination of arousal and valence, I followed a canon of research, only using SAM's valence and 

arousal dimensions to measure the affective response to the gambling stimuli. Both, PrEmo and the 

Affective Slider are based on valence and arousal only, which are commonly used dimensions to 

classify human affective reactions.  Russell & Barrett (1999) argue that valence and arousal are 

optimal and reliable dimensions to measure basic emotions, indicating that dominance might not be 

necessary. According to Betella & Verschure (2016), dominance can therefore be seen instead as a 

consequence deriving from the felt basic emotion than an independent emotional component. 

Indeed, even Bradley & Lang's (1994) original paper shows relatively weak independent effects of the 

dominance dimension (Backs et al., 2005). Subsequently, a substantial amount of studies using SAM 

to measure emotions only used valence and arousal (e.g. Backs et al., 2005; Chen et al., 2018; Kim 

et al., 2019; Rietveld et al., 2020; Stange et al., 2017). The detailed procedure of how SAM was 

administered will be discussed in Section 5.3.3. 

 

5.3.2.3 Other measures used 
 
Apart from using SAM to rate the adverts, 20 other questions were asked: two demographic 

questions; three social media related questions; five gambling behaviour related questions; and 

finally, ten questions to investigate potential problem gambling behaviour. All questions are 

summarised in Table 28.  
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First, participants were asked two demographic questions regarding their age and gender.  The 

question about age was added since it is crucial to investigate if gambling advertising appeal differs 

by age group. The gender question was added to compare how representative the sample is for the 

UK.  

 

Next, three questions indicating the participants' social media usage were included. They were asked 

which social media platforms they use and how often they use social media per day. Collecting this 

information will also be essential in evaluating how representative the participants are by comparing 

their answers to other studies.  Finally, participants were asked how often they see gambling 

advertising on social media. This follows previous research by O’Loughlin & Blaszczynski (2018) and 

Thomas et al. (2018), who found that many children and young persons recall seeing gambling 

advertising on social media. As established earlier, repeated exposure of individuals to a stimulus 

leads to an increasingly positive attitude towards this stimulus – the so-called mere-exposure effect  

Zajonc (1968). Accordingly, understanding more about the exposure to gambling adverts on social 

media will be helpful to potentially explain the level of appeal between different age groups.  

 

Thirdly, five gambling-related questions were included in the questionnaire. This included, if they 

have ever gambled and, if so, how often. Previous literature has found associations between the 

frequency of gambling and the level of arousal (Lole et al., 2020). Since esports gambling is a relatively 

new phenomenon, participants were asked whether they know about esports gambling and whether 

they had ever bet on esports matches. Finally, participants were asked if they play sports (football, 

tennis, etc.) and if they play esports. Jordan (2018) found a correlation between people participating 

in sports or being sports fans and betting on sports. Accordingly, it is likely that these people are also 
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more affected (i.e. higher arousal and/or appeal ratings) by (e)sports gambling adverts than people 

who are not interested in (e)sports.  

 

Finally, while previous literature has found that problem gamblers tend to be exposed to higher 

volumes of gambling advertising (Gainsbury et al., 2016b), Lole et al. (2020) found that problem 

gamblers had higher levels of arousal when being exposed to gambling advertising compared to non-

problem gamblers. Accordingly, it was decided to include the Problem Gambling Severity Index 

(PGSI) – a standardised 9-item measure to indicate the severity of potential gambling problems 

(Currie et al., 2013), which might help explain why certain people find gambling adverts more 

appealing than others. However, the PGSI was only shown to participants above 18 years old and 

only if they indicated that they had gambled before. Each question could be answered by using a 

Likert scale ranging from never (score: 0), sometimes (score 1), most of the time (score 2), to almost 

always (score 3). Participants could be classified into four problem gambler categories by scoring the 

results, as outlined by the UK Gambling Commission (2019). These categories are: “gamblers who 

gamble with no negative consequences” (sum of all answers = 0); “gamblers who experience a low 

level of problems with few or no identified negative consequences” (sum of all answers = 1-2); 

“Gamblers who experience a moderate level of problems leading to some negative consequences” 

(sum of all answers = 3-7); and “gambling with negative consequences and a possible loss of control” 

(sum of all answers = 8 or more).  
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Table 28: Summary of questions asked as part of the online survey 

Demographics 
1. What gender are you? 

▢ Male  
▢ Female  
▢ Other  
▢ Prefer not to say 

2. How old are you? 
Social Media Usage 
3. Do you have a social media account? Please tick all that apply? 

▢ Facebook                           ▢      Instagram  
▢ Twitter                               ▢      TikTok  
▢ Snapchat                            ▢      Other 

4. How often do you see gambling advertising on social media? 
o Once/twice a day  
o Once/twice a week  
o Once/twice a month  
o Once/twice a year  
o Never 

5. How often do you see gambling advertising on social media? 
o Once/twice a day  
o Once/twice a week  
o Once/twice a month  
o Once/twice a year  
o Never 

Gambling Related Question 
6. Do you play any sports? 

▢ Football                                   ▢ Basketball  
▢ Rugby                                      ▢ Swimming  
▢ Hockey                                    ▢ Other 
▢ Netball                                    ▢ I don't play sports 

7. Do you play esports? 
▢ League of Legends  
▢ Fortnite  
▢ Call of Duty  
▢ Counterstrike  
▢ FIFA Online  
▢ Other  
▢ I don't play esports 

8. Have you ever gambled or placed a bet? 
▢ Yes  
▢ No  
▢ Prefer not to say 

9. Have you ever placed a bet on an esports match? 
▢ Never  
▢ Sometimes  
▢ Most of the time  
▢ Almost always 

10. Did you know you can bet on esports? (DOTA, Fortnite, Overwatch, etc.)? 
▢ Yes  
▢ No 
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Problem Gambling Severity Index (PGSI) 
11. Have you bet more than you could really afford to lose? 

▢ Never  
▢ Sometimes  
▢ Most of the time  
▢ Almost always 

12. Have you bet more than you could really afford to lose? 
▢ Never  
▢ Sometimes  
▢ Most of the time  
▢ Almost always 

13. Have you needed to gamble with larger amounts of money to get the same feeling of excitement? 
▢ Never  
▢ Sometimes  
▢ Most of the time  
▢ Almost always 

14. When you gambled, did you go back another day to try to win back the money you lost? 
▢ Never  
▢ Sometimes  
▢ Most of the time  
▢ Almost always 

15. Have you borrowed money or sold anything to get money to gamble? 
▢ Never  
▢ Sometimes  
▢ Most of the time  
▢ Almost always 

16. Have you felt that you might have a problem with gambling? 
▢ Never  
▢ Sometimes  
▢ Most of the time  
▢ Almost always 

17. Has gambling caused you any health problems, including stress or anxiety? 
▢ Never  
▢ Sometimes  
▢ Most of the time  
▢ Almost always 

18. Have people criticised your betting or told you that you had a gambling problem, regardless of 
whether or not you thought it was true? 
▢ Never  
▢ Sometimes  
▢ Most of the time  
▢ Almost always 

19. Has your gambling caused any financial problems for you or your household? 
▢ Never  
▢ Sometimes  
▢ Most of the time  
▢ Almost always 

20. Have you felt guilty about the way you gamble or what happens when you gamble? 
▢ Never  
▢ Sometimes  
▢ Most of the time  
▢ Almost always 
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5.3.2.4 Pre-testing 
By pre-testing the survey, "researchers are able to ensure that the questions are clearly articulated and 

that the response options are relevant, comprehensive, and mutually exclusive — and not just in their 

own estimation, but from the point of view of the respondents as well” (Ruel et al., 2016, p. 102). 

Accordingly, after establishing a sound set of stimuli, as well as having composed the initial version 

of the questionnaire, the whole survey was pre-tested with nine undergraduate students aged 18-21 

in February 2020. Because this was before the change to the online collection method due to the 

Covid-19 outbreak, the session was in-person using a paper-based questionnaire and a projector to 

show the stimuli.  

 

The pre-test was conducted as a group debriefing assessment, in which participants discuss the survey 

and its instruments as a group in detail (Vogt et al., 2004) after having completed it individually. 

One of the key benefits of this approach is that it enables the researchers to assess the magnitude of 

a problem by getting feedback from the whole group – pinpointing if it was rather a problem for one 

individual or many of them (Ruel et al., 2016). Subsequently, after the students completed the survey, 

I asked for general feedback – i.e. what they liked and what they did not like, and if there was anything 

to improve. The key reaction from many students, which was then mirrored by the vast majority of 

the group, was that the SAM part was "way too long" concerning the number of images shown and 

that they became increasingly "bored" and distracted during the task. This is particularly interesting 

as Lang et al. (2005) describe in their SAM manuals the use of 60 stimuli for paper-based and 21 

stimuli for the computer-based version. To address the feedback of the SAM task being too long, I 

decided to halve the number of stimuli so that each participant was exposed to 18 stimuli.  

 

Thus, in the final version, each participant saw a random 18 of the 36 stimuli. Using the "stratified 

function" in Qualtrics ensured that each stimulus received the same amount of ratings across the full 

sample size. Apart from this issue, the group of students confirmed that the given time to observe 



 
 
183 

and rate each stimulus was sufficient. After going through each question one at a time, they also 

confirmed that most questions were very clear, but mirror corrections were conducted based on their 

feedback. 

 
 
5.3.3 Procedure and Data Collection 

After having discussed which stimuli were used in the survey, as well as establishing the soundness 

of the developed measurements in the pre-test, the following section will show the research procedure 

and sequence of the questionnaire. 

   

Figure 21 summarises the questionnaire sequence. 

 

Figure 21: Overview of research procedure. 

 

The survey was designed and executed using Qualtrics, an online survey software widely used in 

academic research (Ghosh et al., 2019). After clicking on the distributed link (see more info on the 

sampling in Sections 5.3.5.2 and 5.3.5.3), all participants saw a summary of the study and could 

decide whether they wanted to participate. Then, after being presented with the participation 

information and consent/assent form and subsequently confirming that they had read and 
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understood the information, the survey started. The first part was the SAM rating task, followed by 

demographic and background questions.  

 

The SAM task started by showing a five-minute-long instruction video explaining how to use SAM. 

The video was specifically produced for the present research and included very detailed instructions 

using child-friendly language. The video included an English-speaking narrative, subtitles, 

screenshots of the survey, and animation underpinning the SAM rating process. The spoken 

instructions (see Appendix B) were informed by the instructions by Lang et al. (2005). It was 

perceived as very important to use the exact same terms to describe the SAM scales as used in the 

validated measure. Accordingly, the valence scale was described as ranging from "unhappy" to 

"happy". They were told that they should choose the "happy manikins" if they felt "happy, glad, 

cheerful, pleased, good, or hopeful”, whereas the “unhappy manikins” should be chosen if they felt 

“unhappy, scared, angry, or bad." The arousal scale was described as ranging from "very still” which 

should be chosen if they felt “very calm, relaxed, bored or sleepy” to the manikin on the other side 

which should be chosen if the advert made them feel “very excited, nervous, jittery, active or wide 

awake”. It was repeatedly stressed that there were no right or wrong answers and that they should try 

to rate according to how they felt when looking at the social media posts. 

 

After describing how the SAM scale should be used, the video explained the research procedure. 

Employing the same process as outlined by Lang et al. (2005), loops were created, consisting of three 

slides for each stimulus. The first slide said: “Click on the blue arrow if you're ready to rate the next 

slide”. See Figure 22 for a screenshot of the slide. 
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Figure 22: The first slide of the three-slide loop shown per stimulus 

 

After clicking on the arrow, one of the 36 previously discussed social media posts (in random order) 

was shown for exactly six seconds before automatically disappearing. All shown stimuli had the same 

size and image resolution and were shown centred on the screen. See Figure 23 for a screenshot of 

how stimuli were presented in the survey. 

 

 

Figure 23: The second slide of the three-slide loop shown per stimulus 
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Finally, the two SAM scales (arousal and valance) automatically appeared (see Figure 24). Participants 

had ten seconds to rate the seen advert before the rating scales automatically disappeared, and the 

"Click on the blue arrow if you're ready to rate the next slide”-slide appeared, initiating the 3-slide 

loop again.  

 

 

 

To ensure participants were familiar with this loop, the SAM task started with four test ratings (which 

were not included in the analyses) before moving on to the rating of the 18 randomly selected stimuli. 

Accordingly, the SAM rating tasks took around ten minutes to complete, which consisted of five 

minutes to watch the instruction video, and another five minutes to rate the stimuli (including the 

four test rounds).  

 

After completing the SAM rating task, the participants were presented with the background and 

demographic questions as discussed earlier. No time limit was given to answer these questions, but 

on average, participants required approximately four minutes to answer these questions. Thus, 

overall, the survey took around 16 minutes to complete.  

Figure 24: The final slide of the three-slide loop shown per stimulus  
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5.3.4 Piloting 

After ensuring that the measurements were clear, a pilot test was launched. A pilot test (also known 

as a feasibility study) is a “trial run of entire study from start to finish that increases the likelihood of 

success for the main study” (Ruel et al., 2016, p. 114). They are conducted to test the entire research 

process in actual field conditions (ibid.).  Accordingly, the pilot test sample needed to reflect the 

original sample target (i.e. children, young persons, and adults). The link to the pilot survey was 

distributed via email to undergraduate students and staff members of the University of Bristol School 

of Management, with the invitation to do the study and ask their children (11-17) if they wanted to 

participate. The pilot test resulted in 28 responses, which is within the 10-30-participant range 

previously outlined by Hill (1988) and Julious (2005) as a sufficient size for a pilot test. Participants 

were between 13 and 65 years old. 

 

To give participants a platform to communicate feedback, four additional questions were added at 

the end of the survey asking them whether they think (1) the SAM task was clear, (2) there was 

anything that was not clear, and (3) there was anything to improve, and (4) there was anything else 

or concerns they wanted to share. The vast majority of participants indicated in the feedback section 

that the SAM task and the framing of the other questions were very clear. However, two participants 

said that it was a bit distracting that some of the images were shown in different resolutions, which 

was subsequently changed for the final version.  

 

5.3.5 Sampling 

 
5.3.5.1 Sample Size Consideration 
 
The results from the pilot survey were used in a power analysis to estimate the necessary sample size 

for the present research. Blaise et al. (2016, p. 5179) write that “statistical power analysis relates 

sample size, effect size, and significance level to the chance of detecting an effect in a data set." They 
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continue by explaining that the null hypothesis would represent the absence of an effect (i.e. no 

relationship between the observed constructs). In contrast, the alternative hypothesis represents the 

existence of an effect. In the present thesis, this would mean that there is no significant difference 

between the levels of appeal between the three ages groups. The size of the effect (in relation to the 

significance level and the statistical test which will be performed) can then be used to estimate the 

necessary sample size. In other words: "The stronger the effect, the more easily it will be detected, 

thus requiring a smaller number of samples” (ibid.). Using the data from the pilot study, the resulting 

F value (which is the ratio of the variation among the group means to the average variation among 

participants (Cohen, 1988)) and the group-means were used to inform a power analysis. The F value 

was found to be 0.16, whereas 0.10 is seen as low; 0.2 as medium, and 0.4 as high effect size (ibid.). 

I then applied this value to power analysis using G-power for a one-way ANOVA. Using the power 

level of 0.8 and a significance level of 0.05 (UCLA, 2020) resulted in an appropriate sample size of 

203 per group (children, young persons, and adults). Accordingly, during the sampling process – 

which will be discussed in the following section – the aim was to have around 203 participants in 

each group. 

 

5.3.5.2 Children’s Sampling Frame and Sample 
 
Schools in a 30m radius around Bristol were chosen to access children aged 11-17. When conducting 

research with children, schools are a common route to access a diverse and representative body of 

children (Testa, 2006). Following Testa's (2005) recommendations on accessing research participants 

in schools, first, a sampling frame was established by composing a comprehensive list of all eligible 

schools. Accordingly, an official spreadsheet listing all schools in England (available at 

https://www.gov.uk/school-performance-tables) was downloaded. The downloaded spreadsheet 

consisted of 25,292 schools in England. Then, I filtered down the data set to only include the target 

population: students aged 11-17 from secondary schools (including 16 plus schools; and all-through 
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schools) in a 30m radius around Bristol. Accordingly, 201 schools from the unitary authorities of 

Bath and North East Somerset, City of Bristol, North Somerset, South Gloucestershire, Somerset and 

Gloucestershire were in the final pool to be potentially invited to the research. Figure 25 below 

summarises this child sampling frame. 

 

 

 

 

 

 

 

 

 

Secondly, eligible schools were then contacted until a sample size of at least 203 children was 

achieved. Of the eligible 201 schools, overall 75 schools were invited to participate in the research. 

Of these 75 schools contacted, six schools participated in the research, which equals a participation 

rate of 8%, which is roughly in the region of previous research recruiting schools for research (e. g. 

Lader & Matheson (1991) 15 out of 140 contacted schools (11%)). As Table 29 shows, the schools 

that participated had between 19 to 1,261 pupils per school, indicating a good mix between large 

and small schools. The majority of the participating schools were found to be in urban locations 

(83%). This is roughly in line with the DEFRA urban vs rural classification that suggests that 86% 

of secondary schools in England are in urban locations (Department for Education, 2016). While 

there is a good mix in the size of the schools, gender split, and with respect to their rural and urban 

setting, only state-funded schools participated in the research. As indicated in the sampling frame, 

secondary schools within a 30m radius around Bristol were randomly contacted – this included 

All schools in England 
(n=25,292) 

Removed non-secondary schools  
(n=20,067) 

All secondary schools in England 
(n=5,225) 

Removed schools outside 30m radius  
(n=5,024) 

All secondary schools within 30m radius  
(n=201) 

Figure 25: Flow diagram of the selection process for schools to be contacted for the research 
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grammar, boarding and other independent or privately funded schools. However, none of these 

schools wanted or was able to participate in the research. Since "only" around 6% of children living 

in the UK attend independent or privately-funded schools (Green and Kynaston, 2019), the 

prevalence of state-funded schools in the present study is unlikely to induce issues concerning the 

generalisability of the sample. Furthermore, there are no strong indicators that children from private 

schools would experience different levels of appeal when being exposed to gambling advertising.  

 

Table 29: Summary of the schools that participated in the research 

 
School 

 
Location 

No. of 
pupils 

Phase of school 
education 

Gender 
 Male   Female  

 
Funding Type 

School I Urban 1330 Secondary School 50.7%  49.3% State-funded community school 
School II Urban 1276 Secondary School & 

Sixth Form 
51.2%  48.8% State-funded academy 

School III Urban 918 Secondary School & 
Sixth Form 

48.8%  51.2% State-funded community school 

School IV Urban 1013 Secondary School 53.2%  46.8% State-funded academy 
School V Rural 232 Secondary School 88.4%  11.6% State-funded technical college 
School VI Urban 19 Secondary School & 

Sixth Form 
NA State-funded alternative provision 

 
 

After schools agreed to participate in the research and received consent from the parents (more 

details in Section 5.3.6), 1,723 children from six schools were invited to participate in this research 

project. The dissemination of the hyperlink leading to the online survey was done by (primarily 

PSHE) teachers using the software their respective schools used for online teaching efforts. Therefore, 

the invited children were completely free to decide whether or not to take part in the survey, and if 

they chose to, this would have been in their free time. This is different to previous research on schools 

which is often conducted during scheduled lessons (e.g. the PSHE lesson on a Tuesday morning) 

since, in such settings, the research session replaces the everyday teaching. Such in-person sessions 

were not possible, however, for the present research due to the Covid-19 pandemic (see Section 

5.3.7). Accordingly, it is not too surprising that the response rate was lower than in those settings. 

Overall, 384 (19.4%) responses were recorded, which included the categorisation outlined by the 
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American Association for Public Opinion Research (2015) of break-ups (level of completion <50%), 

partial responses (level of completion between 50%-80%) and complete responses (level of 

completion >80%). When looking at partial and complete responses, 238 responses were recorded. 

The gender split of the complete responses was close to the national secondary school average with 

46.6% males (national average 50.2%) and 50.0% females (national average 49.8%). Additionally, 

3.4% answered the gender question with "prefer not to say". The student response rate per school 

ranged from 11.7% to 23.1%, with an average of 15.7%. 

 

5.3.5.3 Young Persons and Adults Sample Frame and Sample 
 
The sampling frame for young persons and adults was generally everyone above 18 years old within 

the geographical constraints of living in southwest England. Accordingly, a probability sampling 

approach, utilising the participant database “Prolific”, which offers a UK representative sample 

(Prolific, 2019), was used to recruit participants for the young persons and adults samples. 

Snowballing and convenience sampling are the most frequently used online survey sampling 

methods. Snowballing includes selecting an initial group, with further participants being invited via 

referrals or information provided by the initial participants (Malhotra et al., 2017). Convenience 

sampling, on the other hand, tends to be a sample drawn from a population close to hand (Malhotra 

et al., 2017). This is often done by inviting students or members of social organisations where 

gatekeepers are known. However, both techniques have substantial disadvantages regarding the 

representativeness of samples and are, therefore, most suitable for research focusing on small or 

stigmatised subsets of the general population (Brickman-Bhutta, 2012). Accordingly, the use of a 

participant database can overcome these limitations.  

 

Although there are some concerns regarding the quality of participant database responses stemming 

from participants giving the same answer repeatedly, filling out the survey multiple times (Hays et al., 
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2015), insufficient investment in appropriate answering, or insufficient language skills (Hauser et al., 

2018), previous research found that the quality of those panels is similar to alternative research 

approaches. Indeed, Hauser et al. (2018) outline several possible solutions to reduce each of the 

concerns above, such as only including participants with a high previous approval ratio or restricting 

participants to specific geographical locations, which have all been employed in the present research. 

Furthermore, based on the trend of increasing use of participants’ panels in social sciences 

(Bohannan, 2016), Kees et al. (2017) compared the quality of MTurk (a participants’ panel provided 

by Amazon) responses with non-panel responses acquired from professional research companies. 

They found that in advertising research, the panel responses were of similar quality compared to the 

other response routes, underlining the viability of this approach. Besides, they found that in some 

circumstances – such as for experimental designs – the panel approach even had some advantages 

over other popular approaches such as student online sampling or lab sampling, underlining the 

appropriateness of the approach employed in this study.  

 

Finally, the Prolific database was chosen based on its high data quality compared to other databases. 

While MTurk is one of the most famous participants panels, Peer et al. (2017) compared the quality 

and the response rate of the participant panels MTurk, CrowdFlower and Prolific, and found that 

participants on Prolific produced the best data quality, with participants being found to be more 

honest, more demographically diverse and less exposed to common research tasks as compared to 

participants on other platforms. 

 

To produce comparable sample sizes across the different age groups, the aim was to receive around 

210 responses for young persons and 210 for adults. To make up for potentially low-quality responses 

that might have to be excluded from the analysis, 221 responses for each group were collected (one 

participant identified as "other", which explains why the table below shows 220 participants). Using 
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the filtering tool on Prolific, only participants located in southwest England were invited. This 

enabled a more comparable set of samples since the children’s sample was also located in southwest 

England. The age and gender proportions within each group correspond with the England and Wales 

Census by the Office for National Statistics (2011), which is the most recent census for England. 

Table 30 shows how the collected responses correspond with the 2011 census regarding age and 

gender distribution.  

 

Table 30: Sampling of young persons and adults via Prolific compared with census 2011 data 

Age-
Group 

Census 
2011 

 
% 

Sample 
total 

 
% 

Sample 
Male 

 
% 

Sample 
Female % 

18-24 4,970,636 - 220  - 111  - 109  - 
18-21 2,814,174 56.7% 124 56.4% 63 56.7% 61 56.0% 
22-24 2,156,462 43.3% 96 43.6% 48 43.3% 48 44.0%         

 
>24 36,704,860 - 220  - 107  - 113  - 
25-34 7,160,102 19.5% 42 19.1% 21 19.6% 21 18.5% 
35-44 7,435,050 20.3% 44 20.0% 22 20.5% 22 19.5% 
45-54 7,279,910 19.8% 44 20.0% 22 20.5% 22 19.5% 
55-64 6,169,269 16.8% 38 17.3% 19 17.8% 19 16.8% 
>64 8,660,529 23.6% 52 23.6% 23 21.6% 29  25.7% 

 
 
 
 
5.3.6 Ethical Considerations  

As indicated earlier, the present research – which exposes children to potentially harmful advertising 

content – required careful ethical considerations. Although different institutions and research bodies 

provide slightly different research ethics codes, they tend to be founded on three fundamental human 

rights principles as Nairn & Clarke (2012) outline, namely a) the voluntary, informed consent of the 

participant to take part in the research, b) the well-being of the research participant, and c) respect 

by the researcher for the confidentiality and privacy of the research participant. While these 

principles concern both children and adults alike, when dealing with children, researchers need to 

be particularly careful to avoid harm or neglecting their rights (Alderson and Morrow, 2020). 
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Research with children focusing on areas such as body image, drugs, alcohol, or inappropriate 

imagery needs to be handled with extreme sensitivity (Nairn and Clarke, 2012). With betting being 

illegal in the UK for people under 18 years, the present research falls into such a category. 

Accordingly, before contacting schools or participants, the research underwent a comprehensive 

ethical approval process. Guided by the above outlined three principles, the processes that were 

undertaken whilst conducting and preparing the research are described in more detail. 

 

5.3.6.1 The voluntary, informed consent of the participants 
 
The informed consent for the children was insured in three stages. To begin, the schools needed to 

give their permission before conducting any research at their schools. A summary of the research 

purpose and nature, the nature of the participation, the time for completion, as well as the fact that 

participation was voluntary and that they could withdraw at any point was outlined in the 

“Participation Information and Consent” letter which they received prior to any data collection (see 

Appendix C).  

 

Then, although in the UK schools (usually the head-teacher) can give consent in loco parentis – “in 

place of the parents” (Alderson and Morrow, 2020) – due to the highly sensitive nature, it was 

decided to contact the parents/guardian of the underaged participants additionally by email sent 

through the school via their parent/guardian mailing lists. These mailing lists are used for other 

essential school-parent communication and are therefore reliable in making sure the 

parents/guardians will receive and read the emails. The email comprised the information about the 

research session and the Information and Consent Form (Appendix D). The parents/guardian had 

seven days to contact the school or me to inform us about their decision if they did not want their 

children to participate in the research session. Using this opt-out consent for research on schools is 
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common and has the advantage of reducing selection bias (Testa, 2006), which can empower the 

voice of children. 

 

Finally, before the online survey began, the children were introduced to the purpose and nature of 

the research, the nature of the participation, the time it would take, as well as the fact that 

participation was voluntary and that they could withdraw at any point alongside the option to 

discontinue at the beginning to make sure nobody was being pressured by their parents or teachers 

to participate. After reading this information, they had to give their assent. The Information and 

Assent Form (see Appendix E) was written in language that is appropriate for children by avoiding 

complex terms (e.g. instead of "assent" = "confirming that you are happy to take part"). Only if 

consent/assent in all three stages was confirmed were the children were able to participate in the 

research.  

 

5.3.6.2 The well-being of the participants 
Apart from having outlined repeatedly that they could leave the survey at any given point (in the 

assent form, as well as repeatedly in the survey itself), the research was accompanied by an educational 

component – which was also offered to young persons and adults.  This de-briefing component is 

vital to explain what they have been exposed to and give them resources and further contacts if they 

had bad feelings after the research and wanted to talk about them. Since gambling education has 

been added to the PSHE curriculum for secondary schools, some participating schools used the 

research and the educational component as part of their online teaching. In these settings, the 

children were potentially obliged by their teachers to complete the educational component (again, 

this was, of course, possible without doing the questionnaire too). Once the educational component 

was completed, the children received a link to a certificate which they could print or email to their 

teachers.  
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The educational component comprised educational videos and infographics, followed by a little quiz 

to test what they had learned. Based on the work by PSHE Association (2019) and the YGAM trust 

(2019), the primary learning aim of the educational component was to introduce gambling 

awareness. Therefore, the learning objectives were: (1) to find out what motivates people to gamble, 

(2) to find out who is at risk from problem-gambling, (3) to find out the main types of gambling in 

the UK, and (4) to understand what is meant by responsible gaming. Correspondingly, the learning 

outcomes for the participants were: (1) I can describe why some people gamble, (2) I can identify 

those most at risk from problem gambling, and (3) I can define “responsible gambling”. Furthermore, 

for those who wanted to deepen their knowledge, they were provided with a link to a 30-minute-long 

video called "The secret addiction", which shows and discusses the issues with gambling addiction 

and gambling advertising in the UK. Since the research potentially led to participants wishing to talk 

about worries provoked by the research or want further help, my phone number and a list of contacts 

to NGOs were provided. Additionally, I was trained by YGAM to deliver gambling education sessions 

to children and young persons.  

 

5.3.6.3 Respect by the researcher for confidentiality and privacy  
Before the survey started, all participants were encouraged to find a quiet space that prevented others 

from seeing their answers. Children had 14 days to do their session, which helped ensure they could 

find a suitable time without putting pressure on them. Neither teachers nor parents received any 

information on whether their child participated in the survey. No personal, identifying data was 

collected apart from the first name and first letter of the last name of children and the Prolific-ID for 

young persons and adults, which was necessary to ensure that participants could make use of their 

right to withdraw their data after completion. In line with University of Bristol regulations, all digital 

data were stored using the University's OneDrive system. All digital information was saved password 

protected and stored at the University's OneDrive to comply with current GDPR and data protection 
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requirements. The University of Bristol holds a Qualtrics licence, and the software complies with the 

GDPR as well as University guidelines.  

 
 

5.3.7 Methodological changes due to the Covid-19 pandemic 

The original research design was due to be conducted as a paper-based study in secondary schools. 

However, the Covid-19 pandemic, including the first national lockdown from 23rd March to 28th 

May 2020, made in-person data collection impossible for the foreseeable future. This context appears 

to be relevant to discuss here, as the methodology changed substantially due to these developments. 

First, the questionnaire was originally designed to be conducted as a paper-based exercise. This 

included the selection of the measures as well as pre-testing the questionnaire. While it was possible 

to transpose the approaches to the online-based version (including SAM), it is likely that if planning 

an online-based survey from scratch, other measures could have been chosen.  

 

Second, as the planned in-person research approach would have required me to travel to the schools 

to conduct the data collection sessions, the location of schools was reduced to schools being located 

within a 30m radius around Bristol – a common approach for in-person sampling methods. Since at 

the point where the first national lockdown was announced, 32 schools had already been contacted, 

and two data-collection sessions had been scheduled, I decided to firstly continue the collection 

process via schools, and secondly, keep the original geographical constraints ensuring consistency 

throughout the process. While secondary schools in England were not allowed to offer face-to-face 

teaching between March and mid-June 2020 (Department for Education, 2020), most schools 

employed online-based teaching only for the remaining term.  

 

Third, the majority of schools were contacted during the peak of the Covid-19 pandemic in 2020, 

with schools being banned from teaching face-to-face from March until mid- June (Department for 
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Education, 2020), which potentially led to a lower response rate from schools. After 15th June 2020, 

secondary schools were allowed to provide some face-to-face teaching but were instructed to educate 

online (ibid.) mainly. Accordingly, teachers were said to be overwhelmed with managing work and 

caring responsibilities whilst working from home, simultaneously to additional pressure to engage 

with online teaching (Müller and Goldenberg, 2020), and thus, might not have been as keen to 

participate in research as otherwise.  

 
5.4 Data Analysis 

 
5.4.1 Demographics and descriptive results 

 
Table 31 presents the overview of the results for the background and demographic questions as 

discussed in the measurement section. 

 
Table 31: Overview of demographic attributes of the participants and the descriptive results 

 
Children 
(n=210) 

Young People 
(n=222) 

Adults 
(n=221) 

All 
(n=653) 

Gender  
  Male 98 (46.6%) 115 (51.8%) 106 (48.0%) 320 (49.0%) 
  Female 105 (50.0%) 107 (48.2%) 114 (51.6%) 325 (49.8%) 
  Other 0 - - - 1 (0.4%) 1 (0.2%) 
  Prefer not to say 7 (3.4%) - - - - 7 (1.1%) 

Age 
  11-13 Years 117    
  14-17 Years 93    
  18-20 Years  97   
  20-24 Years  125   
  25-34 Years   43  
  35-44 Years   43  
  45-54 Years   44  
  55-64 Years   40  
  > 64 Years   52  
  Average Age 13.2 (11-17) 21.0 (17-24) 50.4 (25-78) 28.4 (11-78) 

Use of social media platforms 
  Facebook 59 (28.0%) 181 (81.5%) 181 (81.9%) 421 (64.4%) 
  Twitter 53 (25.2%) 147 (66.2%) 108 (48.8%) 308 (47.1%) 
  Snapchat 120 (57.1%) 167 (75.2%) 29 (13.1%) 316 (48.3%) 
  Instagram 139 (66.1%) 199 (89.6%) 109 (49.3%) 447 (68.4%) 
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  TikTok 107 (50.9%) 79 (35.5%) 22 (9.9%) 208 (31.8%) 
  Other 79 (37.6%) 40 (18.0%) 21 (9.5%) 140 (21.4%) 

Social media usage 
  Not everyday 33 (15.7%) 7 (3.1%) 45 (20.3%) 85 (13.0%) 
  Once a day 21 (10.0%) 18 (8.1%) 36 (16.2%) 75 (11.4%) 
  2-9 times day 85 (40.4%) 87 (39.1%) 94 (42.5%) 266 (40.7%) 
  >9 times a day 64 (30.4%) 110 (49.5%) 45 (20.3%) 219 (33.5%) 

How often do you see gambling advertising on social media? 
  Once/twice a day 53 (25.2%) 83 (37.3%) 61 (27.6%) 197 (30.1%) 
  Once/twice a week 42 (20.0%) 78 (35.1%) 79 (35.7%) 199 (30.4%) 
  Once/twice a month 34 (16.1%) 33 (14.8%) 28 (12.6%) 95 (14.5%) 
  Once/twice a year 20 (9.5%) 10 (4.5%) 16 (7.23%) 46 (7.0%) 
  Never 54 (25.7%) 18 (8.1%) 36 (16.2%) 108 (16.5%)  

Do you play sports? 
  Football 46 (21.9%) 48 (21.6%) 25 (11.3%) 119 (18.2%) 
  Rugby 16 (7.6%) 11 (5.0%) 3 (1.4%) 30 (4.6%) 
  Hockey 12 (5.7%) 10 (4.5%) 3 (1.4%) 25 (3.8%) 
  Netball 18 (8.6%) 12 (5.4%) 4 (1.8%) 34 (5.2%) 
  Basketball 15 (7.1%) 5 (2.3%) 1 (0.5%) 21 (3.2%) 
  Swimming 35 (16.7%) 22 (9.9%) 21 (9.5%) 78 (11.9%) 
  Other 76 (36.2%) 65 (29.3%) 40 (18.1%) 181 (27.7%) 
  Don´t play sports 61 (29.0%) 96 (43.2%) 141 (64.8% 298 (45.6%)  

Do you play esports? 
  League of Legends 3 (1.4%) 14 (6.3%) 2 (0.9%) 19 (2.9%) 
  Fortnite 113 (53.5%) 22 (9.9%) 6 (2.7%) 141 (21.6%) 
  CoD 72 (34.3%) 59 (26.6%) 11 (5.0%) 142 (21.7%) 
  Counterstrike 11 (5.2%) 39 (17.6%) 2 (0.9%) 52 (8.0%) 
  FIFA Football 36 (17.1%) 31 (14.0%) 10 (4.5%) 77 (11.8%) 
  Other esport 105 (50.0%) 34 (15.3%) 11 (5.0%) 150 (23.0%) 
  Don´t play esports 91 (43.3%) 150 (67.6%) 198 (89.6%) 439 (67.2%)  

Have you ever… 
  Gambled? 13 (6.2%) 117 (52.7% 164 (74.2%) 294 (45.0%) 
  Gambled on esports? - - 20 (9.0%) 8 (3.6%) 28 (4.3%) 

  
Are You Aware of Esports 
Gambling? 

90 (42.9%) 120 (54.1%) 61 (27.6%) 271 (41.5%) 
 

Problem Gambling Severity Index (PGSI)  
No-risk gamblers - - 169 (14.1%) 162 (44.1%) 331 (36.2%)* 
Low-risk gamblers - - 31 (13.9%) 36 (16.2%) 67 (15.1%)* 
Moderate-risk gamblers - - 15 (6.8%) 22 (9.9%) 37 (8.4%)* 
Problem gamblers - - 7 (3.1%) 1 (0.5%) 8 (1.8%)* 

* Only participants over 18 years who had gambled were asked to fill out the PGSI (n=443) 
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5.4.2 Reliability of the sample 

 
To ensure that the used sample was representative (in other words: was not biased), control variables 

were compared to those of previous studies. While the gender and age split were already found to be 

in line with census data (see  Section 5.3.5.3), the following section will compare the social media 

usage, gambling behaviour and affinity to sport to the results of previous studies in an attempt to 

detect any bias that could affect the representativeness of the results.  Whilst generally, the numbers 

are comparable with other studies, there is a notable difference in Twitter usage. Whilst the Twitter 

share of children using Twitter is highly comparable between the present sample and the Ofcom 

(2020) study (25% vs 23%), substantially more participants in the young persons and adults sample 

said they used Twitter compared to the Ofcom (2019) study. However, the increase might be 

explained by the different years the data were collected. Ofcom (2019) collected data in 2018 – when 

Twitter had 112 million registered users (Omnicore, 2021). The present study has collected data in 

2020 – when Twitter has grown to 186 million users (ibid.) – potentially explaining the discrepancy.  

 
 
Table 32: Comparison of social media usage of the present sample with other studies 

 
 

Sample 
Children 

 
Ofcom 
(2020) 
12-15 

Sample 
Young 

Persons 

 
Ofcom (2019) 

16-24 

 
Sample 
Adults 

 
Ofcom 
(2019) 

>25 
  Facebook 28% 69% 82% 92% 82% 87% 

  Twitter 25% 23% 66% 35% 49% 21% 

  Snapchat 57% 68% 75% 59% 13% 14% 

  Instagram 66% 66% 90% 62% 49% 29% 

  TikTok 51% 13% 36% - 10% - 

  Other 38% - 18% - 10% - 

 
 
 
The reliability of the used sample was also confirmed by comparing the Problem Gambling Severity 

Index, the participants filled out, with national data (see Table 33). While there are minor deviations 

from national data, it should first be pointed out that the results across different studies differ 
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substantially, as shown in the table below. Secondly, it is important to note that the data collection 

was during the Covid-19 pandemic. This is relevant since the online betting market in the UK saw a 

40% increase during the first lockdown in March 2020 (Gambling Commission, 2020). Accordingly, 

Survation (2021) recorded a 4% increase in people who are not categorised as “non-problem 

gamblers”, which resulted in very similar numbers to the present study, with 10% being low-risk 

gamblers (vs 16% in the present study) and 10% being moderate-risk gamblers (vs 10% found in the 

present study).  

 
Table 33: Comparison of this research’s PGSI results with previous studies 

Note: The young persons’ sample was compared to results from ALSPAC (2019), whereas adults were compared to 

Gambling Prevalence Survey (2016) and Survation (2021)  

 
 

Sample Young 
Persons 

 
 

ALSPAC (2019) 

 
Sample 
Adults 

Gambling 
Prevalence 

Survey (2016) 

 
Survation 

(2021) 
Low-Risk Gamblers 14% 16% 16% 7% 10% 

Moderate-Risk 
Gamblers 

7% 4% 10% 5% 10% 

Problem Gamblers 3% 2% 1% 2% 19% 

 
 
 
5.4.3 Analysis to compare the groups (ANOVA) 

To investigate M1, whether gambling advertising on Twitter is more appealing to children and young 

persons than to adults, an analysis of variance – also known as ANOVA – was performed. One-way 

ANOVAs have one dependent variable (in our case, the mean appeal score of stimuli-groups) and 

three or more independent variables (in our case, the samples of children, young persons and adults). 

As opposed to t-tests, which test the hypothesis that two samples have the same mean, ANOVA tells 

us whether the means of three or more samples/groups are statistically the same (Field, 2009). To do 

so, ANOVA uses f-statistics to compare “the amount of systematic variance in the data, to the amount 

of unsystematic variance. In other words: F is the ratio of the model to its error” (Field, 2009, p. 

349). While the present study uses three different samples (children, young persons, adults), using 

ANOVAs’ f-statistics show either that: a) all three sample means are statistically the same, which 
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would constitute the null-hypothesis ("! =	""# =	"$), b) all three sample means are significantly 

different ("! ≠	""# ≠	"$	 ) or c) that two groups have a similar mean and one group has a 

significantly different mean ("! ≠	""# =	"$	&'	"! =	""# ≠	"$ &'	"! =	"$ ≠	""#). Since the 

earlier stated hypotheses are directional, which means they go a step further in suggesting that the level 

of appeal for one group is higher compared to another group (as opposed to only suggesting “not 

equal”), this can be translated in ANOVA using greater (>) or smaller than (<) symbols (e.g. "! =

	""# >	"$ ). Such directional hypotheses should be investigated by using planned contrasts (Field, 

2009). While employing ANOVA enables us to indicate significant differences between means of the 

three groups, it cannot specifically indicate what drives this effect (e.g. how gambling experience 

affects the level of appeal).  

 

The use of ANOVAs is appropriate for the research presented here because comparisons of mean 

appeal scores between three groups (children, young persons, and adults) follows logically from the 

wording used by the regulators. I have consciously decided against the use of more complex statistical 

methods like hierarchical regressions or mixed effects models that could have not only tested 

differences between groups but also estimated effects of other factors driving these differences (e.g. 

how the participants' social media usage, their problem gambling score, or whether they are sports 

fans drives the appeal of gambling advertising after controlling for age group). There are three reasons 

for this decision. First, the novel way to measure appeal I have developed in this thesis not only 

measures the overall level of appeal, but it can also be used to locate what different groups feel when 

they are exposed to such categories on a valence-arousal plane of emotions. Because slight differences 

in either valence or arousal can already alter which emotion is expressed by a participant, it is not 

useful to mix too many factors (i.e. advertising group (content marketing vs conventional advertising), 

or gambling form (esports betting vs traditional) in one complex model.  This would then not enable 

us to pinpoint felt emotions on the valence-arousal plane for each of these advertising groups or 
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gambling forms within each age group separately. Moreover, the aim of this thesis is not to explain 

how or why gambling advertising on Twitter may be appealing to different age groups, but to examine 

whether these differences exist in a way that breeches current regulations. For this purpose, the 

variables that may drive any differences in appeal scores are not relevant to regulators. Finally, and 

linking to this, I aim to inform policy makers with the findings presented here and believe that it is 

best to keep the statistical methods as transparent and intuitive as possible in order to convey a 

message to regulators. Results from multiple regressions or mixed models are much harder to present 

graphically and understand in an intuitive, meaningful way. Accordingly, it was decided that the 

most transparent way of analysing differences in appeal of gambling advertising between age groups 

was to run several ANOVAs (for each gambling advertising group and gambling form separately).   

 
 
5.4.3.1 Dependent and independent variables 
 
Before moving on to the assumptions of ANOVA, the dependent and independent variables will be 

set out and explained. The dependent variables used for the ANOVAs were an appeal scale for 

different categories deriving from hypotheses (e.g. Content Marketing from Esports Accounts). 

Accordingly, each of the hypotheses H.1 to H.12 had a different independent variable. For example, 

H.1a refers to "content marketing by esports accounts" and would entail the mean appeal score 

participants gave to the adverts classified as content marketing from esports accounts – see green box 

in Table 34 below.  

 From esports 
accounts 

From traditional 
gambling accounts 

Insurance 
adverts 

Content marketing 6 adverts 6 adverts 6 adverts 

Conventional 
advertising 6 adverts 6 adverts 6 adverts 

Table 34: Overview of stimuli classification for independent variables 
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The appeal score derives from the measures of arousal and valence. As established in the literature 

review, appeal for this research can be seen as a combination of a positive feeling – in this case, a 

positive valence (e.g. a "smiling SAM") – and the level of arousal. Therefore, to measure differences 

in appeal between different groups, a scale combining arousal and valence scores was produced. To 

do so, arousal (ranging from 1 to 9) was multiplied by valence (ranging from -4 to 4) to create the 

interactional, continuous “appeal scale” ranging from -36 (low appeal) to +36 (high appeal). This 

means the if the appeal score is below 0 (which is only possible if valence is negative), it indicates that 

the advertising is generally not appealing (i.e. left-hand side of the valence-arousal plane). Conversely, 

if the score is positive (which is only possible if valence is positive), it is generally appealing (i.e. on 

the right-hand side of the valence-arousal plane). Thus, this appeal score (see below) is the basis of 

much of the following analysis.  

 

-36        0       +36 
 

 
Low Appeal                     High Appeal 
 

While interactions between arousal and valence were used in previous research (e.g. Ren and 

Nickerson, 2019; Rietveld et al., 2020), the computed appeal scale here has not been employed in 

previous research. Accordingly, two steps were taken to ensure the appropriateness of this approach. 

To validate and ensure the soundness of the appeal scale, the hypotheses were run with the valence, 

arousal, and interactive appeal score. Overall, there was considerable similarity in the hypothesis 

acceptance rate between the three variables, as shown in Table 35 (the results can be found in 

Appendix G). Notably, however, several hypotheses were only partially accepted for the valence score 

because the differences between the means for children and young persons had a (small) significant 

effect in a way that children had higher valence scores than young persons. Accordingly, the appeal 

scale can be seen as a relatively conservative measure. Secondly, to avoid a loss of information due to 
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the aggregation of the related but distinct phenomena of arousal and valence, their means were still 

used when investigating hypotheses H.1a-H.4c by mapping the arousal and valence scores on a valence-

arousal plane to enable a detailed visual investigation of them.  

 

Table 35: Acceptance of hypotheses of the arousal, valence and appeal for H.1a-H.4c 

 

The independent variables were the different groups outlined throughout this study, namely 

children, young persons and adults.  

 

5.4.3.2 Assumptions of ANOVA 
 
Before statistically comparing the means of the groups using ANOVA, three assumptions need to be 

tested for each ANOVA being used to test hypotheses. These assumptions are: a) that each data value 

is independent and does not relate to any of the other data values, b) that data for each group is 

normally distributed, and c) that the variances (standard deviations squared) should be homogeneous 

throughout the data (Saunders et al., 2015). The test of these assumptions is necessary to ensure the 

appropriateness and fit of this type of analysis with respect to the data used. The assumption test was 

Hypotheses 

 APPEAL AROUSAL VALENCE  

H.1a Accepted Accepted Partially Accepted 

H.1b Accepted Accepted Partially Accepted  

H.1c Accepted Accepted Accepted 

H.2a Accepted Accepted Partially Accepted 

H.2b Accepted Accepted Partially Accepted 

H.2c Accepted Accepted Partially Accepted	 
H.3a Accepted Accepted Accepted 

H.3b Rejected Accepted Partially Accepted 

H.3c Partly Accepted Accepted Accepted 

H.4a Rejected Partially Accepted Rejected  

H.4b Rejected Partially Accepted Rejected 

H.4c Rejected Accepted Rejected 
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conducted for each ANOVA. This investigation is documented in Appendix F. The process of each 

assumption test is shown in Figure 26 and will now be discussed in detail with the appeal measure 

of "all gambling ads", which refer to all 24 gambling-related stimuli as an example. 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

The first assumption is that observations in the sample are independent of each other (Saunders et 

al., 2015). This means that the measurements for each participant are in no way influenced by or 

Hypothesis 1; 2; 3; 4 

Assumption 1 – Independence of data 
Investigated in the research design and it can be assumed that no such violations are 

present in this data set. 

Assumption 2 – Normality 
Investigated by visual inspection of histograms for each group. Smaller 

deviations from normality are unlikely to affect ANOVA. 

Assumption 3 – Homogeneity of variance 
Tested by using the variance ratio which must be lower than 

three.  

ANOVA is 
unsuitable to test 

hypothesis.  

ANOVA is suitable to test 
hypothesis, by using 

Games-Howell post-hoc 
test. 

ANOVA is suitable to test 
hypothesis. 

Figure 26: Process of testing the assumptions for ANOVA for each hypothesis 

Note: The detailed information (i.e. histograms and variance ratio for each hypothesis) can be found in Appendix F.  
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related to the measurements of other participants (ibid.). As opposed to the other two assumptions 

that will be discussed below, independence of the data cannot necessary be detected within the data 

(e.g. by performing statistical tests) but is rather assessed by examining the study design and data 

collection process itself. Examples of violations of these assumptions are repeated measures (e.g. let 

participants do the survey multiple times) or influencing other participants indirectly (e.g. if the 

experiment was conducted with groups and participants briefed other participants that had not yet 

participated). However, as discussed in the methodology section, great care was taken when designing 

the research process. Accordingly, with the absence of such issues, it can be assumed that no such 

violations are present in this data set.  

 

The second assumption is that the distribution (within the groups) is normally distributed (Glass et 

al., 1972) and was tested by using a visual investigation of the data. For larger samples (200 or more), 

these visual investigations of the distribution in histograms are outlined as the most suitable way to 

investigate normality (Field, 2009). While the values of skewness and kurtosis, or Kolmogorov-Smirnov 

and Shapiro-Wilk tests can be used to test for normality within the sample, since they “compare the 

scores in the sample to a normally distributed set of scores with the same mean and standard 

deviation” (Field, 2009, p. 144), they are rather unsuitable for larger samples as even slightly differing 

scores from a normal distribution might lead to significant effects – indicating a non-normal 

distribution (Field, 2009). As all groups (children, young persons, and adults) have more than 200 

responses and are therefore considered large samples, histograms were produced for each group. 

While normality was investigated for each hypothesis, Field (2009) argues that ANOVAs perform 

well even if smaller deviations from normality are evident. Figure 27 to Figure 29 show the histograms 

of the mean appeal scores for each of the three groups. On a visual inspection, all three groups suggest 

a normal or almost normal distribution, confirming that the second assumption is tenable.  
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Figure 27: Histogram for mean appeal scores for all gambling ads - group children 

 

 
Figure 28: Histogram for mean appeal scores of all gambling ads - group young persons 

 
 

 
Figure 29: Histogram for mean appeal scores of all gambling ads - group adults 
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The final assumption that needed to be tested is the homogeneity of variance (Saunders et al., 2015). 

Field (2009, p. 149) explains that this means "that as you go through levels of one variable, the 

variance of the other should not change. If you've collected groups of data, then the variance of your 

outcome variable or variables should be the same in each of these groups". The variance across the 

three groups can be visualised in a scatter plot. Figure 30 shows the mean appeal scores for all 

gambling adverts. Each dot is the mean appeal score of one participant. While the trend-line indicates 

that adults have, on average, a smaller appeal score, the spread of the scores is relevant to assess 

homogeneity. The means of the young persons group, for example, are mainly crowded around -4 

and 4 but range from approximately -14 to 18. In contrast, the scores for the adults group is slightly 

more spread out, reaching from approximately -30 to 21. This larger spread from one group (e.g. 

young persons) to another (e.g. adults) potentially indicates heterogeneous variance and thus requires 

further investigation.  

 

 

Figure 30: Scatter plot of mean appeal scores for all gambling adverts 
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Similar to the earlier mentioned Kolmogorov-Smirnov and Shapiro-Wilk tests, also the Levene's test – which 

offers a statistic calculation of homogeneity of variance – is likely to indicate a violation of 

homogeneity of variance for larger samples above ca 60 participants per group, even if the variances 

only slightly differ between groups (Field, 2009). While ANOVA is generally praised as a very robust 

analysis which is not necessarily affected by smaller violations of normality and homogeneity of 

variance (Field, 2009), a variety of research suggests that for larger samples, the variance ratio between 

the group with the largest and the group with the smallest variance should be a maximum of three 

(Dean and Voss, 1999; Keppel and Wickens, 2004; Kirk, 2012). Applying this to the mean appeal 

scores of all gambling adverts, the largest variance score is found in the adult group (49.60), and the 

smallest variance was found in the young persons group (19.35), resulting in a variance ratio of 2.56 

(49.60/19.35=2.56). Since the ratio is, therefore, under the outlined cut-off of three, the 

homogeneity assumption is tenable. If this assumption is violated, the Games-Howell post-hoc test 

could be performed to investigate the significance between the groups (Field, 2009). 
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5.5 Results and Discussion 

 
5.5.1 Hypotheses Testing H.1a-4c 

 
After having tested and having found that the assumptions for performing ANOVAs for the set 

hypothesis are tenable, the developed hypotheses were subsequently tested. The present section will 

conduct the hypothesis-testing process for hypotheses H.1-4 including both, visual and statical 

investigations. Similar to the assumption testing, it will be initially explained how each hypothesis 

was investigated by using H.1a referring to all gambling adverts as an example, before moving to the 

actual testing of the hypotheses.  

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 
 

Hypothesis H.1a – H.4c 

First Visual Investigation: Valence-Arousal Plane 
Using the valence-arousal plane will help investigating which emotions the adverts 

triggered in the participants. Participants (in the form of dots) who are on the left-hand 
side found gambling advertising not appealing, whereas those on the right-hand side 

found it appealing.  
 
 
 

Second Visual Investigation: Bar chart 
A bar chart will be used to compare the means of the children, young persons and adults 

samples.  

 
 
 

Statistical Result of ANOVA – Decision of Acceptance of Hypothesis 
Based on the bar chart, the results of the ANOVA will used to test whether differences 

between the groups´ means were statistically significant. Using these results, a decision 
regarding the null and the alternative hypothesis will be made. 

 
 
 

Figure 31: Overview of the hypothesis-testing process employed in the present research 
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Overview of H.1 testing 

). +&	
 

Gambling advertising on Twitter is more appealing to children and young 
persons than to adults. ( "! =	""# >	"$ ) 

). +'	
 

Gambling advertising on Twitter is not more appealing to children, young 
persons or adults. ( "! =	""# =	"$ ) 

Independent 
variables: Children, young persons, adults 

Dependent 
variable: 

Appeal score for “gambling advertising” (24 stimuli) 
 

 From esports 
accounts 

From traditional 
gambling accounts 

Insurance 
accounts 

Content marketing 6 adverts 6 adverts 6 adverts 

Conventional 
advertising 6 adverts 6 adverts 6 adverts 

 

No of 
Respondents: 210 children, 222 young persons, 220 adults 

Outcome: ). +& is supported.  
 
 

First, for each hypothesis, the visual investigation will show a so-called valence-arousal plane. As 

outlined earlier, the combination of valence and arousal is a common method to classify emotions. 

The resulting combination of the level of arousal and valence – as collected in the present research by 

using the SAM scale – can then be used to map the emotional states of participants. Figure 32 below 

shows, for example, that high arousal and positive valence indicate "excited", whereas low arousal 

and negative valence might be interpreted as "bored", as per Russell's (1980) classification.  
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Figure 32: The valence and arousal plane as proposed by Russell (1980) 

Note: The SAM scales on the bottom and the right-hand side were added to show how they relate to the present research.  

 
Using this plane as a visualisation tool can help investigate and understand the hypotheses and 

research questions. By mapping the collected valence and arousal scores for a stimuli category (e.g. 

esports content marketing) on such a plane, the emotional state these stimuli evoked will be 

visualised. Each dot would represent a participants' mean valence and mean arousal score. So, if a 

participant had a mean valence score for the esports content marketing stimuli of +4, and a mean 

arousal score of 6, the dot for this participant would be approximately where the "Happy"-tag is placed 

in the figure above. Reviewing the literature has shown that appeal is a combination of valence and 

arousal. To be appealing, a positive valence (i.e. above 0) needs to be present. To help in visualising this, 

the right-hand side of the valence-arousal plane will be marked green, indicating that all dots located 

in the green area are participants who found the adverts appealing. Vice versa, the negative-valence 

side (valence < 0) will be marked red, indicating the stimuli were not appealing to these participants.  

  Excited 

Delighted 

Happy 

Tense 

Angry 

Distressed 

Sad 

Depressed 

Bored 

Content 

Calm 

Sleepy 
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Accordingly, Figure 33 shows the valence-arousal plane for H.1, referring to all gambling adverts. 

What is visible in the figure is that more yellow dots (adults) than light-blue (children) or dark-blue 

(young persons) dots are on the left-hand side of the plane. This indicates that children and young 

persons found gambling advertising more appealing. Furthermore, the plane tells us that the majority 

of adults had emotions categorised as "taken aback", "uncomfortable", or "bored" when looking at the 

gambling adverts (see bottom-left quadrant) – indicating that this group has a negative appeal score 

on average. While the vast majority of children and young persons have a valence score of -2 to 2, 

with very few (6 children and 8 young persons) having a lower valence score than -2, a substantial 

amount of adults (29) do have very negative valence scores from -4 to -2. This suggests that adults are 

4-times as likely to have strong negative emotions such as "miserable", "hateful", or "disgusted" when 

being exposed to gambling advertising on Twitter. Overall, the majority of participants, however, 

have a relatively neutral valence score (-1 to 1), paired with lower arousal scores (1-5), indicating that 

on average, the gambling adverts did stimulate emotions classified as "boring", "sleepy", "worried" or 

"apathetic" (see 2D Emotional Wheel).  
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Figure 33: Valence-arousal plane for all gambling adverts 

 
After investigating the emotional state the adverts elicited in the participants via the valence-arousal 

plane, the second visualisation used for investigating the hypotheses is a bar chart comparing the 

means of each sample to each other. Figure 34 shows the mean appeal scores of children, young 

persons and adults rating all gambling adverts, alongside the error bar, which shows the range in 

which 95% of all scores of the sample fell. The visual investigation for H.1 again suggests that 

gambling advertising was more appealing to children and young persons than to adults. Indeed, the 

adults sample was the only sample in this comparison with a negative appeal score of -1.75, which 

would put them on the right-hand side of the valence-arousal plane. This not only suggested that the 

Not Appealing Appealing 
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adverts are not appealing to adults, but also that they were more appealing to children and young 

persons. 

 

Figure 34: Bar chart showing the mean appeal scores for H.1a 

 
To find out, however, if the differences between the groups' means are significant, we finally have to 

look at the statistical results of the ANOVA. Before doing so, however, it is crucial to set the criteria 

for a decision. To do so, the level of significance (often denoted as α or alpha) has to be set. Privitera 

(2012) explains that this is similar to the criterion that jurors use in a criminal trial: "Jurors decide 

whether the evidence presented shows guilt beyond a reasonable doubt (this is the criterion). Likewise, 

in hypothesis testing, we collect data to show that the null hypothesis is not true, based on the 

likelihood of selecting a sample mean from a population (the likelihood is the criterion)” (Privitera, 

2012, p. 230). In behavioural sciences, the level of significance is typically set at	0.05 (i.e. p-value	≤

0.05) to reject the null hypothesis. If the ANOVAs calculated p-value is 0.03, for example, the risk 

of concluding that the samples are different when they are actually not is 3%, and since it is under 

0.05, the null hypothesis would be rejected.  
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Applying this to H.1a, the one-way ANOVA shows a significant effect of appeal between children, 

young persons and adults, F(2, 649) = 17.543, p < .001. Planned contrasts revealed that children and 

young persons have a significantly higher level of appeal compared to adults, t(649) = 5.918, p < 

0.001 (one-tailed), and that there is no significant difference between children and young persons, 

t(649) = -0.162, p = 0.435 (one-tailed). 

 

As indicated by the visual inspection and confirmed by the statistical test, ). +0&  can be 

supported.  
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To investigate H.1b, "all gambling content marketing" stimuli were used to compare the three 

samples. The alternative hypothesis suggests that children and young persons find gambling content 

marketing more appealing than adults. Figure 35 shows the valence-arousal plane for this 

investigation. It first shows that most participants found these stimuli appealing (i.e. positive valence 

score) as most dots are in the green area. Secondly, similar to the visualisation of H.1a, it seems that 

more light and dark blue dots (children and young persons) are on the right-hand side compared to 

yellow dots (adults). Notable, in the upper left quadrant (high arousal & negative valence), which 

represents the emotions of "Angry", "Distressed", or "Frustrated", dots are primarily participants from 

the adults sample. Indeed, 23 adults but only four children and eight young persons are in this 

quadrant, indicating that three to six times as many adults have these sorts of strongly negative 

emotions compared to children or young persons.  

 

Overview of H.1b testing 

). +1&	
 

All gambling content marketing on Twitter is more appealing to children and 
young persons than to adults ( "! =	""# >	"$ ). 

). +1'	
 

All gambling content marketing on Twitter is not more appealing to children, 
young persons or adults ( "! =	""# =	"$ ). 

Independent 
variables: Children, young persons, adults 

Dependent 
variable: 

Appeal score for “gambling content marketing” (12 stimuli) 
 

 From esports 
accounts 

From traditional 
gambling accounts 

Insurance 
accounts 

Content marketing 6 adverts 6 adverts 6 adverts 

Conventional 
advertising 6 adverts 6 adverts 6 adverts 

 

Number of 
Respondents: 210 children, 222 young persons, 220 adults 

Outcome: H. 14( is supported.  
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Figure 35: Valence-arousal plane for all gambling content marketing 

 

When looking at Figure 36, which compares the mean appeal scores for children, young persons and 

adults when rating the 12 gambling content marketing stimuli, two observations are striking. First, 

in contrast to the previous observation, this time, all means of the three groups are positive, 

indicating that content marketing is – on average – appealing to all three age groups. Second, the 

means for children (mean = 2.90) and young persons (mean = 2.38) are substantially higher than the 

mean for adults (mean = 0.67) – which would support the hypothesis. This again indicates that 

gambling content marketing is more appealing to children and young persons than adults.  

Not Appealing Appealing 
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Figure 36: Bar chart showing the mean appeal scores for H.1b 

 

Applying this to H.1b, the one-way ANOVA shows a significant effect of appeal between children, 

young persons and adults, F(2, 649) = 7.869, p < .001. Planned contrasts revealed that children and 

young persons have a significantly higher level of appeal compared to adults, t(649) = -3.881, p < 

0.001 (one-tailed), and that there is no significant difference between children and young persons, 

t(649) = -0.882, p = 0.189 (one-tailed). 

 

 

As indicated by the visual inspection and confirmed by the statistical test ). +5& can be supported.  
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H.1c focuses on conventional gambling advertising (from both esports and traditional gambling 

accounts). As outlined earlier, conventional gambling advertising is often focused on monetary 

themes of gambling (such as sign-on bonuses, odds, free bets, etc.) which tend to be clearly 

identifiable as advertising. As opposed to the investigation of the previous two sets of stimuli, 

conventional gambling adverts appear to trigger negative emotions for most participants, visible in 

the valence-arousal plane (Figure 37) on the left-hand side. Indeed, it seems that the majority of each 

group are in the red area – indicating that the adverts were not appealing (i.e. negative appeal score). 

Most dots are located in the negative valence & low arousal quadrant, which indicates emotions such 

as "sad", "depressed", or "bored". Similar to the previous two hypotheses investigations, however, it 

seems that more adults (yellow dots) have strong negative valence (between -4 and -2), indicating 

emotions such as "angry" or "distressed". Finally, more adults than children and young persons are 

located in the high arousal & high valence quadrant – which is where highly negative emotions such 

as "tense", "angry", or "distressed" are located: 18.2% (40 out of 220) adults are located in this negative 

Overview of H.1c testing 

). +6&	
 

Conventional gambling advertising on Twitter is more appealing to children and 
young persons than to adults ( "! =	""# >	"$ ). 

). +6'	
 

Conventional gambling advertising on Twitter is not more appealing to children, 
young persons or adults ( "! =	""# =	"$ ). 

Independent 
variables: Children, young persons, adults 

Dependent 
variable: 

Appeal score for “conventional gambling advertising (12 stimuli) 
 

 From esports 
accounts 

From traditional 
gambling accounts 

Insurance 
accounts 

Content marketing 6 adverts 6 adverts 6 adverts 

Conventional 
advertising 6 adverts 6 adverts 6 adverts 

 

Number of 
Respondents: 210 children, 222 young persons, 220 adults 

Outcome: H. 17( is supported.  



 
 
222 

valence & high arousal quadrant, as opposed to 8.5% (18 out of 210) children and 6.7% (15 out of 

222) young persons. 

  

Figure 37: Valence-arousal plane for conventional gambling advertising 

 

Turning to the bar chart (Figure 38), the observations from the valence-arousal plane and the 

hypothesis seem to be confirmed. While children (-1.18) and young persons (-0.5) have a similar 

score, adults (-3.91) have a substantially lower appeal score. This indicates that adults find 

conventional gambling advertising less appealing than children and young persons. Moreover, it is 

striking that all three means of the groups are negative – suggesting that they find it not appealing. 

This is particularly interesting, as this is not the case at all for content marketing (see H.1b), where 

all groups had a positive appeal score. 

Not Appealing Appealing 



 
 
223 

 

Figure 38: Bar chart showing the mean appeal scores for H.1c 

 

Applying this to H.1c, the one-way ANOVA found a significant effect of appeal between children, 

young persons and adults, F(2, 649) = 17.083, p < .001. Planned contrasts revealed that children and 

young persons have a significantly higher level of appeal compared to adults, t(649) = -5.723, p < 

0.001 (one-tailed), and that there is no significant difference between children and young persons, 

t(649) = 1.098, p = 0.137 (one-tailed). 

 

As indicated by the visual inspection and confirmed by the statistical test ). +8& can be supported.  
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To investigate H.2a, "all gambling advertising by esports accounts" stimuli were used to compare the 

three samples. The alternative hypothesis suggests that children and young persons find gambling 

content marketing more appealing than adults. Figure 39 shows the valence-arousal plane for this 

investigation. It is evident, that the majority of light blue (children) and dark blue (young persons) 

dots are on the right-hand side of the plane. On closer inspection, it is notable that in the top left 

(high arousal & low valence) quadrant, which represents emotions like stronger negative emotions 

like "tense", "angry", and "distressed", again, the vast majority are adults. Indeed, this quadrant entails 

41 adults, 11 children, and only ten young persons, suggesting that adults are around four times 

more likely to feel these strong negative emotions when exposed to esports gambling adverts than 

children and young persons. When looking at the green, appealing side of the valence-arousal plane, 

we mainly see the light- and dark blue dots. Overall, 63.8% (134 out of 210) of children, 56.3% (125 

out of 222) of young persons, but only 34.3% (76 out of 220) of adults had a positive valence score 

– indicating they found esports gambling advertising appealing.  

Overview of H.2a testing 

). 9:&	
 

All gambling advertising by esports accounts on Twitter is more appealing to 
children and young persons than to adults ( "! =	""# >	"$ ). 

). 9:'	
 

All gambling advertising by esports accounts on Twitter is not more appealing to 
children, young persons or to adults ( "! =	""# =	"$ ). 

Independent 
variables: Children, young persons, adults 

Dependent 
variable: 

Appeal score for “gambling advertising by esports accounts” (12 stimuli) 
 

 From esports 
accounts 

From traditional 
gambling accounts 

Insurance 
accounts 

Content marketing 6 adverts 6 adverts 6 adverts 

Conventional 
advertising 6 adverts 6 adverts 6 adverts 

 

Number of 
Respondents: 210 children, 222 young persons, 220 adults 

Outcome: H. 2<( is supported.  
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Figure 39: Valence-arousal plane for gambling advertising by esports accounts  

 
These observations seem to be confirmed when looking at the bar chart (Figure 40). While children 

(mean = 1.70) and young persons (mean = 0.97) have similar scores, which are both positive, adults 

(mean = -2.68) are the only group that has a negative score, which is also substantially different 

compared to the other two groups. This is a striking result in two respects. On the one hand, it seems 

to support the hypothesis by indicating that children and young persons find gambling advertising 

by esports account more appealing than adults. On the other, and more surprisingly, it suggests that 

whereas children and young persons find these adverts appealing (i.e. having a positive emotion-like 

state), adults find them not appealing, which is evident in the negative appeal score, which means 

they have a negative emotion-like state after being exposed to these adverts.  

Not Appealing Appealing 
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Figure 40: Bar chart showing the mean appeal scores for H.2a 

 
Applying this to H.2a, the one-way ANOVA found a significant effect of appeal between children, 

young persons and adults, F(2, 649) = 28.432, p < .001. Planned contrasts revealed that children and 

young persons have a significantly higher level of appeal compared to adults, t(649) = -7.470, p < 

0.001 (one-tailed), and that there is no significant difference between children and young persons, 

t(649) = -1.154, p = 0.125 (one-tailed). 

 
 

As indicated by the visual inspection and confirmed by the statistical test ). 90& is supported.  
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To investigate H.2b, the stimuli for content marketing by esports accounts were used to compare the 

three samples. The alternative hypothesis H.5a suggests that children and young persons find content 

marketing by esports accounts more appealing than adults. When visually investigating the valence-

arousal plane (Figure 41), in line with the observation of the previous hypotheses, it seems that the 

majority of dots in the red, not appealing side of the plane are adults (yellow dots), suggesting that 

more adults had negative emotions – such as "bored", "distressed" or "angry – when being exposed to 

content marketing by esports providers compared to children and young persons. However, the 

opposite seems to be evident on the green, appealing side of the plane. The majority of dots on this 

side are children (light-blue) and young persons (blue) indicating positive emotions such as "excited" 

or "calm". Notably, when looking only at the high-valence side (i.e. valence >2), which represents 

emotions like "happy", "delighted", or "content", it is evident that children dominate this area. Indeed, 

21.1% (44 of 209) of children had these high-valence emotions, compared to 13.2% (29 of 220) of 

young persons and 9.7% (21 of 217) of adults.  

Overview of H.2b testing 

). 91&	
 

Content marketing by esports accounts on Twitter is more appealing to children 
and young persons than to adults ( "! =	""# >	"$ ). 

). 91'	
 

Content marketing by esports accounts on Twitter is not more appealing to 
children, young persons or adults ( "! =	""# =	"$ ). 

Independent 
variables: Children, young persons, adults 

Dependent 
variable: 

Appeal score for “content marketing by esports accounts” (6 stimuli) 
 

 From esports 
accounts 

From traditional 
gambling accounts 

Insurance 
accounts 

Content marketing 6 adverts 6 adverts 6 adverts 

Conventional 
advertising 6 adverts 6 adverts 6 adverts 

 

Number of 
Respondents: 209 children, 220 young persons, 217 adults 

Outcome: H. 24( is supported.  
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Figure 41: Valence-arousal plane for content marketing by esports providers  

 
The bar chart below (Figure 42) confirms the visual investigation of the valence-arousal plane by 

showing that children (mean = 3.48) and young persons (mean = 2.42) have substantially higher 

appeal scores than adults (mean = -0.32). The children's mean appeal score for these content 

marketing tweets by esports accounts is the highest mean found for any category in the present study 

indicating that children find this kind of advertising strongly appealing. In line with this finding, one 

of the six stimuli used for this hypothesis was the stimulus that received the highest appeal score 

among the children of 6.84. Furthermore, not only are adults the only group that did not find these 

adverts appealing but there is also a massive difference between the means of children and adults of 
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3.8 and between young persons and adults of 2.74, which suggests that esports content marketing is 

of particular appeal to children as well as young persons.  

 

 
Figure 42: Bar chart showing the mean appeal scores for H.2b 

 
Applying this to H.2b, the one-way ANOVA found a significant effect of appeal between children, 

young persons and adults, F(2, 643) = 12.095, p < .001. Planned contrasts revealed that children and 

young persons have a significantly higher level of appeal compared to adults, t(643) = -4.755, p < 

0.001 (one-tailed), and that there is no significant difference between children and young persons, 

t(643) = -1.328, p = 0.093 (one-tailed).  

 

As indicated by the visual inspection and confirmed by the statistical test, ). 95& is supported.  

 
 
 
 
 
 
 
 



 
 
230 

 
 

To investigate H.2c, the stimuli for conventional gambling advertising by esports accounts were used 

to compare the three samples. The alternative hypothesis H.2ca suggests that children and young 

persons find conventional gambling advertising by esports accounts more appealing than adults. 

Compared to the previous hypothesis H.2b into content marketing by esports accounts, when 

focusing on conventional adverts by these accounts, overall, all groups had more negative emotions, 

which is evident in the shift to the left side of the valence arousal plane (Figure 43). While the vast 

majority of 80.8% (177 out of 219) of adults are located on the not appealing side of the plane, only 

19.2% (42 out of 219) are on the other side – indicating the strong prevalence of negative emotions 

– such as "bored", "sad" or "distressed" – when being exposed to these adverts. When focusing on 

children and young persons, this strong prevalence of negative emotions is not evident. Indeed, the 

light and dark blue dots seem to be evenly distributed across the quadrants, except for the negative 

valence & low arousal quadrant, which appears to show more young persons than in the other 

quadrants, indicating a slightly more negative perception of the adverts than children.  

 

Overview of H.2c testing 

). 96&	
 

Conventional advertising by esports accounts on Twitter is more appealing to 
children and young persons than to adults ( "! =	""# >	"$ ). 

). 96'	
 

Conventional advertising of esports accounts on Twitter is not more appealing 
to children, young persons than adults ( "! =	""# =	"$ ). 

Independent 
variables: Children, young persons, adults 

Dependent 
variable: 

Appeal score for “conventional advertising of esports accounts” (6 stimuli) 
 

 From esports 
accounts 

From traditional 
gambling accounts 

Insurance 
accounts 

Content marketing 6 adverts 6 adverts 6 adverts 

Conventional 
advertising 6 adverts 6 adverts 6 adverts 

 

Number of 
Respondents: 210 children, 221 young persons, 219 adults 

Outcome: H. 27( is supported.  



 
 
231 

 
Figure 43: Valence-arousal plane for conventional advertising by esports accounts  

 
The bar chart (Figure 44) appears to confirm both the visual investigation and the alternative 

hypothesis. While children (mean = -0.14) and young persons (mean = -0.55) have slightly – but 

similar – negative appeal scores, adults (mean = -4.54) have a substantially lower appeal score. Indeed, 

the observed difference in means between adults and both children (difference of 4.40) and young 

persons (difference of 3.99) is the largest observed in any of the nine dependent variables. This 

suggests that while children and young persons do not find conventional advertising by esports 

accounts to be strongly appealing (i.e. slightly negative appeal score), they nevertheless find them 

substantially more appealing than adults. Furthermore, the mean appeal score of adults was also the 

lowest of all nine observed dependent variables, indicating that they find conventional advertising 

by esports accounts not appealing at all.  
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Figure 44: Bar chart showing the mean appeal scores for H.2c 

 
Applying this to H.2c, the one-way ANOVA found a significant effect of appeal between children, 

young persons and adults, F(2, 647) = 25.177, p < .001. Planned contrasts revealed that children and 

young persons have a significantly higher level of appeal compared to adults, t(647) = -7.079, p < 

0.001 (one-tailed), and that there is no significant difference between children and young persons, 

t(647) = -.603, p = .274 (one-tailed). 

  

As indicated by the visual inspection and confirmed by the statistical test ). 98& is supported.  
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To investigate H.3a, the stimuli for gambling advertising by traditional accounts were used to 

compare the three samples. The alternative hypothesis H.3aa suggests that children and young 

persons find gambling advertising by esports accounts more appealing than adults. In line with most 

of the previous results, the visual inspection of the valence-arousal plane (Figure 45) indicates that 

adults (yellow dots) tend to have more negative emotions when being exposed to advertising for 

traditional accounts as opposed to children and young persons with the majority of yellow dots in 

the red, the not appealing side of the plane. When looking at highly negative valence (i.e. valence 

below -2) – indicates emotions like "distressed" or "sad" – it is evident that 18.1% (40 out of 220) of 

the adults, as opposed to 6.2% (13 out of 210) of the children and 7.7% (17 out of 222) of the young 

persons are located in this field. When turning to the green, appealing side of the plane, it seems 

that young persons (dark blue) are slightly more represented than children (light blue). However, as 

opposed to some of the earlier results, the visual inspection suggests a more similar distribution of 

the dots between the groups, indicating less intense effects.  

  

Overview of H.3a testing 

). =:&	
 

All gambling advertising by traditional gambling accounts on Twitter is more 
appealing to children and young persons than to adults ( "! =	""# >	"$ ). 

). =:'	
 

All gambling advertising by traditional gambling accounts on Twitter is not more 
appealing to children, young persons or adults ( "! =	""# =	"$ ). 

Independent 
variables: Children, young persons, adults 

Dependent 
variable: 

Appeal score for “gambling advertising by traditional gambling accounts” (12 
stimuli) 
 

 From esports 
accounts 

From traditional 
gambling accounts 

Insurance 
accounts 

Content marketing 6 adverts 6 adverts 6 adverts 

Conventional 
advertising 6 adverts 6 adverts 6 adverts 

 

Number of 
Respondents: 210 children, 222 young persons, 220 adults 

Outcome: H. 3<( is supported.  
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Figure 45: Valence-arousal plane for gambling advertising by traditional accounts  

 
While the results of the esports adverts showed large differences between children and young persons, 

and adults, for advertising for traditional gambling accounts, the difference is much smaller, as shown 

in the bar chart below (Figure 46) here. Indeed, the means of all three groups range between -0.84 

and 0.97, with children having a mean of 0.08, young persons of 0.97 and adults of -0.84. While this 

is substantially less than in the earlier analyses, it is still striking that adults are the only group with a 

negative mean appeal score – indicating they found this kind of advertising not appealing. While 

children have a slightly positive appeal score (which is well in the margin of error), and young persons 

have a rather high appeal score – compared to both adults and children. This is the only one of two 

instances in the present analysis (the other is in H.3c about conventional advertising by traditional 
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gambling accounts), where young persons have a substantially higher mean appeal score than 

children.  

 
Figure 46: Bar chart showing the mean appeal scores for H.3a  

 
Applying this to H.3a, the one-way ANOVA found a significant effect of appeal between children, 

young persons and adults, F(2, 649) = 4.933, p < .01. Planned contrasts revealed that children and 

young persons were found to have a significantly higher level of appeal compared to adults, t(649) = 

-2.734, p < 0.01 (one-tailed), and no significant difference between children and young persons, 

t(649) = 1.535, p = 0.062 (one-tailed).  

 

As indicated by the visual inspection and confirmed by the statistical test ). =0& is supported.  
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To investigate H.3b, the stimuli for content marketing by traditional gambling accounts were used 

to compare the three samples. The alternative hypothesis H.3ba suggests that children and young 

persons find content marketing by traditional gambling accounts more appealing than adults. As 

opposed to most of the analysed means of the nine hypotheses, the valence-arousal plane (Figure 47) 

for content marketing by traditional gambling accounts indicates that most participants from all 

three groups tend to have positive emotions when being exposed to these adverts. Indeed, only 15 

dots are located in the positive valance & high arousal quadrant, of which the vast majority are adults 

(16 adults, four young persons and five children). Overall, however, similar to the previous hypothesis 

H.3a, the visual investigation of the other three quadrants does not show an apparent prevalence of 

specific groups, which indicates a similar affective response to adverts throughout the groups.  

 

Overview of H.3b testing 

). =1&	
 

Content marketing by traditional gambling accounts on Twitter is more 
appealing to children and young persons than to adults ( "! =	""# >	"$ ) 

). =1'	
 

Content marketing by traditional gambling accounts on is not more appealing to 
children, young persons or adults ( "! =	""# =	"$ ). 

Independent 
variables: Children, young persons, adults 

Dependent 
variable: 

Appeal score for “content marketing by traditional gambling accounts” (6 
stimuli) 
 

 From esports 
accounts 

From traditional 
gambling accounts 

Insurance 
accounts 

Content marketing 6 adverts 6 adverts 6 adverts 

Conventional 
advertising 6 adverts 6 adverts 6 adverts 

 

Number of 
Respondents: 209 children, 221 young persons, 218 adults 

Outcome: H. 34) is rejected.  
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Figure 47: Valence-arousal plane for content marketing by traditional gambling accounts  

 
The bar chart (Figure 48) comparing the means of the groups confirms the observations of the visual 

investigation by showing that all groups have very similar means. Children have the highest mean 

(mean = 2.39), followed by young persons (mean = 2.26) and adults (mean = 2.07). Therefore, the 

difference between the highest and lowest groups is only 0.32, indicating that the null hypothesis 

might be supported. While the relatively high appeal scores throughout all groups, on the one hand, 

mean that content marketing by traditional gambling accounts is not of particular appeal to children 

and young persons (as opposed to adults), it does, on the other hand, suggest that it is still of strong 

appeal to them. This set of stimuli has, furthermore, led to the highest mean for adults.  
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Figure 48: Bar chart showing the mean appeal scores for H.3b  

 
Applying ANOVA to H.3b to investigate the appeal of content marketing by traditional gambling 

accounts, the ANOVA found no statistical effects, F(2, 645) = 5.611, p < .892. Planned contrasts 

revealed no significant differences between children and young persons, compared to adults, t(645) 

= -0.509, p = 0.331 (one-tailed), and no significant differences between children and young persons, 

t(645) = -0.135, p = 0.421. 

 

As indicated by the visual inspection and confirmed by the statistical test, ). =5& is rejected.  
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To investigate H.3c, the stimuli for conventional advertising by traditional gambling accounts were 

used to compare the three samples. The alternative hypothesis H.3ca suggests that children and 

young persons find gambling advertising by esports accounts more appealing than adults. 

Investigating the valence-arousal plane (Figure 49), the most prominent change compared to the 

previous hypothesis H.3b, is a substantial move by all groups to the left side of the plane – indicating 

more negative emotions when being exposed to these conventional adverts by traditional accounts, 

as opposed to their content marketing adverts of H.3b. Most dots are located in the negative valence 

& low arousal quadrant, which means that participants indicated emotions such a "bored", 

"depressed", or "sad" when being exposed to these adverts. In line with most of the previous analyses, 

it again appears that more adults (yellow dots) than children and young persons (light and dark blue) 

are located in the red, not appealing side of the plane. This suggests that adults had more negative 

emotions than the other groups. When observing the right, appealing side of the plane, more young 

Overview of H.3c testing 

). =6&	
 

Conventional advertising by traditional gambling accounts on Twitter is more 
appealing to children and young persons than to adults ( "! =	""# >	"$ ). 

). =6'	
 

Conventional advertising by traditional gambling accounts is not more appealing 
to children, young persons or adults ( "! =	""# =	"$ ). 

Independent 
variables: Children, young persons, adults 

Dependent 
variable: 

Appeal score for “conventional advertising by traditional gambling accounts” (6 
stimuli) 
 

 From esports 
accounts 

From traditional 
gambling accounts 

Insurance 
accounts 

Content marketing 6 adverts 6 adverts 6 adverts 

Conventional 
advertising 6 adverts 6 adverts 6 adverts 

 

Number of 
Respondents: 205 children, 222 young persons, 218 adults 

Outcome: H. 37( is partially supported.  
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persons are located on this side as opposed to both adults, and children, potentially indicating that 

young persons had more positive emotions. 

 

 
Figure 49: Valence-arousal plane for conventional advertising by traditional gambling accounts 

 
The bar chart below (Figure 50) confirms the notions of the visual inspection in showing that adults 

(mean = -3.50) have the lowest mean, followed by children (-1.99) and, finally, young persons (-0.47). 

Opposed to the content marketing analysis of H.3b, for the conventional advertising by traditional 

accounts, the means of all three groups are negative, indicating that all groups find these stimuli not 

appealing. Notably, there is a huge difference between the mean appeal score of adults of H.9 (mean 

= 2.07) compared to H.8 (mean = -3.50) of 5.57, which potentially suggests that the type of advertising 

(content marketing vs conventional advertising) has a larger impact on the level of appeal than the 
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form of gambling (esports vs traditional accounts). What is more, although all mean scores are 

negative, there is still a substantial difference between all three groups. It seems that young persons 

find them substantially more appealing than children, who find them substantially more appealing 

than adults.   

 
Figure 50: Bar chart showing the mean appeal scores for H.3c 

 

Applying this to H.3c, the one-way ANOVA found a significant effect of appeal between children, 

young persons and adults, F(2, 642) = 7.806, p < .001. Planned contrasts revealed that children and 

young persons have a significantly higher level of appeal compared to adults, t(642) = -3.393, p < 

0.001. Furthermore, there is a significant difference between children and young persons, suggesting 

that young persons find gambling advertising significantly more appealing than children t(642) = 

1.945, p < 0.05 (one-tailed). 

 

As indicated by the visual inspection and confirmed by the statistical test, ). =8& can be partially 

supported. While ). =8&  stated that "! =	""# >	"$ , the ANOVA, however, showed an 

additionally significant difference between children and young persons. 



 
 
242 

 
 
 
To investigate H.4a, the stimuli for insurance advertising were used to compare the three samples. 

The alternative hypothesis H.4aa suggests that adults find insurance advertising more appealing than 

children and young persons. The investigation of the valence-arousal plane (Figure 51) suggests a 

slightly different picture compared to the majority of gambling analyses (H.1-3). While previously the 

majority of adults (yellow dots) tend to be on the red, not appealing side of the plane, this time most 

adults appear to be on the green, appealing side – indicating positive emotions such as "content", 

"happy" or "delighted". This is also the case for children and young persons (light and dark blue dots). 

Furthermore, this is the first time that adults do not have the majority in the negative valence & high 

arousal quadrant, which represents emotions such as "angry", "tense", or "distressed".  

 

Overview of H.4a testing 

). ?:&	
 

All advertising by insurance accounts on Twitter is more appealing to adults 
than to children and young persons ( "$ >	"! =	""# ). 

). ?:'	
 

All advertising by insurance accounts on Twitter is not more appealing to adults, 
children or young Persons ( "! =	""# =	"$ ). 

Independent 
variables: Children, young persons, adults 

Dependent 
variable: 

Appeal score for “advertising by insurance accounts” (12 stimuli) 
 

 From esports 
accounts 

From traditional 
gambling accounts 

Insurance 
accounts 

Content marketing 6 adverts 6 adverts 6 adverts 

Conventional 
advertising 6 adverts 6 adverts 6 adverts 

 

Number of 
Respondents: 210 children, 222 young persons, 220 adults 

Outcome: H. 4<) is rejected  
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Figure 51: Valence-arousal plane for all advertising by insurance accounts  

 
In line with both the hypothesis and the investigation of the valence-arousal plane, the bar chart 

(Figure 52) confirms that adults (mean = 1.44) have a higher appeal score than young persons (mean 

= 1.36) and children (mean = 1.21). While the difference is relatively small and might be statistically 

insignificant, no such result was found in any of the nine gambling-related investigations. Thus, up 

to this point, either children or young persons had the highest appeal score for a set of stimuli.  
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Figure 52: Bar chart showing the mean appeal scores for H.4a 

 
Applying this to H.4a, the one-way ANOVA found no significant effect of appeal between children, 

young persons and adults, F(2, 649) = 0.135, p < .874. 

 

Accordingly, ). ?0& is rejected.  
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To investigate H.4b, the stimuli for content marketing by insurance accounts were used to compare 

the three samples. The alternative hypothesis H.4ba suggests that adults find content marketing by 

insurance accounts more appealing than children and young persons. The investigation of the 

valence-arousal plane (Figure 53) seems to confirm earlier findings that content marketing efforts 

(regardless of the product type) tend to lead to more positive emotions compared to their 

conventional counterparts. The figure shows that the majority of all groups are on the green, 

appealing side of the plane, suggesting emotions such as "content", "calm", or "happy". Notably, in 

line with the observation of H.4b, it appears that particularly adults have positive emotions when 

being exposed to content marketing by insurance accounts. This is especially evident in the positive 

valence & high arousal plane, which represents emotions such as "happy", "excited", or "delighted", 

where 22.6% (50 out of 221) of adults are located, as opposed to only 11.7% (26 out of 222) of young 

persons and 10.9% (23 out of 210) of children. Again, this is in stark contrast to gambling-related 

investigations where adults had the majority of negative emotions.  

 

Overview of H.4b testing 

). ?1&	
 

Content marketing by insurance accounts on Twitter leads to a higher level of 
appeal in adults than to children and young persons ( "$ >	"! =	""# ). 

). ?1'	
 

Content marketing by insurance accounts on Twitter is not more appealing to 
adults, children or young persons ( "! =	""# =	"$ ). 

Independent 
variables: Children, young persons, adults 

Dependent 
variable: 

Appeal score for “content marketing by insurance accounts” (6 stimuli) 
 

 From esports 
accounts 

From traditional 
gambling accounts 

Insurance 
accounts 

Content marketing 6 adverts 6 adverts 6 adverts 

Conventional 
advertising 6 adverts 6 adverts 6 adverts 

 

Number of 
Respondents: 208 children, 221 young persons, 215 adults 

Outcome:  H. 44( is rejected.  
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Figure 53: Valence-arousal plane for content marketing adverts by insurance accounts  

 

The bar chart (Figure 54) supports the investigation of the valance and arousal plane as well as the 

set hypothesis. Adults (mean = 2.98) have the highest appeal score, followed by young persons (mean 

= 2.71) and children (mean = 1.99) – again indicating a stark contrast to gambling-related 

investigations where either children or young persons had the highest appeal scores.  
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Figure 54: Bar chart showing the mean appeal scores for H.4b 

 

Applying ANOVA to H.4b to investigate the appeal of content marketing by insurance accounts, the 

results show that adults do have a significantly higher level of appeal compared to children and young 

persons, t(641) = 1.587, p = 0.205.  

 

Accordingly,	). ?5& is rejected.  
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To investigate H.4c, the stimuli for conventional advertising by insurance accounts were used to 

compare the three samples. The alternative hypothesis H.12a suggests that adults find conventional 

advertising by insurance accounts more appealing than children and young persons. The valence-

arousal plane (Figure 55) shows that as opposed to the content marketing of insurance accounts of 

H.4c, for conventional advertising, there is a shift in all groups to the left, negative valence side of 

the plane evident. The distributions of adults, young persons and children appear very comparable 

within each quadrant, with no group having a clear majority in any of the quadrants.  

 

 

Overview of H.4c testing 

). ?6&	
 

Conventional advertising by insurance accounts on Twitter is more appealing to 
adults than to children and young persons ( "$ >	"! =	""# ). 

). ?6'	
 

Conventional advertising by insurance accounts on Twitter is not more 
appealing to adults, children or young persons ( "! =	""# =	"$ ). 

Independent 
variables: Children, young persons, adults 

Dependent 
variable: 

Appeal score for “conventional advertising by insurance accounts” (6 stimuli) 
 

 From esports 
accounts 

From traditional 
gambling accounts 

Insurance 
accounts 

Content marketing 6 adverts 6 adverts 6 adverts 

Conventional 
advertising 6 adverts 6 adverts 6 adverts 

 

Number of 
Respondents: 208 children, 217 young persons, 219 adults 

Outcome: H. 47) is rejected. 
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Figure 55: Valence-arousal plane for conventional adverts by insurance accounts  

 

The bar chart below (Figure 56) confirms the visual investigation by showing very similar appeal 

scores across the three age groups. Although all appeal scores are negative, young persons have the 

highest appeal score (mean = -0.07), followed by children (mean = -0.21) and adults (mean = -0.44). 

This is particularly interesting, as adults had the highest appeal score (mean = 2.98) when rating 

content marketing by insurance providers but now have the lowest compared to the two other groups. 

However, the differences between the groups are minor (within -0.07 and -0.44) and are, therefore, 

likely to be found insignificantly different in the subsequent ANOVA.  
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Figure 56: Bar chart showing the mean appeal scores for H.4c 

 

Applying a one-way ANOVA to H.4c to investigate the appeal of conventional advertising by 

insurance accounts to children, young persons and adults, no significant difference was found, F(2, 

641) = 0.342, p = .710.  

 

Accordingly, ). ?8& is rejected. 
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Testing and investigating H.1-4 has produced a substantial number of findings and insights, which are 

summarised in Table 36.  

 

Table 36: Summary of results of hypotheses testing for H.1-4. 

 
 
 

 

 

 

 

 

 

 

 Dependent Variable Excepted outcome Decision 

H.1a All Gambling Advertising "! = ""# > "$ Supported 

H.1b All Gambling Content Marketing "! = ""# > "$ Supported 

H.1c All Conventional Gambling Advertising "! = ""# > "$ Supported 

H.2a All Gambling Advertising by Esports "! = ""# > "$ Supported 

H.2b Content Marketing by Esports "! = ""# > "$ Supported 

H.2c Conventional Advertising by Esports "! = ""# > "$ Supported 

H.3a All Gambling Advertising by Traditional 
Gambling "! = ""# > "$ Supported 

H.3b Content Marketing by Traditional Gambling "! = ""# > "$ Rejected 

H.3c Conventional Advertising by Traditional 
Gambling "! = ""# > "$ Partially 

Supported 

H.4a All Insurance Advertising "! = ""# < "$ Rejected 

H.4b Content Marketing by Insurance "! = ""# < "$ Rejected 

H.4c Conventional Advertising by Insurance "! = ""# < "$ Rejected 
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5.5.2 Hypotheses Testing H.5a-7c 

 
 
To answer the second research question (M2), whether esports gambling adverts and adverts of 

traditional gambling accounts are more appealing to children, young persons and adults than other 

adverts (i.e. insurance accounts), a second set of hypotheses was formed. This time within one age 

group (e.g. children), repeated measures ANOVAs were performed to identify statistical differences 

between the appeal of different forms of advertising: advertising by esports accounts vs advertising by 

traditional accounts vs advertising by insurance accounts. Since not all the groups are being 

compared (e.g. children vs adults) but the different advertising types, repeated measures ANOVAs 

had to be used. Repeated measures mean that "the same participants participate in all conditions of 

an experiment" (Field, 2009, p. 458).  A curtailed process was utilised to test the hypotheses, which 

excludes the valence-arousal plane discussions since they have already been shown and discussed in 

H.1-4.  

 

 

 

 

 

 

 

 

 

 

 

 

 

Hypotheses 5-7 

Visual Investigation: Bar chart 
A bar chart will be used to compare the means of the children, young persons and adults 

samples.  

 
 
 

Statistical Result of ANOVA – Decision of Acceptance of Hypothesis 
Based on the bar chart, the results of the ANOVA will used to test whether differences 

between the groups´ means were statistically significant. Using these results, a decision 
regarding the null and the alternative hypothesis will be made. 

 
 
 

Figure 57: Overview of the hypothesis-testing process for H 5-7 
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As indicated by the bar chart (Figure 58), the repeated measures ANOVA found that there was a 

significant effect of advert type (esports content marketing vs traditional gambling content marketing vs 

insurance content marketing) on appeal scores in children, F(2, 418) = 9.250, p <.001. The appeal of 

esports gambling adverts was significantly higher to children than the appeal of traditional gambling 

adverts (mean difference = 1.620, p < .001), but there was no significant difference between the appeal of 

esports gambling and insurance adverts (mean difference = 0.485, p =222). 

 

 

Overview of H.5a testing 

&. ()&	
 

All advertising by esports gambling accounts is more appealing to children than all 
advertising by traditional gambling accounts and all advertising by insurance 
accounts ( "*+,-./+ >	"0.)12)34 =	"56+7.)689  ). 

&. ()'	
 

All advertising by esports gambling accounts is not more appealing to children than 
all advertising by traditional gambling accounts and all advertising by insurance 
accounts ( "*+,-./+ =	"0.)12)34 =	"56+7.)689  ). 

Independent 
variables: 

All esports adverts (12 stimuli) vs all adverts by traditional gambling accounts (12) 
vs adverts by insurance accounts (12) 

 From esports 
accounts 

From traditional 
gambling accounts 

Insurance 
accounts 

Content marketing 6 adverts 6 adverts 6 adverts 

Conventional 
advertising 6 adverts 6 adverts 6 adverts 

 

Dependent 
variable: Appeal score 

Number of 
Respondents: 210 children 

Outcome: H. 5,( is partially supported. 
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Figure 58: Bar chart showing the mean appeal scores for H.5a 

 

Accordingly, &. (-& is partially supported. 
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As indicated by the bar chart (Figure 59), the repeated measures ANOVA found that there was no 

significant effect of advert type (esports content marketing vs traditional gambling content marketing vs 

insurance content marketing) on appeal scores in children, F(2, 410) = 2.252, p <.106.  

 

 

 

Overview of H.5b testing 

&. (.&	
 

Content marketing by esports gambling accounts is more appealing to children than 
content marketing by traditional gambling accounts and content marketing by 
insurance  accounts ( "*+,-./+ >	"0.)12)34 =	"56+7.)689  ). 

&. (.'	
 

Content marketing by esports gambling accounts is not more appealing to children 
than content marketing by traditional gambling accounts and content marketing by 
insurance  accounts ( "*+,-./+ =	"0.)12)34 =	"56+7.)689  ). 

Independent 
variables: 

Content marketing by esports accounts (6); content marketing by traditional 
gambling accounts (6); content marketing by insurance accounts (6) 

 From esports 
accounts 

From traditional 
gambling accounts 

Insurance 
accounts 

Content marketing 6 adverts 6 adverts 6 adverts 

Conventional 
advertising 6 adverts 6 adverts 6 adverts 

 

Dependent 
variable: Appeal score 

Number of 
Respondents: 209 children 

Outcome: H. 5/) is rejected. 
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Figure 59: Bar chart showing the mean appeal scores for H.5b 

 
Accordingly, &. (0& is rejected. 
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As indicated by the bar chart (Figure 60), the repeated measures ANOVA found that there was a 

significant effect of advert type (conventional esports advertising vs conventional gambling of traditional 

gambling vs conventional insurance advertising) on appeal scores in children, F(2, 404) = 12.054, p <.001. 

The appeal of esports gambling adverts was significantly higher to children than the appeal of traditional 

gambling adverts (mean difference = 1.902, p < .001), and insurance adverts were significantly more 

appealing than adverts by traditional accounts (mean difference = 1.806, p < .001). However, there was 

no significant difference between the appeal of esports gambling and insurance adverts (mean difference 

= 0.096, p = 816). 

 

Overview of H.5c testing 

&. (1&	
 

Conventional advertising by esports gambling accounts is more appealing to 
children than conventional advertising by traditional gambling accounts and 
conventional advertising by insurance  accounts ( "*+,-./+ >	"0.)12)34 =
	"56+7.)689  ). 

&. (1'	
 

Conventional advertising by esports gambling accounts is not more appealing to 
children than conventional advertising by traditional gambling accounts and 
conventional advertising by insurance  accounts ( "*+,-./+ =	"0.)12)34 =
	"56+7.)689  ). 

Independent 
variables: 

Conventional esports adverts (6 stimuli) vs conventional adverts by traditional 
gambling accounts (6) vs conventional adverts by insurance accounts (6). 

 From esports 
accounts 

From traditional 
gambling accounts 

Insurance 
accounts 

Content marketing 6 adverts 6 adverts 6 adverts 

Conventional 
advertising 6 adverts 6 adverts 6 adverts 

 

Dependent 
variable: Appeal score 

Number of 
Respondents: 210 children 

Outcome: H. 52) is partially supported. 
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Figure 60: Bar chart showing the mean appeal scores for H.5c 

 

Accordingly, &. (3& is partially supported. 
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As suggested by the bar chart (Figure 61), the repeated measures ANOVA found that there was no 

significant effect of advert type (esports advertising vs traditional gambling advertising vs insurance 

advertising) on appeal scores in children, F(2, 442) = 10.958, p = .624.  

 

 

Overview of H.6a testing 

&. 4)&	
 

All advertising by esports gambling accounts is more appealing to young persons 
than all advertising by traditional gambling accounts and all advertising by insurance 
accounts ( "*+,-./+ >	"0.)12)34 =	"56+7.)689  ). 

&. 4)'	
 

All advertising by esports gambling accounts is not more appealing to young 
persons than all advertising by traditional gambling accounts and all advertising by 
insurance accounts ( "*+,-./+ =	"0.)12)34 =	"56+7.)689  ). 

Independent 
variables: 

All adverts by esports accounts (12); all adverts by traditional gambling accounts 
(12); all adverts by insurance accounts (12) 

 From esports 
accounts 

From traditional 
gambling accounts 

Insurance 
accounts 

Content marketing 6 adverts 6 adverts 6 adverts 

Conventional 
advertising 6 adverts 6 adverts 6 adverts 

 

Dependent 
variable: Appeal score 

Number of 
Respondents: 222 young persons 

Outcome: H. 6,) is rejected. 
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Figure 61: Bar chart showing the mean appeal scores for H.6a 

 

Accordingly, &. 4-& is rejected.  
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As suggested by the bar chart (Figure 62), the repeated measures ANOVA found that there was no 

significant effect of advert type (esports content marketing vs traditional gambling content marketing vs 

insurance content marketing) on appeal scores in young persons, F(2, 434) = 1.225, p = .296.  

 

 

 

Overview of H.6b testing 

&. 4.&	
 

Content marketing by esports gambling accounts is more appealing to young 
persons than advertising by traditional gambling accounts and advertising by 
insurance  accounts ( "*+,-./+ >	"0.)12)34 =	"56+7.)689  ). 

&. 4.'	
 

Content marketing by esports gambling accounts is not more appealing to young 
persons than advertising by traditional gambling accounts and advertising by 
insurance  account ( "*+,-./+ =	"0.)12)34 =	"56+7.)689 ). 

Independent 
variables: 

All adverts by esports accounts (6); all adverts by traditional gambling accounts (6); 
all adverts by insurance accounts (6)  

 From esports 
accounts 

From traditional 
gambling accounts 

Insurance 
accounts 

Content marketing 6 adverts 6 adverts 6 adverts 

Conventional 
advertising 6 adverts 6 adverts 6 adverts 

 

Dependent 
variable: Appeal score 

Number of 
Respondents: 221 young persons 

Outcome: H. 6/) is rejected. 



 
 
262 

 

Figure 62: Bar chart showing the mean appeal scores for H.6b 

 

Accordingly, &. 40& is rejected.  
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As suggested by the bar chart (Figure 63), the repeated measures ANOVA found that there was no 

significant effect of advert type (conventional esports advertising vs conventional gambling of traditional 

gambling vs conventional insurance advertising) on appeal scores in young persons, F(2, 430) = 14.843, 

p = .558.  

Overview of H.6c testing 

&. 41&	
 

Conventional advertising by esports gambling accounts is more appealing to young 
persons than conventional advertising by traditional gambling accounts and 
conventional advertising by insurance  accounts ( "*+,-./+ >	"0.)12)34 =
	"56+7.)689  ). 

&. 41'	
 

Conventional advertising by esports gambling accounts is not more appealing to 
young persons than conventional advertising by traditional gambling accounts and 
conventional advertising by insurance  accounts ( "*+,-./+ =	"0.)12)34 =
	"56+7.)689 ). 

Independent 
variables: 

Conventional esports adverts (6 stimuli) vs conventional adverts by traditional 
gambling accounts (6) vs conventional adverts by insurance accounts (6) 

 From esports 
accounts 

From traditional 
gambling accounts 

Insurance 
accounts 

Content marketing 6 adverts 6 adverts 6 adverts 

Conventional 
advertising 6 adverts 6 adverts 6 adverts 

 

Dependent 
variable: Appeal score 

Number of 
Respondents: 222 young persons 

Outcome: H. 62) is rejected. 
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Figure 63: Bar chart showing the mean appeal scores for H.6c 

 

Accordingly, &. 43& is rejected.  
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As indicated by the bar chart (Figure 64), the repeated measures ANOVA found that there was a 

significant effect of advert type (esports advertising vs traditional gambling advertising vs insurance 

advertising) on appeal scores in adults, F(1.82, 396.20) = 35.777, p <.001. Mauchly's test indicated that 

the assumption of sphericity had been violated, x2 (3) = 22.974, p < 0.001. However, both the 

Greenhouse-Geisser corrections (reported above) as well as the Huynh-Feldt correction ( F(1.83, 399.34) 

= 35.777, p < .001) indicated significant effect – so that we can accept the F-statistics (Field, 2009). The 

appeal of insurance adverts was significantly higher compared to the appeal of traditional gambling 

adverts (mean difference = 2.298, p < 0.001), which was, in turn, significantly more appealing than esports 

gambling adverts (mean difference = 1.850, p < .001).  

 

Overview of H.7a testing 

&. 6)&	
 

All advertising by insurance accounts is more appealing to adults than all advertising 
by traditional gambling accounts which is in turn more appealing than advertising 
by all advertising by esports accounts ( "56+7.)689 >	"0.)12)34 >	"*+,-./+ ). 

&. 6)'	
 

All advertising by insurances is not more appealing not adults than all advertising by 
traditional gambling accounts which is in turn not more appealing than all 
advertising by advertising by esports accounts ( "56+7.)689 =	"0.)12)34 =
	"*+,-./+ ).( "! =	""# =	"$ ). 

Independent 
variables: 

All adverts by esports accounts (12); all adverts by traditional gambling accounts 
(12); all adverts by insurance accounts (12). 

 From esports 
accounts 

From traditional 
gambling accounts 

Insurance 
accounts 

Content marketing 6 adverts 6 adverts 6 adverts 

Conventional 
advertising 6 adverts 6 adverts 6 adverts 

 

Dependent 
variable: Appeal score 

Number of 
Respondents: 219 adults 

Outcome: H. 7,( is supported. 
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Figure 64: Bar chart showing the mean appeal scores for H.7a 

 
Accordingly, &. 6-& is supported.  
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As indicated by the bar chart (Figure 65), the repeated measures ANOVA found that there was a 

significant effect of advert type (esports advertising vs traditional gambling advertising vs insurance 

advertising) on appeal scores in adults, F(1.92, 398.53) = 20.196, p <.001. Mauchly's test indicated that 

the assumption of sphericity had been violated, x2 (3) = 9.281, p < 0.05. However, both the Greenhouse-

Geisser corrections (reported above) as well as the Huynh-Feldt correction ( F(1.93, 402.15) = 20.196, p 

< .001) indicated a significant effect – so that we can accept the F-statistics (Field, 2009).  Appeal of 

insurance content marketing was significantly higher compared to appeal of content marketing by 

traditional gambling accounts (mean difference = 1.598, p < 0.01), which was, in turn, significantly more 

appealing than content marketing by esports gambling accounts (mean difference = 2.525, p < .001).  

 

 

Overview of H.7b testing 

&. 6.&	
 

Content marketing by insurance accounts is more appealing to adults than content 
marketing by traditional gambling accounts which is in turn more appealing than 
content by esports accounts ( "56+7.)689 >	"0.)12)34 >	"*+,-./+ ). 

&. 6.'	
 

Content marketing by insurance accounts is not more appealing to adults than 
content marketing by traditional gambling accounts which not more appealing than 
content by esports accounts ( "56+7.)689 =	"0.)12)34 =	"*+,-./+  

Independent 
variables: 

Content marketing by esport accounts (6); content marketing by traditional 
gambling accounts (6); content marketing by insurance accounts (6). 

 From esports 
accounts 

From traditional 
gambling accounts 

Insurance 
accounts 

Content marketing 6 adverts 6 adverts 6 adverts 

Conventional 
advertising 6 adverts 6 adverts 6 adverts 

 

Dependent 
variable: Appeal score 

Number of 
Respondents: 216 adults 

Outcome: H. 7/( is supported. 
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Figure 65: Bar chart showing the mean appeal scores for H.7b 

 
 
Accordingly, &. 60& is supported.  

 
 
  



 
 
269 

 
 

As indicated by the bar chart (Figure 66), the repeated measures ANOVA found that there was a 

significant effect of advert type (conventional esports advertising vs conventional advertising by gambling 

accounts vs conventional insurance advertising) on appeal scores in adults, F(1.83, 392.41) = 24.837, p 

<.001. Mauchly's test indicated that the assumption of sphericity had been violated, x2 (3) = 20.251, p < 

0.001. However, both the Greenhouse-Geisser corrections (reported above) as well as the Huynh-Feldt 

correction ( F(1.85, 395.63) = 24.837, p < .001) indicated significant effect – so that we can accept the F-

statistics (Field, 2009). Appeal of insurance content marketing was significantly higher compared to 

appeal of content marketing by traditional gambling accounts (mean difference = 3.095, p < 0.001), which 

was, in turn, significantly more appealing than content marketing by esports gambling accounts (mean 

difference = 1.095, p < .05).  

 

Overview of H.7c testing 

&. 61&	
 

Conventional advertising by insurance accounts is more appealing to adults than 
conventional advertising by traditional gambling accounts which is in turn more 
appealing to adults than advertising by advertising by esports  accounts ( 
"56+7.)689 >	"0.)12)34 >	"*+,-./+ ). 

&. 61'	
 

Advertising by insurance accounts is not more appealing not adults than advertising 
by traditional gambling accounts which is, in turn, not more appealing to adults 
than advertising by advertising by esports accounts ( "56+7.)689 =	"0.)12)34 =
	"*+,-./+ ).( "! =	""# =	"$ ). 

Independent 
variables: 

Conventional advertising by esport accounts (6); conventional advertising by 
traditional gambling accounts; (6) conventional advertising by insurance accounts 
(6).  

 From esports 
accounts 

From traditional 
gambling accounts 

Insurance 
accounts 

Content marketing 6 adverts 6 adverts 6 adverts 

Conventional 
advertising 6 adverts 6 adverts 6 adverts 

 

Dependent 
variable: 

Appeal score 

Number of 
Respondents: 218 adults 

Outcome: H. 72) is supported. 
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Figure 66: Bar chart showing the mean appeal scores for H.7c 

 
 
Accordingly, &. 63& is supported.  
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Testing and investigating H.5a-7c has produced a substantial number of findings and insights, which 

are summarised in Table 37. 

 
 
Table 37: Summary of results of hypotheses testing for H.5-7 

 
 
 
 

 

 

 

 

 

 

 

 

 Dependent Variable Excepted outcome Decision 

H.5a Appeal Scores for Advertising (Children) "*2)3 >	"02)3 =	"56+ Partially 
Supported 

H.5b Appeal Scores for Content Marketing 
(Children) "*2)3 >	"02)3 =	"56+ Rejected 

H.5c Appeal Scores for Conventional Advertising 
(Children) "*2)3 >	"02)3 =	"56+ Partially 

Supported 

H.6a Appeal Scores for All Advertising (Young 
Persons) "*2)3 >	"02)3 =	"56+ Rejected 

H.6b Appeal Scores for Content Marketing (Young 
Persons) "*2)3 >	"02)3 =	"56+ Rejected 

H.6c Appeal Scores for Conventional Advertising 
(Young Persons) "*2)3 >	"02)3 =	"56+ Rejected 

H.7a Appeal Scores for Advertising (Adults) "56+ >	"02)3 >	"*2)3 Supported 

H.7b Appeal Scores for Content Marketing 
(Adults) "56+ >	"02)3 >	"*2)3 Supported 

H.7c Appeal Scores for Conventional (Adults) "56+ >	"02)3 >	"*2)3 Supported 
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5.5.3 Deep Dive into the Appeal Scores for Individual Stimuli 

 
The preceding hypothesis-testing used variables that were formed from a set of stimuli to investigate the 

level of appeal of various categories (e.g. six stimuli formed the variable “Content Marketing by Esports 

Gambling Accounts”). While these hypotheses, for example, show that esports advertising is more 

appealing than traditional adverts, this does not yet tell the whole story. Comparing the actual stimuli 

that were found to be of high appeal with those that were not of appeal can again help identify patterns 

and insights into what makes adverts appealing. Accordingly, Table 38 shows a heatmap of the appeal 

scores for each individual stimulus received by the three groups (children, young persons and adults). The 

table is sorted along the grand mean, from the highest (green) to lowest grand mean (red).  
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Table 38: Heatmap of the appeal scores of the used gambling stimuli 

 
Form of 

Gambling 

     
 

Young 
Persons 

  

Form of Advertising and 
Stimulus No 

 
Grand 
Mean 

 
Children 

 
Adults 

Esports Content Marketing 3 4.7 4.26 6.14 3.7 

Esports Content Marketing 4 4.42 4.3 4.58 4.38 

Traditional Content Marketing 4 3.98 5.69 3.38 2.87 

Traditional Content Marketing 1 3.33 2.96 3.38 3.66 

Traditional Content Marketing 5 2.82 0.52 3.74 4.21 

Traditional Content Marketing 2 2.19 3.25 2.34 0.97 

Traditional Content Marketing 6 1.95 2.12 1.98 1.74 

Esports Content Marketing 1 1.85 6.84 2.18 -3.48 

Esports Content Marketing 2 0.71 2.07 0.89 -0.82 

Esports Conventional Advertising 1 0.17 1.81 0.39 -1.68 

Esports Content Marketing 6 0.06 2.81 0.15 -2.78 

Traditional Conventional Advertising 5 -0.17 1.83 -0.44 -1.89 

Traditional Content Marketing 3 -0.6 -0.15 -0.37 -1.29 

Traditional Conventional Advertising 6 -1.12 -0.44 -0.62 -2.31 

Esports Conventional Advertising 2 -1.21 1.05 -0.36 -4.32 

Esports Conventional Advertising 3 -1.36 0.04 0.23 -4.34 

Esports Content Marketing 5 -1.45 0.14 0.51 -5 

Traditional Conventional Advertising 4 -1.97 -2.45 0.78 -4.25 

Traditional Conventional Advertising 3 -2.04 -2.04 0.1 -4.18 

Esports Conventional Advertising 5 -2.68 -1.48 -0.72 -5.84 

Esports Conventional Advertising 4 -2.69 -1.33 -0.85 -5.88 

Esports Conventional Advertising 6 -2.95 -0.62 -2.06 -6.17 

Traditional Conventional Advertising 2 -3.12 -3.63 -0.42 -5.31 

Traditional Conventional Advertising 1 -3.96 -5.37 -1.67 -4.84 
 
 

Comparing the individual stimuli generally supports the overall finding that gambling advertising is of 

particular appeal to children and young persons. First, most gambling adverts are more appealing to 

children and young persons than adults. Indeed, children found 20 out of 24 gambling stimuli more 



 
 
274 

appealing than adults – for young persons, this rose to a stunning 22 out of 24. In other words: only two 

out of 24 gambling adverts were more appealing to adults than to young persons. Second, adults find 

most gambling adverts not appealing (i.e. appeal-score < 0), whereas the opposite is true for children and 

young persons. Whilst only 7 out of 24 gambling adverts were appealing to adults, 15 out of 24 were 

appealing to children and young persons. Third, there are huge differences between the age groups for 

some stimuli – especially between children and adults. One such stimulus is "Esports - Content Marketing 

1". It is the highest-rated advert by Children with an appeal score of 6.84. Adults, however, only rated it 

with -3.48. This does not only suggest a massive mean-difference of 10.32 but also that children find it 

highly appealing, whereas adults find it not appealing at all. Finally, content marketing adverts were 

substantially more appealing than conventional adverts. Indeed, the nine highest-rated stimuli were 

content marketing, whereas the seven least appealing stimuli were conventional advertising. This seems 

to confirm the idea that by purposely excluding any link or relationship to the product or service, 

content marketing is purely emotional in nature – leading to high appeal scores. One of the reasons 

for content marketing potentially bypassing cognitive defence is that recipients may be unable to 

activate protective heuristics such as providing mental counterarguments (Heath, 2015; Nairn & 

Fine, 2008) because they potentially do not recognise the advert as a commercial persuasion attempt 

(e.g. “This is an advert – they want to sell something – they are not your peers”). This could also 

partly explain why children rated nine, and young persons ten out of 12 content marketing adverts 

higher than adults. To help to get some insights into what could make this difference, we should have a 

closer look at the highest and lowest-rated stimuli. Figure 67 shows the total highest rated stimulus, 

whereas Figure 68 shows the total lowest-rated stimulus.  
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The highest-rated advert in the sample was posted by "CSEsport" in 2018 with the caption “You know 

that feel”. It shows a famous picture shot at the G7 summit in Canada, with heads of several countries 

such as Angela Merkel, Emmanuel Macron, Theresa May and Shinzo Abe standing around a table, with 

only one person – the then president of the United States of America – Donald Trump sitting at the table 

with crossed arms. The Guardian notes that the image almost instantly became an "internet classic" 

(Watson, 2018). Above the picture of the world-leaders, the meme says, "YOUR MATCH IS READY!" 

and "9 / 10 Players Ready", which are references to many esports games where, before a match starts, all 

ten players need to be logged in – if only one team member is late, the rest of the team has to wait until 

all ten players are present – which often leads to frustration of the other members. The image of the world 

leaders depicts the frustration of "waiting for the one player to show up" rather well due to the 

composition of the mostly standing persons looking at the one sitting person. The headline "You know 

that feel" is itself an often-used meme caption and makes references to situations that many people – 

Figure 67: The overall highest rated stimulus, "Esports Gambling - Content Marketing 3" 
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especially the target group of the memes – know very well, potentially playing into the earlier outlined 

"insider sentiments". The advert creators seem to have a real understanding of the esports scene as the 

meme captures a situation that most gamers have experienced at some point and puts it into a 

humorous insider joke. The resulting credibility is supported by Abarbanel (2020) who notes that 

the  "esports and gaming community are infamous for being suspicious of outsiders" (p. 8). It is thus 

not surprising that this advert was highest rated by young persons (6.14), followed by children (4.26) 

– who form the primary age groups who play esports – followed by adults (3.7). Although this advert 

was highly or "of particular appeal" to children and young persons, it would not breach any codes 

under current regulations set by CAP as it does not show people under 25 or use cartoons or childish 

behaviour.  

 

 

 

 

The lowest rated advert was posted by the account "Worldwide Offers" in 2018. It is also composed of an 

image and a headline. The headline says: "Go To This Website a lot of FREE MONEY ON IT- (sic!) Free 

and Matched Bets Now BetGinger.com #redhead". The image shows a head of a cartoon child with ginger 

hair, next to the words "BET GINGER". Under the cartoon head, different forms of gambling (i.e. sports, 

Figure 68: The overall lowest-rated stimulus "Traditional Gambling - Conventional Advertising 1" 
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casino, poker games, bingo) and "email" are listed. At the bottom of the picture, it shows the logos of 

social media platforms (i.e. Facebook, Twitter, YouTube, Google+, Instagram and LinkedIn). Although 

the advert was found to be not appealing to children at all – indeed it had the lowest rating by children 

(-5.37) of any of the shown 36 adverts – the regulations by CAP nevertheless suggest it would be "of 

particular appeal to children and young persons" because of the use of the cartoon head. The examples 

of the highest-rated advert (which is in line with CAP codes) and the lowest rated advert (which would be 

in breach of CAP codes) demonstrate the unworkability of the CAP codes in protecting children and 

young persons. Furthermore, it identifies a huge concern – namely, that there are potentially hundreds 

of thousands of gambling adverts out there that are strongly appealing to children – but will not be 

investigated by ASA because they do not use characteristics that the CAP perceives as being appealing to 

children.  

 

5.5.4 Summary of Discussion and Results 

 
Chapter 5 commenced by setting out two potential lines of argumentation of what "particular appeal 

to children and young persons" could mean. It could mean that gambling advertising is more 

appealing to children and young persons than to adults. Alternatively, it could mean that gambling 

adverts are more appealing to children, young persons and adults than other adverts. After 

conducting a wide-ranging examination into both argumentations via extensive hypothesis-testing, 

visual investigation of the emotions using a valence-arousal plane, and a deep dive into the individual 

stimuli, the present section summarises the key findings in relation to the research questions. 

 

M1: Is organic gambling advertising on Twitter more appealing to children and young persons 

than to adults?  
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First and foremost, combining all 24 gambling-related stimuli, the acceptance of H1.a confirmed that 

gambling advertising, in general, is of particular appeal to children and young persons (see Figure 

69).  

 

Figure 69: Bar chart showing the mean appeal scores for H.1a  

 

Two things about this finding are striking. First, children (0.90) and young persons (0.98) were found 

to have significantly higher appeal scores than adults (-1.75) – with a substantial mean-difference of 

2.65 and 2.73 retrospectively. What is more, adults have a negative appeal score, whereas children 

and young persons have a positive one. This means – on average – adults have negative feelings when 

seeing gambling adverts, whereas children and young persons have positive ones. Second, the 

difference in the appeal scores of children compared to young persons was found to be insignificant. 

This underlines recent neuropsychological findings suggesting that adolescence (with all its structural 

changes in the brain) lasts until approximately 24 years (Sawyer et al., 2018).  From this investigation, 

it can be concluded that gambling advertising on Twitter is indeed appealing to children and young 

persons.  
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However, findings i Chapters 3 and 4 underlined the multi-faceted nature of gambling advertising, 

suggesting that there is no such thing as "a gambling advert". This was taken into consideration when 

investigating whether different forms of advertising (conventional vs content marketing) and differences 

in the account type (esports vs traditional gambling accounts) led to different levels of appeal. The appeal-

scores for these categories are summarised in Table 39, alongside the appeal scores they received from the 

groups of children, young persons and adults – sorted from most appealing (green) to least appealing (red) 

to all participants (grand mean).  

 

Table 39: Observed variables sorted from most appealing to least appealing 

Observed Categories 
Grand 
Mean 

 
Children 

Young 
Persons 

 
Adults 

Content Marketing by Traditional Gambling Accounts 2.236 2.391 2.255 2.068 

Content Marketing by Esports Accounts 1.845 3.484 2.423 -0.320 

Conventional Advertising by Esports Accounts -1.762 -0.138 -0.553 -4.541 

Conventional Advertising by Traditional Accounts -1.977 -1.987 -0.473 -3.500 

 

Overall, two out of four gambling-related categories were found to be appealing (i.e. score > 0). It is striking 

that the two appealing categories are content marketing efforts, whereas the least appealing categories are 

conventional advertising. When having a closer look at the scores of the individual age groups, two points 

are striking. First, children and young persons find gambling advertising more appealing than adults. 

Indeed, in each of the four categories, children and young persons have higher appeal scores than 

adults. The largest differences occur with advertising by esports accounts – which is not too surprising 

regarding the average age of esports players and fans being around 26 years.  Secondly, children and young 

persons tend to have relatively similar scores, whereas adults differ pretty substantially – again supporting 

the idea that adolescence is extending over the age of 18 as recent neuropsychological insights suggest 

(Sawyer et al., 2018).  
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In conjunction with the hypothesis testing, the table above strongly suggests that gambling advertising is 

of particular appeal to children and young persons. However, I noted in the introduction that a 

counterargument could be to argue that any kind of advertising is more appealing to children and young 

persons due to being more emotionally driven and impulsive. To rule out such an issue with the 

measurement, all participants were additionally also exposed to insurance adverts. The results (see Figure 

70) indicate that such a measurement issue is not present. On average, children and young person's find 

gambling adverts slightly less appealing; this effect, however, was not found to be statistically significant. 

Furthermore, as opposed to gambling advertising, adults find insurance adverts appealing. This suggests 

that the found effects were not down to a measurement issue.  

 

Figure 70: Bar chart of the appeal of gambling adverts and insurance adverts 

 
Accordingly, based on the analysed evidence, it can be concluded that gambling advertising on 

Twitter, in general, is of particular appeal to children and young persons compared to adults.  
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M2: Are gambling adverts more appealing to children, young persons and adults than other 

adverts? 

 

To address the second line of argumentation on what "of particular appeal to children and young persons" 

could mean, the different forms of gambling were compared to see whether gambling advertising was 

more appealing to children and young persons than other adverts (i.e. by insurance accounts). The results 

are more multi-faceted than in the investigation of M1 (see summary in Figure 71) – but raise several 

concerns. While for children, advertising by esports gambling accounts (1.70) is significantly more 

appealing than advertising by insurance accounts (1.21), advertising by traditional gambling accounts 

(0.08) is less appealing than insurance adverts. However, for young persons, no significant differences 

were found (ranging from 0.97 and 1.36), which means that for this group, insurance advertising is as 

appealing as gambling advertising. However, the most striking finding is in the statistical comparison 

within the adults' group: insurance adverts (1.44) were found to be significantly more appealing than 

advertising by traditional gambling accounts (-0.84), which were, in turn, more appealing than adverts by 

esports betting accounts (-2.68).  

 

Figure 71: Bar chart summarising the appeal of different forms of gambling advertising 
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Overall, these results are rather problematic. Adults are the only group where we can clearly say that 

gambling adverts are not more appealing than insurance adverts. Whilst this study has not explicitly 

investigated the reasons for this effect, two potential reasons come to mind. First, it is possible that the 

earlier mentioned advertising recognition skills lead to children and young persons not recognising the 

content marketing efforts – which, in turn, drive this effect. However, the detailed content marketing 

analyses (see H.5b and H6.b) found that for both children and young persons, no significant effects were 

found between the three forms of content marketing (esports vs traditional vs insurance) – meaning that 

this is unlikely to be the reason for this. Second, it is possible that the investigated gambling adverts, 

indeed, target children and young persons. On the one hand, this would link back to the findings in 

Chapters 3 and 4 in respect to many characteristics being potentially appealing to children and young 

persons. On the other hand, this would also be in line with previous research by Rossi et al. (2021), who 

found that the vast majority of followers of gambling accounts on Twitter are under the age of 25. While 

targeting young people would, indeed, explain why adults do not find them appealing, more research is 

needed to strengthen this argument. 
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6. Policy Recommendations, Practical and Theoretical 

Implications, Limitations and Future Research 
 
6.1 Policy Recommendations 

 
Chapters 3, 4 and 5 have uncovered a range of issues for the Advertising Standards Authority, 

Committee of Advertising Practice, the Gambling Commission and, indeed, the government who 

ultimately have the power to ban gambling advertising completely. In Section 1.2.2.3, I argued that, 

depending on the level of regulatory breaches in combination with the extent to which gambling 

adverts are found to appeal to children, four different outcomes for policy recommendations are 

possible. Now, after having investigated the regulatory compliance and appeal of gambling 

advertising, the gathered evidence suggests that the earlier described worst-case scenario can be 

assumed, suggesting the regulations are unfit for social media advertising and require urgent update: 

 

Few gambling adverts adhere to regulations but are of particular appeal to children and young persons: 

This would be the worst-case scenario. It could mean that the current regulations are unfit for social 

media advertising and thus, require an urgent update, and/or it could indicate that the enforcement of 

the rules is insufficient, giving advertisers the feeling they are operating in the earlier outlined “social 

media wild west”. (See Section 1.2.2.3) 

 

The UK Gambling Act 2005 is currently being reviewed by Parliament. So, the recommendations 

from this research are very timely, and some have already been submitted to the Governmental 

Gambling Act Review, led by the Department of Digital, Culture, Media & Sport (DCMS). After 

reading the submitted evidence, the DCMS has scheduled a meeting to discuss my presented appeal 

findings in more detail as they are very interested in this research.   
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The precise policy recommendations in respect to the CAP "appeal code" (16.3.12) that can be drawn 

from the present thesis will be presented below, followed by some additional policy 

recommendations resulting from Chapters 3 and 4. 

 

6.1.1 Policy Recommendations for CAP Code 16.3.12 (Particular Appeal) 

 

1. Children and Young Persons need to be involved in determining what appeals to them 

Gambling advertising was generally found to be more appealing to children and young persons than 

to adults. This is a serious issue. No one, however, has ever consulted children or young people on 

what gambling advertising appeals to them. Currently, adults within the reinforcement team of the 

ASA judge which adverts are of “particular appeal to children and young persons”. Based on these 

rulings, guidance is published, for example, that the use of certain characteristics (such as cartoons, 

childish behaviour, showing individuals that are under 25) constitute a breach of CAP Code 16.3.12. 

However, my investigation of over 430 children and young persons clearly suggests that such a clear 

distinction based on characteristics does not work. Whilst I found that children and young persons 

find many gambling ads of particular appeal, I also found that characteristics that the CAP judges to 

be particularly appealing to children (e.g. cartoons, childish behaviour) were not necessarily 

appealing to them at all. Indeed, this was particularly evident in two examples that included a 

cartoon adolescent (“Bet Ginger”) and a cartoon unicorn – both adverts likely to be judged of 

"particular appeal" by the CAP based on similar rulings from the past. However, both of these adverts 

we found to be not appealing to children at all. Indeed, these two examples had the lowest appeal 

rating by children of all 36 adverts shown. Of greatest concern, the adverts that were most appealing 

to children would not be deemed to breach current regulations by CAP based on the current 

guidance and rulings. This implies that the rulings by the ASA and the suggestions of the CAP about 

what is appealing to children and what is not does not reflect what children actually feel or think. 
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Therefore, it is strongly recommended that both the ASA, when evaluating complaints, and the CAP, 

when creating guidance or new codes, include children and young persons in this process. Otherwise, 

there is a substantial risk that although advertisers adhere to regulations, their adverts are still highly 

appealing to children – and thus, potentially lure children into gambling.  

 

2. Establish clear criteria and examples of what is appealing to children and young persons 

It was noted in Chapters 3 and 4 that in 42% of cases, it was not clear (to adult evaluators) whether 

esports advertising content was “of particular appeal to children”. I noted earlier in this thesis that 

this is a very subjective judgement and that even if the content is not of more appeal to children than 

adults, it may still be highly appealing to children. The current code is therefore inherently illogical 

and unworkable. This creates serious issues for gambling advertisers who want to follow current 

regulations but are just not clear how this can be achieved. Following an open response to parts of 

the present research published in 2019, in October 2020, CAP issued a public consultation on a 

proposal to strengthen the rules such that the clause “of particular appeal to under-18s” be replaced 

with “of strong appeal to under-18s". It is highly likely that this will be enacted in the CAP Code by 

the end of 2021. However, in the light of the difficulty the coders experienced in ascertaining 

"particular appeal", it is unlikely that the change to "strong appeal" will solve this issue. The wording 

of such a code is less important than providing unambiguous criteria and examples to give advertisers 

the necessary understanding of what is deemed as being appealing to children and young persons. 

Accordingly, I recommend that the criteria for "strong appeal" are very clearly articulated within the 

revised CAP Code with specific examples of images and text that would be considered of “strong 

appeal”. In line with the previous recommendation, these specific examples of ads that appeal to 

children and young persons need to be developed by including children and young persons in this 

process. In addition, the selected examples must be updated regularly to ensure that new trends and 

forms of advertising are flagged up as appealing early on. 
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3. Gambling content marketing regulations need to be clarified 

Content marketing was found to be the most appealing category throughout the different stimuli 

sets (esports, traditional gambling, and insurance). What is more, content marketing by esports and 

traditional gambling accounts were even found to be clearly of particular appeal to children and 

young persons. A potential reason for this is that content marketing – almost by definition – is hard 

to recognise as advertising since it aims to elicit emotions and does not have a call to action (Ashley 

& Tuten, 2015). This also means that these adverts are unlikely to trigger feelings of “be careful – this 

is a gambling ad".  Accordingly, the way in which we process this kind of advertising is likely to be 

unconscious, and the recipient is therefore unlikely to be in a position to make a mental counter-

argument (Nairn and Fine, 2008) – which is particularly true for children who struggle to understand 

commercial content in general. Whilst for products such as insurance, this might not cause harm, 

for potentially harmful products such as gambling, it very well could. Deriving from this, two policy 

recommendations are presented: 

 

The CAP should clearly outline that content marketing is advertising and is thus under the remit 

of all CAP codes. Replying to some of the results derived from Chapter 4, the CAP published a letter, 

arguing that "many of the items flagged in the research do not amount to 'advertising' as defined by 

the CAP Code (…) because they are editorial in nature" (CAP, 2019). The CAP's argumentation that 

content marketing is not a form of advertising seems illogical, flawed and inconsistent with their own 

rulings (as shown earlier). Both the rationale and form of content marketing are clearly in line with 

definitions of advertising (as shown in Section 4.2.3), which is also the International Chamber of 

Commerce's (ICC) opinion – from which most international advertising codes derive. They clarify 

that “advertisement, including so-called “native advertising” (another word for content marketing), 

appear(ing) in a medium containing news or editorial matter, (…) should be so presented that it is 

readily recognisable as an advertisement and where appropriate, labelled as such” (ICC Advertising 
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and Marketing Communications Code, Article 7, 2018). Even the Internet Advertising Bureau (IAB 

UK), representing the UK industry body for digital advertising – supported by the ISBA (the voice 

of leading UK advertisers), the Association for Online Publishers (AOP) and the Content Marketing 

Association (CMA) – have launched an updated guide for “content and native advertising” in 2018 

where they stress that these efforts need to “adhere to the CAP Code and all other relevant 

legislation” (Internet Advertising Bureau, 2018).  

 

Moreover, after clarifying that content marketing is under the CAP’s remit, these adverts should also 

be obliged to include clearly visible labelling (such "AD" or "#advert") to make sure users (especially 

children and young persons) have at least a chance to understand the commercial nature of the post. 

This is a general principle of advertising regulations as outlined by ICC Advertising and Marketing 

Communications Code, Article 7 and is also reflected in CAP regulations, particularly in CAP Code 

2.1 proscribing that “Marketing communications must be obviously identifiable as such”. Whilst 

including an advertising labelling might address the issue of content marketing being highly 

appealing to children and young persons (although I have not investigated this in detail), it is highly 

likely that more specific content marketing regulations will have to be developed to address this new 

form of advertising sufficiently.  

 

4. The definition of “Young Persons” in CAP needs to be expanded  

The CAP uses the terms children for anyone aged 0-15 and young persons for anyone aged 16 and 17 

(CAP, 2019). Accordingly, when they prescribe that gambling advertising must not be “of particular 

appeal to children and young persons", this only refers to under 18-year-olds. However, investigating 

the appeal of over 660 people aged 11-76, the age group of 18-24-year-olds were generally found to 

be the group who found gambling adverts most appealing. This is not only concerning because this 

group was found to form the majority of followers of gambling accounts (see Rossi, 2021) but also 
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since neuroscientists are increasingly clear that adolescence (with all its structural changes in the 

brain) lasts until the age of approximately 24 years (Sawyer et al., 2018). This means that these young 

persons (under 24) have higher impulsive and more risky behaviour compared to adults (Cauffman 

and Steinberg, 2000; Liu et al., 2016), are more likely to develop addictions (Kandel and Logan, 

1984), and have different cognitive risk assessment capabilities (Chambers et al., 2003). This group 

being found to have very high appeal levels to many gambling adverts is therefore very problematic. 

Whilst the ASA have already identified young men as a particularly vulnerable group (ASA 2017), it 

would be only logical to react to new evidence of neuroscientists and the present findings. 

Accordingly, I recommend that the CAP extends their definition of “young persons” to people aged 

18-24 to ensure their protection.  

 

5. Esports gambling advertising is almost inherently appealing to children and young persons 

Most esports fans are under 30. This means anything related to esports – including gambling – has 

an almost inherent appeal to children and young people. It is even questionable whether esports 

gambling advertising can ever not be of particular/strong appeal to children and young persons. 

Indeed, in Chapter 5, I found that esports betting adverts are strongly appealing to children and 

young persons, whilst adults had very low appeal levels when rating these esports adverts. This is 

problematic. Children are impressionable and young people are susceptible to impulsive behaviours 

(Pechmann et al., 2005). This means that the potential for esports adverts to lead to a strongly 

addictive habit is high. This creates serious regulatory and policymaking issues. There is no simple 

solution as too little is known about esports betting and its advertising ecosystem. I recommend that 

policymakers and regulators exert some energy in keeping up with the industry through public 

consultations, meetings with esports organisers; esports betting providers; and gambling harm 

charities. This fact-finding and evidence-building activity should, vitally, include discussion with 

young people themselves. I believe that they should also carry out extensive testing of which forms of 
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esports betting adverts are appealing to children and young persons. Feeding this back to advertisers 

can help in the short term to reduce the issue of esports betting adverts being highly appealing to 

children and young persons.  

 

6.1.2 Other Policy Recommendations  

 

Although the present thesis did not set out to give recommendations beyond the CAP Code 16.3.12 

regarding the particular appeal of children and young persons, the analyses of Chapters 3 and 4 

nevertheless made two particular issues evident. Deriving from these issues, two additional 

recommendations to the regulators are proposed: 

 

1. Better Enforcement of Current Regulations  

That 68% of the conventional advertising by traditional and 74% of conventional esports gambling 

adverts contravened regulations is a serious issue. This is likely to result from the combinations of 

the incredibly high volume of gambling adverts (which makes it impossible to spot every single 

transgression), the untransparent nature of advertising on social media (targeted adverts, organic 

adverts, and so-called "stories" that are only available for 24h), and the unclear regulations for social 

media advertising. Whilst this is undoubtedly a challenging sphere to regulate, regulators need to 

stay on top because otherwise, advertisers might feel that they operate in an almost rule-free sphere.  

I therefore strongly recommend that regulations relating to gambling advertising on social media are 

given particular attention by the enforcement team at the ASA. Whilst this is most likely not possible 

without substantially extending the human resources of such enforcement teams, it is so far unlikely 

that technological solutions (i.e. Big Data analytics) are able to "automatically" detect adverts that 

break codes as the judgement of this is mainly down to hermeneutic reading and understanding of 

the broader context (i.e. humour, cultural reference, etc.).  
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2. Develop specific social media regulations  

Beyond better policing of current regulations, the results of this thesis also point to the creation of 

new specific social media advertising regulations. To date, the ASA (2018) argue that the advertising 

sphere in the UK is well regulated and under control and that rules "apply equally to online as to 

offline advertising". However, this thesis has shown that social media presents additional 

opportunities for gambling advertisers that are well beyond the scope and consideration of existing 

advertising regulations such as: 

 

• encouraging engagement with and sharing of content that exposes an ever-increasing 

number of children to gambling; 

• the predominance of young users on social media; 

• immediate links to accessible betting on a mobile phone;  

• exposure to gambling opportunities at night;  

• an incredibly high volume of gambling adverts that serves to normalise the activity; 

• the shareability of advertising – especially of content marketing; 

• the almost unrecognisable commercial nature of content marketing; and 

• the possibility to create content that is specially designed for specific target groups. 

 

Whilst the UK government recently launched a review of the Gambling Act to "ensure gambling laws 

are fit for the digital age" (Department for Digital, Culture, Media & Sport, 2020), I believe this is 

the perfect opportunity to introduce social-media-specific gambling advertising regulations. Such 

regulations should be developed in collaboration with researchers, policymakers, social media 

platforms, and gambling providers. To ensure such new regulations continue to capture the fast-
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developing advertising techniques in the online advertising sphere, it is probably necessary to update 

them regularly.  

 
 
6.2 Practical Implications for Stakeholders  

Given that the present thesis investigated the appeal of real-live adverts posted on social media in the 

UK, there are several practical implications for stakeholders, such as social media platform owners 

and gambling advertisers themselves. First, advertisers could use the simple SAM appeal test to 

investigate whether their ads appeal to children before posting them, instead of running the risk of 

disseminating adverts that are in breach of current regulations. This would also work for social media 

companies who want to ensure that the content posted by gambling (and potentially also alcohol or 

HSFF) advertisers fully adhere to regulations outlining that it must not appeal to children and young 

persons.  

 

Second, existing age verification tools on social media should be made available to all advertisers. 

Social media companies should ensure that technology developed to exclude young and vulnerable 

users are widely available. For example, Twitter presently shares its tool for free with a selected 

number of advertising partners. If Twitter would expand this to all commercial accounts for both, 

paid-for and non-paid for adverts, they could decrease the likelihood of young persons being exposed 

to advertising content that is not suitable for them (again, this could range from alcohol and vaping, 

to gambling and HSFF).  If social media companies would go a step further and oblige gambling 

advertisers to use these tools, this could drastically reduce the problem of children and young persons 

being exposed to potentially harmful content.  

 

Third, to bypass the issue of social media advertising being perceived as operating in a potentially 

uncontrollable sphere, which is fuelled by being targeted and only available for a short period of time 
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(e.g. the posting of so-called "stories" which are only available for 24h before being deleted), social 

media platforms should establish a free, searchable database of gambling advertising. This resource 

could be maintained by platforms and function in a similar way to existing libraries for political 

advertising. By doing so, social media companies would highlight their responsibility and willingness 

to ensure accountability. In addition, this database could be made available to regulators and 

researchers to enhance compliance, transparency, and accountability.  

 

Fourth, it was found that many social media adverts seem to be very hard to recognise as advertising 

– which is problematic for all product categories, but can be even harmful in the case of gambling 

adverts. Accordingly, social media companies could use visual tools to ensure that the advert is being 

recognised as such by the users. Instagram, for example, recently introduced a sensitive content control 

which hides potently disturbing content (e.g. pictures of dead animals or videos of aggressive 

behaviour) behind a message saying: “Sensitive Content – This photo contains sensitive content 

which some people may find offensive or disturbing” (Instagram, 2021). To see the image, the user 

then needs to actively click “See Photo” in order to see the content.  Something similar could be used 

for specific advertising content too.  By shifting the behaviour from being almost passively exposed 

to the advert (ie scrolling through the feed and being exposed to content randomly), to an active 

confirmation of “Yes, I am ready to see the advertising content” could potentially ensure that our 

advertising protections function as they should. Such an advertising content control could be introduced 

by most social media companies and thy should mandate advertisers of potentially harmful products 

– such as gambling, alcohol, vaping or HSFF – to use these tools. 

 

Finally, gambling advertisers should point out more explicit and frequent references to risk, age 

restrictions and responsible gambling within advertising content. These references were absent in 

most Twitter gambling adverts. Alternatively,  
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6.3 Contributions to the Literature 

 
6.3.1 Chapter 3 and 4’s contributions to the Literature 

 
The thesis as a whole has a variety of contributions to the existing literature. The contributions from 

Chapters 3 and 4 are summarised in Table 40.  On the one hand, findings from Chapters 3 and 4 

advance the understanding of organic social media marketing. In the literature review, I noted that 

although organic social media advertising is an increasingly important topic, it seems that academic 

literature – as opposed to practitioners’ literature – is only beginning to understand its techniques 

(Alves et al., 2016), volume (Varol et al., 2017) and its efficiency (Aydin, 2020). Findings from 

Chapters 3 and 4 produce empirical evidence of the volume of organic social media advertising; 

synthesise and quantify the use of specific content; uncover completely novel insights into the use of 

content marketing; and establish a relationship between the form of content (i.e. content marketing 

vs conventional advertising) and the efficiency (measured by likes and replies).  
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Table 40: Summary of contributions to the existing literature of Chapters 3 and 4 

 
Chapter 3 

Conventional Gambling Advertising on Twitter: Volume, 
Content, and Regulatory Compliance 

Chapter 4 
Gambling Content Marketing on Twitter: Volume, Content and 

Regulatory Compliance 

Research Objectives Investigate the volume, content and regulatory adherence of 
conventional gambling advertising on Twitter.  

Investigate the volume, content and regulatory adherence of 
gambling content marketing on Twitter. 

Chapter-specific 
Contributions 

• Discovery that volume of conventional gambling advertising 
on Twitter is very high. 

• Extension of the knowledge of techniques and content 
often used by gambling advertisers on Twitter (e.g. Free-
bets, odds) 

• Discovery that the majority of adverts did not adhere to 
advertising regulations 

• Discovery of severe issues regarding gambling advertising 
and children 

• Discovery that gambling content marketing is highly 
successful in getting shared and liked by users. 

• Synthesis of academic and practitioners' literature on 
content marketing techniques and strategies  

• Discovery of the prevalence of humour and insider 
sentiments in content marketing efforts. 

• Identification of severe issues with the remit of current 
advertising regulations 

 

Social Media Marketing 
Literature Contributions 

• Advanced understanding of the combination of conventional advertising and content marketing in advertisers advertising-mix 
• Provision of a holistic view of advertisers posting patterns of organic advertising  
• Additional evidence on the strong shareability of content marketing compared to conventional advertising 
• Additional evidence on the use of contemporary and culture-bound marketing techniques (e.g. memes and insider sentiments) 

Gambling Advertising 
Literature 

• Addition to the knowledge on volume of gambling advertising on Twitter 
• Addition of evidence to the link between gambling advertising and sports (i.e. spikes around tournament) 
• Enhanced knowledge of the content of gambling advertising used on Twitter 
• Additional evidence on the dominance of “Free Bets” and “Odds” adverts 
• Creation of novel insights into the content of esports gambling advertising 
• Development of evidence about regulatory compliance of gambling advertising on Twitter 
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On the other hand, findings from Chapters 3 and 4 also further our understanding of gambling 

advertising.  As pointed out earlier little research has focused on gambling advertising on social 

media. Research that focused on the volume of gambling adverts online has rarely gone beyond self-

report study designs (Newall et al., 2019). While such studies give some indications of the volume of 

gambling advertising online, they are dependent on (inevitably) faulty recall.  Those studies, on the 

other hand, which investigated volume of social media gambling adverts directly (as opposed to via 

self-report), only collected adverts from around 10 major providers (e.g. Thomas et al., 2016; 

Houghton et al., 2019; Killick and Griffiths, 2020) – neglecting the fact there are currently 648 

licenced online gambling operators in the UK. Accordingly, by using big data analytics the present 

study added valuable insights into the volume of gambling adverts on Twitter, as well as adding a 

new technique (the combination of big data and manual content analysis) to the methods repertoire.   

 

Moreover, Chapters 3 and 4 make several contributions to understanding the content of gambling 

advertising. Whilst there is generally little research on the content of social media gambling 

advertising, the few studies that investigated the content of online gambling adverts (e.g. Killick and 

Griffiths, 2020; Deans et al., 2016; Hing et al., 2017; Houghton et al., 2019; Lopez-Gonzalez et al., 

2018; Thomas et al., 2016) confirmed similarity to offline efforts. However, as mentioned in the 

previous paragraph, these investigations of the content of gambling advertising on social media have 

once again neglected the vast gambling ecosystem on social media comprising large and small betting 

providers as well as several tipsters and affiliates, and instead have focused only on a few major 

accounts. Accordingly, the present study contributes to understanding the content of gambling ads 

from small to large gambling providers, from traditional gambling to esports providers, and from 

bookies as well as their affiliates. Particularly novel insights are presented for gambling content 

marketing and for esports gambling advertising, both of which have not received research attention 

to date. 
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Finally, the present research makes literature contributions to the understanding of regulatory 

adherence of gambling adverts on social media. As pointed out earlier, very little is known about 

whether gambling advertising on social media adheres to the advertising regulations. By analysing 

over 888,000 adverts with big data analytics, and another 1,200 with manual content analyses, several 

insights were created. The key contribution here is the finding that a substantial amount of gambling 

adverts do not adhere to current advertising regulations, and that current regulations do not work 

for content marketing – potentially creating a sizeable regulatory loophole.  

 

6.3.2 Chapter 5’s contributions to the literature 

 
Firstly, the present research contributes to a clearer understanding of the term “appeal”. As shown 

in the literature review the term appeal has been used inconsistently in previous research and often 

solely focused on the message aspect of appeal. However, by critically reviewing appeal literature, an 

updated definition was presented that clearly distinguishes between the message part of appeal and 

the emotion-like reaction that happens within the recipient. Accordingly, a main contribution to the 

literature can be seen in the novel understanding of appeal as an emotion-like internal state in the 

receiver of a message. This knowledge is now only relevant for the gambling related literature, but 

also for the more broad marketing sphere.  

 

Secondly, the use of emotion measures (i.e. SAM) to assess appeal can be seen as a further 

contribution to the literature. As mentioned in the introduction, previous research has investigated 

perceptions of and attitudes to gambling advertising (e.g. Deans et al., 2017; Pitt et al., 2017a, 2017b, 

2016a; Research Works, 2014) which have shed light on higher cognitive evaluations of certain types 

of adverts. These studies do not, however, investigate appeal as a spontaneous emotion-like state 

which is more immediate and automatic than ‘liking’ or ‘approval’.  Accordingly, a contribution of 

the present research is to add a measurement instrument that possibly bypasses higher-level 
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evaluations (which might be driven by personal values, education, and attitudes) and aims to measure 

immediate emotional responses.   

 

Finally, a major contribution of this study to the literature is the general finding that gambling 

advertising on Twitter is indeed of particular appeal to children and young persons. Especially 

appealing to children and young persons were content marketing and esports betting adverts. Such 

evidence has so far not been produced by other researchers and has major policy implications. 

 
 
6.4 Limitations and Future Research  

 
The present thesis is only a starting point for understanding the appeal of gambling advertising on 

Twitter to children and young persons, and thus, of course, has some limitations. In conjunction 

with potential future avenues, these limitations will be discussed in the following section before being 

summarised in a research agenda table.  First, whilst the appeal testing using SAM produced crucial 

insights into the more complex emotion-like nature of "appeal", it is based on self-reporting. Given 

the strong, underlying biological drivers of gambling outlined in the literature review, future research 

could take some of the initial findings of this thesis and test the appeal by using autonomous 

measures such as heart-beat measurements, skin conductance or emotion-cameras to validate these 

findings. This would strengthen the findings that gambling advertising indeed seems to be of 

particular appeal to children and young persons.  

 

Second, the novel insights and conceptualisation of what appeal is, and how it can be measured, 

where only investigated within the gambling advertising sphere.  However, appeal – as shown in the 

literature review – is not only relevant to gambling advertising nor for regulatory purposes, but is an 

important dimension of advertising. Taking the findings and conceptualisation of appeal forward, 

future research might apply it to other product groups (e.g. alcohol, vaping, HSFF, or pollical 
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advertising) or other forms of advertising (e.g. videos, product placement, offline adverts). 

Furthermore, the test could be applied to different groups of consumers, too.  This could, for 

example, find whether adverts (intentionally or not) target specific demographics, such as gender, 

ethnicity or economic status.  

 

Third, the present thesis only investigated how appeal scores differed between different age-groups 

and did not offer further insight into how other factors (additional individual differences or 

advertising characteristics) may drive such differences. It is conceivable, for instance, that an 

individual’s previous exposure to gambling advertising may affect how appealing a particular 

gambling ad is to them.  Likewise, the time of day that an advert appears online may affect the average 

appeal score that it evokes in recipients. Analyses of these more fine-grained influences could be the 

focus of further research in this field, however, they were deemed premature for this thesis, as 

hypotheses for such testing could not have been formed due to the lack of pre-existing knowledge. 

To help regulators understand what factors moderate or mediate the appeal of gambling advertising 

on social media to children and young persons, future research could build on the findings presented 

here to investigate these additional effects. Apart from that, such modes could, of course, investigate 

different product groups and are not limited to the gambling sphere.  

 

Fourth, although many adverts were analysed throughout the thesis, these ads were exclusively 

organic (non-paid) and thus, not specifically targeted. The opportunities for targeting specific 

demographic groups might result in a different composition of adverts. So it is not possible to make 

statements about how content differed from recipient to recipient and across different demographic 

groups such as minority ethnicities, young men or women. Future research could create "fake 

profiles" on social media whose feeds could be analysed to investigate differences according to 

demographic attributes such as gender, age or location.  
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Fifth, this research was limited to the context of the UK with its own market conditions and 

regulations. However, with UK gambling advertising being legal (both on and offline) since 2005; 

with techniques used by gambling operators sophisticated; and with the regulatory debate mature, 

this study may well foreshadow what could take place in other countries in the future if action is not 

taken. For example, in the USA, online sports betting has only been legal since 2018 (subject to state 

legislation), and US gambling operators such as giant MGM are currently looking to purchase UK 

companies for their online gambling expertise (Casci 2021).  

 

Sixth, it was not possible to train content marketing Big Data classifiers. Since gambling content 

marketing was found to be a particularly worrying phenomenon (both deriving from Chapter 4 but 

also due to the very high level of appeal levels found in Chapter 5), more research in this area is 

needed. Paired with advances in image recognition software (e.g. Giglio et al., 2020), future research 

could take some of the initial findings of the small-scale manual content analysis to confirm aspects 

of the content and volume of gambling content marketing on a larger scale.  

 

Finally, while the thesis assumes that content marketing is hard to recognise as advertising, which 

potentially led to the higher appeal scores compared to conventional advertising, the study did not 

actually test this assumption. Accordingly, future research might test the ability of different age 

groups to identify the commercial nature of content marketing and how this affects the level of 

appeal. 
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Appendix A – Stimuli used with valence, arousal and appeal scores 

 
Conventional Advertising by Traditional Gambling Accounts 

   
Children 

Young 
Persons 

 
Adults 

 

Appeal -5.37 -1.67 -4.84 

Valence -1.37 -0.97 -1.41 

Arousal 3.27 3.43 4.19 

 

Appeal -3.63 -0.42 -5.31 

Valence -0.76 -0.74 -1.66 

Arousal 3.07 3.21 3.84 

 

Appeal -2.04 0.10 -4.18 

Valence -0.64 -0.45 -1.16 

Arousal 3.13 3.64 4.56 

 
 
 
 
 

Traditional –  Conventional 
Advertising 3 

Traditional –  Conventional 
Advertising 1 

Traditional –  Conventional 
Advertising 2  
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Appeal -2.45 0.78 -4.25 

Valence -0.78 -0.47 -1.32 

Arousal 3.15 3.62 3.99 

 

Appeal 1.83 -0.44 -1.89 

Valence 0.22 -0.55 -0.83 

Arousal 3 2.63 3.06 

 

Appeal -0.44 -0.62 -2.31 

Valence -0.42 -0.54 -0.92 

Arousal 2.80 2.62 3.16 

 
 

Traditional – Conventional 
Advertising 4 

Traditional –  Conventional 
Advertising5  

Traditional –  Conventional 
Advertising 6  
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Content Marketing by Traditional Gambling Accounts 

   
Children 

Young 
Persons 

 
Adults 

 

Appeal 2.96 3.38 3.66 

Valence 0.64 0.62 0.42 

Arousal 3.27 3.35 3.85 

 

Appeal 3.25 2.34 0.97 

Valence 0.75 0.24 -0.18 

Arousal 3.13 3.48 3.66 

 

Appeal -0.15 -0.37 -1.29 

Valence -0.05 -0.38 -0.43 

Arousal 3.20 3.22 3.75 

 
 
 
 

Traditional – Content M
arketing 2  

Traditional – Content M
arketing  3  

Traditional –  Content M
arketing 1  
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Children 

Young 
Persons 

 
Adults 

 

Appeal 5.69 3.38 2.87 

Valence 1.27 0.68 0.60 

Arousal 3.09 3.21 3.4 

 

Appeal 0.52 3.74 4.21 

Valence 0.14 0.64 0.64 

Arousal 3.24 3.56 3.87 

 

Appeal 2.12 1.98 1.74 

Valence 0.33 0.15 -0.09 

Arousal 3.34 3.79 3.76 

Traditional –  Content M
arketing 4 

Traditional –  Content M
arketing 5  

Traditional – Content M
arketing 6 
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Conventional Advertising by Esports Gambling Accounts 
   

Children 
Young 

Persons 
 

Adults 

 

Appeal 1.81 0.39 -1.68 

Valence 0.32 -0.21 -0.69 

Arousal 2.97 3.09 3.15 

 

Appeal 1.05 -0.36 -4.32 

Valence -0.10 -0.60 -1.32 

Arousal 3.30 3.55 3.72 

 

Appeal 0.04 0.23 -4.34 

Valence -0.10 -0.43 -1.48 

Arousal 2.56 3.09 3.42 

 

Esports – Conventional 
Advertising 1 

Esports – Conventional 
Advertising 2 

Esports – Conventional 
Advertising 3 
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Children 

Young 
Persons 

 
Adults 

 

Appeal -1.33 -0.85 -5.88 

Valence -0.41 -0.71 -1.64 

Arousal 3.40 3.28 3.98 

 

Appeal -1.48 -0.72 -5.84 

Valence -0.58 -0.69 -1.81 

Arousal 3.01 3.24 3.96 

 

Appeal -0.62 -2.06 -6.17 

Valence -0.39 -0.87 -1.87 

Arousal 2.93 3.01 3.63 

 

Esports – Conventional 
Advertising 4 

Esports –  Conventional 
Advertising 5  

Esports – Conventional 
Advertising 6 
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Content Marketing by Esports Gambling Accounts 
   

Children 
Young 

Persons 
 

Adults 

 

Appeal 6.84 2.18 -3.48 

Valence 1.16 0.15 -0.88 

Arousal 3.96 4.22 4.48 

 

Appeal 2.07 0.89 -0.82 

Valence 0.53 0.02 -0.60 

Arousal 2.61 3.16 3.55 

 

Appeal 4.26 6.14 3.70 

Valence 0.80 1.01 0.55 

Arousal 3.49 4.52 4.54 

Esports –  Content M
arketing 1 

Esports – Content M
arketing 2 

Esports –  Content M
arketing 3  
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Children 
Young 

Persons 
 

Adults 

 

Appeal 4.30 4.58 4.38 

Valence 0.94 0.72 0.72 

Arousal 3.51 3.38 3.73 

 

Appeal 0.14 0.51 -5.00 

Valence -0.15 -0.38 -1.38 

Arousal 3.59 3.09 4.01 

 

Appeal 2.81 0.15 -2.78 

Valence 
 
 
 
 

Arousal 

0.47 
 
 
 
 

3.49 

-0.34 
 
 
 
 

3.24 

-0.74 
 
 
 
 

3.65 

 

Esports – Content M
arketing 4 

Esports –  Content M
arketing 5 

Esports –  Content M
arketing 6  
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Conventional Advertising by Insurance Accounts 
   

Children 
Young 

Persons 
 

Adults 

 

Appeal 1.83 0.48 2.74 

Valence 0.40 -0.12 0.34 

Arousal 2.86 3.25 3.75 

 

Appeal 1.26 0.59 1.45 

Valence 0.27 -0.05 0.17 

Arousal 2.77 2.38 3.01 

 

Appeal -1.58 -1.10 -1.99 

Valence -0.33 -0.55 -0.66 

Arousal 3.43 3.14 3.56 

 

 

Insurance –  Conventional 
Advertising 1   

Insurance – Conventional 
Advertising 2  

Insurance – Conventional 
Advertising 3  
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Children 

Young 
Persons 

 
Adults 

 

Appeal -0.55 -1.38 -1.48 

Valence -0.31 -0.77 -0.57 

Arousal 2.70 2.69 3.20 

 

Appeal -2.25 0.03 -5.55 

Valence -0.50 -0.39 -1.52 

Arousal 2.99 3.14 3.51 

 

Appeal 0.29 -0.57 0.51 

Valence 
 
 
 
 

Arousal 

0.02 
 
 
 
 

2.71 

-0.47 
 
 
 
 

2.58 

0.08 
 
 
 
 

3.04 

Insurance – Conventional 
Advertising 4  

Insurance  – Conventional 
Advertising 5  

Insurance  –  Conventional 
Advertising 6  
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Content Marketing by Insurance Accounts 
   

Children 
Young 

Persons 
 

Adults 

 

Appeal 2.93 0.41 3.59 

Valence 0.99 -0.11 0.55 

Arousal 2.96 3.46 3.81 

 

Appeal -1.13 0.89 2.32 

Valence -0.31 -0.15 0.30 

Arousal 2.66 3.13 3.37 

 

Appeal 3.39 5.21 0.51 

Valence 3.39 5.21 0.51 

Arousal 3.43 3.14 3.56 

 

 

 

 

Insurance –  Content 
M

arketing 1  
Insurance – Content M

arketing 2 
Insurance  –  Content 

M
arketing 3  
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Children 

Young 
Persons 

 
Adults 

 

Appeal 4.13 4.11 6.15 

Valence 1.17 1.01 1.50 

Arousal 2.67 3.15 3.45 

 

Appeal 3.99 4.53 5.91 

Valence 0.93 1.11 1.18 

Arousal 3.34 3.53 4.21 

 

Appeal 2.81 0.15 -2.78 

Valence 
 
 
 
 

Arousal 

0.47 
 
 
 
 

3.49 

-0.34 
 
 
 
 

3.24 

-0.74 
 
 
 
 

3.65 

 

 

Insurance –  Content M
arketing 3 

Insurance – Content 
M

arketing 4  
Insurance – Content 

M
arketing 5 
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Appendix B – Script of SAM instructions  

 

The created SAM instructions video can be watched here:  https://youtu.be/oEh8z7WwTaU 

“Hello!  

We are researchers from the University of Bristol and we designed the experiment that you 
are about to take part in.  Thank you for helping us with our research! 

In this experiment you will see different Social Media posts and we want to know how you 
feel when you see these posts. We want to learn more about feelings of people seeing these 
Social Media posts, but we are especially interested in the feelings of people your age.  

In the experiment, you will see many different Social Media posts, that may make you feel 
happy or unhappy, excited or relaxed, or maybe thrilled.  Everyone will feel differently 
about each post. There are no wrong answers. Whatever you feel is the right answer!  

To help you tell us how you felt when you saw the post, we are going to use Sam. This is 
Sam.  There are two different forms of Sam.  

In the first row there are five pictures of Sam.  Notice that on one side, Sam is frowning, on 
the other side, Sam is smiling, and in the middle, Sam is not smiling or frowning. These 
pictures are in order from a very unhappy Sam to a very happy Sam. You can see that there 
is slider underneath Sam that now shows him smiling very big. This is where you would put 
your slider if the Social Media post you had just seen made you feel happy, glad, cheerful, 
pleased, good, or hopeful.  

Now the slider on the other side, just under the frowning Sam. This is where you would put 
your slider if the Social Media post that you saw made you feel unhappy, scared, angry, or 
bad.  

If you feel neutral, that is, you felt neither happy or unhappy, then you can put the slider 
under the Sam that is not smiling or frowning. If you felt in between being very happy and a 
little bit happy, you could put the slider between pictures of SAM, like this.  

Now let's look at the second feeling. The first Sam is very still and his eyes are closed. You 
would use this Sam if you felt very calm, relaxed, bored or sleepy.  

You would use the Sam on the other side of the row, if you felt very excited, nervous, jittery, 
active or wide awake. Notice how it looks like Sam is jumping up and down and his stomach 
is excited. This is like when you get excited and can't sit still or like you have butterflies in 
your stomach when you are very nervous.  
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Use this row to tell how excited or calm you felt when you saw the social media picture. If it 
made you feel very excited, enthusiastic, nervous, scared, or wide awake you would put 
your slider over here, like this.  

If you feel calm, relaxed, or sleepy, place your slider here, like this. Just like the first row, 
you can also put your slider between pictures. If you felt in between calm and excited, you 
could put your slider between pictures of Sam, like this.  

In our experiment – which will start just after this video - it will work like this: 

You will see this screen before you see each Social Media post to rate. Once you are ready 
to see the Social Media post, click the blue arrow.  

Next, you will see a post.  Each post will only be on your screen for a couple of seconds 
before it automatically disappears, and the Sam scale will appear.  Now, you should use the 
slider under Sam to show how you felt when you were looking at the post before. You only 
have 10 seconds to give your rating before Sam will disappear, so don’t take too long to 
think about your answer. Just the first feeling that comes to your mind is the right answer. 
Then, you will see this screen again, telling you that the next post is coming up when you’re 
ready.  

Once we are done with these instructions, you can click on the blue arrow and we will start 
with four posts for you to practice on.  After that, the actual experiment will start and it will 
take around 10 minutes to complete. 

I want to remind you that there are no right or wrong answers, just put down how you felt 
when you were looking at the social media post.  

We hope you have fun and thanks again for taking part.” 
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Appendix C - Participant Information and Consent Form – Schools 
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363 

Appendix D – Participant Information and Consent Form – Parents 
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Appendix E – Participant Information and Assent Form – Children  

 
 
 
Brief Project Summary: 
This project looks at the appeal of gambling content on social media to children and young 
people aged 11-24 years by comparing it to the appeal is has on adults (>24 years). 
Currently, regulations state that gambling content must not be of particular appeal to 
children and young people. Therefore, in this survey you will see different social media 
posts such as about sports, esports, insurances, and gambling, so we can find out if any are 
of particular appeal to children.   
 
Why have I been invited to participate? 
We believe that it is very important to listen to young people and children to improve 
current regulations. Therefore, we are looking for pupils in secondary schools aged 11-
17. Schools in south England and Wales have been invited to participate. 
 
Do I have to take part?              
No. You and your parents/guardians will need to agree that you are happy to participate 
before the research session starts. You do not need to take part if you do not want to.  
  
Can I stop taking part at any time?    
Yes, you can stop being part of the research at any time during the survey without giving 
any reason – you can just close your internet browser to stop the session. You can have your 
answers and your name removed as well. While your name can be removed at any time, for 
your answers you have three months after the session to change your mind (by sending me 
an email or letting your teacher know).   
 
What do I have to do?  
This survey takes around 20 minutes to complete. It will start with an introduction of what 
you need to do, and why we are doing this research (5 minutes). The first part will involve 
showing you some sports, esports, insurances, and gambling posts. You are then asked to 
say how this Tweet makes you feel by ticking boxes of Sam, a cartoon person who has 
different faces and expressions (10 minutes). In the second part you will see some posts 
again, and are asked to assign them into two different categories (3 minutes). Finally, some 
questions about you will be asked, to gather more information about your experience with 
social media, sports, esports and gambling (2 minutes).   
  
How will the findings be used?   
As this is a project for University studies, parts of it might be published in academic journals 
(magazines for researchers). You will not be identified (no one will know your name) in any 
publication from this study. A copy will be sent to your school. Results can be discussed with 
you if you wish.   
   
What are the possible risks of taking part?  
Although you will see different social media posts about gambling, after the survey you will 
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be doing a PSHE online lesson which focuses on gambling addiction harm. You will watch a 
video, see some diagrams, and read a little newspaper article. This session is designed to 
help you understanding the problems with gambling. You will get further information as 
well as contacts in case you have further questions or concerns. You will also receive your 
certificate, which you need to show to your PSHE teacher.  At the end of the PSHE session, 
you will have the chance to test your knowledge in a quiz challenge against other students 
from your school.     
 
What will happen to the data collected? 
All data will be analysed anonymously (this means no one will know what you have 
answered in the survey). Your identifying information (like your name) will not be shared 
with others outside this research study. All digital information will be stored on password 
protected and encrypted devices. Data will be stored for six years starting with your 18th 
birthday, before being destroyed. 
  
Who has reviewed this study? 
This study been reviewed and approved by the School of Management Ethics Committee, 
University of Bristol. 
 
 

o I have read and understood all of the information above and want to take part in 
this study 
 
 

o No, I do not want to take part in this study (skip to PSHE session) 
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Appendix F – Assumption investigation  

 

 

Hypothesis 1.a – Assumptions test for factor “All Gambling Adverts” (24 stimuli) 

Normality Homogeneity 

CHILDRE
N 

 

 

Variance Variance 
Ratio 

20.65 

2.59 
YOUNG 

PERSONS 

 

 

19.13 

ADULTS 

 

 

49.69 
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Hypothesis 1.b – Assumptions test for factor “Gambling Content Marketing” (12 
stimuli) 

Normality Homogeneity 

CHILDRE
N 

 

 

Variance Variance 
Ratio 

30.79 

1.89 
 
 
 

YOUNG 
PERSONS 

 

 

28.16 

ADULTS 

 

 

53.21 
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Hypothesis 1.c – Assumptions test for factor “Conventional Gambling Adverts” (12 
stimuli) 

Normality Homogeneity 

CHILDRE
N 

 

 

Variance Variance 
Ratio 

29.99 

2.49 

YOUNG 
PERSONS 

 

 

27.70 

ADULTS 

 

 

69.15 
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Hypothesis 2.a – Assumptions test for factor “Gambling Adverts by Esports 
Providers” (12 stimuli) 

Normality Homogeneity 

CHILDRE
N 

 

 

Variance Variance 
Ratio 

29.64 

2.12 

YOUNG 
PERSONS 

 

 

31.87 

ADULTS 

 

 

62.98 
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Hypothesis 2.b – Assumptions test for factor “Content Marketing by Esports 
Providers” (6 stimuli) 

Normality Homogeneity 

CHILDRE
N 

 

 

Variance Variance 
Ratio 

59.25 

1.42 

YOUNG 
PERSONS 

 

 

59.87 

ADULTS 

 

 

84.25 
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Hypothesis 2.c – Assumptions test for factor “Conventional Advertising by Esports 
Providers” (6 stimuli) 

Normality Homogeneity 

CHILDRE
N 

 

 

Variance Variance 
Ratio 

29.87 

2.82 

YOUNG 
PERSONS 

 

 

39.60 

ADULTS 

 

 

84.32 
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Hypothesis 3.a – Assumptions test for factor “Gambling Adverts by traditional 
providers ” (12 stimuli) 

Normality Homogeneity 

CHILDRE
N 

 

 

Variance Variance 
Ratio 

27.75 

2.21 
YOUNG 

PERSONS 

 

 

26.00 

ADULTS 

 

 

57.44 
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Hypothesis 3.c – Assumptions test for factor “Content Marketing by Traditional 

Providers” (12 stimuli) 
Normality Homogeneity 

CHILDRE
N 

 

 

Variance Variance 
Ratio 

40.97 

1.88 
YOUNG 

PERSONS 

 

 

37.34 

ADULTS 

 

 

70.16 

 
 
 
 
 

Hypothesis 3c – Assumptions test for factor “Conventional Advertising by 
Traditional Providers” (12 stimuli) 
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Normality Homogeneity 

CHILDREN 

 

 

Variance Variance 
Ratio 

48.55 

1.97 

YOUNG 
PERSONS 

 

 

50.75 

ADULTS 

 

 

95.66 
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Hypothesis 4 – Assumptions test for factor “Insurance Adverts” (12 stimuli) 

Normality Homogeneity 

CHILDRE
N 

 

 

Variance Variance 
Ratio 

16.59 

2.24 

YOUNG 
PERSONS 

 

 

14.17 

ADULTS 

 

 

31.76 
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Appendix G – ANOVA results  

 

 
Appendix – ANOVAs for H.1-7 Appeal  
 

 
Outcomes of one-way ANOVA for H.1a. 
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Outcomes of one-way ANOVA for H.1b. 
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Outcomes of one-way ANOVA for H.1c. 
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Outcomes of one-way ANOVA for H.2a. 
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Outcomes of one-way ANOVA for H.2b using SPSS 26.0. 
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Outcomes of one-way ANOVA for H.2c using SPSS 26.0. 
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Outcomes of one-way ANOVA for H.3a using SPSS 26.0 
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Outcomes of one-way ANOVA for H.3b using SPSS 26.0. 
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Outcomes of one-way ANOVA for H.3c using SPSS 26.0 

 
 



 
 
386 

 
Outcomes of one-way ANOVA for H.4a using SPSS 26.0 
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Outcomes of one-way ANOVA for H.4b using SPSS 26.0. 
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Outcomes of one-way ANOVA for H.4c using SPSS 26.0. 
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Outcomes of repeated measures one-way ANOVA for H.5.a using SPSS 26.0. 
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Outcomes of one-way ANOVA for H.5b using SPSS 26.0. 
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 Outcomes of one-way ANOVA for H.5c using SPSS 26.0. 
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Outcomes of one-way ANOVA for H.6a using SPSS 26.0. 
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Outcomes of one-way ANOVA for H.6b using SPSS 26.0. 
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Outcomes of one-way ANOVA for H.6c using SPSS 26.0. 
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Outcomes of one-way ANOVA for H.7a using SPSS 26.0. 
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Outcomes of one-way ANOVA for H.7b using SPSS 26.0. 
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Outcomes of one-way ANOVA for H.7c using SPSS 26.0. 
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ANOVAs for H.1-4 Valence 
 

 
Outcomes of one-way ANOVA for H.1a Valence using SPSS 26.0 
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Outcomes of one-way ANOVA for H.1b Valence using SPSS 26.0 
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Outcomes of one-way ANOVA for H.1c Valence using SPSS 26.0 
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Outcomes of one-way ANOVA for H.2a Valence using SPSS 26.0 
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Outcomes of one-way ANOVA for H.2b Valence using SPSS 26.0 
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Outcomes of one-way ANOVA for H.2c Valence using SPSS 26.0 

 
 



 
 
405 

 
Outcomes of one-way ANOVA for H.3a Valence using SPSS 26.0 
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Outcomes of one-way ANOVA for H.3b Valence using SPSS 26.0 
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Outcomes of one-way ANOVA for H.3c Valence using SPSS 26.0 
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Outcomes of one-way ANOVA for H.4a Valence using SPSS 26.0 
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Outcomes of one-way ANOVA for H.4b Valence using SPSS 26.0 
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Outcomes of one-way ANOVA for H.4c Valence using SPSS 26.0. 

 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
Appendix  – ANOVAs for H.1-1.4 Arousal 
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Outcomes of one-way ANOVA for H.1a Arousal using SPSS 26.0 
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Outcomes of one-way ANOVA for H.1b Arousal using SPSS 26.0 
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Outcomes of one-way ANOVA for H.1c Arousal using SPSS 26.0 
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Outcomes of one-way ANOVA for H.2a Arousal using SPSS 26.0 
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Outcomes of one-way ANOVA for H.2b Arousal using SPSS 26.0 
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Outcomes of one-way ANOVA for H.2c Arousal using SPSS 26.0 
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 Outcomes of one-way ANOVA for H.3a Arousal using SPSS 26.0 
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Outcomes of one-way ANOVA for H.3b Arousal using SPSS 26.0 
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Outcomes of one-way ANOVA for H.3c Arousal using SPSS 26.0 
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Outcomes of one-way ANOVA for H.4a Arousal using SPSS 26.0 
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Outcomes of one-way ANOVA for H.4b Arousal using SPSS 26.0 
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Outcomes of one-way ANOVA for H.4c Arousal using SPSS 26.0 

 
 
 
 
 
 
 
 
 
 
 
 


